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Abstract

Yield gap analysis is useful to understand the relative contribution of growth-defining,
-limiting and -reducing factors to actual yields. This is traditionally performed at the
field level using mechanistic crop growth simulation models, and directly up-scaled
to the regional and global levels without considering a range of factors intersect-
ing at farm and farming system levels. As an example, these may include farm-
ers’ objectives and resource constraints, farm(er) characteristics, rotational effects
between subsequent crops or decisions on resource allocation and prioritization of
crop management. The objective of this thesis is to gain insights into yield gaps from
a farm(ing) systems perspective in order to identify opportunities for sustainable in-
tensification at local level.

Three contrasting case studies representing a gradient of intensification and captur-
ing a diversity of agricultural systems were selected for this purpose, namely mixed
crop-livestock systems in Southern Ethiopia, rice based-farming systems in Central
Luzon (Philippines) and arable farming systems in the Netherlands. A theoretical
framework combining concepts of production ecology and methods of frontier anal-
ysis was developed to decompose yield gaps into efficiency, resource and technology
yield gaps. This framework was applied and tested for the major crops in each case
study using crop-specific input-output data for a large number of individual farms. In
addition, different statistical methods and data analyses techniques were used in each
case study to understand the contribution of farmers’ objectives, farm(er) character-
istics, cropping frequency and resource constraints to yield gaps and management
practices at crop level.

Yield gaps were largest for maize and wheat in Southern Ethiopia (ca. 80% of the
water-limited yield), intermediate for rice in Central Luzon (ca. 50% of the climatic
potential yield) and smallest for the major arable crops in the Netherlands (ca. 30% of
the climatic potential yield). The underlying causes of these yield gaps also differed
per case study. The technology yield gap explained most of the yield gap observed in
Southern Ethiopia, which points to a lack of adoption of technologies able to reach the
water-limited yield. The efficiency yield gap was most important for different arable
crops in the Netherlands, which suggests a sub-optimal timing, space and form of



the inputs applied. The three intermediate yield gaps contributed similarly to the rice
yield gap in Central Luzon meaning that sub-optimal quantities of inputs used are as
important in this case study as the causes mentioned for the other case studies.

Narrowing the yield gap of the major crops does not seem to entail trade-offs with
gross margin per unit land in each case study. However, the opposite seems to be true
for N use efficiency and labour productivity particularly in Southern Ethiopia and
Central Luzon, and to a less extent in the Netherlands. This means that (sustainable)
intensification of smallholder agriculture in the tropics needs to go hand-in-hand with
agronomic interventions that increase land productivity while ensuring high resource
use efficiency and with labour-saving technologies that can reduce the drudgery of
farming without compromising crop yields.

Other insights at farm(ing) system level were clearer in Southern Ethiopia than in
Central Luzon or in the Netherlands. For example, alleviating capital constraints
was positively associated with intensification of maize-based farming systems around
Hawassa and increases in oxen ownership (an indicator of farm power) was associated
with extensification of wheat-based farming systems around Asella. In Central Lu-
zon, farm and regional factors did not lead to different levels of intensification within
the variation of rice farms investigated and the most striking effect was that direct-
seeding (and thus slightly lower rice yields) was mostly adopted in larger farms, and
used lower amounts of hired labour, compared to transplanting. In the Netherlands,
the analysis of rotational effects on crop yields provided inconclusive results but con-
founding effects with e.g. rented land do not allow to conclude that these are not at
stake in this farming system.

This thesis broadens the discussion on yield gaps by moving from the technical
aspects underlying their estimation towards the broader farm level opportunities and
constraints undermining their closure. Overall, insights from contrasting case studies
support conventional wisdom that intensification of agriculture needs to occur in
the ’developing South’, where yield gaps are large and resource use efficiency low,
while a focus on improving sustainability based on sustainable intensification (or
even extensification) is more appropriate in the ’developed North’, where yield gaps
are small and resource use efficiency high.

Keywords: Agronomy, Production ecology, Stochastic frontier analysis, Yield vari-
ability, Farm performance, Integrated assessment, Philippines, Netherlands, Ethiopia
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Introduction

1.1 Background information

Agriculture has been a crucial activity to provide nutritious food in sufficient quanti-
ties to sustain human societies throughout their history. The Malthusian catastrophe’
predicted for the twentieth century was postponed first through the expansion of cul-
tivated land and later through considerable increases in land and labour productivity
(Pongratz et al.| 2008} [Timmer, [1988). These gains in productivity sector can be at-
tributed to the continuous breeding of plant species (Khush, 2001)), the improvement
and intensification of crop management practices (Tilman et al., 2002), expansion
of irrigated areas (Siebert et al., 2015 and the substitution of labour by energy, and
capital, in the production process (de Wit, [1975). Future increases in agricultural
output need to come from further productivity gains because continued expansion of
cultivated and irrigated land is limited by environmental concerns and existing water
supplies (Cassman, |1999).

Intensification of agriculture relied mostly on fossil fuel inputs (Connor et al., 2011}
Koning et al., 2008} [Tilman et al.,|2002) and other non-renewable resources, such as
rock phosphate (Cordell et al., | 2009). These resulted in a number of externalities such
as disruption of the bio-geochemical cycles at global level (Bouwman et al., 2011}
Vitousek et al., 2009) and environmental pollution (e.g. Iversen et al., [1998)) or loss
of biodiversity at local level (e.g. |Donald et al., [2011; |[Féon et al., 2010). These oc-
curred in tandem with a structural transformation in the national economy of modern
societies as a result of economic growth (Timmer, 2009). This encompassed a sharp
decline in the contribution of agricultural production as a source of income and em-
ployment over the past century. The declining economic importance of agriculture,
together with its negative externalities and future prospects of resource scarcity, chal-
lenge the long-term viability, and sustainability, of the current food system. In this
context, sustainable and ecological intensification were proposed as suitable strate-
gies to reconcile agricultural production and environmental quality (Tilman et al.|
20115 (Cassman, {1999)).

There are wide regional differences in the level of intensification and the magni-
tude of environmental impacts, and these need to be considered in the sustainable
intensification debate (see below). Official statistics indicate that cereal productivity
increased by about 13 kg ha™! yr'! in Eastern Africa, 55 kg ha'! yr'! in Southeast Asia
and 94 kg ha'! yr'! in Western Europe between 1960 - 2014 (Figure ). During
the same period, there was a marginal increase in N fertiliser consumption in Eastern
Africa, which contrasts with the steady linear increase in Southeast Asia and with
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the decline observed in Western Europe after the 1980s (Figure [I.IB). These trends
in agricultural intensification are not independent from the broader macro-economic
setting of economic development (Zhang et al.| 2015} [Lassaletta et al., 2014; Man-

demaker et al., 2011 Tilman et al., 2011). The share of agricultural production to
GDP between 1970 - 2014 declined from ca. 30% to 25 % in Eastern African and
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Figure 1.1: Trends in agricultural productivity and development: A) trends in cereal pro-
ductivity worldwide and for selected regions based on FAOSTAT; B) trends in N fertiliser
consumption in selected regions based on FAOSTAT; C) declining share of agricultural
production to gross domestic product (GDP) for the entire world and for selected regions
based on FAOSTAT; D) contribution of agricultural production to GDP and share of the
population employed in agriculture for selected countries based on data from the World
Bank and the International Labour Organization (IOL), respectively.
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10% in Southeast Asia, while in Western Europe it remained below 5% during the
entire period (Figure[I.T[C). Large differences between countries can still be observed

nowadays (Figure [[.ID).

Yield gaps and resource use efficiencies are important indicators to benchmark agri-
cultural systems (van Ittersum et al., [2013]). Traditionally, these have been assessed
at the field level and directly up-scaled to the regional level, without considering ex-
planatory factors at farm(ing) systems level. Decisions on resource allocation and
prioritization of crop management are generally taken at the farm level (Giller et al.|
2011) and need to be considered when explaining yield gaps. Moreover, the state
of economic and agricultural development in which a farming system operates also
affects its performance. For example, there is still a large potential to increase crop
yields in sub-Saharan Africa (Tittonell and Giller,2013)), while governments in West-
ern Europe adopted environmental legislation in the early 1980s to restrict input use
(Henkens and van Keulen, 2001). A comparative analyses of farming systems in dif-
ferent stages of intensification is thus highly relevant to contextualize yield gaps and
resource use efficiencies.

The aim of this thesis is to assess the scope for sustainable intensification of current
agricultural systems at local level. For this purpose, a generic method is required to
decompose and explain yield gaps using individual farm data. Some important as-
pects to be considered at farm level include alternative farmers’ objectives, farm(er)
characteristics, rotational effects and resource constraints. The thesis builds upon de-
tailed yield gap analyses conducted in three contrasting case studies, namely arable
farming in the Netherlands, rice farming in Central Luzon (Philippines) and small-
holder farming in Southern Ethiopia.

1.2 The sustainable intensification debate

Ecological and sustainable intensification arouse as strategies to reconcile agricul-
tural production on the one hand and environmental quality and resource scarcity on
the other hand (Garnett et al., 2013} Tilman et al.,[2011}; Cassman,|[1999)). Ecological
and sustainable intensification share a similar definition but differ on the discourse
regarding the role of ecological processes for agricultural intensification (Tittonell,
2014; Bommarco et al., 2013). As such, their dominant paradigm lies on increas-
ing resource use efficiency (RUE, i.e. increment output per increment input) through
yield gap closure (i.e. increasing output per unit land) while reducing the use, and
need, for external inputs (i.e. decreasing input per unit land). In terms of meth-
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ods, ecological intensification focuses on re-designing current production systems
according to the principles of "agro-ecology’ (e.g. [Tittonell, 2014) while sustainable
intensification looks at improving the *eco-efficiency’ of current production systems
through site-specific management interventions (Keating et al., 2010).

Trade-offs are at the core of sustainable intensification, both in its framing and its
essence (Pretty and Bharuchal, 2014 |Struik et al., 2014; |Garnett et al., [2013)). As an
example, the law of diminishing returns states that the highest RUE for a single input
is reached at low input rates. Different studies showed that achieving high yields
requires a disproportional increase of single inputs, which result in sub-optimal RUE
(Tilman et al., 2011; Nijland et al., |2008)). This conflicts with the hypothesis that
RUE increases with increasing yield levels due to further optimisation of growing
conditions (de Wit, [1992). Moreover, it indicates that greater gains in RUE can be
obtained through tuning different input levels in less intensive production systems
because low levels of one input limit the RUE of other inputs.

The implications of sustainable intensification for economic performance and labour
productivity at different scales also remain unclear. However, trade-offs may be ex-
pected in case of unfavourable input-output price ratios or additional labour/costs
are required to eliminate small crop management imperfections. The paradigm of
sustainable intensification is thus contested due to the existence of trade-offs, which
require that some choices are made outside the realm of science, and the lack of
consensus on the actual definition of ’sustainable’ and ’intensification’ (Struik et al.,
2014). This is further hindered by the lack of strong empirical evidence on how ex-
actly sustainable intensification can be achieved at local level, especially given that
its scope is context-specific and dependent on the intensification level of a particular
farming system (e.g. Carberry et al.,[2013; Koning et al.| 2008]).

As part of this on-going debate, it is important to provide quantitative evidence of the
current magnitude and causes of yield gaps and RUEs in farmers’ fields, where sus-
tainable intensification is expected to take place in the years to come. In addition to
quantifying yield gaps, it is necessary to identify their drivers at different scales and
to make trade-offs between yield gap closure and other objectives explicit. Compara-
tive analyses of farming systems should be pursued to capture diversity in responses
at local level.
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1.3 Explaining yield gaps at farm level

Yield gap analysis in agronomy is rooted in the concepts of production ecology (van
Ittersum and Rabbingel [1997). Its purpose is to understand the relative contribution
of growth-defining, -limiting and -reducing factors to actual yields. Growth-defining
factors comprise biophysical conditions (e.g. solar radiation and air temperature) and
plant characteristics (related to phenology and physiology), which at optimal sup-
ply of all inputs determine the potential yield (Yp). Growth-limiting factors refer
to the essential abiotic inputs water and nutrients and these, if at sub-optimal sup-
ply, determine water-limited and nutrient-limited yields (Yw and Yn), respectively.
Growth-reducing factors include biotic stresses such as pests, diseases and weeds and
other abiotic factors such as pollutants. Actual yields (Ya) are a result of water and
nutrient limitations and damage from growth-reducing factors.

The yield gap can be defined as the difference between Yp (irrigated conditions) or
Yw (rainfed conditions) and Ya (van Ittersum et al.| 2013). This is typically done at
field level (Lobell et al.l 2009) and further up-scaled to the regional level (e.g. jvan
Bussel et al.L|2015)), while neglecting the broader farm level conditions in which yield
gaps are embedded. Farmers make decisions on resource allocation and prioritization
of crop management at the farm level and given their personal objectives, resource
constraints and farm(er) characteristics (e.g. |Giller et al., 2011). These decisions
influence both crop and farm performance, due to synergies and trade-offs between
different activities taking place in a single farm or between closing the yield gap
and optimizing other dimensions of farm performance. Therefore, explaining yield
gaps requires in-depth analysis at farm level to understand if, and by how much, crop
yields and RUEs can be increased as well as the associated trade-offs of doing so.

Estimation of yield gaps with local-to-global relevance requires a transparent, ro-
bust and reproducible protocol following a *bottom-up’ approach (van Ittersum et al.,
2013). Crop models have been the preferred tool to quantify yield gaps and to ex-
plore the broader *operational space’ within which food production operates (e.g. |[van
Ittersum et al. [2016). They are also useful for more detailed assessments aiming to
explain yield gaps in relation to genotype, environment and management interactions
(G x E x M;[Kersebaum et al., 2007; [Passioural, |1996)) and to quantify yield gaps at
cropping systems level (Guilpart et al.,[2017). Nonetheless, the fact that crop models
can only deal with some of the biophysical aspects of crop production (van Ittersum
et al., 2003) indicates that complementary approaches are required to gain further
insights into yield gaps from a farm(ing) systems perspective. Those should make
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use of individual farm level data and capture the role of both biophysical and socio-
economic factors. Moreover, they should link yield gaps and RUEs at crop level with
decisions on resource allocation and prioritization of crop management at farm level.
This requires the development of a suite of methodologies to unpack variation in
crop and farm performance across farm systems and offers an entry point to identify
options for sustainable intensification.

