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A B S T R A C T

Land Use and Land Cover (LULC) changes have profound impacts on the functioning of (agro)ecosystems and
have potential to mitigate global climate change. However, we still lack interdisciplinary methods to project
future LULC scenarios at spatial scales that are relevant for local decision making and future environmental
assessments. Here we apply an interdisciplinary approach to develop spatially explicit projections of LULC at a
resolution of 30× 30m informed by historic relationships between LULC and their key drivers, within the
context of the four qualitative scenarios of global shared socioeconomic pathways. We apply this methodology to
a case study in the Zona da Mata, Brazil, which has a history of major LULC changes. The analysis of LULC
changes from 1986 to 2015 indicates that pasture area decreased from 76 to 58 % of total area, while forest areas
increased from 18 to 24 %, and coffee from 3 to 11 %. Environmental protection legislation, rural credit for
smallholder farmers, and demand for agricultural and raw products were identified as main drivers of LULC
changes. Projected LULC for 2045 strongly depends on the global socioeconomic pathway scenarios, and forest
and coffee areas may increase substantially under strong government measures in the environmentally conscious
Green Road scenario or decrease in the high consumption Rocky Road scenario. Our study shows that under the
set of drivers during the past three decades reforestation can go hand in hand with increase of agricultural
production, but that major and contrasting changes in LULC can be expected depending on the socioeconomic
pathway that will be followed in the future. To guide this process, LULC scenarios at the local scale can inform
the planning of local and regional development and forest conservation.

1. Introduction

Land Use and Land Cover (LULC) changes have profound impacts on
the functioning of (agro)ecosystems and have potential to mitigate
global climate change (Foley et al., 2005), but there is a lack of inter-
disciplinary methodological approaches to project future LULC sce-
narios at local scale based on global socioeconomic scenarios. Local
LULC may change in response to economic drivers, social dynamics and
environmental factors, and can have ecological, economic and social
impacts at regional and even global scales (Lambin et al., 2001; Zhao
et al., 2006). Exploring potential impacts of LULC changes on (agro)
ecosystems by scenario analysis can inform decision making and sup-
porting land use planning to strengthen socioeconomic development

and nature conservation (Peterson et al., 2003).
Scenario analysis is widely used to explore pathways towards more

sustainable land management (Duinker and Greig, 2007), and has been
applied worldwide to build LULC scenarios in qualitative (Oduro et al.,
2014; Wesche and Armitage, 2014) and quantitative terms (Han et al.,
2015; Sleeter et al., 2012). Qualitative scenarios describe narratives or
storylines of different socioeconomic and/or environmental develop-
ments for the future (Tapinos, 2012). These scenarios are useful to
engage with experts, land managers and policy makers to develop
strategies to guide spatial planning and decision making at local and
regional scales (Welp et al., 2006). However, the analysis of future
scenarios of LULC can be enhanced when qualitative scenarios are
coupled with quantitative modelling, resulting in a spatially explicit
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representation of LULC.
Spatially explicit modelling of LULC scenarios can inform how

contrasting socioeconomic and environmental developments may play
out in different landscape settings. A two-step process is often used for
the projection of spatially explicit LULC scenarios: i) the assessment of
future percentages of LULC classes, and ii) the allocation of LULC to
landscape units (e.g., Verburg et al., 2002, 2006, Verburg and
Overmars, 2009; Mas et al., 2014; Liu et al., 2017; Lin et al., 2011). The
future LULC demand can be estimated by the story and simulation
approach (Alcamo, 2008; Mallampalli et al., 2016), and spatial allo-
cation of land use types using models, such as the Conversion of Land
Use and its Effect (CLUE-S) and Dynamics Land Systems (DLS) models
(Verburg et al., 2002; Deng et al., 2008). LULC scenarios are often
derived from global/regional qualitative or quantitative socioeconomic
scenarios (e.g., IMAGE model; Global Europe 2050), which describe
different trajectories of the economy, population, environment and
agriculture of selected regions over time (Rounsevell et al., 2006;
Sleeter et al., 2012). However, the coarse resolution of global LULC
scenarios are not ideal for local applications.

Global narratives of socioeconomic and climate developments may
be useful to inform the development of socioeconomic scenarios at the
local scale, integrating local conditions in a global context (Nilsson
et al., 2017). The global Shared Socioeconomic Pathways (SSPs) consist
of five contrasting qualitative scenarios: Sustainability (Green Road),
Regional Rivalry (Rocky Road), Inequality, Fossil-Fueled Development,
and Middle of the Road (Kriegler et al., 2012; O’Neill et al., 2014).
These scenarios describe future changes in human dynamics, economy,
policies and institutions, technology, environment, and natural re-
sources at the global level (O’Neill et al., 2017; Riahi et al., 2017). For
instance, under the Green Road scenario there will be global coopera-
tion, a limited growth of consumption, policies orientated toward sus-
tainable development, and strong regulation of land use to avoid en-
vironmental externalities. On the other hand, under the Rocky Road
scenario there will be a deglobalisation process with weak governance
and low priority for environment issues, and limited regulation of land
use. While these scenarios allow a meaningful analysis of potential
implications at global level, the relatively coarse resolution make these
scenarios less suitable to study LULC changes at the regional scale and
below (Doelman et al., 2018; Popp et al., 2014; Riahi et al., 2017).
Therefore, there is a need for plausible LULC scenarios, which reflect
the local socioeconomic and environmental conditions, and are in ac-
cordance with global socioeconomic and climate projections.

Brazil is one of the world’s biggest suppliers of agricultural pro-
ducts, such as coffee, soybeans, meat, and raw material as iron mineral,
and has witnessed intense LULC changes. The Atlantic Forest biome is
the fifth hotspot of biodiversity in the world (Myers et al., 2000). It
supports 70 % of the Brazilian population and, due to this anthro-
pogenic pressure, the forested area has been reduced to only 12.5 % of
its original area (Sosma and INPE, 2019). In this biome, the region Zona
da Mata of Minas Gerais was deforested in the 18th century. Over time,
socioeconomic activities and public policies influenced the develop-
ment of this region, which now consists of a mosaic of pastures, coffee
fields and fragments of secondary forests, with a predominance of fa-
mily farmers (Cardoso et al., 2001; Giovanini and Matos, 2004). The
region is one of the three main areas of coffee production in Brazil and
represents an interesting case study to analyse past socioeconomic de-
velopment and to project future scenarios.

The aim of this study was to apply an interdisciplinary methodo-
logical approach to project plausible spatially explicit LULC scenarios at
relevant spatial scales to support local land use policy making and fu-
ture environmental assessments. Specifically, our objectives were (i) to
assess LULC changes from 1986 to 2015, a period of profound changes
in land use, in a selected area in the Zona da Mata region of Minas
Gerais; (ii) to identify the main drivers of these changes, and, (iii) to
create qualitative and quantitative socioeconomic scenarios and

spatially explicitly projections of LULC for 2045 for the studied area
within the context of SSPs scenarios.

2. Material and methods

2.1. Study area

The study area covers 11,119 km2 and is located in the Zona da
Mata of Minas Gerais state, Brazil. It borders the states of Espírito Santo
and Rio de Janeiro in the Brazilian Atlantic Rainforest biome (Fig. 1).
The study area includes the Caparaó National Park and the Serra do
Brigadeiro State Park, which are protected areas for conservation and
tourism. The climate is classified as humid subtropical, with hot and
rainy summers and a well-defined dry season, and average annual
precipitation of 1300mm (Alvares et al., 2013). The relief is hilly and
mountainous, and the predominant soils are Ferrasols and Acrisols. The
main LULCs in the region are pasture, forest, coffee, and since the
2000’s eucalyptus plantations were introduced for wood biomass pro-
duction. Forest areas consist typically of small and fragmented patches
on hill tops. The pasture areas consist mostly by Brachiaria spp., to raise
beef and dairy cattle in extensive systems. Coffee is mainly produced in
monoculture/unshaded Coffea arabica systems, but there are also some
agroecologically managed agroforestry coffee systems (Souza et al.,
2010).

The far majority of farmers in the study region are smallholders with
90 % of the farmers having less than 16 ha of land (IBGE, 2018; Teixeira
et al., 2018). At the end of the 1980’s the political and socioeconomic
conditions had a negative impact on family farmer livelihoods and
many farmers were struggling to maintain their agricultural activity
(Cardoso and Ferrari, 2006). Since 2000, the national government has
made efforts to financially support family farmers with the National
Program for Strengthening Family Agriculture (Pronaf) and create a
market for their produce with the Brazil’s National School Feeding
Program (Ghinoi et al., 2018; Valencia et al., 2019). In addition, over
the last 30 years a strong social movement, integrating family farmers’
organizations, has strived to implement agroecological practices, such
as agroforestry systems, that reconcile nature conservation and agri-
culture production. In 1996, the 15,000 ha Serra do Brigadeiro State
Park was created in a unique case of collaboration of social movements,
non-governmental organizations (NGO), researchers and the state
government.

