Global Ecology and Conservation 23 (2020) e01054

Contents lists available at ScienceDirect

Global Ecology and Conservation
journal homepage: http://www.elsevier.com/locate/gecco

Original Research Article

Effects of climate change on the distribution of crop wild
relatives in the Netherlands in relation to conservation status
and ecotope variation
Rob van Treuren a, *, Roel Hoekstra a, Ron Wehrens b, Theo van Hintum a
a
b

Centre for Genetic Resources, the Netherlands, Wageningen Plant Research, P.O. Box 16, 6700 AA, Wageningen, the Netherlands
Biometris, Wageningen Plant Research, Droevendaalsesteeg 1, 6708 PB, Wageningen, the Netherlands

a r t i c l e i n f o

a b s t r a c t

Article history:
Received 30 September 2019
Received in revised form 9 April 2020
Accepted 9 April 2020

Crop wild relatives (CWR) are wild plant taxa that are genetically related to a cultivated
species and are considered rich sources of useful traits for crop improvement. CWR are
generally underrepresented in genebanks, while their survival in nature is not guaranteed.
Inventories and risk analyses are needed to prioritize CWR for conservation in order to
ensure that they remain available for utilization. Here the effects of climate change on the
distribution of 214 CWR in the Netherlands are predicted by ecological niche modelling
and related to data on IUCN conservation status and variation in key ecological habitat
factors. It is shown that climate change is expected to affect red list species as well as
species that currently are of least concern. Particularly worrisome is the ﬁnding that
already critically endangered CWR show the largest expected loss of distribution area. In
general, reduced distribution areas show a geographical shift to more northern locations in
the Netherlands. No clear relationship is found between changes in distribution and the
habitat characteristics vegetation structure, nutrient level, moisture condition, salinity and
acidity. A moderate positive correlation is observed between ecological amplitude and
tolerance level to climatic change. Study results are used in developing strategies to ensure
that Dutch CWR remain available for utilization.
© 2020 The Authors. Published by Elsevier B.V. This is an open access article under the CC
BY-NC-ND license (http://creativecommons.org/licenses/by-nc-nd/4.0/).
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1. Introduction
The gene pools of many cultivated crops harbour wild species that to a greater or lesser extent can be crossed with the crop
species (Harlan and de Wet, 1971). Such genetically related wild species are referred to as crop wild relatives (CWR). Because
of the possibility to transfer desired traits through conventional crossing between species, CWR are recognized as important
genetic resources for crop breeding. Especially for crops that are suffering from a lack of resistance against biotic and abiotic
stresses, CWR have proved rich sources of useful traits, and hence they constitute major contributors to more sustainable
agriculture and food security (Mammadov et al., 2018). It is expected that crop improvement will increasingly rely on the
availability of CWR for genetic diversity (Hajjar and Hodgkin, 2007).
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Considering their crucial role in crop breeding, optimal accessibility of CWR for utilization is indispensable. Unfortunately,
genebanks generally provide only limited service to this need as CWR are poorly represented in ex situ genetic resources