1.4 The farm level as unit of analysis

The farm is the level at which farmers make decisions on how to organize and man-
age their resources. Farmers’ decisions can be classified as strategic, tactical and
operational, depending on their temporal scale and comprehensiveness. Strategic de-
cisions refer to non-routine and long-term decisions such as the choice of a particular
production system (crop, animal or mixed) or production technique (e.g. adoption
of organic agriculture standards). Tactical decisions stand for medium term deci-
sions such as e.g. the number, type and sequence of activities performed in a farm
(e.g. |Vereijken, [1997). Finally, operational decisions include the day-to-day activi-
ties regarding how inputs/resources are allocated (e.g. [Tittonell et al., 2007), and how
management operations are prioritized (e.g. Kamanga et al.,[2014).

The extent to which growth-defining, -limiting and -reducing factors are optimised
for a specific crop depends on factors at different levels (Figure[1.2). Strategic, tacti-
cal and operational decisions are reflected in the crop management used by farmers,
which in turn explains yield gaps and resource use (in)efficiencies in the biophysical
environment of the farm. For instance, growth-defining factors are associated with
tactical decisions at cropping system level influencing the length of the growing sea-
son. Growth-limiting factors and -reducing factors comprise the quantity of inputs
used as well as the time, space and form of application or the method used for biotic
control. These further relate to factors at field, farm and regional levels (Figure [I.2).
As an example, the timing of application is affected by field conditions and on the
availability of family and hired labour, which are associated with household compo-
sition, land fragmentation, knowledge, availability of farm power/capital or by labour
markets in a given region, among other issues.

Tactical decisions can also affect crop performance by stimulating or inhibiting in-
teractions between different activities at cropping systems level. These may include
manipulation of the length of the growing season by adjusting planting and harvesting
dates and selecting early or late maturing cultivars (Guilpart et al., 2017; [Hochman
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et al., 2014} [Fletcher et al., [2011)) as well as the diversity, frequency and sequence
of crops in a rotation (Andert et al.l [2016; [Mazzilli et al., [2016; |[Dogliotti et al.,
2003; |Struik and Bonciarelli, [1997). For instance, legumes can reduce N fertilizer
requirements of subsequent cereal crops (e.g. |Plaza-Bonilla et al.| 2017) and crop
rotations can be used as a strategy to manage reducing factors such as diseases and
weeds (Struik and Bonciarelli, [1997). In addition to rotational effects, competition
for scarce resources (e.g. labour) in specific periods of the growing season can also
reduce crop yields in farms with multiple, and overlapping, activities (Kamanga et al.,
2014;Baudron et al.,2012). In those situations, operational decisions will determine
the actual impact of alternative resource allocation strategies on crop yields.

The last aspect central to decision-making at farm level is the role of farmers’ objec-
tives, resource constraints and farm(er) characteristics. These aspects have deserved
a large attention in the bio-economic modelling literature (van Wijk et al., 2014
Janssen and van Ittersum, 2007)) but not as much in the yield gap literature. Although
inputs and resources should be used as efficiently as possible from an economic and
environmental perspective, farmers’ objectives are much broader than minimizing
yield and RUE gaps. In the words of Struik et al.| (2014), and references therein,
farmers may strive to achieve other objectives such as “independence of input mar-
kets, income from non-agricultural sources, peace of mind, cultural heritage or short-
term economic gain”. It is unclear whether sustainable intensification through yield
gap closure can contribute, and by how much, to achieve such objectives given po-
tential trade-offs at the farm level. This caveat calls for an integrated assessment of
yield gaps at the farm level as well.

1.5 Benchmarking farm(ing) systems

The yield gap provides an indication of how (in)efficiently land is used due to
(in)efficient use of inputs. This means that yield gaps are closely linked to RUEs
(cf. Figures [I.3A and [I.3B; van Noordwijk and Brussaard, 2014; [Setiyono et al.|
2010; [Tittonell et al., 2008bj; [Sadras and Angus|, 2006} Witt et al., [1999), defined as
the amount of output produced per unit input used in a given production system. In
case of water and nutrients, RUE can be further conceptualized as the product of con-
version and capture efficiencies (de Wit, [1992)). Conversion efficiency refers to the
amount of output produced per unit input uptake and relates mostly to plant architec-
ture (harvest index) and physiology (photosynthetic rate). Capture efficiency stands
for the amount of input uptake per unit input applied and it is affected by the amount,

10
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time, space and form of input application. Differentiating these two components is
useful to identify management practices which can best improve RUE (Giller et al.|
2006).

Interactions between different inputs are central in the analysis of yield gaps and
RUE across multiple farms (de Wit} |1992)). Assuming a situation in which water and
N are the only limiting factors to production, it is possible to disentangle the effects
of input quantity from the effects of input timing, space and form of application
when explaining the yield gap (Figures [I.3]A and [I.3B). For Yp and Yw water use
efficiency is at its optimum and N use efficiency depends on the amount of water
supplied. Differently, the fact that Ya is below the response curve to water and N
indicates that both inputs are used inefficiently. Supplying water and N at the right
time, form and space results in the projection of Ya on the response curve to N, but
not to water. Increasing the amount of N is needed to further narrow the yield gap
between Yw and Ya, and to fully project Ya on the response curve to water. Finally,
achieving Yp requires that additional water is supplied which leads to gains in N use
efficiency by shifting the response curve to N upwards. This example provides a
framework to unpack Ya variability across farmers’ fields while explaining the yield
gap and highlights the importance of considering different inputs simultaneously.

Methods of frontier analysis were developed in agricultural economics to estimate
technical (in)efficiency for individual producers based on production functions with
multiple inputs and outputs (Thiam et al., 2001} [Farrell, |{1957). Technical efficiency
(TE) refers to the ability to minimize input use in the production of a given output vec-
tor (input-oriented TE), or the ability to obtain maximum output from a given input
vector (output-oriented TE; Kumbhakar and Lovell, 2000). Input-oriented TE, 6 < 1,
measures the maximum contraction of the input vector that produces of Ya (z*) in re-
lation to the production frontier (Figure[I.3|C) and to isoquant L(Ya) (Figures[I.3D).
Output-oriented TE, ¢! < 1, measures the reciprocal of the maximum expansion of
Ya that is feasible with the input vector 2 in relation to the production frontier (Fig-
ure ). This implies the expansion of the isoquant L(Ya) to L(Ygx) since x4 e
L(Ytex) (Figure[I.3D). If growth-defining, -limiting and -reducing factors determine
the production frontier (e.g. Neumann et al., 2010), then the output-oriented measure
of technical inefficiency can be interpreted as the yield gap between "technical effi-
cient yields’ (YTEx, i.e. the maximum yield that can be obtained with current input

levels) and actual farmers’ yields (Ya), both attained with the input vector x4,

This method has been widely applied for yield gap analysis at different scales (Hen-
derson et al., 2016; Beddow et al., 2014; |Carberry et al., [2013}; Hoang, 2013; [Neu-

11
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mann et al., 2010). As multiple inputs can be considered in the estimation of the
production frontier, it is possible to isolate the contribution of ’input quantity’ and
“input timing, space and form of application’ to crop yields (Figures and [[.3B).
The quantification of technical efficiency also allows the identification of feasible
options for sustainable intensification because technical efficient farms are, by defi-
nition, also resource use efficient at a specific input level.
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Figure 1.3: Concepts used to decompose and explain crop yield gaps: A) yield response
to water supply (French and Schultz| |1984)), B) yield response to N applied (Giller et al.,
2004), C) representation of technical inefficiency and D) isoquants L(Ya) and L(Ytgx)
underlying assumptions on substitutability between inputs to produce respectively Ya and
Y1ex (Kumbhakar and Lovell, 2000). The scalars ¢ > 1 and 6 < 1 refer to the maximum
expansion of Ya and (radial) contraction of z* associated with output- and input-oriented
technical efficiency, respectively. Yrgx = technical efficient yields and Ya = actual farmers’
yields. See text for further explanation.
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Additional benchmarks are required to gain deeper insights into the causes of yield
gaps. As an example, Tittonell and Giller| (2013) proposed the concept of ’locally
attainable yield’, which stands for “the maximum yield achievable by resource en-
dowed farmers in their most productive fields”. The concept of ’technical efficient
yields’ (Figure[I.3[C) introduced above is another example. The original benchmarks
proposed by [van Ittersum and Rabbinge| (1997), namely Yp and Yw, can be used in
combination with frontier analysis to verify if "technical efficient yields’ are within
(biophysically) feasible ranges (Stuart et al., 2016; [van Ittersum et al., [2013]). More-
over, they can be used to further disentangle the yield gap between Yp or Yw and
the maximum ’technical efficient yields’ and hence, to assess whether or not current
technologies used by farmers can achieve the biophysical yield ceilings.

1.6 Objectives and hypotheses

The main objective of this thesis is to explain crop yield gaps at farm(ing) systems
level in order to identify options for sustainable intensification at local level. A
methodological protocol was developed and applied to individual farm level data
to decompose yield gaps into efficiency, resource and technology yield gaps; yield
gaps were explained at the farm level based on farmers’ objectives, farm(er) charac-
teristics, rotational effects and resource constraints; and options for sustainable in-
tensification were identified through comparative analysis of three case studies with
farming systems at different stages of intensification. The specific objectives were to:

1. Review the yield gap explaining factors identified in the literature so far, to
assess data availability and suggest improved data collection approaches;

2. Develop and test a method to decompose yield gaps into efficiency, resource
and technology yield gaps across contrasting farming systems;

3. Identify constraints and stimuli at field, farm and regional level to narrow rice
yield gaps in Central Luzon, Philippines;

4. Explain yield gaps in Dutch arable farms based on cropping frequencies ob-
served in farmers’ fields as well as farmers’ objectives;

5. Understand if, and to which extent, labour is a limiting factor to maize and
wheat yield gaps across smallholder farms in Southern Ethiopia;

6. Delineate the role of yield gap analysis within a development-oriented agron-
omy, taking into account variability of yield gaps and different livelihood
strategies; and

7. Explore options for sustainable intensification through a comparative analysis
of farming systems at different stages of intensification.
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The hypotheses tested were: 1) the efficiency yield gap is most important in the
Netherlands, the technology yield gap is most important in Ethiopia and the three
yield gaps are of similar importance in the Philippines; 2) yield gaps are determined
by farm level conditions related to farm(er) characteristics and cropping frequencies
as well as farmers’ objectives and resource constraints and; 3) agriculture needs to be
intensified in the ’developing South’ while improving sustainability, through sustain-
able intensification, is more applicable in the *developed North’.

1.7 Methodological approach

1.7.1 Selection of case studies

Three in-depth case studies were conducted in this thesis to contextualize yield gaps
within local biophysical and socio-economic conditions. A case study approach at
local level was preferred to a yield gap analysis at global level (Mueller et al., 2012;
Licker et al.| 2010; [Neumann et al., [2010). The agronomic relevance of most global
studies published so far is rather limited due to inaccurate representation of biophys-
ical yield ceilings and inadequate representation of crop management practices (van
Ittersum et al., 2013)). For these reasons, yield gap analysis should be conducted at
local level, and up-scaled a posteriori using a transparent protocol (van Bussel et al.,
2015; |Grassini et al., 2015). In this way it is possible to verify estimated yield gaps
with on-farm data and experiments and to accommodate the large variation observed
between and within farm(ing) systems.

Arable farming systems in Northwest Europe operate close to the potential or water-
limited yield (www.yieldgap.org) and RUEs are strongly affected by economic ob-
jectives, environmental legislation and production quotas for certain crops. These
conditions are very present in the Netherlands, a small country where agricultural in-
tensification is running up to its limits (Bos et al.,2013). For instance, average yields
of winter wheat have been above 8.0 t ha'! since the mid 1980s and the average N
application rate at national increased sharply up to a maximum of ca. 800 kg N ha™!
in the early 1980s, after which it declined stepwise to about half that value from 2010
onwards (Figure [I.4). Moreover, specialized arable farms tend to focus on profit
maximisation in the short term while environmental indicators are mostly considered
in their strategic planning (Mandryk et al.,[2014). Farmers also need to comply with
strict environmental regulations regarding for example nutrient use (Schroder and
Neeteson), [2008)).
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Irrigated rice farming in the lowland areas of Southeast Asia have changed dramati-
cally over the past half-century with sharp declines in consumer rice prices, substitu-
tion of family by hired labour and adoption of labour-saving technologies (Hossain
and Fischer, [1993)). Intensification of irrigated rice systems during this period was
largely driven by both the expansion of irrigated areas and the adoption of Green Rev-
olution technologies (Cassman and Pingali, [{1995). However, rice yield gaps as high
as 2.0 - 5.0 t ha'! are still observed in some regions (Laborte et al.,2012). The im-
pact of these structural changes as well as persisting yield gaps are especially present
in Central Luzon (Moya et al.| [2015)), the rice bowl of the Philippines. Annual rice
productivity in the Philippines more than doubled in the period 1960 - 2014: from
less than 2 t ha'! in the 1960s to ca. 4 t ha"'from 2005 onwards (Figure ). The
average N application to cropland at national level increased over time to a maximum
of ca. 50 kg N ha'! after the 2000s (Figure ).

Contrary to Southeast Asia, smallholder farming in sub-Saharan Africa was largely
by-passed by the Green Revolution and yield gaps remain large for all the crops in
most regions (van Ittersum et al., 2016; Tittonell and Giller, 2013). The need for
sustainable intensification of African agriculture is thus widely acknowledged (Van-
lauwe et al., 2014} |Pretty et al., 2011). However, it is also acknowledged that sus-
tainable intensification needs to occur in a context where 1) farmers lack investment
capacity and expect immediate benefits from farming, 2) farm(ing) systems are very
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Figure 1.4: Crop yields and N use intensity in the Netherlands, Philippines and Ethiopia
for the period 1960 - 2014. Crops yields refer to wheat in the Netherlands, rice in the
Philippines and maize in Ethiopia. N use intensity was calculated as the amount of N
fertiliser consumed per unit crop area harvested. All data were retrieved from FAOSTAT.
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diverse and heterogeneous, 3) farm sizes are often too small to intensify sustainably
and 4) labour supply is expected to decline due to migration from rural to urban areas.
Ethiopian agriculture takes place in a wide range of agro-ecologies and is no excep-
tion to the aforementioned trends: a large share of the rural population lives below
the poverty line, average farm sizes are lower than 2 ha and most labour operations
are performed either manually or using animal traction (CSA and WB| 2013} |/Aune
et al., 2001). In Ethiopia, maize yields increased from less than 2 t ha™! in the 1990s
to ca. 3 tha™! in 2010 and N application rates at national level remained below 20 kg
N ha'! over that period (Figure .