2.2. Methodological framework

A methodological approach was applied to generate spatially ex-
plicit scenarios of LULC for 2045 (Fig. 2; Verburg et al., 2006, 2008).
First, we created maps of historic LULC (Section 2.3). Next, we iden-
tified the drivers of LULC changes through workshops with local sta-
keholders and historical data (Section 2.4) to build qualitative and
quantitative scenarios (Section 2.5). Finally, we used a spatial alloca-
tion model to build maps of LULC for 2045 (Section 2.6). More speci-
fically, the approach comprised five main steps: (1) map the LULC
changes from 1986 to 2015; (2) identify the main socioeconomic dri-
vers of these LULC changes in this period; (3) build and translate
qualitative socioeconomic scenarios into quantitative estimates, with
subsequent assessment of future LULC demands; (4) use biophysical
variables to develop a predictive allocation model for the LULC classes
to landscape units; and (5) allocate LULC classes to landscape units by
combining the future LULC area demand and the allocation model.

2.3. Modelling past land use and land cover

To assess LULC changes in the study area we used images of Landsat
5 and 8 from 1986, 1995, 2007 and 2015. We selected this period be-
cause major LULC changes took place in the study area and Landsat
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images with relatively little cloud cover were available for these years,
allowing a meaningful assessment of the LULC changes across ap-
proximately a 30-year time period. The images were obtained from the
United States Geological Survey Earth Resources Observation and
Science Center with a resolution of 30×30m (http://earthexplorer.
usgs.gov/).

The images were processed using ArcGIS and were classified in six
LULC classes: Forest, Coffee, Pasture, Urban Areas, Campo Rupestre
(scrub-grassy vegetation on rocks) and Eucalyptus. To classify the
images, we collected sampling polygons (12 pixels each) for each LULC
by visual interpretation of the Landsat images. The strategic sampling
approach based on polygons allowed a better representation of the di-
versity of spectral characteristics from the same LULC type than an
analysis based on a single pixel samples. This process created a database
with about 2000 sampling polygons (24,000 pixels), which reflects the
area proportion of each LULC class in the study region. To separate the
LULC classes we used the Landsat image bands (1–9), Normalized
Digital Vegetation Index (NDVI) and Soil Adjusted Vegetation Index
(SAVI) as predictor variables (Chakraborty et al., 2016). In addition, to
further improve the separation of LULC classes in mountainous terrain
we also included the distance from urban centre, the Digital Elevation
Model (DEM), geomorphological variables derived from the DEM (e.g.
slope, curvature) and solar radiation (Stathakis and Faraslis, 2014). The
DEM was obtained from the Advanced Spaceborne Thermal Emission
and Reflection Radiometer (ASTER) dataset with a resolution of
30×30m (http://earthexplorer.usgs.gov/). Then we extracted the
values of explanatory variables for the location of pixel samples, gen-
erating a database of pixels with LULC types and associated explanatory
variables. Next, we used the Random Forest algorithm to randomly
select 75 % of the data to train a predictive model, while keeping 25 %
of the data as an independent dataset to test the accuracy of the model
using the Kappa index. LULC changes were assessed by the construction

of a transition matrix of the images between 1986 and 2015, and an
annual trend of each LULC was obtained by interpolation the data from
the maps of 1986, 1995, 2007 and 2015.

2.4. Drivers of land use cover change

To identify the main drivers that may have influenced these changes
in LULC, we organized three workshops in the municipalities of Espera
Feliz, Divino and Araponga that are representative for the study area in
the Zona da Mata of Minas Gerais. The workshops were attended by 94
participants, which included family farmers, part-time farmers and the
directors of the farmer’s union of the three municipalities. The work-
shops focussed on the identification of the historic development of
LULC changes in the study region and their main drivers. Participants
were asked to report their perceptions of changes in the percentage of
forest, coffee, urban area and eucalyptus from 1986 to 2015 in a round
table setting. This was followed by a discussion about the major so-
cioeconomic and environmental drivers associated with the reported
changes in LULC.

The identification of the main socioeconomic and environmental
drivers of changes in LULC in the study region was informed by the
outcomes of the workshop (Appendix A1). For instance, from the
workshop it became clear that government measures to protect the
environment, such as monitoring and high fines for deforestation, was
an important driver for the changes in forest areas in the last decades.
We used secondary data to triangulate and underpin the drivers that
were identified in the workshop in a quantitative way. We used the
annual deforestation rate data of the Atlantic Forest biome (Sosma,
2017) as a quantitative indicator for the effectiveness of government
measures for forest protection (National Forest Code; Brasil, Lei, 4771/,
1965). Likewise, to underpin drivers related to changes in the area of
urban areas, coffee and eucalyptus we used data on trends of rural and

Fig. 1. Zona da Mata, state of Minas Gerais, and its border with the states of Espírito Santo and Rio de Janeiro, Atlantic Forest biome, Brazil.
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urban population sizes from the Brazilian Institute of Geography and
Statistics (IBGE, 2018) and from the population census of 1980, 1990,
2000 and 2010, data of the Rural Credit by the National Program to
Strengthen Family Farming (PRONAF; Banco Central do Brasil, 2017),
and coffee export data from the International Coffee Organization (ICO,
2017). National data on the production of coal and cellulose were de-
rived from IBGE (2018). These socioeconomic and environmental data
were interpolated to obtain a dataset with an annual resolution between
1986 and 2015.

The annual socioeconomic and environmental data from 1986 to
2015 were considered drivers for LULC change and used to explain
changes in forest, coffee, eucalyptus and urban area LULC classes. We
used multiple regression models with the annual percentage of each
LULC class as the dependent variable and the drivers of LULC change
(e.g., rural credit, urban population size) as independent variables
(Appendix A2). These regression models were then used to predict the

future LULC demands based on the future developments of the socio-
economic and environmental drivers (Reginster and Rounsevell, 2006).

2.5. Qualitative and quantitative scenarios

LULC changes are governed by local, regional and global drivers
(Lambin et al., 2001). To develop qualitative scenarios that capture this
diversity of drivers we combined a scenario development technique and
the global socioeconomic SSP scenarios (O’Neill et al., 2014; Tapinos,
2012). This combination allows to create scenarios that capture local
characteristics (e.g., national public policies, local population dy-
namics), but still align with the global SSP scenarios. Scenario Devel-
opment involved three steps: (i) defining the scope of the scenario ex-
ercise, (ii) identifying the two most important drivers of LULC changes
to define the dimensions for the scenarios (i.e. x and y axes in Fig. 6),
and (iii) developing qualitative scenarios based on projected trajectories

Fig. 2. Methodological framework applied to build the spatially explicit future scenarios of Land Use and Land Cover (LULC).
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of the two main drivers. This approach resulted in four contrasting
qualitative narratives (Fig. 6) as outlined below.

In the first step, we projected scenarios of LULC from 2015 to 2045,
mirroring the temporal range of our 30-year historic dataset
(1986–2015). In the second step, we analysed the results from the
workshops and the secondary data to select the two key drivers that
most influenced the changes in LULC. In the third step, we created a
matrix of four contrasting local scenarios based on the two key drivers
of LULC change (Wulf et al., 2010). For each of the four local scenarios
we developed a storyline with qualitative descriptions of contrasting
future socioeconomic and environmental developments. To build the
four local scenarios in accordance with global future projections, we
described the local socioeconomic and environmental developments
following the assumptions of the four global SSPs scenarios (Green
Road, Rocky Road, Inequality, Fossil-Fueled Development) (O’Neill
et al., 2017). For instance, the Green Road SSP scenario describes a
future development with low pressure on natural resources and effec-
tive international cooperation. Then, one of the four local scenarios was
described in this context, with the socioeconomic and environmental
developments focused on nature conservation and sustainable agri-
cultural production. We applied the same process to develop the other
three scenarios storylines. Specifically, the SSPs scenarios describe the
future developments of public policies, socioeconomic and environ-
mental factors in terms of relative scales (e.g., strong, weak, low, high,
medium) (O’Neill et al., 2017). Based on the SSPs qualitative descrip-
tions, we categorized the future tendencies to increase/decrease of each
local socioeconomic and environmental driver in five classes: very low,
low, moderate, high and very high. For instance, in the Rocky Road SSP
scenario the global environment will be under “serious degradation”
and for land use there will be “hardly any regulation; continued de-
forestation due to competition over land and rapid expansion of agri-
culture” (O’Neill et al., 2017). We used these global scenario assump-
tions to describe the socioeconomic and environmental factors in the
local context (e.g., very high increase in deforestation rate), which
enabled us to derive a local scenario in line with the global Rocky Road
scenario.