~ eda-Alvarez
collections (Castan
et al., 2016; Khoury et al., 2010). Access to CWR occurring in situ is often even less straightforward. Moreover, many wild plant populations are threatened with extinction in their natural distribution area. The notion
that access to CWR is limited, while their survival in nature is at risk, has resulted in initiatives to inventory the CWR for
globally important crops (Vincent et al., 2013) and to develop concepts for their in situ conservation (Maxted et al., 2015).
Initial steps in conservation efforts include the inventory of CWR within national boundaries and the prioritization of species
for conservation (e.g. Fitzgerald et al., 2019; Rubio Teso et al., 2018).
Risk assessment regarding the survival of species in situ forms an essential element in prioritizing CWR for conservation
(Maxted et al., 2015). Many national red lists have been developed for plant species according to the IUCN classiﬁcation
system. This classiﬁcation system, which is based on abundance data of species within a region, is a useful information source
to assess current threat levels for species (IUCN, 2012). In addition, climate change can be expected to have serious effects on
future distribution areas of species (e.g. Bakkenes et al., 2002; Dempewolf et al., 2014), which should be evaluated when
developing strategies for conservation. Scenarios for climate change are usually denoted by Representative Concentration
Pathways (RCP) that vary in the assumed trajectories of greenhouse gas concentrations until the year 2100 (Stocker et al.,
2013). The expected effects of these scenarios on species distribution can be evaluated through ecological niche modelling, using geographic occurrence data of specimens and data on current and predicted future climatic conditions at their
rrez et al., 2017; Jarvis et al., 2008).
origin locations (Aguirre-Gutie
The wild native ﬂora in the Netherlands in 2012 comprised 1432 vascular plant species, of which 530 (37%) are included in
the Dutch red list (Sparrius et al., 2014). Plant species in the Netherlands and Flanders (Belgium) have been classiﬁed according to the ecotope classiﬁcation system, which is based on a combination of key ecological parameters, including
vegetation structure, nutrient level, moisture condition, salinity and acidity of the habitat in which a species occurs (Runhaar
et al., 2004). Large-scale data on the distribution of vascular plants in the Netherlands during the 20th century have been
related to ecotope variation. Marked declines in nutrient-poor and in saline vegetation types were considered the most
important changes revealed in that study (Tamis et al., 2005a). Climatic change is expected to cause more extreme meteorological conditions, such as increased variability in surface temperature and precipitation (IPCC, 2014). Species that are
already threatened in their survival are expected to suffer most from such climatic effects as endangered species are often
specialists and hence are considered less tolerant to strongly varying environmental conditions (Bartholomeus et al., 2011).
Previously, a CWR inventory in the Netherlands resulted in the identiﬁcation of 214 wild relatives of economically
important agricultural and horticultural crops, of which 53 are listed on the Dutch red list of plant species. So far, only for
these 53 CWR the effects of climate change have been predicted through ecological niche modelling (Van Treuren et al., 2017).
Here we describe the expected effects of climate change on the distribution in the Netherlands for the entire group of 214
CWR and we relate the niche modelling results to data on key ecological parameters. The aim of the study is to examine
whether climate change effects can also be foreseen for species with current conservation status ‘least concern’ and whether
species occurring in habitats with speciﬁc ecological conditions are more prone to the effects of climate change than others.
2. Material and methods
2.1. Study species
The species investigated in the present study resulted from an inventory of CWR occurring in the Netherlands, and
comprised a total of 214 taxa of wild species related to economically important agricultural and horticultural crops (Van
Treuren et al., 2017). The complete list of Dutch CWR is provided in Table A1, while it is also presented on the website
CWRnl (www.cwrnl.nl). The studied species comprised 79 plant genera belonging to 20 plant families (Table 1). Poaceae
(grasses, n ¼ 53), Fabaceae (legumes, n ¼ 49), Brassicaceae (crucifers, n ¼ 27) and Amaranthaceae (amaranths, n ¼ 20) formed
the main part of the study materials.
Data on the conservation status of species in the Netherlands were as described in Van Treuren et al. (2017). These data
(Table A1) originated from the ‘FLORON Verspreidingsatlas’ (www.verspreidingsatlas.nl/planten, accessed October 2014) and
largely followed the classiﬁcation system of the International Union for Conservation of Nature (IUCN, 2012).
2.2. Ecotope classiﬁcation
Data on ecological species groups were collected from the website ‘Ecotopensysteem van Nederland en Vlaanderen’
(www.synbiosys.alterra.nl/ecotopen, accessed September 2018). The ecotope classiﬁcation system classiﬁes plant species on
the basis of the characteristics of the habitat in which they occur (Table 2). The classiﬁcation system comprises nearly 100
different ecotopes, which are deﬁned by a combination of data on vegetation structure, nutrient level, moisture condition,
salinity and acidity of the habitat (Runhaar et al., 2004). A single species may occur in up to ten different ecotopes, which are
presented by the classiﬁcation system in order of importance, corresponding with a ﬁxed relative abundance. For example,
the relative abundance of a species occurring in two ecotopes is presented consistently as 64:36, determined by the average
ratio observed for species that occur in two ecotopes. Similarly, a ratio of 50:30:20 and 43:25:18:14 is used for species
occurring in three and four ecotopes, respectively. In the ecotope classiﬁcation system Festuca lemanii Bastard, Salsola tragus L.
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Table 1
Taxonomic classiﬁcation of the studied Dutch CWR. The number of species included within a genus is indicated between parentheses.
Family
Monocots
Alliaceae
Asparagaceae
Poaceae

Genus
Allium (6)
Asparagus (2)
Agrostis (5), Alopecurus (5), Arrhenatherum (1), Avena (1), Bromus (4), Cynodon (1), Dactylis (1), Digitaria (2), Echinochloa (1), Elymus (1),
Elytrigia (1), Festuca (7), Hordeum (3), Leymus (1), Lolium (2), Phalaris (1), Phleum (3), Poa (9), Setaria (3), Trisetum (1)