1.7.2 Crop and farm level analysis

The methodological approach followed in this thesis is summarized in Figure [I.5]
A literature review was conducted to synthesize the key yield gap explaining fac-
tors identified so far, as well as the methodologies most commonly used for analysis
(Chapter 2). Input-output relationships and other socio-economic information (e.g.
prices and labour use) were compiled from existing household surveys to quantita-
tively describe the main farming system in each case study. A methodological pro-
tocol combining production ecology (van Ittersum and Rabbingel [1997) and frontier
analysis (Farrell, [1957) was developed to decompose the yield gap of rice in Central
Luzon (Chapter 3), winter wheat, spring barley, ware, seed and starch potato, sugar
beet and spring onion in the Netherlands (Chapter 5) and, maize and wheat in South-
ern Ethiopia (Chapter 6). Production frontiers were estimated to assess the contribu-
tion of management practices to yield gaps and to estimate and explain the efficiency
yield gap, the agronomic equivalent of output-oriented technical inefficiency (Figure
[1.3[C). Largest, average and lowest yielding farms were compared to assess whether
higher yields were obtained due to greater input use and crop models were applied to
estimate the biophysical yield ceilings Yp or Yw.

Yield gaps were further explained, first based on farm level conditions regarding
farm(er) characteristics across rice farms in Central Luzon (Philippines, Chapter 4),
cropping frequencies used in Dutch arable farms (Chapter 5) and resource constraints
faced by smallholder farms in Southern Ethiopia (Chapter 6). Second, an integrated
assessment of management practices explaining yield gaps was performed based on
different farm level indicators. These captured alternative farmers’ objectives based
on the principles of food production (crop yield and farm production), environment
sustainability (N use efficiency), economic performance (gross margin) and labour
drudgery (labour productivity). The existence, and magnitude, of synergies and trade-
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offs between narrowing yield gaps and optimising other indicators was assessed em-
pirically for individual farms.

Opportunities for sustainable intensification were identified within each case study
based on the projection of each farm on the production frontier and through com-
parisons of input levels currently used by farmers to ones required to achieve Yp or
Yw. A comparative analysis across case studies was also performed based on cereal
yield responses to N and P, N balances at farm level and yield gap closure vis-a-vis
resource availability, gross margin per unit land and labour productivity.

1.8 Outline of the thesis

This thesis is structured according to the methodology used (i.e. literature review,
yield gap analysis and a critical reflection) and to the diversity of production activities
within each case study, i.e. a single crop in the rice farms of Central Luzon (Philip-
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Figure 1.5: Methodological approach and outline of this thesis to decompose and explain
yield gaps at crop and farm level. The aspects addressed in each chapter are highlighted in
the figure. Yp = climatic potential yield defined according to |van Ittersum and Rabbinge
(1997); Yw = water-limited potential yield; Yyr = highest farmers’ yield; Ytgx = technical
efficient yield; Ya = actual farmers’ yield.
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pines), multiple crops in specialized arable farms in the Netherlands and both crop
and livestock activities in smallholder farms of Southern Ethiopia. Chapter 2 sum-
marizes the most important yield gap explaining factors identified and methods used
for yield gap analysis to date. A method for decomposing yield gaps into efficiency,
resource and technology yield gaps is presented in Chapters 3, 5 and 6 for rice-based
farming systems in the Philippines, arable farming systems in the Netherlands and
mixed crop-livestock systems in Southern Ethiopia, respectively. Further insights
into the effects of farm(er) characteristics, cropping frequencies, labour/capital avail-
ability and alternative farmers’ objectives to yield gaps in those case studies are pro-
vided in Chapters 4, 5 and 6. A reflection paper on the importance to accommodate
variability in the yield ceilings and the broader livelihood aspects where farmers op-
erate within yield gap analysis, particularly in developing countries, is provided in
Chapter 7. This chapter draws upon empirical on-farm data from Western Kenya and
Central Luzon. Finally, Chapter 8 provides the key findings of this thesis and dis-
cusses options for sustainable intensification based on a comparative analysis of crop
and farm level indicators across the three case studies.
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CHAPTER 2

Review of yield gap explaining factors and
opportunities for alternative data collection
approaches

This chapter is based on:

Beza, E.; Silva, J.V.; Kooistra, L.; Reidsma, P. 2017. Review of yield gap explaining
factors and opportunities for alternative data collection approaches. European
Journal of Agronomy. 82, Part B, 206 - 222.

J.V. Silva contributed to the literature review, development and harmonisation
of the database, and writing of the manuscript.



Abstract

Yield gap analysis is gaining increased attention, as estimating and explaining yield gaps
shows the potential for sustainable intensification of agricultural systems. Explaining yield
gaps requires detailed information about the biophysical environment, crop management as
well as farm(er) characteristics and socio-economic conditions in which farmers operate.
However, these types of data are not always available, possibly because they are costly to
collect. The main objective of this research is to assess data availability and data collec-
tion approaches for yield gap analysis, and to summarize the yield gap explaining factors
identified by previous studies. For this purpose, a review of yield gap studies (50 agronomic-
based peer-reviewed articles) was performed to identify the most commonly considered and
explaining factors in yield gap analysis. Besides a global comparison, differences between
regions, crops and methods were analysed as well. The results show that management and
edaphic factors are considered more often to explain the yield gap compared to farm(er) char-
acteristics and socio-economic factors. However, when considered, both farm(er) character-
istics and socio-economic factors often explain the yield gap. Fertilization and soil fertility
factors are the most considered ones in the management and edaphic categories. In the fertil-
ization group, factors related to quantity (e.g. N fertilizer quantity) are considered more often
compared to factors related to timing (e.g. N fertilizer timing). However, factors related to
timing explained the yield gap more often when considered. Explaining factors vary among
regions and crops. For example, while soil fertility is considered relatively much both in
Africa and Asia, it is often explaining in Africa, but not in Asia. Agronomic methods like
crop growth simulation models are often used for yield gap analysis, but are limited in the
type and number of factors that can be evaluated. By contrast, qualitative methods based on
expert knowledge can include the largest range of factors. Although the data included in yield
gap analysis also depends on the objective, knowledge of explaining factors, and methods ap-
plied, data availability is a major limiting factor. Bottom-up data collection approaches (e.g.
crowdsourcing) involving agricultural communities can provide alternatives to overcome this
limitation and improve yield gap analysis.
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2.1 Introduction

Sustainable intensification of agricultural systems, including the closure of existing
yield gaps on currently available agricultural land, has been pointed as a possible
pathway to meet the future food demand (Tilman et al., 2011). The concept of ‘yield
gap’ is based on production ecological principles and can be estimated as the differ-
ence between a benchmark (e.g. climatic potential or water-limited yield) and the
actual yield (van Ittersum and Rabbinge, [1997)). This concept is particularly impor-
tant because it indicates the biophysical potential available to improve agricultural
production in a specific location (van Ittersum et al.,[2013).

Yield gap analysis provides the foundation for identifying the most important crop,
soil and management factors limiting current farm yields (van Ittersum et al., |2013;
Lobell et al., [2009; [Tittonell et al.l 2008a; [Lobell et al., [2005]). Information on the
magnitude of the yield gap, and associated explaining factors, is important for effi-
ciently targeting efforts to increase crop production in a particular farming system
(Affholder et al., [2012). For example, a yield gap analysis for cassava in Cambodia
revealed that soil nutrients, short crop duration and weed infestation explained much
of the yield gap in the area and these factors had to be improved to increase cassava
yield (Sopheap et al., 2012). A number of yield gap analyses have been conducted
for different crops in different agro-ecological conditions (van Ittersum and Cass-
man, 2013) and the results of these studies showed that the magnitude and factors
that cause the yield gap vary among locations (e.g. |Affholder et al.,[2012).

Many studies have examined yield gaps at the scale of the region or agro-climatic
zone, using aggregated data on crop yields and explaining factors (e.g. Mueller et al.,
2012; Neumann et al.l 2010). These type of studies are useful to compare different
regions in relative terms using harmonized data (van Ittersum et al., 2013)). However,
yield gap analysis at local level are also necessary to gain deeper insights into the
causes of yield gaps at farm level an to integrate biophysical and socio-economical
conditions.

The interactions between different activities at farm level, together with resource
constraints faced by individual farmers, likely explain why inputs are not optimally
allocated across the farm and hence why yield gaps persist (e.g. [Tittonell et al.,
2008a)). Therefore, yield gap analysis at farm and farming system level can contribute
to better understand whether or not yield gaps can be narrowed and if so, under
which production, economic and environmental conditions (Giller et al., 2006). A
major drawback of this type of analysis is the high data standards required, which
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typically refer to a) large sample size, b) fine resolution and c) great level of detail.
Clearly, obtaining information about biophysical characteristics and crop and farm
management for individual agricultural activities within a farm, as well as farm and
farmer’s characteristics and socio-economic conditions for a large number of farms
is costly and time-consuming. Nowadays, the proliferation of computing devices
like different types of mobile phones equipped with sensors (e.g. GPS), and other
similar technologies makes it possible to implement effective and low-cost ’bottom-
up’ data collection approaches such as crowdsourcing (Ferster and Coops), [2013)).
These facilitate the collection of relatively large amounts of information directly from
local communities (Herrick et al., [2013; |Pratihast et al., [2013)).

The main objective of this research is to review the yield gap explaining factors iden-
tified by previous studies, in order to assess data availability and suggest improved
data collection approaches for yield gap analysis. To address this objective, the fol-
lowing steps were undertaken: (1) to provide an overview of factors considered and
explaining yield gaps; (2) to identify most commonly considered and often explain-
ing factors of the yield gap at the global, regional and crop levels; (3) to investigate if
there are regional similarities or differences in the factors which are commonly con-
sidered and explaining yield gaps; (4) to identify the most common data sources for
the different factors considered for yield gap analysis; (5) to evaluate to which extent
innovative data acquisition methods (e.g. crowdsourcing) are relevant for improving
data availability.

2.2 Methodology

2.2.1 Literature search and study selection

A detailed literature search was carried out as starting point for this review. The
selection of papers was made through specific searches for peer-reviewed articles on
yield gap analysis in agronomic journals with key words ’yield gap’, *potential yield’,
“yield variability’, *water-limited yield’ and ’yield gap variability’. The initial focus
was on a special issue released by Field Crops Research on yield gap analysis (van
Ittersum and Cassmanl 2013). In addition, whenever peer-reviewed articles related to
yield gap analysis were found in the reference list of an already reviewed article, they
were analysed and included for our study. However, priority was given to articles
which explained yield gaps and/or yield variability rather than only estimating the
yield gap. The review was not completely systematic, as using a keywords-based
approach resulted in a large amount of papers that were not directly relevant for this
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review, as they did not explain yield gaps. Although some relevant papers may be
missing due to this, the selected papers provide a good basis to reach our objectives.

2.2.2 Review of studies and construction of database

A database was created using MS-Excel 2010 in order to store the information from
the selected articles. The database consists of five different tables, namely: ’yield
gap’, ’determining factors’, ’considered factors’, *explaining factors’ and ’validation
table’. Each of the tables was organised in such a way that information about the five
main categories (i.e. climate, edaphic, management, farm characteristics and socio-
economic) was stored separately. All of the tables were linked with unique identifiers
(IDs) to facilitate information retrieval.

Information about the study sites including the continent, country, administrative re-
gion and site names and their respective coordinates were compiled in the ’yield gap’
table. When the coordinates of the study sites were not provided, the names of the
study sites were used as a geographic reference and Google Maps was used to re-
trieve the approximate coordinates of the study sites. In addition, information about
the scale at which the yield gap was estimated and explained (e.g. farm, field, re-
gional or global), resolution of data collection and the types of crops cultivated were
also compiled. In this table, we also included the years in which the yield gap analy-
sis was performed, the data sources used to estimate actual and benchmarking yields
as well as the methods used to estimate the benchmarking yield (e.g. name of crop
model) and the term(s) used to indicate the benchmarking yield (e.g. potential yield,
attainable yield, water-limited yield or economic yield). For studies that explained
the yield gap, the explanatory methods used for that purpose (e.g. boundary-line,
linear regression) were included in the database as well. Finally, the purpose of the
different methods (for e.g. to explain yield gap or yield variability) used within each
paper were recorded.

For each of the methods used in a specific paper, the dependent variable (y) and the
independent variables (x) were identified and included in the database. The indepen-
dent variables were included in the ’considered factors’ table of the database. Out
of these ’considered factors’, the ones which explained part of the yield gap and/or
yield variability according to the criteria set by the specific paper were included in
the "explaining factors’ table.

In order to determine the number of records (entries) per study, the following criteria
were used: number of crops considered, number of locations, years in which the yield
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gap analysis was performed, and methods used to estimate the benchmarking yield
and to explain the yield gap. One record is a unique combination of location X crop
x year x benchmark yield estimation method X yield gap explanatory method. A
total of 270 records with unique identifiers (IDs) were included in the database. For
studies which explicitly provided the actual yield (Ya) and the benchmarking yield
(Yp or Yw), the magnitude of the yield gap (%) was calculated as the difference
between the benchmark yield and the actual yield divided by benchmark yield times
100%. For studies which didn’t provide the values explicitly, we didn’t calculate the
percentage of the yield gap and it was left blank in the database. A ’validation table’
was included in the database to harmonize the data and methods used and to ensure
consistency across different studies. This table provides an overview of all different
variables considered, including their units and was used as the basis for grouping
different factors and methods.

2.2.3 Identification of factors
Determining factors

Determining factors are all the input factors that were used to estimate the benchmark
yield. As the focus of this analysis is on investigating factors explaining the yield gap
or yield variability, and because required determining factors mainly depend on the
method used, these factors were not analysed further in this paper. In general, the
least data are needed when using the highest farmers’ yields as the benchmarking
yield because only yield data are required in this case. Conversely, frontier analysis
methods require data on yield and input use for a large number of farmers while
crop models require data on climatic conditions and cultivars to simulate potential or
water-limited yields. Most data are needed when using experimental data/fields, as
detailed information is required about the optimal management (treatment) used to
obtain the highest possible yields.

Considered and explaining factors

Considered factors are all the input factors that were used as explanatory factors in the
analysis of the yield gap or yield variability. Explaining factors are the factors which,
out of the considered factors, explained part of the yield gap or yield variability. For
example, if correlation or regression analysis was used to explain the yield gap then
all the input factors included as independent variables were classified as considered
factors. Out of the considered factors those which had a statistical significant rela-
tionship with the yield gap were classified as explaining factors. If a method that was
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used to compare differences between groups (e.g. ANOVA) was used, and if there
were statistical significant differences between the treatments and the control plot,
then all the factors in the treatments were included into the database under explaining
factors. In this case, all factors behind the treatments and control plot were defined
as considered factors. If interviews were used to explain the yield gap, all the factors
asked for were included as ’considered factors’, and all the factors that were judged
to be explaining by the authors were included as ’explaining factors’. The selection
of the explaining factors for our database was based on the primary results from the
reviewed papers, i.e. additional information cited from other papers was not included
in the database. The authors of the papers reviewed were asked to cross-check the
“explaining factors’ identified, and around 50% responded to this.