To achieve the future demands of each LULC class (expressed in area
units), we translated the socioeconomic qualitative scenarios into
quantitative terms in a two steps process. First, we translated the future
qualitative dynamic of each driver to quantitative estimates using
Bayesian parameter estimation (Kemp-Benedict, 2010). Annual relative
changes of each driver (e.g., rural credit) between 1986 and 2015 were
assessed and rescaled to 5 class percentiles: very low (0.025); low
(0.150); moderate (0.500); high (0.850) and very high (0.975) rates.
Then we assigned relative driver rates (very low to very high) for each
driver according to its description of future dynamics in the qualitative
scenarios. Next, we extrapolated the future annual growth rate of each
driver from the baseline year 2015–2045. For instance, a socioeconomic
driver indexed as 100 in 2015 and has an annual growth rate of 1%, will
amount 101 in 2016, 102.01 in 2017, and 134.78 in 2045. In the second
step, we use these projected values of socioeconomic and environ-
mental drivers in the multiple regression equations for each LULC class
(Section 2.4) to predict the future LULC demands in 2045 for forest,
coffee, eucalyptus and urban area. For the area of Campo rupestres
vegetation, which is not likely to change over time, we assumed that the
area in 2045 will be the same as in 2015. Finally, we assumed that the
percentage area that was not allocated to the above land use classes was
pasture because in the workshop’s farmers indicated even though pas-
tures represent a major land use type, these are hardly managed and are
not a priority in land use planning.

2.6. Spatial allocation of future LULC

The spatial allocation of future LULC was conducted using a pre-
dictive model (Fuchs et al., 2013; Moulds et al., 2015) and involved

four steps. First, we generated a transition matrix of the changes in
LULC between 1986 and 2015. Second, we selected a set of spatially
explicit socioeconomic and environmental variables (digital elevation
model, slope, Euclidian distances from cities centers and rivers, pre-
cipitation and temperature from WorldClim database (Fick and
Hijmans, 2017)), which are plausible explanatory variables for the
spatial distribution of LULC classes. Third, we selected a stratified
random sample of 37,800 pixels containing data from LULC classes and
we used these to extract the respective values of explanatory variables
corresponding to each LULC class. With the LULC class and associated
explanatory variables as dependent and independent variables, re-
spectively, we used the Random Forests algorithm to create a prob-
ability map of LULC based on the suitability of each pixel for the re-
spective LULC classes. Fourth, the allocation algorithm was used to
create a map of LULC based on the probability maps of LULC and the
demand for the area per LULC class. The decision rules for LULC
transitions in the allocation algorithm were based on the assumption
that the transition matrix of LULC changes between 1986 and 2015 are
representative for the period 2015–2045, and that new urban areas
should expand only in the neighbourhood of existing urban areas. The
analysis was conducted using the LULCC package in R (Moulds et al.,
2015; R Development Core Team, 2014).

To validate the allocation model, we created a predictive model
from 1986 to 2007 and simulated the future LULC for 2015. The per-
formance of the model was assessed by generating three-dimensional
contingency tables, which compared the map of 1986, the simulated
and actual map of 2015 (Pontius et al., 2011). This method allows to
quantify and differentiate the allocation disagreement/agreement be-
tween observed and simulated maps within multiple resolutions. For
instance, this method allows to distinguish between correctly predicted
persistence of land use and correctly predicted changes in land use.
Here, we compared the model performance at a 2×2 and a 256×256
pixel resolution. The agreement between the observed and simulated
maps of 2015 was 67 % at a 2× 2 pixel resolution, consisting of the
accurate prediction of 60 % of the pixels with correctly simulated
persistence of LULC, and 7% of all pixels with correctly simulated
changes of LULC (Appendix A5). At a 256× 256 pixels resolution the
agreement increased to 92 % (with an accurate prediction of 79 and 13
% for correctly simulated persisting and changed pixels, respectively).
This procedure strengthened our confidence that the performance of the
model was satisfactory and that it can be used to make plausible pro-
jections of LULC in the study area. The model was used to generate
LULC maps of 2045 for each of the four quantitative scenarios, and a
reference scenario (RS), which was based on the extrapolation of LULC
trends from 1986 to 2015 without scenario assumptions.

3. Results

3.1. Past LULC changes

The classification of past LULC change resulted in maps of the years
1986, 1995, 2007 and 2015 with a pixel resolution of 30×30m with a
high accuracy (Kappa index> 0.81) (Fig. 3; Appendix A3). The cov-
ariates Digital Elevation Model, NDVI and SAVI indexes, satellite bands
and solar radiation were selected as the most important predictors of
LULC classes. The LULC maps indicated that the percentage pastures
decreased from 76 to 58 % between 1986 and 2015, while forest area
increased from 18 to 24 %, coffee from 3 to 11 %, and urban and eu-
calyptus increased as well (Fig. 3 and 4). The LULC changes from 1986
to 2015 were most profound for forest and coffee with 41.3 % and 75.2
% of the forest and coffee area in 2015 being converted from pasture.
The majority of eucalyptus plantations (63 %) were established in
pasture, while 27 % of eucalyptus replaced forest between 1986 and
2015 (Fig. 4; Appendix A4).

L.C. Gomes, et al. Land Use Policy 97 (2020) 104723

5



3.2. Drivers of LULC changes

A major outcome of the workshops was that participants perceived
that government measures against deforestation (e.g., monitoring and
surveillance), providing credit for family farmers, migration from rural
areas to urban centers, and the founding of the Serra do Brigadeiro State
Park were the main drivers of changes in LULC between 1986 and 2015.
Deforestation rate of the Atlantic Rainforest biome decreased about 90 %

in this period, reflecting the effectiveness of the intensive monitoring
programs by national environmental agencies. At the same time the rural
population size decreased from 50.2%–25.1% of the total population
(Fig. 5). Government credits for investment in the coffee production and
livestock by family farmers increased steadily, amounting to almost 1
billion reais (Brazilian currency) per year in 2015. The export of coffee
increased by approximately 380 %, along with increases in the produc-
tion of charcoal (265 %) and cellulose (268 %).

Fig. 3. Land use and land cover maps in the Zona da Mata region, Brazil, of 1986, 1995, 2007 and 2015.
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Fig. 4. Transitions of land use and land cover for forest, coffee, pasture, urban, Eucalyptus and campos rupestres vegetation between 1986 and 2015. Each line
represents one pixel (30× 30m) in the study area.

Fig. 5. Trends of the main drivers of land use land cover changes from 1986 to 2015, with multi-annual trends indicated by the blue smoothing lines. Reais is the
Brazilian currency.
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Fig. 6. Qualitative future scenarios (Green Road, Fossil Fuel, Rocky Road and Inequality) of Land Use Cover of 2045 in the context of shared socioeconomic pathways
(SSPs).
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The temporal association of the socioeconomic and environmental
drivers with the LULC classes resulted in multiple regressions that de-
fine the specific effect of each driver in each LULC class (Appendix A2).
For instance, forest area was negatively associated with deforestation
rates in the Atlantic Forest biome and public policies for rural credit for
coffee and livestock production (R2=0.84), while the coffee area was
positively associated with rural credits for coffee production and annual
rates of coffee exports (R2= 0.94). Urban area was positively asso-
ciated with the increase of urban population size (R2=0.84), and the
demand of charcoal and cellulose explained the establishment of eu-
calyptus plantations (R2= 0.84).

3.3. Qualitative narratives and quantitative scenarios

Overall, the results from workshops and the analysis of historical
data indicated that the government measures (e.g., credit for farmers)
and the degree of environmental protection were the most influential
drivers of the LULC changes. Based on these two main drivers we cre-
ated four scenarios (Fossil Fuel, Green Road, Rocky Road, Inequality) in
the context of SSP scenarios, with the vertical axis representing the high
and low government measures and the horizontal axis representing low
high and low environment protection (Fig. 6).

The four qualitative scenarios (Green Road, Fossil Fuel, Rocky Road
and Inequality) gave rise to different estimates of future annual rates for
the socioeconomic and environmental drivers (Table 1). Adopting 2015
as a baseline, deforestation rates increased by 8.9 % per year in the
Fossil Fuel and Rocky Road scenarios, and decreased by 17.8 % per year
in the Green Road and Inequality scenarios. The investment in credit for
coffee and livestock reached the highest rate in the Green Road scenario
(7.3 % per year) and the lowest values for the Rocky Road and In-
equality scenarios with an annual decrease of -6.7 % per year. Coffee
export tended to increase in all scenarios, with the annual rate ranging
from 4.46 % (Fossil Fuel) to 0.3 % (Inequality). The demand of charcoal
and cellulose increased by about 3.6 % per year in the Fossil Fuel and

Rocky Road scenarios, and decreased about 2.3 % per year in the Green
Road and Inequality scenarios.