Dicots
Amaranthaceae
Apiaceae
Aquifoliaceae
Asteraceae
Betulaceae
Brassicaceae

Atriplex (6), Beta (1), Chenopodium (11), Salsola (2)
Anthriscus (2), Apium (4), Carum (2), Daucus (1), Pastinaca (1), Petroselinum (1), Pimpinella (2)
Ilex (1)
Cichorium (1), Lactuca (1), Scorzonera (1)
Corylus (1)
Arabidopsis (1), Armoracia (1), Barbarea (3), Brassica (3), Capsella (1), Coincya (1), Descurainia (1), Diplotaxis (2), Erucastrum (1), Isatis (1),
Lepidium (7), Raphanus (1), Rorippa (3), Sinapis (1)
Cannabaceae
Humulus (1)
Ericaceae
Vaccinium (5)
Fabaceae
Astragalus (1), Cytisus (1), Lathyrus (8), Lotus (3), Lupinus (1), Medicago (6), Melilotus (3), Onobrychis (1), Ornithopus (1), Securigera (1),
Trifolium (13), Vicia (10)
Fagaceae
Castanea (1)
Grossulariaceae Ribes (4)
Lamiaceae
Mentha (5)
Linaceae
Linum (1)
Papaveraceae Papaver (3)
Rosaceae
Comarum (1), Fragaria (2), Malus (1), Prunus (3), Pyrus (1), Rubus (5)
Solanaceae
Solanum (2)
Valerianaceae Valerianella (4)

and Vicia sativa subsp. Segetalis L. were unlisted, while Chenopodium chenopodioides (L.) Aellen was not classiﬁed because of
its ephemeral nature.
2.3. Distribution modelling
Species distribution modelling (SDM), also known as ecological niche modelling (ENM), was used to predict the effects of
climate change on the future distribution of CWR in the Netherlands. Modelling procedures essentially followed the methods
rrez et al. (2017) and Van Treuren et al. (2017). Geographic occurrence data of the study species
described by Aguirre-Gutie
within the European region were downloaded from the Global Biodiversity Information Facility (GBIF) between February
2016 and January 2018 (Table A1). Records with missing or incorrect geographic information were removed, such as in the
case of occurrence data pointing towards a botanical garden instead of a collecting site within the natural distribution area of
a species. A spatial resolution, corresponding to a grid size of 2.5 min of a degree of longitude and latitude in the WorldClim
dataset (Hijmans et al., 2005), was used to process the occurrence data. Multiple occurrence data per grid cell were reduced to
a single observation, and only records were maintained that were separated by at least one grid cell in order to avoid potential
effects of data clustering of species presence records (spatial autocorrelation). Following data cleaning and processing, on
average 2492 records related to the European region were used in the modelling, ranging from 92 to 3096 per species. Data on
a selection of seven bioclimatic variables related to temperature (mean temperature of the wettest quarter in  C, minimum
temperature of the coldest month in  C, maximum temperature of the warmest month in  C and temperature seasonality
expressed as SD  100) and precipitation (precipitation of the wettest quarter in mm, precipitation of the driest month in mm
and precipitation seasonality expressed as coefﬁcient of variation) from the WorldClim dataset (Hijmans et al., 2005) and data
on soil pH and topsoil organic carbon from the harmonized world soil database (FAO et al., 2012) were used to represent
current environmental conditions. The bioclimatic variables had been selected based on pairwise absolute Pearson’s correlation coefﬁcients smaller than 0.75 in order to avoid a high collinearity between available variables and potential model
rrez et al., 2017). Climatic conditions for the year 2070 according to an optimistic (RCP2.6) and
overﬁtting (Aguirre-Gutie
pessimistic (RCP8.5) climate change scenario were obtained from the Coupled Model Intercomparison Project phase 5
(CMIP5) as published by the Intergovernmental Panel on Climate Change (Stocker et al., 2013). To account for variation in the
prediction of climatic conditions, the average values from 14 different global climate models (BCC-CSM1-1, CCSM4, CNRMCM5, GFDL-CM3, GISS-E2-R, HadGEM2-AO, HadGEM2-ES, IPSL-CM5A-LR, MIROC-ESM-CHEM, MIROC-ESM, MIROC5, MPIESM-LR, MRI-CGCM3 and NorESM1-M) were used. Predictions for current and future distributions were based on the
same set of bioclimatic variables, while the soil-related variables were assumed constant in time. Soil pH and topsoil organic
carbon play a direct role in plant establishment and development (FAO et al., 2012) and were only included in the modeling to
delimit potential species distribution under current as well as under future climatic conditions. To account for variation in
model predictions, an ensemble approach consisting of three algorithms (Generalized Linear Models, MaxEnt and Random
Forest) was used for the modelling. Twenty randomly distributed pseudo-absences data sets were used for each of the three
algorithms, and an ensemble model was constructed using the median suitability (probability of species presence in a grid
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Table 2
Occurrence of the studied CWR in the Netherlands according to the ecotope classiﬁcation system.
Water vegetation
Salinity
Nutrient level
Acidity
Submersed
Emersed