2.2.4 Grouping factors

Factors in the five main categories were classified into different groups prior to the re-
view. The climatic factors were classified into six groups, namely: radiation, temper-
ature, precipitation, evapotranspiration, wind speed and others. The edaphic factors
were classified into four groups, namely: soil type, soil fertility, soil water and slope.
The crop and farm management factors were classified into eight groups, namely:
land preparation, planting, fertilization, irrigation, weeding, crop protection, crop
characteristics and others. The farm characteristics were classified into five groups,
namely: income, labour, training, size and intensity, and the socio-economic factors
were classified into three groups, namely: institutional, technical and population.
An overview with all the individual factors belonging to each of the aforementioned
categories and groups is provided online as Supplementary Material.

2.2.5 Analysis of factors explaining yield gaps

The ’considered factors’ and ’explaining factors’ tables were used to quantify the per-
centage of considered and explaining factors within particular subsets of the database.
The percentage of considered factors within a group (e.g. fertilization) was computed
as the fraction between the total number of records in the ’considered factors’ table
which contained at least one factor from the group of interest and the total number of
unique records in the database (n = 270). The percentage of explaining factors within
a specific group was calculated as the quotient between the total number of records
in the “explaining factors’ table which contained at least one factor from the group
of interest and the total number of records in the ’considered factors’ table which
contained at least one factor from the same group.
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The considered percentage of the individual factors within the specific groups (e.g.
considered % of N fertilization quantity) was calculated as quotient between the total
number of records which included the individual factor in the ’considered factors’
table and the total number of records in the database (i.e. 270 records), multiplied by
100%. The explaining percentage of the individual factors within the specific groups
(e.g. explaining % of N fertilization quantity) was calculated as the quotient between
the total number of records which included the individual factor in the ’explaining
factors’ table and the total number of records which included the individual factor
in the ’considered factors’ table, multiplied by 100%. Besides the global analysis,
considered and explaining yield gap factors were also analysed for each continent
and for each crop x continent. The same calculations were applied to subsets of the
database filtered by continent and/or crop.

To calculate the percentage of factors from a specific data source (e.g. farm survey),
first we counted the total number of factors in a specific category (e.g. edaphic), and
second we counted total number of factors in a specific category which were pro-
vided by specific data source. We then divided the total number of factors provided
by specific data source by the total number of factors in a specific category and multi-
plied by 100%. Considered and explaining percentages for climatic factors were not
analysed as these were used mostly as determining factors.

2.3 Results

2.3.1 Crops, continents and yield gaps

A total of 14 different crops were identified and the majority of the studies focused
on rice (34%), maize (28%) and wheat (26%). The majority of the studies (64%)
included in the database were from Africa and Asia (Figure [2.1] and Table [AT] Sup-
plementary Material). Studies conducted in Africa were concentrated in the east, west
and southern regions and studies conducted in Asia were concentrated in the southern
and south-eastern regions. Studies conducted in other continents were also included
but were fewer (38%) compared to the number of studies conducted in Africa and
Asia.

Yield gaps for different crops in different continents ranged between ca. 5 and 90%
(Table [AT] Supplementary Material) and it was large even for one single crop in
one country. For example, yield gaps ranged between 14 and 80% for rice in an
irrigation scheme in Mauritania (Haefele et al.,2001). Although yield gaps were on

26



Review of yield gap explaining factors

A Maize Peanut Rice ¥ Sunflower & Wheat-Maize

©  Banana

& Mango ¢ Potato *  Soybean +  Tomato

£ Cassava ] ]
¥ Millet ® Quinoa & Sugarcane * \Wheat

@ Cereals

Figure 2.1: Location of the studies and the type of crops included in the review. Although

not presented in the map, the global studies of [Neumann et al.| (2010) and |Licker et al.
(2010) were also reviewed and included in the database.

average smaller in Europe compared to Africa, this was not necessarily the case for
rice, as the yield gap estimated for La Camargue, France (37 - 57%;
was similar to the yield gap in an irrigation scheme in West Africa (27 - 49%;
Wopereis et al.,[1999). Thus, although it is relevant to compare yield gaps obtained
by different studies, these may differ not only depending on the crop and location, but
also depending on the scale of yield gap estimation, the resolution of data collection
or the sources of data and methods used to assess benchmark and actual yields.

2.3.2 Between group comparison of considered and explaining factors

Management factors often explained the yield gap across all crops and locations
(Figure [2.2]A). Fertilization was the group most often considered, about 45% of the
records. In 94% of the records where a factor related to fertilization was consid-
ered, it also explained the yield gap. Irrigation had a similar explaining power to
fertilization but it was only considered in 15% of the records. Factors related to land
preparation and crop characteristics explained the yield gap in 88% and 86% of the
records, respectively, but only 10% of the records considered land preparation fac-
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tors and 16% of the records considered crop characteristics factors. Planting, crop
protection and weeding also explained the yield gap in more than 60% of the cases.
It is worth noting that only one study included at least one factor from each of the

management groups considered (Tanaka et al., 2013).

Edaphic factors were also important to explain the yield gap (Figure[2.2B). In 69% of
the records where a factor related to slope was considered, it also explained the yield
gap. Factors related to soil fertility were considered by a relatively larger number of
records (25%) compared to the other groups of factors and explained the yield gap
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Figure 2.2: Percentage of considered and explaining factors for the different groups within
the A) management, B) edaphic, C) farm characteristics and D) socio-economic categories.
The different groups are sorted per category in decreasing order of explaining percentage.
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in 69% of these records. Soil type explained the yield gap in 58% of the cases while
soil water explained the yield gap in 38% of the cases. Compared to management
factors, edaphic factors were in general less often considered to explain the yield
gap and when considered, they explained yield gap less frequently than management
factors (Figures[2.2JA and[2.2B). For instance, both soil fertility and fertilization were
considered by a relatively large number of records, 25% and 45% respectively but
factors in the fertilization group explained the yield gap more often (94%) than factors
in the soil fertility group (69%).

Few studies considered farm characteristics when explaining the yield gap, compared
to management and edaphic factors (Figure [2.2). However, in 93% of the records
where a factor related to intensity (e.g. resource use intensity) or labour (e.g. cost of
labour) was considered, it explained the yield gap (Figure [2.2C). Size was the group
most often considered in the farm characteristics category and, when considered,
factors in this group (e.g. farm area) explained the yield gap in 70% of the records.
A maximum of five different farm characteristics were considered by a specific study
(Fermont et al., 2009} Haefele et al., 2001) and there were only 16 out of 50 studies
which considered farm characteristics to explain the yield gap.

Similarly to farm characteristics, socio-economic factors were not often considered
to explain the yield gap either (Figure [2.2D). Compared to other types of factors,
the maximum number of socio-economic factors considered by a specific study was
also smaller. For example, at most only 3 different socio-economic factors were con-
sidered by a single study (Neumann et al., [2010) compared to a maximum of 29
management factors (Delmotte et al., 2011). However, when socio-economic fac-
tors were considered, they were often explaining. This is true for socio-economic
factors related to population (e.g. rural population density), institutions (e.g. access
to fertilizers and credits) and technical assistance (e.g. extension services) as these
explained the yield gap in more than 50% of the cases when they were considered

(Figure 2.2D).

2.3.3 Within group comparison of considered and explaining factors

As data availability matter as to whether include or exclude specific factors, we anal-
ysed 179 unique management factors included in the studies reviewed. An average
of three different management factors was considered per record with some studies
including none (Kassie et al., 2014; Licker et al.,|2010; |Neumann et al.,|2010; [Bhatia
et al., 2008)) and others including up to 29 (Delmotte et al., 2011). For the most
considered and explaining groups, we analysed the factors in detail (Figure [2.3).
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order of explaining percentage.
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Although the quantity of fertilizer used explained the yield gap less frequently than
the timing of fertilizer application, data related to fertiliser quantity were more of-
ten considered than data related to fertiliser timing (Figure 2.3]A). Fertilizer costs
were also not often considered, but explained the yield gap in 80% of the cases when
considered. The timing of operation was less often considered, but more often ex-
plaining, than amounts used in other management groups, such as planting, irrigation
and weeding (data provided as online Supplementary Material).

Exchangeable cations and electric conductivity factors of the soil fertility group were
not often considered, but when considered, often explained the yield gap (Figure
[2.3B). Other factors such as total N, organic matter, pH and P-Olsen were considered
by relatively more records, but explained the yield gap less frequently than exchange-
able cations and electric conductivity.

Detailed analysis on the labour group of the farm characteristics category showed that
opportunity cost of labour, availability of machines and mechanization were the three
factors explaining the yield gap most frequently, despite being hardly considered
(Figure [2.3C). Besides, labour efficiency and labour availability explained the yield
gap in 80% and 67% of the cases, respectively. Looking into the institutional group of
the socio-economic category, access to fertilizer, to credit and to markets (km) were
the three institutional factors which explained the yield gap the most. Moreover,
market access (hrs), market influence and subsides explained the yield gap in more
than 75% of the cases when considered (Figure 2.3D).

2.3.4 Spatial differences in considered and explaining factors
Africa

It is evident that factors in the management category were considered more often in
Africa than in Asia (Figures 2.4]A and [2.4E). In Africa, factors in the fertilization
group were often considered (57%) and also often explaining (96%). Moreover, fac-
tors related to weeding, planting, crop characteristics and crop protection were often
considered but less often explaining, compared to factors in the land preparation cate-
gory. Factors in the land preparation and irrigation groups were less often considered
but explained the yield gap in 89% and 67% of the cases in which they were con-
sidered, respectively. With regard to the edaphic category, soil fertility factors often
explained the yield gap in Africa compared to factors in the slope, soil water and soil

type groups (Figure 2.4B).
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The percentage of factors in the management category considered was greater in
Africa (Figure 2.4]A) than in the global analysis (Figure [2.2A). Fertilization factors
were often considered and explaining in Africa and in the global analysis. Slope
was the most often explaining edaphic factor in the global analysis (Figure[2.2B), but
not in Africa (Figure[2.4B), while soil fertility factors were often considered, and ex-
plaining, in Africa and in the global analysis. Size was the most often considered farm
characteristic in Africa and in the global analysis, and less often considered factors
related to labour and intensity often explained the yield gap in either case (Figures
[2.4C and Figure [2.2]C). Institutional and population factors also often explained the
yield gap in the global analysis and in Africa (Figures and[2.4D).

Asia

Similarly to studies in Africa, studies in Asia focused mainly on fertilization and soil
fertility factors to explain yield gaps (Figures[2.4E and[2.4]F). Soil fertility factors ex-
plained the yield gap in 70% of the cases in which they were considered in Africa and
only in 43% of the cases in which they were considered in Asia. Fertilization factors
had a high explaining power (100%), but this was also true for land preparation, crop
characteristics, crop protection, weeding and irrigation factors, which were consid-
ered less frequently than fertilization factors. Even though less management factors
were considered in Asia than in Africa, they explained the yield gap more often when
considered. Soil water and slope were the most important edaphic groups, although
they were only considered in less than 5% of the cases. Factors in the labour, inten-
sity and size groups explained the yield gap more often in Asia than in Africa while
farm characteristics and socio-economic factors were less considered to explain yield
gap in Asia compared to Africa. Overall, a lower number of factors were considered
to explain yield gaps in Asia than in Africa.

2.3.5 Crop specific considered and explaining factors
Rice

Rice yield gaps were analysed and/or explained in a total of seven studies in Africa,
seven studies in Asia, and two studies in Europe (Table [AT] Supplementary Mate-
rial). These were analysed further without considering two studies on rice yield gaps
conducted at global level also included in the database (Figure [2.5).

Factors related to fertilization, land preparation and crop protection often explained
the rice yield gap in Africa while factors related to crop characteristics and planting
explained the rice yield gap in Europe more frequently (Figures and [2.5[C).
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Land preparation factors were less often considered in Africa than in Europe but
often explained the rice yield gap in Africa and never in Europe. Except for land
preparation, the management factors considered in Europe and in Africa explained
the rice yield gap more often in Europe than in Africa, whereas only fertilisation
factors were considered in Asia (Figure [2.5(G).

Factors in the crop protection, soil type, slope and soil fertility groups were more im-
portant to explain the rice yield gap in Africa (Figures and[2.5D) than they were
to explain yield gaps in Africa independently of the crop (Figures [2.4A and [2.4B).
Conversely, factors related to crop characteristics, soil water and farm characteris-
tics were less important to explain the rice yield gap in Africa (Figures -R23E)
compared to their large contribution to explain yield gaps of other crops in Africa

(Figures 2.4A -2.40C).

Soil fertility was of little importance to explain the yield gap in Asia (Figure [2.4F)
but it was important to explain the rice yield gap in this continent (Figure [2.5H).
Soil fertility was also always considered, and always explained the rice yield gap, in
Europe (Figure [2.5B) while soil type and slope explained the rice yield gap in Africa
more often (Figure [2.5D). Soil water often explained yield gaps in Asia but not rice
yield gaps in Asia (Figures 2.4F and 2.5H). Conversely, technical factors from the
socio-economic category explained the rice yield gap in Asia less often compared to
other crops in Asia (Figures and [2.4H). Farm characteristics and socio-economic
factors were not considered to explain rice yield gaps in Europe.

Maize

A total of four studies conducted yield gap analysis for maize in Africa, six studies in
Asia, three studies in North America and one study in Europe and in South America
(Table[AT] Supplementary Material). Two studies analysed maize yield gaps at global
level as well. The analysis of the explaining factors for maize yield gaps were anal-
ysed for Africa, Asia and North America only (Figure due to the larger number
of observations.

Factors in the fertilization, crop characteristics and planting groups explained the
maize yield gap in Africa every time they were considered (Figure [2.6[C). Crop pro-
tection factors were less important to explain maize yield gaps compared to rice
yield gaps (Figures 2.6[C and [2.5[C). Land preparation factors explained the yield
gap in 89% of the studies performed in Africa (Figure 2.4]A), but were not consid-
ered in maize yield gap analysis (Figure[2.6[C). Soil fertility was the most considered
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Figure 2.6: Percentage of considered and explaining factors for maize yield gaps in Asia (A - B), Africa (C - F) and North America
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edaphic group and explained the maize yield gap in Africa in 80% of the cases it
was considered (Figure [2.6D), whereas soil type and slope were the most important
edaphic groups for rice yield gaps (Figure [2.3D). Size and intensity explained the
maize yield gap in more than 60% of the cases and factors in the labour group were
not considered for maize yield gap analysis in Africa (Figure[2.6E). Although socio-
economic factors were considered less often, institutional and population groups al-
ways explained the maize yield gap in Africa when considered (Figure 2.6F).