3.4. Predictive allocation model and future scenarios

The LULC demand for 2045 indicated that forest area is expected to
increase by 52.4 % in the environmental scenario Green Road, and
decrease by 41.7 % in the scenario Rocky Road compared to 2015
(Table 2; Fig. 7). On average the coffee area is expected to grow by 111
% in the Green Road, Fossil Fuel, and Reference scenario, while de-
creasing by 3.6 % in the Rocky Road and Inequality scenarios. In
contrast to coffee area, pasture area tends to decrease on average by 32
% in the Green Road, Fossil Fuel, and Reference scenarios, and increase
8% in the Rocky Road and Inequality scenarios. The area of eucalyptus
is expected to increase by 257 % in the Reference, Fossil Fuel and Rocky
Road scenarios, while decreasing by 99 % in the Green Road and In-
equality scenarios.

4. Discussion

4.1. Effects of drivers on LULC changes and future scenarios

Between 1986 and 2015 the area of forest, coffee, eucalyptus, and
urban areas has increased in the Zona da Mata, which are likely driven
by government measures and economic dynamics at local and global
scales, among other drivers. However, these trends may change de-
pending on the socioeconomic scenario that will unfold in the future.
For instance, forest and agricultural areas may decrease in the Rocky
Road scenario, and increase in the Green Road scenario.

Forest recovery was associated with government law enforcement
against deforestation and public policies, and a declining rural popu-
lation size. During the last two decades the policies have increasingly
restricted deforestation, increasing the surveillance in the rural areas
with real time monitoring, rural patrols and high fines. The effective-
ness of public policies to decrease the deforestation has been reported
as a key factor to protect the forest in Amazon biome (Arima et al.,
2014). Another factor that contributed to decreasing the pressure on
forest areas were the public policies for investments in agriculture,
especially in coffee production and livestock (Fig. 5). The sustainable
intensification of agriculture enables the increase of the productivity
per unit area, reducing the need to convert forest into farmland (Garrett
et al., 2018; Tilman et al., 2011). In the study region, the rural popu-
lation decreased by 50 % between 1986 and 2015 as a result of the
large-scale migration of family farmers to urban centers in Brazil in the
1980’ and 1990’s, with the promise of jobs and a better life in the cities
(Lobo, 2016). The recovery of forest provides an inspiring example of
how public policies against deforestation and financial support of
farmers can be effective in reconciling agricultural production and
environmental protection.

The 7% increase of forest area, after many years of deforestation, is
an indication of the Forest Transition phenomenon (Mather, 1992;

Table 1
Projected annual rates for the drivers of Land Use and Land Cover (LULC) de-
rived from Bayesian analysis for four contrasting future scenarios.

LULC Drivers of LULC Annual growth rates (%) - Bayesian parameters

Fossil
Fuel

Green Road Rocky
Road

Inequality

Forest Deforestation 8.947 −17.754 8.947 −17.75
Credit for
livestock and
coffee

1.175 7.317 −6.734 −6.734

Coffee Credit for coffee 1.222 2.94 0.008 0.008
Coffee Export 4.46 2.97 0.5 0.3

Urban area Urban Population 0.669 0.669 0.669 0.614
Eucalyptus Charcoal 3.902 −1.5 3.265 −1.5

Cellulose 3.533 −2.918 3.533 −2.918

Table 2
Projected land use and land cover areas in the Reference (RS), Green Road, Rocky Road, Fossil Fuel, and Inequality scenarios in 2045, and the percent change as
compared to the base year 2015.

Land Use/Cover Base year (2015) Future Scenarios (2045)

RS Fossil Fuel Green Road Rocky Road Inequality
Area*1000 ha (Gain/Loss %)

Forest 280.8 368.6 (31.3) 188.2 (−32.9) 427.9 (52.4) 163.5 (−41.7) 270.4 (−3.6)
Coffee 125.7 310.2 (146.7) 247.6 (96.9) 239.5 (90.5) 123.4 (−1.8) 120.6 (−4.0)
Pasture 662.0 335.3 (−49.3) 590.6 (−10.7) 411.4 (−37.8) 743.0 (12.2) 688.3 (3.9)
Urban area 12.2 22.5 (84.2) 16.7 (35.9) 16.6 (35.9) 16.6 (35.9) 16.1 (31.5)
Eucalyptus 14.98 58.9 (293.1) 52.6 (251.4) 0.09 (−99.3) 49.0 (227.2) 0.09 (−99.3)
Rupestre 34.82 34.8 (0.0) 34.8 (0.0) 34.8 (0.0) 34.8 (0.0) 34.8 (0.0)
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Rudel, 1998). This phenomenon has been reported for developed
countries, while in many developing countries the deforestation rates
are still accelerating (Rudel et al., 2005). Our study is the first one to
highlight, with satellite images, that the forest recovery may be an in-
dication of Forest Transition in this region of the Atlantic Forest biome.
However, should policies stop the protection of the environment and

support for farmers, our scenarios project a decrease in forest area by
41.7 % by 2045 in the Rocky Road scenario. On the other hand, in the
Green Road scenario, forested areas are projected to increase by 52.4 %,
due to additional regulations to protect forests and increased invest-
ments in agriculture. While these scenarios project major changes in
forest cover, the local-scale drivers of forest dynamics in the study

Fig. 7. Projected land use and land cover of the Reference, Green Road, Rocky Road, Fossil Fuel, and Inequality scenarios in 2045, Zona da Mata of the Minas Gerais
state, Brazil.
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region are still ambiguous due to the scarcity of pertinent data, such as
subsidies for reforestation or fines imposed for deforestation. We ad-
dressed this information gap by using credit for agriculture and defor-
estation rate as proxies for the drivers of forest temporal dynamics. The
identification of the main drivers of forests dynamics at local scale and
the analysis of future scenarios can orient local, regional and global
measures to protect and expand forest.

Government investment in coffee production and livestock in the
last two decades supported the increase of the area of coffee from 3 to
11 %, and cattle stock from 600,000–830,000 animals from 1986 to
2015 in the study area (Statistical yearbooks-IBGE), despite an 18 %
decrease pasture area. Public policies (especially the PRONAF) that
provide credit specifically for coffee production are one of the main
reasons of the consistent increase of coffee area, making it possible for
the small farmers to invest in machinery (e.g. brushcutter, coffee dryer,
harvest machine, mechanical shakers), and management of the coffee
plantations. Global demand for coffee increased over the last 30 years
and this is projected to continue for the foreseeable future (ICO, 2017).
The study region has ideal growing conditions for coffee production,
and the introduction of agroforestry systems, already established in the
region, has potential to maintain coffee production in the future (de
Souza et al., 2012; Gomes et al., 2020). The scenario analysis indicated
(without accounting for impacts of climate change) that coffee areas
may expand by almost 100 % in the Fossil Fuel and Green Road sce-
narios due to public policies, while a 3.6 % reduction is expected in
absence of government measures in the Rocky Road scenario. There-
fore, this region can contribute to supply the increase in the global
demand for coffee under the Fossil Fuel and Green Road scenarios.

Land use changes are often driven by international commodity
chains that support the global consumption (Lambin and Meyfroidt,
2011), highlighting the complexity and cross-scale interactions of dri-
vers of local LULC. In our study area the global demand of iron mineral
and cellulose in the last decades coincided with the increase of eu-
calyptus plantations. The fast growth of the economy of China in the
early 2000’s boosted the global demand for steel (Holloway et al.,
2010) and fueled the export of iron ore from Brazil. Unlike other
countries that use mineral charcoal to process iron minerals, in Brazil
the charcoal made from wood is mostly used, especially from eu-
calyptus. The world demand for steel therefore increased the value of
eucalyptus wood and government agencies and private companies en-
couraged farmers to plant eucalyptus. Furthermore, the global decline
of coffee prices in the 2000’s, resulting from increased production in
Brazil and Vietnam, also motivated farmers in the study region to plant
eucalyptus. Indeed, in the scenario of Fossil Fuel and Rocky Road with
higher global demand of steel, an increase of eucalyptus area up to 251
% may be anticipated. Our study suggests that the context of global
drivers, such as expressed in SSPs scenarios, can have profound and
case study specific impacts on local drivers of LULC and the associated
LULC change.

Developing qualitative and quantitative socioeconomic and en-
vironmental scenarios at the local scale is important to detect local
characteristics (e.g., specific crops), which are extremely important to
local LULC changes, but may be overlooked when analysing at national
or global level. Moreover, the advantage of creating future scenarios of
LULC consistent with the global SSPs assumptions is the possibility to
explore the future impact of LULC changes on ecosystem services (e.g.,
water availability) in line with well-established scenarios for environ-
mental variables (e.g., temperature, precipitation).