very sweet
moderate
(weakly) acid
1
1

Pioneer vegetation
Salinity
sweet
Nutrient level
poor
Acidity
acid
weakly acid
Wet
1
Moist
Dry
1
3
Additional ecotope: dry walls (1x)
Grassland
Salinity
Nutrient level
Acidity
Wet
Moist
Dry
Brushwood
Salinity
Nutrient level
Acidity
Wet
Moist
Dry
Forest
Salinity
Nutrient level
Acidity
Wet
Moist
Dry

sweet
poor
acid
4
3
5

weakly acid
5
7
12

alkaline
3

6

moderate
acid-alkaline
4
24
25

alkaline
3
9
15

moderate
acid-alkaline
10
33
27

alkaline

sweet
poor
e

moderate
acid-alkaline
4
10
4

2
2

sweet
poor
acid
1
4
7

sweet-light brackish
poor
acid
weakly acid
1
1
2

weakly acid
1
11
7

alkaline
6
5

moderate
acid-alkaline
6
22

alkaline

rich
e

brackish
e
e

salty
e
e

e

4

2

e

rich
e
9
35
15

brackish
e
e
1
7
7

salty
e
e
2
e
e

rich
e
7
20
2

brackish
e
e
3
13
e

salty
e
e
2
3
e

brackish
e
e
2
2
1

salty
e
e

alkaline
8

alkaline
18

alkaline
2

alkaline
4

rich
e
5
7

e
e

rich
e
5
3
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cell) score of the 3  20 predictions. It has been recommended to use either a large number of pseudo-absences (e.g. 10,000)
or the results of several runs (e.g. 10) with fewer pseudo-absences (e.g. 100) for species distribution modelling (Barbet-Massin
et al., 2012). We followed the latter approach by using 20 pseudo-absences data sets, each consisting of 1300 points. Model
testing, based on the parameters ‘area under the curve’ (AUC) and ‘model sensitivity’, was performed in our earlier study with
rrez et al., 2017). In the present study, model
fewer species, which showed a high performance in all cases (Aguirre-Gutie
performance was not examined, nor were SDMs selected for analysis. Instead we used all models in an ensemble approach as
this method has been found to account for variation within and between algorithms and to result in consistent model
rrez et al., 2013; Thuiller, 2014). The R programming language (R Core Team, 2019) was used for
predictions (Aguirre-Gutie
distribution modelling with the Biomod2 package (Thuiller et al., 2009). Further details of the modelling procedures are
rrez et al. (2017) and Van Treuren et al. (2017).
provided by Aguirre-Gutie
2.4. Data analysis
Changes in distributional range for groups of CWR, categorized by IUCN conservation status or plant family name, were
based on the number of grid cells in which the species were predicted to occur in the present and future. Rather than
calculating the arithmetic average of the percentage range change per species, we used the total sum of the number of grid
cells in which the species of a group were predicted to occur in order to avoid bias due to small numbers of occupied grid cells.
To investigate geographical shifts in distribution area, we used the centroid (average latitude and longitude) of the grid cells in
which a species was predicted to occur under current conditions and under the climate change scenarios RCP2.6 and RCP8.5.
For this analysis species were discarded that were predicted to cover (nearly) all grid cells in the Netherlands under current
conditions and that showed less than 5% predicted range change under RCP2.6 and RCP8.5.
Changes in distributional range were also analysed in relation to the habitat characteristics vegetation structure, nutrient
level, moisture condition, salinity and acidity. For this purpose, the ecotope classiﬁcations (Table 2) were used to calculate the
relative abundance of CWR for each category of a habitat characteristic (Table A2). For example, a CWR occurring in three
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different ecotopes that are all characterized by a poor nutrient level has a relative abundance of 100% in nutrient-poor
habitats. In some cases, where a habitat characteristic was not speciﬁed for the ecotope(s) involved, the sum of the relative abundances over categories was less than 100. Some categories were combined, or not used. The qualiﬁcation ‘very sweet’
for salinity, only applying to water plants, was combined with the qualiﬁcation ‘sweet’. The qualiﬁcations ‘emersed’ and
‘submersed’ for moisture condition also apply only to water plants, and were not used in the analyses. Qualiﬁcations covering
a range, i.e. ‘sweet to light brackish’ for salinity, ‘moderate to rich’ for nutrient level and ‘acid to weakly acid’ and ‘acid to
alkaline’ for acidity were considered less informative and were therefore also excluded from the analyses. An overview of all
categories is shown in Table 2.
Self-organising maps (SOMs) were used to relate the results of the distribution modelling to ecotope variation. SOMs, also
referred to as Kohonen maps (Kohonen, 1995), project multivariate data sets to discrete locations in two dimensions, and can
be seen as a clustering method where also relations between clusters are constrained: nearby clusters are more similar than
clusters that are far apart in the Kohonen map. Here, the R implementation of the kohonen package (Wehrens and
Kruisselbrink, 2018) was used, where distances between objects (i.e. species) can be calculated across several different
data layers. The data layers employed correspond to the aforementioned habitat characteristics, derived from the ecotope
classiﬁcations, plus the estimated climate effects for either of the two scenarios. Distances calculated for individual data layers
are scaled in such a way that the climate effects are as important as the combined ecotope classiﬁcations, since the primary
goal of the map is to group species according to climate effects. All ecotope layers are equally important in the overall distance. Simple Euclidean distances were used in all cases. Thus, species that are grouped together in one map unit are expected
to be very similar in habitat characteristics as well as in estimated climate effects. A map size of six times eight units was
chosen, corresponding to 4e5 species per unit on average. More units would lead to a more detailed clustering but also to
more fragmentation, while fewer units would lead to more cases where compromises have to be made in terms of grouping
dissimilar species.
The number of ecotopes in which a species occurs may be considered as the ecological amplitude of that species (Tamis
et al., 2005a). To investigate whether species with a larger ecological amplitude are more resilient, range changes for CWR
groups under climate change scenario RCP2.6 and RCP8.5, calculated similarly as for IUCN conservation status and plant
family name, were plotted against the number of ecotopes in which species have been recorded in the Netherlands. Weighted
trend lines were added to the plots.

