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Background

Method

Latent class analysis is an attractive method to identify and characterize
unmeasured (‘latent’) classes of women based on their dietary patterns1.
Women within the same latent class are homogeneous regarding their
food group intake patterns.
We used latent class analysis to identify dietary patterns among urban
and peri-urban Nigerian women, and to assess the relationship between
nutritional status and dietary patterns.

Dietary intakes data were collected with a survey (2019) from 225
women 18-49y; Fruit and Vegetable in Vietnam and Nigeria project2.

Results
Three distinct dietary patterns were identified, with prevalence values of
57%, 31% and 12% Table 1.
Table 1. Conditional probabilities of consuming each food group for three
dietary patterns.

• Quantitative multi-pass 24hour Recalls3
• Socio-demographic characteristics
• Anthropometric measurements
Food intakes were grouped into 10 Minimum Dietary Diversity food groups4 :
consumptions <15grams were categorized as negligible (0); ≥15grams
dichotomized by median split as low (1) and high (2).
Latent Class Analysis was used to identify dietary patterns, and logistic
regression to assess their relationship with underweight and
overweight/obesity.
Dietary pattern one was characterized by consumption of grains and
tubers, animal source foods and other vegetables. Women in dietary
pattern two were more likely to consume low or negligible quantities of all
food groups. Dietary pattern three represented the most diversified diet,
high consumption of grains and tubers, pulses and animal source foods.
Table 2. Background characteristics of the studied population by dietary
patterns and association between nutritional status and dietary patterns.
n
Cluster size,
n(%)

1
130 (58)

Dietary Pattern
2
68 (30.4)

3
26 (11.6)

Mean (SD) a

pb

Age, years

221

34.4 (8.2)

35.6 (8.6)

35.0 (7.7)

BMI

219

24.8.1 (6.9)

25.9 (5.6)

23.5 (4.7)

%c
Nutritional
Status
Underweight
Normal
Overweight/
Obese

219
14
114
90

5.5
58.3
38.3

9.2
47.7
43.0

0.41
pb

3.8
42.3
53.9

0.76
0.63
0.71

a Mean age/BMI given the dietary pattern; b Correlation between dietary patterns and BMI; and nutritional status
class; c Probability of belonging to nutritional status category given the dietary pattern

No evidence of association was found between dietary patterns and
nutritional status (Table 2). The odds of being underweight were reduced by
11.2% in dietary pattern one, increased by 51% in dietary pattern two, and
decreased by 38% in dietary pattern three; of being obese reduced by 14%
in dietary pattern one, increased by 17% in dietary pattern two and 35% in
dietary pattern three.

Conclusion
The application of latent class analysis can contribute to the
identification of groups with specific consumption patterns and needs to
inform appropriate and tailored interventions.
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