For maize yield gap analysis in Asia, only factors from the management and edaphic
categories were considered (Figures[2.6/A and [2.6B). Even from the management cat-
egory, only fertilization, crop characteristics and irrigation groups were considered.
Factors in the fertilization and irrigation groups were most considered and always ex-
plained maize yield gaps in Asia. Even though crop characteristics were considered
less often than factors in fertilization and irrigation groups, they also explained maize
yield gaps in all cases they were considered. Factors in the soil fertility group were
the only edaphic factors considered and explained maize yield gap analysis in Asia
in less than 10% of the cases they were considered (Figure 2.6B).

Factors in the fertilization, weeding and planting groups were most often consid-
ered to explain the maize yield gap in North America (Figure [2.6(G). Apart from the
planting and crop protection groups, all groups of factors in the management cate-
gory always explained the maize yield gap when considered. Factors in the slope
group were considered in 20% of the cases and always explained maize yield gaps
in North America (Figure [2.6H). Farm characteristics from the intensity group and
socio-economic factors from the institutional and population groups also always ex-
plained the maize yield gap when they were considered by studies conducted in North
America (Figure [2.6])).

Wheat

A total of four studies conducted yield gap analysis for wheat in Asia, three studies
in Europe and two studies in Australia and North America and one study in South
America (Table[AT] Supplementary Material). There was also one study conducted in
South America and two studies conducted at global level but these were not included
in this analysis (Figure [2.7).

Factors in the planting group were considered more frequently for wheat yield gap
analysis in Asia compared to factors of other groups (Figure [2.7H). Although fac-
tors in the fertilization, land preparation, irrigation and crop protection groups were
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considered less often than factors in the planting group, all these groups always ex-
plained the wheat yield gap when considered. Factors related to crop characteristics

and weeding were not considered for explaining the wheat yield gap in Asia. In
general, management factors were considered more frequently for wheat yield gap
analysis in Asia than for the global analysis (Figure 2.4E) or for maize yield gap
analysis in Asia (Figure [2.6/A). Slope was the only edaphic group considered and
always explained the wheat yield gap in Asia (Figure 2.7[). Although factors in the
labour and size groups were considered more often than factors in the intensity group,
they all always explained wheat yield gaps in Asia when considered (Figure [2.7]).
Factors related to labour were considered more frequently by yield gap studies for
wheat in Asia than for other crops (Figures and [2.4G). From the socio-economic
category, factors in the technical group were considered and explained the wheat yield
gap in Asia more often than for yield gaps in Asia (Figures and 2.4H). Factors
from institutional and population groups were considered less often than factors in
the technical group but all always explained the wheat yield gap in Asia.

Studies in Europe only considered factors of the management category for wheat
yield gap analysis (Figure [2.7]A). Factors of the fertilization and crop characteristics
groups were most often considered while factors from land preparation, weeding and
irrigation groups were not considered for wheat yield gap analysis in Europe. Factors
in the fertilization, crop protection and planting groups, but not crop characteristics,
always explained wheat yield gaps in Europe when they were considered.

Factors in the land preparation group were the least considered to explain wheat yield
gaps in North America but they always explained the wheat yield gap in this region
when considered (Figure [2.7D). Factors in the irrigation group were the most con-
sidered for wheat yield gap analysis in North America and explained the yield gap in
86% of the cases. Factors related to fertilization, planting and crop protection were
slightly less important to explain wheat yield gaps in North America compared to
land preparation and irrigation. Factors in the fertilization, planting and crop protec-
tion groups were equally considered (71% of the cases) but fertilization and planting
factors explained the yield gap in 60% of the cases, while crop protection factors
in only 20% of the cases. In addition, factors from the intensity group or from the
institutional and population groups were not often considered but when considered,
they always explained the wheat yield gap in North America (Figures[2.7F and[2.7G).
For South America, factors in the fertilization and soil fertility groups explained the
wheat yield gap more often compared to factors from other groups (data not shown).
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Figure 2.7: Percentage of considered and explaining factors for wheat yield gaps in Europe
(A), Australia (B and C), North America (D - G) and Asia (H - K). The first column shows
groups of the management category (A, B, D and H), second column groups of the edaphic
category (C, E and I), third column groups of the farm characteristics category (F and J)
and fourth column groups of the socio-economic category (G and K). The different groups

are sorted per category in decreasing order of explaining percentage.
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For Australia, factors in the fertilization, land preparation, crop protection and plant-
ing groups were considered in 50% of the cases and always explained the wheat
yield gap when they were considered (Figure [2.7B). Irrigation, crop characteristics
and weeding factors were not considered for wheat yield gap analysis in Australia.
From the edaphic category, factors related to soil fertility and soil water also always
explained the wheat yield gap when considered while factors related to soil type and
slope were never considered. Farm characteristics and socio-economic factors were
also never considered for wheat yield gap analysis in Australia.

2.4 Discussion and opportunities for alternative data col-
lection approaches

2.4.1 Methodological approach

The main objective of this paper was to review the yield gap explaining factors iden-
tified by previous studies, in order to assess data availability and suggest improved
data collection approaches for yield gap analysis. A review was performed based
on peer-reviewed journal articles, using the keywords ’yield gap’, ’potential yield’,
“yield variability’, *water-limited yield” and ’yield gap variability’. We acknowledge
that this terminology is used by a specific group of researchers, and that many studies
may be available on similar work which were not included in this analysis. For exam-
ple, economists use production functions and frontier analysis to explain yields (e.g.
Monchuk et al.,[2010; Helfand and Levinel 2004} \Giannakas et al., 2001} |Ali [1995)
and few of such studies were captured by this analysis. Such type of studies focus
more on farm(er) characteristics and socio-economic factors, and therefore including
those would have increased the percentage of considered factors on these categories.

Our analyses relied on data from a variety of yield gap studies conducted at different
scales and this affects the relative importance of the different factors. This is also
true for benchmark yields, which differed across different types of studies. As an
example, factors related to soil type are important to explain the yield gap between
actual and potential yields but not between actual and water-limited yields because
they have to be considered in the estimation of the latter. Thus, the relevance of
factors related to soil type is smaller when explaining the yield gap between actual
and water-limited yields. During the review we also learnt that there is no consistent
procedure to report the importance of explaining factors and for that reason we could
only compile factors which explained the yield gap based on the criteria used by
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the individual papers (e.g. significance). A more consistent procedure is required
to report the relative importance of explaining factors in future yield gap analyses.
Despite these limitations, this review provides a thorough overview of the factors
considered and explaining yield gaps for different crops and for different regions
across the globe, and therefore it provides a good impression of gaps in required
data, and a basis for improved data collection.

2.4.2 Important factors for yield gap analysis

The global analysis showed that factors from the management category were most of-
ten considered to explain the yield gap or yield variability compared to the factors in
the edaphic, farm characteristics and socio-economic categories. Among the manage-
ment category, the fertilization group was considered most frequently and explained
the yield gap in a large number of cases. However, factors from the irrigation, land
preparation and crop characteristics groups were considered less frequently than fac-
tors related to fertilization but explained the yield gap in more than 80% of the cases
when considered. The importance of fertilization and irrigation factors to explain
existing yield gaps at the global level was also indicated by Mueller et al.| (2012).
Planting, crop protection and weeding were the other groups which explained the
yield gap in more than 60% of the cases when considered. Overall, this highlights
the importance of crop management in its broadest sense for existing yield gaps.

The global and detailed analysis showed that factors in the edaphic category ex-
plained yield gaps less frequently compared to factors in the management, farm char-
acteristics and socio-economic categories (Figures and [2.3B). This can be ex-
plained by the improved access to technology and resources to solve soil limitations.
Farm characteristics and socio-economic factors appeared to be of high relevance to
explain yield gaps, but were only considered by few studies. For example, factors
related to institutions (e.g. access to fertilizers, credit and market) and labour (e.g.
opportunity cost of labour, access to machineries and mechanisation) were relevant
to explain the yield gap (Figures[2.3|C and [2.3D). The majority of the studies included
in this review are agronomic studies and this certainly explains the lower number of
factors considered from these two categories.

Our detailed analysis showed that timing of fertilization, irrigation and weeding is
less often considered compared to the quantity of inputs used. However, factors
related to the timing of crop management operations explained the yield gap more
often than factors associated with the quantity of inputs used. The study of [Lobell
et al.| (2005) noted that the timing of irrigation was more important than the number
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of irrigations, suggesting that the efficient use of water is more important than the
total amount of water applied for wheat yields in the Yaqui Valley, Mexico. The
issue on timing is important because it stresses that narrowing yield gaps requires
the right amount of inputs in the right moment of time. These two aspects of crop
management are related to e.g. labour and cash availability at farm level (Chadwick
et al.L|2015}; |Gianessi, 2013)). The availability of family labour further depends on e.g.
household composition and opportunity costs of labour off-farm while hired labour
is related to cash availability and market conditions.

The importance of specific factors also depends on the location and on the crop stud-
ied, meaning that generalizations should be interpreted with caution. For example,
soil fertility was relevant to explain yield gaps in Africa whereas soil water was more
relevant to explain yield gaps in Asia (Figures [2.4B and [2.4F). The importance of
soil fertility factors to explain yield gaps in Africa was explicitly indicated by sev-
eral studies (e.g. |Affholder et al., 2012} |Okumu et al.| 2011; Wairegi et al.| 2010;
Fermont et al.| [2009; Tittonell et al., 2008b). Factors related to fertilization, land
preparation and crop protection explained rice yield gaps in Africa most often (Fig-
ure[2.5|C) while crop characteristics and planting were important to explain rice yield
gaps in Europe (Figure[2.5A). The latter may be explained by the availability of agri-
cultural inputs (e.g. fertilizers) and machinery in Europe and lack of these resources
in many African countries. In addition, explaining factors can be considered in many
different ways (e.g. kg N ha! or fertilization (Y/N), see online Supplementary Mate-
rial). This means that the way data is collected can also affect the results of the yield
gap analysis, as focusing on few factors may bias the results.

2.4.3 Selection of factors for explaining yield gap

We showed that many factors can explain the yield gap, and ideally these should all
be considered in a study. However, the number of factors considered by a single
study is limited in practice and it is likely to be affected by 1) the objectives of the
study, 2) a priori knowledge on possible explaining factors, 3) the method used to
explain yield gaps and 4) data availability. Below, we will discuss first the first three
reasons, and then go in further depth on data availability, and possibilities to improve
this aspect in the future.

Objective, previous knowledge and methods used

First, the objective of a study can limit the number of factors considered in the anal-
ysis. For example, if the objective of a study is to assess the effect of soil quality
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problems or iron toxicity on yield, then authors tend to focus on those types of fac-
tors in their analyses (e.g. |[Audebert and Fofana), 2009} van Asten et al.,2003)). More-
over, and as previously mentioned, most of the studies analysing yield gaps are of
agronomic nature, and therefore focused more on management and edaphic factors
compared to farm characteristics and socio-economic factors.

Second, knowledge on possible explaining factors may guide the selection of con-
sidered factors for the analysis. Soil fertility explained the yield gap in Africa more
often than in Asia (Figures [2.4B and [2.4F) possibly because previous studies have
highlighted the importance of soil fertility in Africa, which could influence subse-
quent studies in this continent to consider more soil fertility factors than other factors
(e.g. labour). This is also true in other regions. For example, a study by |Ander-
son et al.| (2005) indicated that in Western Australia yields are more constrained by
edaphic factors than by management factors. Following these findings, the focus of
the study of |Oliver and Robertson|(2013) was to relate yield gaps to spatial variation
in soil properties that are known to limit yield in a water-limited environment.

Third, the method used to explain the yield gap also has an influence on the num-
ber and type of factors considered. Table (Supplementary Material) provide an
overview of the different methods used to explain yield gaps and of factors used
by each method. It is notable that methods like Classification And Regression Tree
(CART) analysis and qualitative methods make use of many and different types of
factors to explain the yield gap (e.g. [Tittonell et al., 2008a), while other methods like
crop models make use of a limited number of factors to explain the yield gap (e.g.
Abeledo et al., 2008)).

Data availability

Data availability is also a limiting factor regarding the number and types of factors
used for yield gap analysis in addition to the objective of the study, previous knowl-
edge of explaining factors, and method used. To mention few examples, the study
of Neumann et al.| (2010)) indicated that fertilizer application, one of the most impor-
tant management strategies to increase actual yields, could not be included in their
global analysis due to lack of appropriate data and hence, the yield gap attributed to
fertilizer application could not be identified in their study. |[Lu and Fan| (2013) also
mentioned that due to lack of data, the EPIC model, which was used in their study to
assess yield gaps in the North China Plain, was validated using data from only two
experimental stations. The authors indicated model validation with data from two to
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four other sites would be worthwhile to provide stronger evidence of the utility of the
model for yield gap analysis in this region.

Figure2.8|shows the main data sources for the factors considered for yield gap analy-
sis by the different studies reviewed. It is evident that around 47% of the management
factors were from field trials, followed by farm surveys which contributed with 19%
of the management factors considered for yield gap analysis. Compiled databases and
a combination of measurements and surveys contributed to 12% and 11% of the man-
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Figure 2.8: Overview of the data sources for factors considered for yield gap analysis
per category: A) crop management, B) edaphic conditions, C) farm characteristics and D)
socio-economic conditions.
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agement factors considered, respectively. Soil sampling was the main data source for
edaphic factors, with 55% of the cases, followed by national databases, which con-
tributed with 22% of the edaphic factors considered for yield gap analysis. Farm
surveys and global databases were the main data sources for farm characteristics and
socio-economic factors, respectively. The fact that the majority of the management
data were from field trials, not from real farms, deserves special attention. Data from
on-station field trials are often not representative of real farms in terms of soil proper-
ties and crop management, particularly in sub-Saharan Africa (Vanlauwe et al., 2016;
Tittonell and Giller, [2013)). Moreover, it is important to understand what are the ac-
tual farm level constraints and technical problems farmers face and how these explain
existing yield gaps. One of the reasons not to consider data from real farms for yield
gap analysis might be because of the lack of datasets containing detailed field-specific
information for a large number of individual farms. Thus, how can we collect more of
these relevant factors for yield gap analysis? The next section provides an overview
of alternative data collection approaches that can potentially be used to complement
traditional methods (e.g. farm survey) in the compilation of some of the relevant field
and farm level factors for yield gap analysis.