3. Results
3.1. Effects of climate change
Considerable variation in the predicted effects of climate change on the occurrence of CWR in the Netherlands was
observed among the study species, ranging from (near-)extinction to more than doubling of the distribution area. For
example, Vaccinium vitis-idaea L. (cowberry) showed a predicted loss of 97% distribution area under the optimistic climate
change scenario RCP2.6, while the species is not expected to persist anywhere in the Netherlands under the pessimistic
scenario RCP8.5. Highly positive effects of climate change were most prominent for Petroselinum segetum (L.) Koch (corn
parsley) and Lepidium graminifolium L. (tall pepperwort) that are expected to expand their Dutch distribution area more than
twofold for both climate change scenarios considered. Predicted range changes in the Netherlands due to climate change are
presented for each of the study species in Table A1 and on the website CWRnl.
Out of the 214 examined CWR, a reduction in the Dutch distribution area is expected for 51 species (24%) under RCP2.6 and
for 119 (56%) under RCP8.5. For the entire study sample the average predicted percentage range decline in the Netherlands
was 5% under RCP2.6 and 20% under RCP8.5 (Fig. 1: All CWR). Regarding the reduced CWR, 35 out of 51 (RCP2.6) and 85 out of
119 (RCP8.5) species currently are considered of least concern in the Netherlands according to the IUCN classiﬁcation system,
indicating that also common species are at risk of losing distribution area due to climate change (Table 3). Particularly
concerning was the ﬁnding that climate change is expected to have a relatively large effect on CWR that are already critically
endangered in the Netherlands as for this group of species 19% (RCP2.6) and 46% (RCP8.5) loss of the Dutch distribution area
was predicted (Fig. 1).
Predicted effects of climate change on species occurrence in the Netherlands were not distributed evenly among plant
families (Fig. 1). Some families, albeit represented by only a single or a few species, were found to be affected by neither of the
considered climate change scenarios, such as observed for the Aquifoliaceae, Betulaceae, Cannabaceae, Fagaceae and Papaveraceae. For the other families, climate change was expected to have more severe effects under RCP8.5 as compared to
RCP2.6, although the increase in severity could be rather small, such as observed for the Valerianaceae. The change in effect
was found to be relatively large for several families, such as seen for the Grossulariaceae that showed a reduction in their
Dutch distribution area of 3% under RCP2.6 but a 58% loss under RCP8.5. Relatively strong effects under both considered
climate change scenarios were observed for the Amaranthaceae, Rosaceae and in particular the Ericaceae. The investigated
Ericaceae included ﬁve species of the genus Vaccinium, showing a more than 90% reduction in distribution area under RCP8.5
(Fig. 1). In general, species with a predicted change in distributional range due to climate change showed a geographical shift
to more northern locations in the Netherlands (Fig. 2).
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Fig. 1. Percentage range change in 2070 predicted for CWR in the Netherlands according to climate change scenario RCP2.6 and RCP8.5. Species are grouped by
IUCN conservation status (upper panels) and plant family name (lower panels). The number of included species is presented between parentheses for each group.