4.2. Methodological considerations

We applied an interdisciplinary methodological approach to de-
velop spatially explicit scenarios at the local scale by integrating his-
toric LULC changes, qualitative and quantitative socioeconomic sce-
narios inspired by global SSP scenarios, with subsequent estimation of

LULC demand and the spatial allocation of LULC classes. Our inter-
disciplinary methodology follows the same steps as the multi-model
CLUE-S approach (e.g. Verburg et al., 2002, 2006, 2008) that has been
extensively applied worldwide to project LULC scenarios at different
scales (Kucsicsa et al., 2019; Lin et al., 2007; Henríquez-Dole et al.,
2018). In the CLUE-S methodology local LULC scenarios can be gen-
erated based on LULC maps and future socioeconomic scenarios
(Verburg et al., 2006). However, this may pose a problem in situations
where there is a scarcity of LULC data and socioeconomic scenarios at
regional or local scales, such as in many developing countries. To
overcome this information gap, we generated LULC scenarios at the
local scale using open access methods and data. For instance, we used
freely available Landsat images and the Random forest algorithm to
classify past LULC trends. In addition, we applied a scenario develop-
ment technique to develop local future narratives (Tapinos, 2012), and
we used Bayesian regression analysis (Kemp-Benedict, 2010) to trans-
late these qualitative socioeconomic scenarios into quantitative terms.
The methodology has and weaknesses and strengths, which will be
discussed below.

The applied approach has several limitations. The first is that
identification of LULC changes by contrasting two independently cre-
ated maps can give rise to inaccuracies due to map error classification,
and therefore resulting LULC maps need to be interpreted with care.
Second, while our study demonstrates that combining local scenario
development and global SSPs scenarios is a promising way to develop
plausible local future scenarios consistent with global future projec-
tions, the translation of the implications of global scenarios to local
drivers of LULC entails many uncertainties. The participation of farmers
in the workshops was essential to identify and understand the drivers of
historical LULC changes, since farmers are key actors that make land
use decisions and have a good awareness of the associated socio-
economic and environmental impacts (Ariti et al., 2015). The partici-
patory component and on the ground impact of our methodology could
still be further improved by discussing the outcomes of our analysis
with relevant stakeholders, farmers, civil society and policy makers,
and explore implications for future landscape planning and rural de-
velopment (Nilsson et al., 2017; Palazzo et al., 2017; Häfner et al.,
2018; Gullino et al., 2018).

The estimation of the future LULC demands using the Bayesian re-
gression analysis allows to translate qualitative scenarios to quantita-
tive terms in a systematic way. Expert judgment is the most commonly
used method to translate narratives to numerical values, but is depen-
dent on expert knowledge (Mallampalli et al., 2016). Using Bayesian
statistics, we derived annual future rates for the socioeconomic drivers
without the subjectivity of a translation process. We linked quantitative
estimates of drivers to LULC demand using regression analysis, which
has been widely used to assess the effect of drivers on specific LULC
classes, such as the urban areas in Europe (Reginster and Rounsevell,
2006), and multiple LULC classes using dynamic system models (Liu
et al., 2017). In our study we made the simplifying assumption that
historic relationships between the main drivers and LULC changes will
remain unchanged in the future. However, recent advances in non-
stationary modelling of future LULC scenarios (McGarigal et al., 2018;
Wang et al., 2019) open opportunities for accounting for the com-
plexities of feedbacks and further improve land use models (Verburg
et al., 2019). Yet, despite these technical advances, uncertainty about
the interactions between drivers and wider developments in society in
the future is a general yet unresolved issue in LULC scenarios studies,
and therefore these need to be interpreted with care. Our methodology
can be useful for scenario analysis in regions where historical LULC
maps and future projections of socioeconomic and environmental de-
velopments are lacking. For future studies and depending on data
availability, we also suggest including more assumptions of SSPs, re-
lated to demography, health and economy, which can further improve
the quality of integrative future scenarios.
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5. Conclusions

In this paper we show that in the past three decades forest and
agriculture areas have expanded at the expense of pasture area in the
Zona de Mata, Brazil, and that these LULC changes were likely driven
by government measures. The projected LULC for 2045 strongly de-
pends on the global socioeconomic pathway scenarios. The Green Road
scenario indicates that government measures to protect the environ-
ment, such strong regulations and monitoring, and agricultural credit
for family farmers may contribute to balancing forest conservation and
agricultural production. In contrast, the high consumption Rocky Road
scenario may result in substantial deforestation.

Contrasting socioeconomic narratives leading to different LULC
configurations may inform local and regional policy making for forest
and nature conservation by identifying areas that are prone to land use
change in the future. Furthermore, spatially explicitly LULC scenarios
combined with climate change scenarios may be useful to explore the
effects of socioeconomic measures on biodiversity and ecosystem ser-
vices, such as water regulation. While the prediction of future LULC
changes is fraught with uncertainties, LULC scenario analysis can assist
in planning of socioeconomic development to achieve a more sustain-
able future.

CRediT authorship contribution statement

L.C. Gomes: Conceptualization, Methodology, Writing - original
draft, Formal analysis, Funding acquisition. F.J.J.A. Bianchi:
Conceptualization, Supervision, Writing - review & editing. I.M.
Cardoso: , Conceptualization, Supervision, Writing - review & editing,
Funding acquisition. R.P.O. Schulte: Conceptualization, Supervision,
Writing - review & editing. B.J.M. Arts: , Conceptualization,
Supervision, Methodology, Writing - review & editing. E.I. Fernandes
Filho: Conceptualization, Supervision, Methodology, Writing - review
& editing.

Acknowledgements

We would like to thank farmers, farmer’s organisations, CTA-ZM
and the agroecology movement in Zona da Mata. This work was fi-
nancially supported by the Fundação de Amparo à Pesquisa de Minas
Gerais (FAPEMIG) [APQ-03348-16]. This study is part of the
FOREFRONT program, funded by the Interdisciplinary Research and
Education Fund (INREF) of Wageningen University & Research. We also
thank the Fundação de Amparo à Pesquisa do Estado de Minas Gerais
(FAPEMIG), the Coordenação de Aperfeiçoamento de Pessoal de Nível
Superior - Brasil (CAPES) and the Conselho Nacional de
Desenvolvimento Científico e Tecnológico (CNPq) for the scholarships
for the first author.

Appendix A. Supplementary data

Supplementary data associated with this article can be found, in the
online version, at https://doi.org/10.1016/j.landusepol.2020.104723.

References

Alcamo, J., 2008. The SAS approach: combining qualitative and quantitative knowledge
in environmental scenarios. In: Alcamo, J. (Ed.), Environmental Futures: The Practice
of Environmental Scenario Analysis. Elsevier, Amsterdam, pp. 123–150.

Alvares, C.A., Stape, J.L., Sentelhas, P.C., De Moraes Gonçalves, J.L., Sparovek, G., 2013.
Köppen’s climate classification map for Brazil. Meteorol. Zeitschrift. 22, 711–728.
https://doi.org/10.1127/0941-2948/2013/0507.

Arima, E.Y., Barreto, P., Araújo, E., Soares-Filho, B., 2014. Public policies can reduce
tropical deforestation: lessons and challenges from Brazil. Land Use Policy 41,
465–473. https://doi.org/10.1016/j.landusepol.2014.06.026.

Ariti, A.T., van Vliet, J., Verburg, P.H., 2015. Land-use and land-cover changes in the
Central Rift Valley of Ethiopia: assessment of perception and adaptation of stake-
holders. Appl. Geogr. 65, 28–37.

Banco Central do Brasil, 2017. Anuário estatístico do Crédito Rural 1999-2015. https://
www.bcb.gov.br/?RELRURAL.

BRASIL. Lei 4771/1965. Código Florestal Brasileiro. http://www.planalto.gov.br/
ccivil03/leis/L4771.htm.

Cardoso, I.M., Ferrari, E.A., 2006. Construindo o conhecimento agroecológico: trajetória
de interação entre ONG, universidade e organizações de agricultores. Rev. Agric.
28–32. http://agriculturas.leisa.info.

Cardoso, I.M., Guijt, I., Franco, F.S., Carvalho, A.F., Ferreira Neto, P.S., 2001. Continual
learning for agroforestry system design: university, NGO and farmer partnership in
Minas Gerais, Brazil. Agric. Syst. 69, 235–257. https://doi.org/10.1016/S0308-521X
(01)00028-2.

Chakraborty, A., Sachdeva, K., Joshi, P.K., 2016. Mapping long-term land use and land
cover change in the central Himalayan region using a tree-based ensemble classifi-
cation approach. Appl. Geogr. 74, 136–150. https://doi.org/10.1016/j.apgeog.2016.
07.008.

de Souza, H.N., de Goede, R.G.M., Brussaard, L., Cardoso, I.M., Duarte, E.M.G.,
Fernandes, R.B.A., Gomes, L.C., Pulleman, M.M., 2012. Protective shade, tree di-
versity and soil properties in coffee agroforestry systems in the Atlantic Rainforest
biome. Agric. Ecosyst. Environ. 146, 179–196. https://doi.org/10.1016/j.agee.2011.
11.007.