2.4.4 Opportunities for alternative data collection approaches

Most factors related to management, farm characteristics and socio-economic con-
ditions (e.g. timing of fertilization, education level/age of the farmer, access to
fertilizers) can only be obtained by asking farmers directly using farm surveys
(e.g. [Tittonell et al., [2008a) or through farmers’ self-reporting (e.g. Yield Prophet:
www.yieldprophet.com.au; Hochman et al., [2012). Other data collection methods,
e.g. remote sensing can provide data on e.g. soil organic matter content (Gomez et al.|
2008)), field size calculated from high spatial resolution satellite images (Schulthess
et al.,|2012), and crop density (Bai et al., 2011} [Thorp et al., 2008). Sensor networks
can also provide information on crop canopy (e.g. using upward-pointing digital
cameras; Ryu et al., |2012) and soil moisture content (e.g. using DACOM sensor).
However, remote sensing measurements are still highly uncertain for heterogeneous
and small fields that are common in smallholder agriculture in the tropics (Lobell,
2013) and their potential to provide data for yield gap analysis is also constrained by
the availability of satellite images at the required spatial and temporal resolutions.

Most developed countries have a well-developed and organised infrastructure to col-
lect and harmonise agricultural data that are used for different purposes (Paustian,
2013)), including yield gap analysis. For example, the Farm Accountancy Data Net-
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work (FADN) of the European Commission collects farm characteristics (e.g. crop
areas, labour force) and socio-economic data (e.g. subsidies) at farm level, which
were used to e.g. assess regional maize yield gaps in Europe (Reidsma et al., [2009a).
However, even these well-established and organised databases lack some important
factors (Paustian, |2013) for yield gap analysis (e.g. soil and crop-specific manage-
ment data) and additionally, these are available only as aggregated averages at farm
level lack detail for in-depth agronomic analyses (e.g. amount of fertilizer applied).
In most developing countries detailed agricultural data are much less harmonised and
scarce due to lack of resources to conduct extensive and detailed surveys on agricul-
tural practices (Paustian, [2013). Data compiled in databases at national level (e.g.
FAOSTAT) provide a useful first estimate of agricultural activities (Paustian|, [2013])
that can be used in national and global yield gap analysis, but are inadequate for
detailed yield gap analysis (Grassini et al., [2015; |van Ittersum et al., 2013). In this
context, one possible way to overcome this critical data gap is by ’letting the farmers
tell us themselves’ (Paustian, 2013)).

The proliferation and widespread use of mobile devices, which are equipped with
sensors (e.g. GPS) and other related technologies, makes it possible to implement
bottom-up data collection approaches like crowdsourcing with which relatively large
amounts of information can be directly obtained from local communities (Herrick
et al., |2013). Currently, applications are mostly focused on delivering market infor-
mation so that farmers can make informed decisions on when and where to sell their
products (Muto and Yamanol 2009). Provision of information, such as management
recommendations and weather forecasts is another area of development where the
use of mobile phones played a major role (Aker, 2011). As also suggested by [Paus-
tian| (2013)), the experiences and lessons learnt from aforementioned initiatives can
be used to collect more of the relevant factors for yield gap analysis.

Table provides an overview of the opportunities and limitations of three types
of alternative data collection methods to acquire factors relevant for yield gap anal-
ysis: 1) crowdsourcing (CS); 2) remote sensing (RS); and 3) sensor networks (SN).
While describing the different data collection methods, special attention is given to
the crowdsourcing approach due to its great potential for collecting detailed individ-
ual farm data (Table[2.1).

Crowdsourcing is an emerging method for data collection since the advent of
widespread access to mobile phones (Belden et al., [2013)). It can be used to collect
different information related to the timing of an activity (e.g. timing of fertilization,
weeding, irrigation) and the quantity of inputs used (e.g. fertilizer applied, number of
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Table 2.1: Alternative data collection methods based on crowdsourcing (CS), remote sensing (RS) and sensor networks (SN), and their
potential to collect factors relevant for yield gap analysis. Codes: ’It is possible and has already been used’ (4), 'Potentially possible
to use’ (+/—), ’It is not possible/ it has not been used’ (—).

Factors CS RS SN Examples/Reference
Crop yield
Actual farm yield + + —  CS: Farmers self-report the amount of yield they harvested (Hochman et al.| 2012{|Gittleman
et al.|[2012). RS: (Lobell et al.|[2005).
Benchmarking yield +/— + —  CS: Asking farmers to provide the maximum yield they have harvested in a specific field for the

last few growing seasons. RS: to use the maximum yield within the remote sensing estimates
as a proxy for the benchmarking yield (Lobell et al.|[2002).

Management
Fertilization +/- - —  CS: Timing of fertilization, quantity of fertilizer(s) applied and fertilizer costs.
Planting +/-  + —  CS: Sowing date, number of plants m?, seeding method and intercropping (Y/N). RS: Crop

density (Bai1 et al.||2011]|Thorp et al.|[2008), sowing date (Ortiz-Monasterio and Lobell||2007!
Lobell et al.|2003) and intercropping (Jain et al.][2013).

Crop characteristics + + +  CS: LAI app (Confalonieri et al.|[2013), lodging (Y/N), physiological maturity (using Grow-
ing Degree Days app), harvesting time, crop genotype (name of variety planted), and dates of
flowering and maturity. RS: Canopy cover percentage (Pacheco et al.|2008]DeTar and Penner]
2007), lodging (Zhang et al.|[2014). SN: LAI (Ryu et al.|[2012).

Irrigation + + +  CS: Timing of irrigation (Smart ICT- Africa project), irrigation infrastructure, irrigation sys-
tem, supplementary irrigation (Y/N), water control (good/bad) and number of irrigations. RS:
Irrigation amount (Droogers et al.|[2010). SN: DACOM sensor.
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Table 2.1: Alternative data collection methods based on crowdsourcing (CS), remote sensing (RS) and sensor networks (SN), and their
potential to collect factors relevant for yield gap analysis. Codes: ’It is possible and has already been used’ (4), 'Potentially possible

to use’ (+/—), ’It is not possible/ it has not been used’ (—). (continued)

Factors CS RS SN Examples/Reference

Weeding +/-  + + CS: Timing of weeding/herbicide application, number of weeding/herbicide applications, weed-
ing method and weed management (score). Moreover, using apps to identify weeds and assess
weed pressure (Rahman et al.|2015). RS: Weed management (Goel et al.|[2003). SN: Weed
intensity (Sui et al.||2008).

Crop protection + + +/— CS: Digital Early Warning Network, PestNet, Plant clinics of CABI. RS: Disease detection
(Cao et al.;2013).

Land preparation +4/—  + — CS: Tillage system, area per crop (%), land levelling (#), fallow reside management and crop
residue management. RS: Crop residue and tillage practices (Zheng et al.|[2014).

Edaphic

Soil fertility + + + CS: Farmers diagnose soil constraints in the field using soil testing kits (SoilDoc) and trans-
mit the information through SMS and using MySoil app to provide information about pH and
organic-matter content of the soil (Shelley et al.|[2013). RS: Organic matter content of the soil
(Gomez et al.||2008). SN: SoilCares initiative - Mobile Lab and SoilCares handheld scanner.

Soil water + + + CS: Soil Water app for smartphones (SWApp). RS: Soil moisture (Petropoulos et al.|[2015).
SN: Soil moisture sensors (Xiao et al.|[2013).

Soil type + + - CS: Using SoilWeb app to provide the soil type of the current location of the phone. RS: Soil
type identification (Jiji and Nadar|[2016).

Slope + + — CS: Using LandInfoapp to assess slope. RS: Using satellite images for Digital Elevation Model

extraction (Yanalak et al.172012).
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Table 2.1: Alternative data collection methods based on crowdsourcing (CS), remote sensing (RS) and sensor networks (SN), and their
potential to collect factors relevant for yield gap analysis. Codes: ’It is possible and has already been used’ (+), "Potentially possible
to use’ (4/—), It is not possible/ it has not been used’ (—). (continued)

Factors CS RS SN Examples/Reference

Farm characteristics

Labour +/— - —  CS: Labour availability, cost of labour, availability of machines and mechanisation.
Income +/— - —  CS: Crop income, farm income, household income and production costs.

Training +/— - —  CS: Years in school, farming experience (years) and farmer age.

Size + + —  CS: Field size (Fritz et al.;[2015). RS: Field size (Yan and Roy![2014).

Intensity +/— +/— —  CS: Resource use intensity (score), irrigated area (%), irrigated area per grain type (ha).

Socio-economic

Institutional +/— — —  CS: Access to fertilizer (Y/N), access to credit (Y/N) and market access (hrs or km).
Technical +/— — —  CS: Technical assistance (#) and extension contacts (score).
Population +/— — —  CS: Gender (M/F)
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weeding and irrigation operations) in a specific field. Cropping calendar (e.g. sow-
ing date, dates of flowering, maturity and harvest) are other potential management
factors that can be collected using this approach. With the ubiquitous availability of
smartphones which are equipped with sensors (e.g. GPS), the geo-location (bound-
ary) of a field can also be collected and used as input to calculate accurate field sizes.
The camera feature included in many phones can be used to visually record some
incidents in a field (e.g. incidence of pest, disease or weed) and these can be used
in a later stage by experts to assess the extent of the damage and to identify the type
of pest, disease and/or weed that caused the damage. Providing training for selected
community members (e.g. focal farmers) to be able to identify pest and/or disease
as done by Plant clinics of CABI (www.plantwise.org/plant-clinics/) can help the
farmers to get assistance and provide the right information.

Collecting soil fertility data using the crowdsourcing approach might not be as
straight forward as collecting management data. However, asking farmers to as-
sess the fertility level of their soils using their own local indicators can potentially
be used to complement soil chemical analysis (Desbiez et al., [2004)). In addition, an
on-farm soil testing kit which allows farmers to diagnose soil constraints in the field
and transmit the information quickly through SMS (e.g. SoilDoc) could potentially
be used for acquiring soil fertility data. For smartphone/tablet users, applications like
’MySoil’ can be used to provide information about pH and organic-matter content of
the soil (Shelley et al., [2013]).

The crowdsourcing approach also offers opportunities to collect farm characteris-
tics and socio-economic data. Farm(er) characteristics related labour (e.g. labour
availability), training (e.g. years in school) and income (e.g. farm income) can be
collected using the crowdsourcing approach. Socio-economic data including access
to fertilizer (Y/N), access to credit (Y/N), number of technical assistances received
and gender of a farmer are some examples of information that can be collected using
crowdsourcing. However, to receive accurate and timely information, understand-
ing the motivations of the community (farmers) to participate in crowdsourcing and
their incentives to provide the requested information is critical (Roy et al., [2012).
Moreover, identifying the right technology (platform) for the farmers to use in the
crowdsourcing activity is another important step that needs to be considered while
designing a crowdsourcing campaign.
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2.5 Conclusion

Many different factors have been considered for yield gap analysis in the studies
reviewed. The selection of factors considered by the different studies is influenced
by 1) the objectives of the study, 2) knowledge on possible explaining factors, 3) the
method used to explain yield gaps and 4) data availability.

Our results show that management factors were considered for yield gap analysis
more frequently than edaphic, farm characteristics and socio-economic factors. Al-
though fertilization related factors seem to be considered most often, other manage-
ment factors like land preparation, irrigation and crop characteristics also often ex-
plained the yield gap when considered. The same is true for farm characteristics and
socio-economic factors, meaning that future yield gap studies should consider farm
characteristics and socio-economic factors as well. Information related to quantity
used (e.g. N fertilizer quantity, irrigation amount and number of weeding operations)
was more often considered in yield gap analysis than the timing of the different man-
agement operations (e.g. N fertilizer timing, irrigation timing and timing of weeding).
However, the latter explained the yield gap often. It is important that data about the
timing of management operations is also collected and taken into account in future
yield gap analysis. The relative importance of different factors to explain yield gaps
is location- and crop-specific, meaning that generalizations should be made with cau-
tion. Moreover, this requires that approaches for data collection are also location-
and/or crop-specific.

Data availability can be increased using bottom-up data collection approaches like
crowdsourcing, which might help to collect more of the explanatory factors required
for yield gap analysis. This is especially true for management, farm characteristics
and socio-economic factors. Crowdsourcing based methods (e.g. farmers send timing
information via SMS) is also a promising alternative to acquire real-time information
about timing of management operations.
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2.7 Appendix

Selected supplementary tables are provided as Supplementary Material of this thesis.
The full supplementary material of the manuscript can be assessed with the online
version of the manuscript (https://doi.org/10.1016/j.eja.2016.06.016). The database
is available upon request from the first or second author of the manuscript.
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Abstract

Explaining yield gaps is crucial to understand the main technical constraints faced by farmers
to increase land productivity. The objectives of this study are to decompose the yield gap
into efficiency, resource and technology yield gaps for irrigated lowland rice-based farming
systems in Central Luzon, Philippines, and to explain those yield gaps using information
related to crop management practices, biophysical constraints and available technologies.
Stochastic frontier analysis was used to quantify and explain the efficiency and resource yield
gaps and a crop growth model (ORYZA v3) was used to compute the technology yield gap.
We combined these two methodologies into a theoretical framework to explain rice yield gaps
in farmers’ fields included in the Central Luzon Loop Survey, an unbalanced panel dataset
of about 100 households, collected every four to five years during the period 1966 - 2012.
The mean yield gap estimated for the period 1979 - 2012 was 3.2 t ha~! in the wet season
(WS) and 4.8 t ha~! in the dry season (DS). An average efficiency yield gap of 1.3 t ha™!
was estimated and partly explained by untimely application of mineral fertilisers and plant
protection agents. The mean resource yield gap was small in both seasons but somewhat
larger in the DS (1.3 t ha~!) than in the WS (1.0 t ha—!). This can be partly explained by the
greater N, P and K use in the highest yielding fields than in lowest yielding fields which was
observed in the DS but not in the WS. The technology yield gap was on average less than 1.0
tha~?! during the WS prior to 2003 and ca. 1.6 t ha~! from 2003 - 2012 while in the DS it has
been consistently large with a mean of 2.2 t ha—!. Varietal shift and sub-optimal application
of inputs (e.g quantity of irrigation water and N) are the most plausible explanations for this
yield gap during the WS and DS, respectively. We conclude that the technology yield gap
explains nearly half of the difference between potential and actual yields while the efficiency
and resource yield gaps explain each a quarter of that difference in the DS. As for the WS,
particular attention should be given to the efficiency yield gap which, although decreasing
with time, still accounted for nearly 40% of the overall yield gap.
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3.1 Introduction

Agronomists and agricultural economists have developed different concepts and
quantitative methods to estimate and explain yield gaps, i.e. the difference between
climatic potential and actual farmers’ yields. Agronomic studies traditionally rely on
field experiments (e.g. |Affholder et al., 2012)) and/or crop growth models (e.g. |An-
gulo et al.,[2012)) to assess the contribution of different management practices to crop
yield following concepts of production ecology (van Ittersum and Rabbinge, [1997).
The main limitation of these types of studies is that these do not explicitly take into
account farmers objectives and constraints (and other socio-economic conditions)
because they are usually performed at field and regional levels. On the other hand,
production economics deals with the estimation and interpretation of technical and
allocative efficiencies using farm level data. Technical efficiency can be defined as
the maximum output that can be achieved for a specific level of inputs while alloca-
tive efficiency refers to the success of a farm in choosing the optimal proportion of
inputs given a pre-defined objective and set of constraints (Farrell, [1957). Although
this methodology is highly flexible and versatile (Thiam et al., 2001} Bravo-Ureta
and Pinheirol [1993)), its outcomes are heavily dependent on the inputs used and refer
to current technologies and practices used by farmers, which are often far below the
agronomic optimum.