3.2. Relationship with ecology
The number of different ecotopes in the Netherlands to which the investigated CWR were assigned, ranged from one to ten
per species. The entire study sample comprised 69 different ecotopes with a total of 495 species/ecotope classiﬁcations (Table
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Table 3
Percentage change in the Dutch distribution area according to climate change scenario RCP2.6 and RCP8.5 for taxa with current IUCN
conservation status ‘least concern’ in the Netherlands. Only taxa with more than 10% reduction under the optimistic RCP2.6 are
presented.
Taxon

RCP2.6

RCP8.5

Vaccinium vitis-idaea L.
Vaccinium oxycoccos L.
Barbarea stricta Andrz.
Atriplex glabriuscula Edmondston
Atriplex littoralis L.
Leymus arenarius (L.) Hochst.
Lupinus polyphyllus Lindl.
Elytrigia juncea subsp. boreoatlantica (Simonet & Guin.) Hyl.
Festuca arenaria Osbeck
Comarum palustre L.
Vaccinium macrocarpon Aiton
Allium scorodoprasum L.
Agrostis vinealis Schreb.

96.9
90.8
86.5
84.6
84.2
83.3
82.5
56.3
50.0
37.3
33.3
20.3
12.4

100.0
100.0
98.5
94.3
97.0
95.2
100.0
63.2
56.5
98.1
84.6
85.8
99.7

Fig. 2. Geographic position of the centroid of the predicted species distribution in the Netherlands under current conditions and under climate change scenario
RCP2.6 (left map) and RCP8.5 (right map). Data are presented for 101 species showing at least 5% change in distribution area in the Netherlands according to
either RCP2.6 or RCP8.5. The vectors at the top of the graphs denote the direction and magnitude of the shift in distribution based on the average latitude and
longitude of the centroids.

2). The majority of the investigated CWR can be found in ecotopes of grassland and pioneer vegetations with 201 and 149
classiﬁcations, respectively.
Expected range changes in the Netherlands due to climate change were analysed in relation to each of the ﬁve habitat
variables underlying the ecotope classiﬁcation system (Fig. 3). Analyses by SOMs offer the advantage that the different
features underlying the clustering can be compared directly. Each SOM unit shows the distribution of features for those
species mapping to that unit in a so-called segment plot, the size of a pie slice corresponding to the relative abundance of the
corresponding feature. Thus, plots can be presented for all six data layers, namely one climate effect layer and ﬁve layers
relating to different habitat characteristics. The distribution of the investigated CWR over the SOM units is presented in Table
A2. Zooming in on SOM units with more than 50% reduction in distribution area under RCP8.5 (Fig. 3, red units in the top left
panel) revealed one single unit with six taxa and a group of eight units with a total of 33 taxa. The other panels in Fig. 3,
corresponding to the habitat characteristics, show that the single unit with six taxa can be characterized as pioneer vegetation
on dry to moist and brackish soils, whereas the group of seven units shows a wide variation, including nearly all classes of
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Fig. 3. SOM analysis of the effects of climate change scenario RCP8.5 and variation in ecological parameters. Changes in distributional range are presented in
relation to the habitat variables vegetation structure, nutrient level, moisture condition, salinity and acidity. Numbers within units represent the number of
included taxa, and bold lines mark (groups of) units with more than 50% reduction in distribution area.

characteristics with the exception of brackish, weakly acidic and alkaline soils. Similar ﬁndings were observed for the SOM
ﬁgures under the optimistic scenario RCP2.6 (Figure A1).
Species occurring in relatively many different ecotopes were expected to be less reduced by climate change, which was
found to be more pronounced for RCP2.6 than RCP8.5 (Fig. 4). Unfortunately, species occurring in ﬁve or more different
ecotopes showed a low representation in the present study. The weighted trend lines showed a moderate correlation between ecological amplitude and tolerance level for each of the two examined climate change scenarios.
4. Discussion
Many national and international efforts have been initiated to conserve wild species in their natural habitats. For example,
conserved areas in individual member states of the European Union have been organized into the Natura 2000 network of
protected sites (Evans, 2012). Such areas may be protected against further deterioration as a result of habitat destruction,
urbanisation, pollution and other present-day inﬂuences, but are defenseless against the effects of climate change. In a
previous study similar patterns of change in distribution under climate change were predicted for 53 wild plant species
regardless of their occurrence within or outside Natura 2000 areas (Van Treuren et al., 2017). Therefore, sound conservation
strategies for CWR should take into account expectations of the risks that species experience in situ, including the effects of
climate change (Maxted et al., 2015).
Here we investigated 214 wild species occurring in the Netherlands in order to develop national conservation policies for
Dutch CWR. A subset of 53 red list species has been studied previously in more detail and at a wider geographic scale, and the
results were used to prioritize those species for conservation (Van Treuren et al., 2017). To complement our conservation
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Fig. 4. Effects of climate change scenario RCP2.6 and RCP8.5 in relation to ecological amplitude. Range changes predicted for CWR in the Netherlands are plotted
against the number of ecotopes in which a species has been observed in the Netherlands. The area of the data points is chosen according to the number of
included taxa. Weighted trend lines are presented for each of the two scenarios.

strategy, the present study also includes the 161 CWR with current IUCN status ’least concern’. In order to explore identiﬁers
for species vulnerable to climate change we analysed the effects thereof in relation to various species characteristics using the
entire set of 214 species.