Deng, X., Su, H., Zhan, J., 2008. Integration of multiple data sources to simulate the
dynamics of land systems. Sensors 8, 620–634. https://doi.org/10.3390/s8020620.

Doelman, J.C., Stehfest, E., Tabeau, A., van Meijl, H., Lassaletta, L., Gernaat, D.E.H.J.,
Neumann-Hermans, K., Harmsen, M., Daioglou, V., Biemans, H., van der Sluis, S., van
Vuuren, D.P., 2018. Exploring SSP land-use dynamics using the IMAGE model: re-
gional and gridded scenarios of land-use change and land-based climate change
mitigation. Glob. Environ. Change 48, 119–135. https://doi.org/10.1016/j.
gloenvcha.2017.11.014.

Duinker, P.N., Greig, L.A., 2007. Scenario analysis in environmental impact assessment:
improving explorations of the future. Environ. Impact Assess. Rev. 27, 206–219.
https://doi.org/10.1016/j.eiar.2006.11.001.

Fick, S.E., Hijmans, R.J., 2017. WorldClim 2: new 1‐km spatial resolution climate surfaces
for global land areas. Int. J. Climatol. 37, 4302–4315.

Foley, J.A., DeFries, R., Asner, G.P., Barford, C., Bonan, G., Carpenter, S.R., Chapin, F.S.,
Coe, M.T., Daily, G.C., Gibbs, H.K., 2005. Global consequences of land use. Science
309, 570–574. https://doi.org/10.1126/science.1111772.

Fuchs, R., Herold, M., Verburg, P.H., Clevers, J.G.P.W., 2013. A high-resolution and
harmonized model approach for reconstructing and analysing historic land changes
in Europe. Biogeosciences 10, 1543–1559. https://doi.org/10.5194/bg-10-1543-
2013.

Garrett, R.D., Koh, I., Lambin, E.F., le Polain de Waroux, Y., Kastens, J.H., Brown, J.C.,
2018. Intensification in agriculture-forest frontiers: land use responses to develop-
ment and conservation policies in Brazil. Glob. Environ. Change 53, 233–243.
https://doi.org/10.1016/j.gloenvcha.2018.09.011.

Ghinoi, S., Junior, V.J.W., Piras, S., 2018. Political debates and agricultural policies:
discourse coalitions behind the creation of Brazil’s Pronaf. Land Use Policy 76, 68–80.
https://doi.org/10.1016/j.landusepol.2018.04.039.

Giovanini, R.R., Matos, R.E.S., 2004. Geohistória econômica da Zona da Mata mineira.
Seminário sobre a economia mineira, 11. Diamantina. Anais, Belo Horizonte:
CEDEPLAR/UFMG.

Gomes, L.C., Bianchi, F.J.J.A., Cardoso, I.M., Fernandes, R.B.A., Filho, E.I.F., Schulte,
R.P.O., 2020. Agroforestry systems can mitigate the impacts of climate change on
coffee production: a spatially explicit assessment in Brazil. Agric. Ecosyst. Environ.
294, 106858. https://doi.org/10.1016/j.agee.2020.106858.

Gullino, P., Devecchi, M., Larcher, F., 2018. How can different stakeholders contribute to
rural landscape planning policy? The case study of Pralormo municipality (Italy). J.
Rural Stud. 57, 99–109.

Häfner, K., Zasada, I., van Zanten, B.T., Ungaro, F., Koetse, M., Piorr, A., 2018. Assessing
landscape preferences: a visual choice experiment in the agricultural region of
Märkische Schweiz, Germany. Landsc. Res. 43, 846–861.

Han, H., Yang, C., Song, J., 2015. Scenario simulation and the prediction of land use and
land cover change in Beijing, China. Sustainability 7, 4260–4279. https://doi.org/10.
3390/su7044260.

Henríquez-Dole, L., Usón, T.J., Vicuña, S., Henríquez, C., Gironás, J., Meza, F., 2018.
Integrating strategic land use planning in the construction of future land use sce-
narios and its performance: the Maipo River Basin, Chile. Land Use Policy 78,
353–366. https://doi.org/10.1016/j.landusepol.2018.06.045.

Holloway, J., Roberts, I., Rush, A., 2010. China’s steel industry. RBA Bull. (December),
19–25.

IBGE, 2018. Sistema IBGE de Recuperação Automática- SIDRA. Instituto Brasileiro de
Geografia e Estatística. http://www.sidra.gov.br/bda.

ICO, 2017. International Coffee Organization. http://www.ico.org/new_historical.asp.
Kemp-Benedict, E., 2010. Converting qualitative assessments to quantitative assumptions:

Bayes’ rule and the pundit’s wager. Technol. Forecast. Soc. Change 77, 167–171.
https://doi.org/10.1016/j.techfore.2009.06.008.

Kriegler, E., O’Neill, B.C., Hallegatte, S., Kram, T., Lempert, R.J., Moss, R.H., Wilbanks, T.,
2012. The need for and use of socio-economic scenarios for climate change analysis: a
new approach based on shared socio-economic pathways. Glob. Environ. Change 22,
807–822. https://doi.org/10.1016/j.gloenvcha.2012.05.005.

Kucsicsa, G., Popovici, E.A., Bălteanu, D., Grigorescu, I., Dumitraşcu, M., Mitrică, B.,
2019. Future land use/cover changes in Romania: Regional simulations based on
CLUE-S model and CORINE land cover database. Landsc. Ecol. Eng. 15, 75–90.
https://doi.org/10.1007/s11355-018-0362-1.

Lambin, E.F., Meyfroidt, P., 2011. Global land use change, economic globalization, and
the looming land scarcity. Proc. Natl. Acad. Sci. 108, 3465–3472. https://doi.org/10.
1073/pnas.1100480108.

L.C. Gomes, et al. Land Use Policy 97 (2020) 104723

12

https://doi.org/10.1016/j.landusepol.2020.104723
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0005
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0005
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0005
https://doi.org/10.1127/0941-2948/2013/0507
https://doi.org/10.1016/j.landusepol.2014.06.026
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0020
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0020
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0020
https://www.bcb.gov.br/?RELRURAL
https://www.bcb.gov.br/?RELRURAL
http://www.planalto.gov.br/ccivil03/leis/L4771.htm
http://www.planalto.gov.br/ccivil03/leis/L4771.htm
http://agriculturas.leisa.info
https://doi.org/10.1016/S0308-521X(01)00028-2
https://doi.org/10.1016/S0308-521X(01)00028-2
https://doi.org/10.1016/j.apgeog.2016.07.008
https://doi.org/10.1016/j.apgeog.2016.07.008
https://doi.org/10.1016/j.agee.2011.11.007
https://doi.org/10.1016/j.agee.2011.11.007
https://doi.org/10.3390/s8020620
https://doi.org/10.1016/j.gloenvcha.2017.11.014
https://doi.org/10.1016/j.gloenvcha.2017.11.014
https://doi.org/10.1016/j.eiar.2006.11.001
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0070
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0070
https://doi.org/10.1126/science.1111772
https://doi.org/10.5194/bg-10-1543-2013
https://doi.org/10.5194/bg-10-1543-2013
https://doi.org/10.1016/j.gloenvcha.2018.09.011
https://doi.org/10.1016/j.landusepol.2018.04.039
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0095
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0095
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0095
https://doi.org/10.1016/j.agee.2020.106858
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0105
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0105
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0105
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0110
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0110
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0110
https://doi.org/10.3390/su7044260
https://doi.org/10.3390/su7044260
https://doi.org/10.1016/j.landusepol.2018.06.045
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0125
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0125
http://www.sidra.gov.br/bda
http://www.ico.org/new_historical.asp
https://doi.org/10.1016/j.techfore.2009.06.008
https://doi.org/10.1016/j.gloenvcha.2012.05.005
https://doi.org/10.1007/s11355-018-0362-1
https://doi.org/10.1073/pnas.1100480108
https://doi.org/10.1073/pnas.1100480108


Lambin, E.F., Turner, B.L., Geist, H.J., Agbola, S.B., Angelsen, A., Bruce, J.W., Coomes,
O.T., Dirzo, R., Fischer, G., Folke, C., George, P.S., Homewood, K., Imbernon, J.,
Leemans, R., Li, X., Moran, E.F., Mortimore, M., Ramakrishnan, P.S., Richards, J.F.,
Skånes, H., Steffen, W., Stone, G.D., Svedin, U., Veldkamp, T.A., Vogel, C., Xu, J.,
2001. The causes of land-use and land-cover change: moving beyond the myths. Glob.
Environ. Change 11, 261–269. https://doi.org/10.1016/S0959-3780(01)00007-3.