Different attempts have been made to reconcile agronomic and economic theories
for integrated analysis at farm level (Hoang, [2013}; |de Koeijer et al., [1999; Herdt and
Mandacl [1981)). Most of these studies use concepts and definitions from both agron-
omy and agricultural economics, propose methodological modifications of existing
methods to gain further insights on existing yield gaps and provide an empirical ap-
plication of the concepts using farm survey data. To perform meaningful comparative
analysis, it is important to estimate and explain yield gaps using a consistent proto-
col with local to global relevance (van Ittersum et al.l |2013) and to acknowledge
that yield gaps exist due to suboptimal crop management and/or resource allocation
strategies used by farmers given their personal circumstances.

In a recent study, [Laborte et al.| (2012) estimated rice yield gaps in Central Luzon
(Philippines), Suphan Buri (Thailand), Can Tho (Vietnam) and West Java (Indone-
sia). Rice yield gaps were highest in Central Luzon with a magnitude of about 5.0 -
5.5 tha—! in both wet and dry seasons. An initial analysis further revealed that actual
farmers’ yields were positively associated with N fertiliser application and labour
use. The authors acknowledged the need for a more thorough yield gap analysis and
concluded that ”a more in-depth farm survey could shed more light on the expla-
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nations of the yield gaps and the differences in performance between average and
best-yielding farmers”.

In this paper, we propose to combine production ecology with methods of frontier
analysis in a theoretical framework and apply this to a longitudinal survey of rice
farming households in Central Luzon, Philippines. The objectives of this study are to
decompose the rice yield gap into efficiency, resource and technology yield gaps and
to explain those yield gaps using information related to crop management, farmers’
objectives and constraints, and production technology employed. Specific research
questions include 1) what is the magnitude of the partial yield gaps (i.e. efficiency,
resource and technology) in rice-based farming systems of Central Luzon; 2) how
have those partial yield gaps changed over time and 3) what are the overriding factors
referring to crop management explaining the aforementioned yield gaps?

3.2 Theoretical framework

Yield gap analysis can be used to investigate the relative contribution of different
growth factors to actual yields (van Ittersum and Rabbingel [1997). As schematically
represented in Figure we propose to decompose the rice yield gap into an effi-
ciency, resource and technology yield gap. The efficiency and resource yield gaps
can be estimated using frontier analysis, as commonly done in production economics
(cf. Herdt and Mandacl, [1981)), whereas the technology yield gap can be estimated
using crop growth models. The relevant concepts and rationale of this framework for
its application to lowland irrigated rice-based farming systems of Southeast Asia are
described below.

3.2.1 Definition of yield levels

Five yield levels are differentiated to explain the rice yield gap (Figure 3.I). The
potential yield (Yp) refers to the maximum theoretical yield achieved by a specific
crop genotype in a well-defined biophysical environment. It is traditionally quantified
with crop growth models assuming that water and nutrients are optimally supplied
to the crop, and pests, diseases and weeds are fully controlled (van Ittersum and
Rabbinge, |1997). Yp provides the biophysical benchmark for yield gap analysis in
irrigated rice-based farming systems.

The actual yield (Ya) refers to the yield observed in farmers’ fields. This can be ac-
quired from surveying individual households at the end of a particular season. High-
est farmers’ yields (Yyr) is an empirical concept intended to define the maximum
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Figure 3.1: General framework for explaining rice yield gaps in lowland irrigated rice-
based farming systems. Rice yield (y) is expressed in t ha=!. Input level (x) refers to a
vector of input variables defined based on growth-defining, -limiting and -reducing fac-
tors which are expressed either as continuous (kg input ha~') or dummy variables. Single
input-output relationships are shown for illustration purposes only. Yp is the potential
yield as defined by |van Ittersum and Rabbinge|(1997). Yur, YTex and Ya are abbreviations
for highest farmer’s yield, technical efficient yield at a specific input level and actual yield
of each individual farm, respectively. Yag is the allocative efficient yield which can be
obtained given farmers’ objectives and constraints: it is equal to Yyp from a production
perspective. Each dot represents an individual field in a well-defined biophysical environ-
ment.
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Ya achieved. Yy can be estimated by calculating the mean of Ya above the 90
percentile or methods of frontier analysis (e.g. van Ittersum et al., 2013)). Technical
efficient yields (Ytgx) refer to the highest possible yields obtained given observed
levels of inputs in a well-defined biophysical environment. Ytgx can be quantified
with methods of frontier analysis following Farrell|(1957)). Within Yrgx, an allocative
efficient yield (Y og) can be identified based on different resource allocation strategies
according to farmers’ preferences, objectives and constraints.

3.2.2 Efficiency yield gap

We refer to the difference between Ytgx and Ya as the efficiency yield gap (Fig-
ure [3.1]A). Similar to the economic concept of "technical inefficiency’, it is a one-
dimensional measurement of performance which indicates how far each producer
is from the (multi-dimensional) production frontier and hence, how much additional
output can be produced given observed levels of inputs. Many studies have dealt with
its estimation and explanation using different econometric and statistical techniques
(e.g. [Thiam et al., [2001} |Bravo-Ureta and Pinheiro, |1993)).

Estimates of Yty for each individual producer depend on the input and output vari-
ables specified in the analysis. In production economics, production frontiers are
traditionally estimated based on inputs regarding land, labour and capital, under the
assumptions of perfect input substitutability and that input use is restricted and not
easily modified in the short term (Sadoulet and de Janvry, [1995). Here, we propose
to specify input and output variables according to concepts of production ecology in
order to perform a consistent and agronomically relevant yield gap analysis (van Itter-
sum et al., [2013)). This implies that growth-defining, -limiting and -reducing factors
need to be explicitly taken into account, i.e. defined as *input level” in Figure 3.1} in
the estimation of the production frontier. An efficiency yield gap equal to zero indi-
cates that a producer is on the production frontier and an efficiency yield gap greater
than zero implies that a producer is below the production frontier (for all the inputs
considered).

Following this approach, the fact that two producers use the same level of inputs, in
a well-defined biophysical environment, but obtain different levels of outputs (Fig-
ure [3.T]A) suggests differences in crop management, referring to differences in crop
establishment dates, and time, space and form of the inputs applied. The relation
between the efficiency yield gap and the crop management employed can be assessed
using e.g. a second stage multiple regression coupled with the production frontier
(Battese and Coelli, [1995)).
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3.2.3 Resource yield gap

The difference between Yyr and Yty is defined as the resource yield gap from a
production perspective (Figure [3.1B). This yield gap captures the trade-off between
maximum actual yield (i.e. Ygr) and different resource allocation strategies pursued
by farmers to sustain their livelihoods and cope with external shocks (e.g. weather
extremes and price variability). A resource yield gap greater than zero indicates that
producers may have an objective different from yield maximisation.

The underlying assumption in this approach is that each resource allocation strategy
has an optimal (technical and) allocative efficient yield (Y ag), which is likely to dif-
fer from Yyr in case economic and environmental objectives are taken into account.
As an example, high (low) input prices and low (high) output prices can help explain
why Y ag can be lower than (equal to) Yyr for *profit maximizing’ producers. This
set up also allows incorporation of the concept of resource use efficiency (RUE) and
exploration of trade-offs between a strategy which aims for maximum RUE and a
strategy which aims for Yyg. It is acknowledged that understanding resource allo-
cation is far more complex than reducing farmers’ objectives to mere hypothetical
‘profiles’ and this requires a deeper understanding of farmers’ behaviour and social
relations. However, this simplification may prove useful to understand the contribu-
tion of socio-economic, environmental and policy circumstances to the resource yield

&ap.

3.2.4 Technology yield gap

The technology yield gap can be computed as the difference between Yp and Yyr
and can be visualized as an (non-equidistant) upwards shift of the production fron-
tier estimated using Ya (Figure [3.1IC). As suggested in Figure [3.1] any new frontier
generated will have its own efficiency and resource yield gaps.

Two types of technology yield gaps can be identified depending on whether they
result from a total or partial shift of the production frontier. A complete shift of
the production frontier can be achieved through the adoption of precision agriculture
practices or new varieties and manipulation of sowing practices. Alternatively, a par-
tial shift of the production frontier is input-specific and requires the closure of the
resource yield gap of another input, which can be identified, following von Liebig’s
law of the minimum, as the limiting factor to production. As an example, the provi-
sion of irrigation water (i.e. closing the resource yield gap for water) will shift the
production frontier of N-input as compared to a rainfed system. A similar shift would
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occur in case biotic stresses referring to pest, disease and weed pressure would be re-
moved or a technology such as site-specific nutrient management (Dobermann et al.|
2002) would be adopted. In addition, the distinction between the technology and the
resource yield gaps depends on the sample/survey used in the analysis, i.e. if there
are no farmers applying the quantity of N necessary to achieve Yp then N limitation
becomes part of the technology yield gap. Crop growth simulation models can be
used to generate agronomically optimum production frontiers that achieve Yp, and
hence to estimate the technology yield gap.

3.3 Material and methods

3.3.1 Central Luzon Loop Survey

The theoretical framework was tested using the Central Luzon Loop Survey. This
farm household survey is an unbalanced panel dataset collected by the International
Rice Research Institute (IRRI) every 4 to 5 years during the period 1966 - 2012 with
the objective of monitoring changes in crop management and household characteris-
tics over time in the rice-based farming systems of Central Luzon (Moya et al.,[2015)).
The rice fields surveyed are located along the main highway and were systematically
selected at a specific distance. Our analysis focused on the surveys covering the
period 1979 - 2012, unless otherwise indicated, because irrigation was only widely
available in the region after 1975.

Descriptive statistics of the variables used in this analysis are presented in Tables
and [B2] for the WS and DS, respectively (Supplementary Material). On average, 103
and 59 households cultivating rice were interviewed in the WS and DS, respectively.
The sample size is lower in the DS because fewer households cultivated rice during
this season, possibly due to water-related constraints or cultivation of other crops.
There are more fields than households surveyed because 60% of the households cul-
tivated more than one field in a particular season (out of which 82% cultivated two
fields). The average farm size was about 1.2 ha over the period analysed.

3.3.2 Description of study site

We refer to Central Luzon as the region covering the administrative provinces of Bu-
lacan, La Union, Nueva Ecija, Pampanga, Pangasinan and Tarlac. The total harvested
rice area in this region increased from 0.7 to 0.9 million ha during the period 1987 -
2014 (PSA-BAS, 2015). Such area expansion can be attributed to a steady increase
in irrigated rice area from 70% of total rice area in 1987 to 83% in 2014. According
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to national statistics, actual rice yields in the irrigated areas increased from about 3.3
tha~!in 1987 to 5.2 t ha—! in 2014, and remained on average 19% higher than the
national average.

Central Luzon can be described as a flat alluvial floodplain surrounded by the Zam-
bales mountains on the West and the Sierra Madre mountains on the East. Most of the
soils are suitable for irrigated rice production: they were primarily formed from the
deposition of sediments from the adjacent mountains, which were often rejuvenated
with volcanic sediments, exhibit medium to heavy textures (clay loam to clay) and
have an aquic soil moisture regime (Gines et al., [2004). Results from a soil survey
conducted in November 2014 in 96 fields included in the household survey indicated
the existence of four predominant textural classes (clay, clay loam, loam and silty
clay loam) and an average organic C of 1.23 #+ 0.36 g C kg~ !, P-Olsen of 14.06 +
12.68 mg P kg ! and exchangeable K of 0.26 & 0.24 cmol.. K kg ! across all classes
(Silva et al., [2014).

The region is characterized by a moist tropical monsoon climate (Figure [3.2)). Pre-
cipitation averages 1500 mm yr—!, 89% of which occurs from May to October. Min-
imum temperatures are rather constant throughout the year with a mean value of
23.1°C. Maximum temperatures have a mean value of 32.2°C throughout the year
and are slightly higher between March and May. Solar radiation is higher in the first
half of the year with a mean value of 19.5 MJ m~2 and a maximum of 24.3 MJ m 2
occurring in April. Due to cloudiness, mean solar radiation is about 15.8 MJ m—2
during the second half of the year. Double rice cropping systems are the most com-
mon farming system in the region with a wet season (WS) crop between June/July
and September/October and a dry season (DS) crop between December/January and
March/April. Sometimes farmers replace the DS rice crop by vegetables or maize,
particularly in areas where irrigation water is not readily available.

Actual rice yields have been rather constant through the WS with a mean value of 3.5
and 3.8 t ha—! for modern varieties type 3 (Mv3) and 4 (Mv4), respectively (Table
[BI} Supplementary Material). During the DS there was a slight increase in actual
rice yields over time and mean values were 4.1 and 4.9 t ha—! for Mv3 and Mv4
type of varieties (Table B2} Supplementary Material). Applications of N, P and K
were always higher in the DS than in the WS and increased with time: in 1979-1980
an average farmer applied 75 kg N ha=!, 15 kg P ha~! and 8 kg K ha~! compared
with 106 kg N ha=!, 29 kg P ha—! and 22 kg K ha—! in 2011-2012. For pesticides,
it is important to highlight the decrease in insecticide use and the slight increase in
herbicide use particularly in the DS. There was a sharp increase in seed use during
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the 1980s and 1990s, particularly in the WS due to a shift from transplanting to direct
seeding. However, a decrease in seed use was observed after the late 1990s due to
re-adoption of manual transplanting in some farms.

3.3.3 Stochastic frontier analysis

Stochastic frontier analysis (Kumbhakar and Lovell, 2000; Meeusen and van den
Broeckl [1977; |Aigner et al.| |1977) was used to estimate and explain the efficiency
yield gap for rice farming in Central Luzon. We opted for this parametric approach
of frontier analysis because it explicitly separates the effects of technical inefficiency
and statistical noise, which is justified in our analysis. Further information about
model selection and evaluation is available online as Supplementary Material.