4.1. Assessing effects of climate change
To predict the effects of climate change on species distribution, ecological niche modelling or species distribution
modelling is a commonly used approach (Jarvis et al., 2008). These models use meteorological and soil-related data at the
collecting sites of plant specimens to predict species distributions under various scenarios of climate change (Aguirrerrez et al., 2017; Jarvis et al., 2008). Rather than predicting whether or not a species will occur at a location, niche
Gutie
modelling actually predicts whether or not the conditions, in terms of the parameters included in the model, for a species are
sufﬁciently favorable at that location. However, population biological parameters, such as level of phenotypic plasticity,
competitive ability and dispersal capacity, can be expected also to contribute to the potential of establishment of a species at a
location. Such variables are lacking from most niche modelling studies. In a previous modelling study it was shown that the
prospects for maintenance of species such as Carum verticillatum (Whorled caraway) and Valerianella rimosa (Broad-fruited
cornsalad) under climate change in the Netherlands depend on their ability to disperse (Van Treuren et al., 2017). Even if
species are able to migrate the question is whether they can move to suitable habitats fast enough under the changing
conditions (Cobben et al., 2013; Minteer and Collins, 2010; Williams et al., 2016), and whether they can establish at the new
location in the presence of competition with other species. Niche modelling results will also depend on the question how well
the various niches of the distribution range of a species are covered by the collected samples. Insufﬁcient coverage of the
niches of a species may underestimate its resilience under changed climate conditions. In the present study a relatively high
number of 2492 GBIF records on average per species from the entire European region were used in order to maximize the
probability that the different niches of a species were included in the modelling.
Our niche modelling study on 214 CWR predicted a reduction in the Dutch distribution area for 51 species under climate
change scenario RCP2.6 and for 119 under RCP8.5 by the year 2070. Reduced distribution areas generally shifted in northward
direction under both scenarios, the magnitude of the changes being larger under RCP8.5 (Fig. 2). Also at the European level
rrez et al., 2017).
shifts in distribution in northward direction were predicted in a previous study on eight CWR (Aguirre-Gutie
As most of the studied CWR grow in temperate climates, these predicted geographical shifts in distribution most likely
represent a response to an increased temperature and decreased precipitation that are expected under climate change in the
Netherlands (Stocker et al., 2013). Analysis of botanical biodiversity using nation-wide databases has shown a marked increase in the number of thermophilic species in the Netherlands, coinciding with a marked increase in ambient temperature
in the country (Tamis et al., 2005b). Thus, climate change can be expected to cause the introduction of non-native species in
the Netherlands as well as the migration of Dutch native species from neighbouring countries in the South to niches in the
Netherlands that are no longer suitable for locally adapted populations. The latter may apply to many of the examined CWR
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that showed stability or even an increase in their distribution area in the Netherlands. However, maintenance of distribution
area through dispersal from neighbouring countries in the South will be problematic for species that are adapted to more
temperate conditions, which possibly applies to the species shown in Fig. 2.
4.2. Relationship with species characteristics
Information on the type of species that can be expected to be most susceptible to the effects of climate change would be
helpful to conservationists. Here we examined climate change effects in relation to IUCN conservation status, plant family
name and several ecological parameters. For IUCN conservation status and plant family name we chose to use the total sum of
the number of grid cells in which the species of a group were predicted to occur in the present and future, rather than the
arithmetic average of the percentage range change per species. The drawback of using the arithmetic average is that a
relatively small increase in distribution area of a species (e.g. predicted presence increased from two to ten grid cells, i.e. 400%
increase) may obscure severe reductions in other species of the group (e.g. four species that each were reduced from 1000 to
500 grid cells). In this particular example the average effect would be zero, despite the clear and severe reductions of four out
of ﬁve species. It can be argued that using the total number of grid cells may drive the analysis to widespread species.
However, as in our study the predicted number of occupied grid cells under current conditions were not exceptionally low
(Table A1: range 921e2935), a bias towards widespread species was considered unlikely.
Our results indicated that species with current IUCN status ‘least concern’ should not be ignored when developing conservation strategies for CWR as also for several of such unthreatened species severe negative effects of climate change on
distribution were predicted. These effects were most pronounced for species of the genus Vaccinium, one of the many plant
genera of the heather family (Ericaceae). Vaccinium species typically grow in wet, nutrient-poor, acidic environments, such as
found in peatlands. Increased pressure on these habitats due to shortage of precipitation, such as experienced in 2018 and