Lin, Y.-P., Hong, N.-M., Wu, P.-J., Wu, C.F., Verburg, P.H., 2007. Impacts of land use
change scenarios on hydrology and land use patterns in the Wu-Tu watershed in
Northern Taiwan. Landsc. Urban Plan. 80, 111–126. https://doi.org/10.1016/j.
landurbplan.2006.06.007.

Lin, Y.-P., Chu, H.J., Wu, C.F., Verburg, P.H., 2011. Predictive ability of logistic regres-
sion, auto-logistic regression and neural network models in empirical land-use
change modeling - a case study. Int. J. Geogr. Inf. Sci. 25, 65–87.

Liu, X., Liang, X., Li, X., Xu, X., Ou, J., Chen, Y., Li, S., Wang, S., Pei, F., 2017. A future
land use simulation model (FLUS) for simulating multiple land use scenarios by
coupling human and natural effects. Landsc. Urban Plan. 168, 94–116. https://doi.
org/10.1016/j.landurbplan.2017.09.019.

Lobo, C., 2016. Mercator-Revista de Geografia da UFC 15.3. Dispersão espacial da
população no Brasil. https://www.redalyc.org/html/2736/273647136003/.

Mallampalli, V.R., Mavrommati, G., Thompson, J., Duveneck, M., Meyer, S., Ligmann-
Zielinska, A., Druschke, C.G., Hychka, K., Kenney, M.A., Kok, K., Borsuk, M.E., 2016.
Methods for translating narrative scenarios into quantitative assessments of land use
change. Environ. Model. Softw. 82, 7–20. https://doi.org/10.1016/j.envsoft.2016.
04.011.

Mas, J.-F., Kolb, M., Paegelow, M., Camacho Olmedo, M.T., Houet, T., 2014. Inductive
pattern-based land use/cover change models: a comparison of four software
packages. Environ. Model. Softw. 51, 94–111.

Mather, A.S., 1992. The forest transition. Area 367–379.
McGarigal, K., Plunkett, E.B., Willey, L.L., Compton, B.W., DeLuca, W.V., Grand, J., 2018.

Modeling non-stationary urban growth: the SPRAWL model and the ecological im-
pacts of development. Landsc. Urban Plan. 177, 178–190.

Moulds, S., Buytaert, W., Mijic, A., 2015. An open and extensible framework for spatially
explicit land use change modelling: the lulcc R package. Geosci. Model Dev. 8,
3215–3229. https://doi.org/10.5194/gmd-8-3215-2015.

Myers, N., Mittermeler, R.A., Mittermeler, C.G., Da Fonseca, G.A.B., Kent, J., 2000.
Biodiversity hotspots for conservation priorities. Nature 403, 853. https://doi.org/
10.1038/35002501.

Nilsson, A.E., Bay-Larsen, I., Carlsen, H., van Oort, B., Bjørkan, M., Jylhä, K.,
Klyuchnikova, E., Masloboev, V., van der Watt, L.M., 2017. Towards extended shared
socioeconomic pathways: a combined participatory bottom-up and top-down meth-
odology with results from the Barents region. Glob. Environ. Change 45, 124–132.
https://doi.org/10.1016/j.gloenvcha.2017.06.001.

O’Neill, B.C., Kriegler, E., Riahi, K., Ebi, K.L., Hallegatte, S., Carter, T.R., Mathur, R., van
Vuuren, D.P., 2014. A new scenario framework for climate change research: the
concept of shared socioeconomic pathways. Clim. Change 122, 387–400. https://doi.
org/10.1007/s10584-013-0905-2.

O’Neill, B.C., Kriegler, E., Ebi, K.L., Kemp-Benedict, E., Riahi, K., Rothman, D.S., van
Ruijven, B.J., van Vuuren, D.P., Birkmann, J., Kok, K., Levy, M., Solecki, W., 2017.
The roads ahead: narratives for shared socioeconomic pathways describing world
futures in the 21st century. Glob. Environ. Change 42, 169–180. https://doi.org/10.
1016/j.gloenvcha.2015.01.004.

Oduro, K.A., Arts, B., Hoogstra-Klein, M.A., Kyereh, B., Mohren, G.M.J., 2014. Exploring
the future of timber resources in the high forest zone of Ghana. Int. For. Rev. 16,
573–585. https://doi.org/10.1505/146554814814095320.

Palazzo, A., Vervoort, J.M., Mason-D’Croz, D., Rutting, L., Havlík, P., Islam, S., Bayala, J.,
Valin, H., Kadi Kadi, H.A., Thornton, P., Zougmore, R., 2017. Linking regional sta-
keholder scenarios and shared socioeconomic pathways: quantified West African food
and climate futures in a global context. Glob. Environ. Change 45, 227–242. https://
doi.org/10.1016/j.gloenvcha.2016.12.002.

Peterson, G.D., Cumming, G.S., Carpenter, S.R., 2003. Scenario Planning: a tool for
conservation in an uncertain world. Conserv. Biol. 17, 358–366. https://doi.org/10.
1046/j.1523-1739.2003.01491.x.

Pontius, R.G., Peethambaram, S., Castella, J.-C., 2011. Comparison of tree maps at
multiple resolutions: a case study of land change simulation in Cho Don district,
Vietnam. Ann. Assoc. Am. Geogr. 101, 45–62. https://doi.org/10.1080/00045608.
2010.517742.

Popp, A., Humpenöder, F., Weindl, I., Bodirsky, B.L., Bonsch, M., Lotze-Campen, H.,
Müller, C., Biewald, A., Rolinski, S., Stevanovic, M., Dietrich, J.P., 2014. Land-use
protection for climate change mitigation. Nat. Clim. Chang. 4, 1095–1098. https://
doi.org/10.1038/nclimate2444.

R Development Core Team, 2014. R: A Language and Environment for Statistical
Computing. R Foundation for Statistical Computing, Vienna, Austria. http://www.R-
project.org.

Reginster, I., Rounsevell, M., 2006. Scenarios of future urban land use in Europe. Environ.
Plan. B Plan. Des. 33, 619–636. https://doi.org/10.1068/b31079.

Riahi, K., van Vuuren, D.P., Kriegler, E., Edmonds, J., O’Neill, B.C., Fujimori, S., Bauer,

N., Calvin, K., Dellink, R., Fricko, O., Lutz, W., Popp, A., Cuaresma, J.C., KC, S.,
Leimbach, M., Jiang, L., Kram, T., Rao, S., Emmerling, J., Ebi, K., Hasegawa, T.,
Havlik, P., Humpenöder, F., Da Silva, L.A., Smith, S., Stehfest, E., Bosetti, V., Eom, J.,
Gernaat, D., Masui, T., Rogelj, J., Strefler, J., Drouet, L., Krey, V., Luderer, G.,
Harmsen, M., Takahashi, K., Baumstark, L., Doelman, J.C., Kainuma, M., Klimont, Z.,
Marangoni, G., Lotze-Campen, H., Obersteiner, M., Tabeau, A., Tavoni, M., 2017. The
shared Socioeconomic Pathways and their energy, land use, and greenhouse gas
emissions implications: an overview. Glob. Environ. Change 42, 153–168. https://
doi.org/10.1016/j.gloenvcha.2016.05.009.

Rounsevell, M.D.A., Reginster, I., Araújo, M.B., Carter, T.R., Dendoncker, N., Ewert, F.,
House, J.I., Kankaanpää, S., Leemans, R., Metzger, M.J., Schmit, C., Smith, P., Tuck,
G., 2006. A coherent set of future land use change scenarios for Europe. Agric.
Ecosyst. Environ. 114, 57–68. https://doi.org/10.1016/j.agee.2005.11.027.

Rudel, T., 1998. Is there a forest transition? Sociol. J. Br. Sociol. Assoc. 63, 533–552.
Rudel, T.K., Coomes, O.T., Moran, E., Achard, F., Angelsen, A., Xu, J., Lambin, E., 2005.

Forest transitions: towards a global understanding of land use change. Glob. Environ.
Change 15, 23–31. https://doi.org/10.1016/j.gloenvcha.2004.11.001.

Sleeter, B.M., Sohl, T.L., Bouchard, M.A., Reker, R.R., Soulard, C.E., Acevedo, W., Griffith,
G.E., Sleeter, R.R., Auch, R.F., Sayler, K.L., Prisley, S., Zhu, Z., 2012. Scenarios of land
use and land cover change in the conterminous United States: utilizing the special
report on emission scenarios at ecoregional scales. Glob. Environ. Change 22,
896–914. https://doi.org/10.1016/j.gloenvcha.2012.03.008.

Sosma, S.M.A., 2017. Relatório Anual de Atividades 2017. https://www.sosma.org.br/
wp-content/uploads/2018/10/AF_RA_SOSMA_2017_web.pdf.

Sosma, S.M.A., INPE, I.Nd.P.E., 2019. Atlas dos Remanescentes Florestais da Mata
Atlântica período 2017-2018. Available in:. https://www.sosma.org.br/wp-
content/uploads/2019/05/Atlas-mata-atlantica_17-18.pdf.