2019 in the Netherlands, have been reported, causing typical peatland species such as Vaccinium oxycoccos (Small cranberry)
to be outcompeted by species that thrive under dry conditions (Rick de Ruiter, State Forestry Service, unpublished results).
Out of the ﬁve Vaccinium species occurring in the Netherlands, V. oxycoccos, V. uliginosum (Bog bilberry) and V. vitis-idaea
(Cowberry) are predicted to have gone extinct in the country by the year 2070 under RCP8.5 (Table A1). Regarding IUCN
conservation status, effects of climate change were found to be most severe for CWR that are already critically endangered. It
has been suggested that such species are often specialists and hence are expected to be more susceptible to environmental
variation (Bartholomeus et al., 2011). The critically endangered CWR included 7 species each conﬁned to a single ecotope,
while two species can be found in two and one species in three ecotopes. In general, a moderate positive correlation between
ecological amplitude and susceptibility to climate change was observed in the present study. The SOM analyses did not reveal
typical habitat characteristics for species groups that were predicted to be most prone to climate change. For example, the
SOMs did show that all species occurring on acidic soils were reduced by more than 50% in distribution, but not all severely
reduced CWR could be related to acidic environments (Fig. 3). In addition to acidity, neither for vegetation structure, nutrient
level, moisture condition and salinity a clear relationship with changes in species distribution was found. Changes in distribution were not examined per habitat type, which may have obscured possible relationships between distributional
change and habitat characteristics for species occurring in multiple ecotopes. For such species, incorporating ecological maps
of the study area would be a valuable extension of the modelling in order to identify the habitat types in which species
occurrence is expected to be most affected by climate change. As long as clear identiﬁers for vulnerable species groups are
largely absent, effects of climate change need to be studied on a case by case basis. Introduction of a user-friendly web-based
facility to estimate effects of climate change on species distribution would therefore be helpful in developing conservation
plans.
4.3. Maintaining access to Dutch CWR
Our ultimate goal is to conserve the entire group of 214 Dutch CWR. Because this cannot be achieved within a few years,
the question is where to begin. Our strategy is to start with the red lists species, as members of this group are already endangered to more or less extent. This group of 53 CWR has been studied in detail in previous research, in which we prioritized
individual species based on degree of crop relatedness, observed occurrence data in the Netherlands, conservation status in
neighbouring countries and expected effects of climate change on future distributions in the Netherlands as well as in the
entire European region (Van Treuren et al., 2017). The 161 CWR with current IUCN status ‘least concern’ form the second
group of conservation targets. For this group we will use the modelling results of the present study to prioritize individual
species for conservation, starting with the species that were found most vulnerable to the effects of climate change (Table 3).
To complement in situ efforts, CWR can be conserved ex situ through inclusion of population samples in the regular
collection of genebanks. However, due to the limited capacity of genebanks, this will mostly be restricted to the mandate
crops of a genebank, while the range of crops covered by the CWR in a country may be much wider. For Dutch CWR only 19
taxa, comprising a total of 315 accessions, have so far been included in the regular collection of the Centre for Genetic Resources, the Netherlands (CGN). These materials are managed according to standard procedures that are largely based on
consensus in the genebank community (FAO, 2013) as described in CGN’s quality management system, while the accessions
are well-documented and available for distribution to users (www.cgn.wur.nl). However, including a wide variety of CWR in
the regular collection may be a burden to genebanks because wild species often require substantial capacity and expertise for
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the their maintenance (Engels and Rao, 1998). For CWR that cannot be managed in a regular genebank collection, it can be
decided to store population samples as safety duplicates. Such samples represent back-ups for populations persisting under
natural conditions. The management of such CWR by genebanks could then be limited to proper ex situ storage under optimal
conditions in order to ensure availability of the genetic diversity in case populations collapse in situ. Where and when
appropriate, safety back-ups will allow population restoration and reintroduction. Using the priority setting for Dutch CWR
from our previous research (Van Treuren et al., 2017) and the current study, CGN has planned to initiate this approach in 2020
by population sampling and storage of the samples as safety duplicates.
To provide access to the genetic resources of CWR that are not included in regular collections, genebanks could play a role
as intermediate between interested users and the owners of the ﬁelds in which the CWR occur. This role includes the presentation of information on CWR (e.g. www.CWRnl.nl) and arranging the collecting of seed samples from natural populations
according to terms and conditions of the ﬁeld owners. Approaches for support of genebanks to CWR conservation and access
are currently developed in the Netherlands, such as within the context of the EU project Farmer’s Pride (www.farmerspride.
eu).
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