Souza, H.N., Cardoso, I.M., Fernandes, J.M., Garcia, F.C.P., Bonfim, V.R., Santos, A.C.,
Carvalho, A.F., Mendonça, E.S., 2010. Selection of native trees for intercropping with
coffee in the Atlantic Rainforest biome. Agrofor. Syst. 80, 1–16. https://doi.org/10.
1007/s10457-010-9340-9.

Stathakis, D., Faraslis, I., 2014. Monitoring urban sprawl using simulated PROBA-V data.
Int. J. Remote Sens. 35, 2731–2743.

Tapinos, E., 2012. Perceived environmental uncertainty in scenario planning. Futures 44,
338–345. https://doi.org/10.1016/j.futures.2011.11.002.

Teixeira, H.M., Van Den Berg, L., Cardoso, I.M., Vermue, A.J., Bianchi, F.J.J.A., Peña-
claros, M., Tittonell, P., 2018. Understanding farm diversity to promote agroecolo-
gical transitions. Sustainability 10, 4337. https://doi.org/10.3390/su10124337.

Tilman, D., Balzer, C., Hill, J., Befort, B.L., 2011. Global food demand and the sustainable
intensification of agriculture. Proc. Natl. Acad. Sci. 108, 20260–20264. https://doi.
org/10.1073/pnas.1116437108.

Valencia, V., Wittman, H., Blesh, J., 2019. Structuring markets for resilient farming
systems. Agron. Sustain. Dev. 39, 25. https://doi.org/10.1007/s13593-019-0572-4.

Verburg, P.H., Overmars, K.P., 2009. Combining top-down and bottom-up dynamics in
land use modeling: exploring the future of abandoned farmlands in Europe with the
Dyna-CLUE model. Landsc. Ecol. 24, 1167–1181.

Verburg, P.H., Soepboer, W., Veldkamp, A., Limpiada, R., Espaldon, V., Mastura, S.S.A.,
2002. Modeling the spatial dynamics of regional land use: the CLUE-S model.
Environ. Manage. 30, 391–405. https://doi.org/10.1007/s00267-002-2630-x.

Verburg, P.H., Schulp, C.J.E., Witte, N., Veldkamp, A., 2006. Downscaling of land use
change scenarios to assess the dynamics of European landscapes. Agric. Ecosyst.
Environ. 114, 39–56. https://doi.org/10.1016/j.agee.2005.11.024.

Verburg, P.H., Eickhout, B., van Meijl, H., 2008. A multi-scale, multi-model approach for
analyzing the future dynamics of European land use. Ann. Reg. Sci. 42, 57–77.
https://doi.org/10.1007/s00168-007-0136-4.

Verburg, P.H., Alexander, P., Evans, T., Magliocca, N.R., Malek, Z., Rounsevell, M.D.A.,
van Vliet, J., 2019. Beyond land cover change: towards a new generation of land use
models. Curr. Opin. Environ. Sustain. 38, 77–85. https://doi.org/10.1016/j.cosust.
2019.05.002.

Wang, H., Stephenson, S.R., Qu, S., 2019. Modeling spatially non-stationary land use/
cover change in the lower Connecticut River Basin by combining geographically
weighted logistic regression and the CA-Markov model. Int. J. Geogr. Inf. Sci. 33,
1313–1334. https://doi.org/10.1080/13658816.2019.1591416.

Welp, M., de la Vega-Leinert, A., Stoll-Kleemann, S., Jaeger, C.C., 2006. Science-based
stakeholder dialogues: theories and tools. Glob. Environ. Change 16, 170–181.
https://doi.org/10.1016/j.gloenvcha.2005.12.002.

Wesche, S.D., Armitage, D.R., 2014. Using qualitative scenarios to understand regional
environmental change in the Canadian North. Reg. Environ. Chang. 14, 1095–1108.
https://doi.org/10.1007/s10113-013-0537-0.

Wulf, T., Meissner, P., Stubner, S., 2010. A Scenario-based approach to strategic planning:
tool description - Scenario matrix. Working Paper 4/2010. HHL - Leipzig Graduate
School of Management Center for Scenario Planning - Roland Berger Research Unit,
Leipzig, Germany.

Zhao, S., Peng, C., Jiang, H., Tian, D., Lei, X., Zhou, X., 2006. Land use change in Asia and
the ecological consequences. Ecol. Res. 21, 890–896. https://doi.org/10.1007/
s11284-006-0048-2.

L.C. Gomes, et al. Land Use Policy 97 (2020) 104723

13

https://doi.org/10.1016/S0959-3780(01)00007-3
https://doi.org/10.1016/j.landurbplan.2006.06.007
https://doi.org/10.1016/j.landurbplan.2006.06.007
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0170
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0170
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0170
https://doi.org/10.1016/j.landurbplan.2017.09.019
https://doi.org/10.1016/j.landurbplan.2017.09.019
https://www.redalyc.org/html/2736/273647136003/
https://doi.org/10.1016/j.envsoft.2016.04.011
https://doi.org/10.1016/j.envsoft.2016.04.011
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0190
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0190
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0190
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0195
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0200
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0200
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0200
https://doi.org/10.5194/gmd-8-3215-2015
https://doi.org/10.1038/35002501
https://doi.org/10.1038/35002501
https://doi.org/10.1016/j.gloenvcha.2017.06.001
https://doi.org/10.1007/s10584-013-0905-2
https://doi.org/10.1007/s10584-013-0905-2
https://doi.org/10.1016/j.gloenvcha.2015.01.004
https://doi.org/10.1016/j.gloenvcha.2015.01.004
https://doi.org/10.1505/146554814814095320
https://doi.org/10.1016/j.gloenvcha.2016.12.002
https://doi.org/10.1016/j.gloenvcha.2016.12.002
https://doi.org/10.1046/j.1523-1739.2003.01491.x
https://doi.org/10.1046/j.1523-1739.2003.01491.x
https://doi.org/10.1080/00045608.2010.517742
https://doi.org/10.1080/00045608.2010.517742
https://doi.org/10.1038/nclimate2444
https://doi.org/10.1038/nclimate2444
http://www.R-project.org
http://www.R-project.org
https://doi.org/10.1068/b31079
https://doi.org/10.1016/j.gloenvcha.2016.05.009
https://doi.org/10.1016/j.gloenvcha.2016.05.009
https://doi.org/10.1016/j.agee.2005.11.027
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0275
https://doi.org/10.1016/j.gloenvcha.2004.11.001
https://doi.org/10.1016/j.gloenvcha.2012.03.008
https://www.sosma.org.br/wp-content/uploads/2018/10/AF_RA_SOSMA_2017_web.pdf
https://www.sosma.org.br/wp-content/uploads/2018/10/AF_RA_SOSMA_2017_web.pdf
https://www.sosma.org.br/wp-content/uploads/2019/05/Atlas-mata-atlantica_17-18.pdf
https://www.sosma.org.br/wp-content/uploads/2019/05/Atlas-mata-atlantica_17-18.pdf
https://doi.org/10.1007/s10457-010-9340-9
https://doi.org/10.1007/s10457-010-9340-9
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0305
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0305
https://doi.org/10.1016/j.futures.2011.11.002
https://doi.org/10.3390/su10124337
https://doi.org/10.1073/pnas.1116437108
https://doi.org/10.1073/pnas.1116437108
https://doi.org/10.1007/s13593-019-0572-4
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0330
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0330
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0330
https://doi.org/10.1007/s00267-002-2630-x
https://doi.org/10.1016/j.agee.2005.11.024
https://doi.org/10.1007/s00168-007-0136-4
https://doi.org/10.1016/j.cosust.2019.05.002
https://doi.org/10.1016/j.cosust.2019.05.002
https://doi.org/10.1080/13658816.2019.1591416
https://doi.org/10.1016/j.gloenvcha.2005.12.002
https://doi.org/10.1007/s10113-013-0537-0
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0370
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0370
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0370
http://refhub.elsevier.com/S0264-8377(19)30537-X/sbref0370
https://doi.org/10.1007/s11284-006-0048-2
https://doi.org/10.1007/s11284-006-0048-2

	Land use and land cover scenarios: An interdisciplinary approach integrating local conditions and the global shared socioeconomic pathways
	Introduction
	Material and methods
	Study area
	Methodological framework
	Modelling past land use and land cover
	Drivers of land use cover change
	Qualitative and quantitative scenarios
	Spatial allocation of future LULC

	Results
	Past LULC changes
	Drivers of LULC changes
	Qualitative narratives and quantitative scenarios
	Predictive allocation model and future scenarios

	Discussion
	Effects of drivers on LULC changes and future scenarios
	Methodological considerations

	Conclusions
	CRediT authorship contribution statement
	Acknowledgements
	Supplementary data
	References