The stochastic frontier model with inefficiency effects was applied to two subsets
of the household survey. First, panel data for the period 1979 - 2012 were used to
characterize the production frontier and quantify the efficiency yield gap. Secondly,
cross-sectional data for the period 2011 - 2012 were used to assess the contribution
of field-specific soil properties to the efficiency yield gap. The parameters and error
terms of the stochastic frontier models and the second stage regression for techni-
cal inefficiency effects were estimated simultaneously with the method of maximum
likelihood of the R package frontier (Coelli and Henningsen, 2013)).
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Figure 3.2: Mean daily maximum and minimum temperature (°C), rainfall (mm) and
solar radiation (x1000 kJ m~2) for the period 1983 - 2003 in Mufioz, Nueva Ecija. Source:
GSOD and NASA Power databases.
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Panel data: 1979 - 2012

The stochastic production frontier and efficiency yield gaps (Equation 1) were es-
timated based on quantitative input-output data for a set of unique combinations of
household x field x year x season. Actual rice yields were corrected to 14% mois-
ture content (y, kg ha~!) and used as dependent variable.

The vector of independent variables, x, was designed to analyse the contribution of
growth-defining, -limiting and -reducing factors to crop yield. A dummy variable was
considered to control for differences between rice varieties which were classified into
modern varieties type 1 - 3 (Mv3) and and type 4 (Mv4), following the classification
proposed by |[Launio et al.| (2008). As opposed to |Neumann et al.| (2010), growth-
defining factors referring to weather conditions (e.g. solar radiation and temperature)
were not explicitly included as input variables because Central Luzon is assumed to
be a climatic homogeneous region (van Wart et al., 2013; Moya, 2001). Instead, a
season-dummy and a year-variable were included to capture differences between WS
and DS and the different years, respectively. Finally, we included a set of variables
in linear and quadratic form, and interaction terms between them, to capture the con-
tribution of growth-limiting (i.e. nitrogen, phosphorus, potassium and seed use, kg
ha=') and -reducing factors (i.e. insecticide and herbicide use, kg active ingredi-
ent ha—!) to actual yields as well as a dummy variable with transplanting and direct
seeding establishment methods. The y and xj variables included in the production
frontier were mean-scaled and [n-transformed prior to the analysis.

The efficiency yield gap was explained with a second stage multiple regression
(Equation 2) coupled with the stochastic production frontier following the specifica-
tion of |Battese and Coelli|(1995). The number of fertilizer and pesticide applications
(#) were considered as explanatory variables, z;;, in the estimation of the produc-
tion function which best fitted our data since this information was available for all
observations (Model 1, n = 1406). The impact of the timing of the first and sec-
ond fertilizer and pesticide application (expressed in days after transplanting, DAT)
on the efficiency yield gap was further assessed by including them as z;; variables
into an alternative stochastic frontier model fitted to the data containing information
on timing (Model 2, n = 848). No data transformations were performed to the z;;
variables.

Likelihood ratio tests of alternative stochastic frontier models were used to select the
specification which best fitted the data (details are available online as Supplementary
Material). As a result, we used a stochastic frontier model with a translog functional
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form, observation-specific technical efficiency scores and, non-constant and neutral
technical change to estimate the efficiency yield gap and Yrtgx of farm ¢ in year ¢:

K K K
1
Inyy = ap + Ek Br In xrie + 3 Ek E Orj In Trie X In x5 +
J

+ 6T + XT? + viy — uiy 3.1

uig = bo + B zie + BT + € (3.2)
EffYg, = 1 — exp(—uit) 3.3)
Yrey, = Yai x exp(—ui) (3.4)

where y;; is the dependent variable and x;; and z;; are the independent and explana-

tory variables defined as before; v;t, u;; and €;; are random errors to be estimated
under specific distributional assumptions (see Battese and Coelli, [1995); and oy, Bk,
0, bg, B’ and 7’ are the parameters to be estimated. The input-specific parameter
Bk can be interpreted as an output elasticity at the sample mean, i.e. the responsive-
ness in percent of rice yield to a one percent increase of a particular input (in case
0; = 0). The translog functional form is captured through ¢; which specifies both
interaction and quadratic terms of ;. The parameter § captures the constant annual
rate of technological progress or regress. Last but not least, A indicates whether the
process of technological change is non-constant (i.e. not linear) over time.

Cross-sectional data: 2011 - 2012

The soil properties included as input variables in the frontier model were clay and
sand content (%), pH in H,O, P-Olsen (mg P kg_l), exchangeable-K (cmol, K kg_l)
and soil organic C (%). These data were merged with crop management data collected
for the same fields in the last round of the household survey, resulting in a sample size
of 54 and 53 fields during the 2011 WS and 2012 DS, respectively.

The impact of field-specific soil properties on the efficiency yield gap was assessed
using a simple Cobb-Douglas stochastic frontier model, i.e. a functional form repre-
senting the technological relationship between the amount of inputs and the amount
of output produced by those inputs (expressed in In and neglecting interactions and
quadratic terms). The aforementioned soil properties were used as input variables
in addition to growth-defining, -limiting and -reducing factors previously specified.
The choice for a simpler model was justified by our interest in assessing the impact
of soil variables on the efficiency yield gap rather than in characterizing exhaustively
the production frontier for this subset of the data. All variables were constructed as
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described in Section 3.2.1 and no z;-variables were included. Differences in the ef-
ficiency yield gap were compared for a model which did not take into account soil
properties (Model 3) and one which included soil properties as independent variables
(Model 4).

3.3.4 Resource allocation

The resource yield gap was analysed from a production perspective by comparing
Yrex and Ygr (equivalent to Yag from a production perspective) for each unique
combination of household x field x year x season. This yield gap indicates by how
much yields could increase in case all technical efficient fields would use as much
inputs as the highest-yielding fields observed in the dataset. YTgx was quantified
using the stochastic frontier Model 1 specified above and Yyr as the mean across
fields of Ya values above the 90 percentile. In the case of N-specific resource yield
gaps, fields with N application levels greater than the average input to achieve Yyg
were considered to have a resource yield gap equal to zero.

To explain the resource yield gap from a production perspective, rice fields were
grouped according to their Ya values. Besides Yyr, we identified the average of low-
est yielding fields (Yrg) as the mean across fields of Ya below the 10" percentile.
Average yielding fields (Y ar) are the fields with Ya between the 10 and 90" per-
centiles. Statistical differences in the mean input use observed in fields with Yyr and
Y were assessed using the Mann Whitney U test (p-value < 5%) under the alterna-
tive hypothesis that rice yield and input use are lower for Y than for Ygg. This was
performed per season for seed, fertiliser and pesticide use but results are presented
only for N, P and K because these were the most important ones. This analysis was
the starting point to assess to which extent greater rice yields can be obtained with
more inputs and hence, to understand if input use is sub-optimal in the study region.

3.3.5 Crop modelling: ORYZA v3

The ORYZA v3 model was able to simulate rice yield relatively well for the varieties
IR72 and NSIC Rc222 (RMSE between 10 - 20%) but tended to overestimate experi-
mental yields by about 1.0 tha—! (modelling efficiency between 0.65 and 0.97). Stan-
dard crop parameters were used for crop development rates, leaf and stem growth,
photosynthesis rate, partitioning coefficients and N concentration in different organs
across all simulations performed. These have been previously calibrated by Bouman
and van Laar| (2006) and |Qin et al.| (2014) for IR72 and NSIC Rc222, respectively.
IR72 and NSIC Rc222 are representative of the Mv3 and Mv4 varieties, respectively.
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Details of model calibration and evaluation are available online as Supplementary
Material.

ORYZA v3 was then applied to simulate a production frontier of N-limited yields
(Yn) by means of a sensitivity analysis on the rate and timing of N application, as-
suming no water limitations (i.e. water balance turned-off). For this purpose, a set
of 2500 random N management strategies were created for which N-limited yields
were subsequently simulated. Each strategy comprised five different N applications
within the growing season. The exact date of each N split was randomly generated
within a pre-defined range: 1) basal application 20 - 30 days after sowing (DAS),
2) top-dressing 30 - 40 DAS, 3) top-dressing 40 - 50 DAS, 4) top-dressing around
panicle initiation 50 - 70 DAS, and 5) top-dressing around flowering 70 - 90 DAS.
For each split, a N rate varying from 0 to 80 kg N ha~! was randomly computed. The
total N applied ranged between 0 and 400 kg N ha~! and was normally distributed.

Model simulations were performed for the varieties IR72 and NSIC Rc222 and for 36
different sowing dates within a year for the period 1984 - 2012. The input data were
solar radiation, minimum and maximum temperature from a local weather station lo-
cated in Munoz (Nueva Ecija, Figure and detailed soil profiles of four different
soil types (clay, loam, clay loam and silty clay loam; Silva et al.l [2014)). This set up
resulted in a total of 20.16 million genotype X environment X management combi-
nations which were simulated with ORYZA v3. Yp, Yn, the quantity of N needed
to achieve Yp and the magnitude of the technology yield gap were analysed for the
mean sowing date observed in the household survey in a particular year. Results for
the temporal variation of the technology yield gap are presented for IR72 for the pe-
riods 1986 - 1987 and 1994 - 1995 and for NSIC Rc222 for the periods 2003 - 2004
and 2011 - 2012. In addition, production frontiers of Mv3 and Mv4 varieties are
presented for the period 2003 - 2004 to illustrate technological change due to varietal
shift.

3.4 Results

3.4.1 Efficiency yield gap
Properties of the production frontier

The sign, magnitude and significance level of parameter estimates obtained for Model
1 and 2 are rather similar (Table 3.1). The dummy ’variety’ was not statistically
significant meaning that the model did not capture yield differences between Mv3
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Table 3.1: Parameter estimates of the stochastic frontier models estimated for lowland
irrigated rice-based farming systems of Central Luzon, Philippines. Model 1 and 2 were
applied to panel data (1979 - 2012) and differ in the timing variables included as ineffi-
ciency effects. Model 3 and 4 were applied to cross-sectional data (2011 - 2012) and differ
in the soil properties included in the production frontier. Significance codes: ****’ 0.1%
TR 1% * 5%.

Variable Model 1 Model 2 Model 3 Model 4
Production frontier

Intercept 0.118 ***  (.098 * -0.088 -0.228
Nitrogen 0.079 0.090 0.064 0.088
Nitrogen? -0.052 0.161 *

Phosphorus -0.051 -0.088 -0.030 -0.054
Phosphorus? 0.064 0.052

Potassium 0.191 ***  0.166 * 0.122 0.155 *
Potassium® 0.040 0.057

Seed 0.116 * 0.129 -0.078 * -0.089 *
Seed? 0.113 * 0.027

Insecticide 0.018 0.008 0.029 0.030
Insecticide? 0.014 0.025 *

Herbicide 0.029 -0.009 0.008 0.015
Herbicide® 0.000 -0.017

Method_Transplanting 0.085 ** 0.071 *

Variety_Mv4 -0.046 -0.048 0.089 0.072
Season DS 0.111 ***  (.135 *#* (0,386 *** (372 ***
Year -0.016 **#*  -0.016 ***

Year? 0.004 **%  (.004 ***

Clay content 0.004
Sand content 0.001
Soil organic C -0.071
Available P-Olsen 0.003
Exchangeable K 0.013
Nitrogen x Phosphorus 0.034 0.039

Nitrogen x Potassium -0.032 -0.070

Nitrogen X Seed -0.017 -0.054

Nitrogen X Insecticide -0.018 -0.020

Nitrogen x Herbicide -0.044 * -0.053 *

Phosphorus x Potassium -0.027 -0.050

Phosphorus x Seed 0.062 0.061

Phosphorus x Insecticide -0.016 -0.015

Phosphorus x Herbicide 0.024 0.032
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Table 3.1: Parameter estimates of the stochastic frontier models estimated for lowland
irrigated rice-based farming systems of Central Luzon, Philippines. Model 1 and 2 were
applied to panel data (1979 - 2012) and differ in the timing variables included as ineffi-
ciency effects. Model 3 and 4 were applied to cross-sectional data (2011 - 2012) and differ
in the soil properties included in the production frontier. Significance codes: ****’ 0.1%

P*E 1% °F 5%. (continued)

Variable Model 1 Model2 Model3 Model 4
Potassium x Seed -0.117 *%* -0.074
Potassium x Insecticide 0.024 0.029
Potassium x Herbicide -0.001 0.003
Seed x Insecticide -0.009 -0.010
Seed x Herbicide 0.004 0.019
Insecticide x Herbicide 0.007 0.010
Method_Transp x Nitrogen -0.072 -0.103
Method_Transp x Phosphorus 0.091 0.103
Method_Transp x Potassium -0.115 * -0.062
Method_Transp x Seed 0.068 -0.039
Method_Transp x Insecticide 0.012 0.018
Method_Transp x Herbicide -0.020 0.016
Variety_Mv4 x Nitrogen -0.044 -0.024
Variety_Mv4 x Phosphorus 0.020 0.007
Variety_Mv4 x Potassium -0.110 * -0.098 *
Variety_Mv4 x Seed -0.066 -0.052
Variety_Mv4 x Insecticide -0.011 -0.007
Variety_Mv4 x Herbicide -0.027 -0.032
Season_DS x Nitrogen 0.181 ***  (.139 **
Season_DS x Phosphorus 0.081 0.109 *
Season_DS x Potassium -0.005 0.016
Season_DS x Seed -0.032 -0.044
Season_DS x Insecticide 0.007 0.022
Season_DS x Herbicide 0.021 0.034
Inefficiency effects

Intercept -0.453 -1.271
Year -0.070 ***  -0.057 **
No. fertiliser applications -0.141 * -0.088
Timing 1°* fertilisation -0.016 *
Timing 2" fertilisation 0.010 *
No. pesticide applications -0.023 0.030
Timing 1°* spray 0.016 **
Timing 2"¢ spray 0.013 **
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Table 3.1: Parameter estimates of the stochastic frontier models estimated for lowland
irrigated rice-based farming systems of Central Luzon, Philippines. Model 1 and 2 were
applied to panel data (1979 - 2012) and differ in the timing variables included as ineffi-
ciency effects. Model 3 and 4 were applied to cross-sectional data (2011 - 2012) and differ
in the soil properties included in the production frontier. Significance codes: ****’ 0.1%
P*E 1% % 5%. (continued)

Variable Model 1 Model 2 Model 3 Model 4
Model evaluation

0 =02+402 0.482 *x% (0,432 ##x (175 **%k  (),158 #x*
v =02 /o? 0.939 #*x (0,940 *** (0,920 FFx  ().886 ***
TE scores (%) 74.0 754 74.8 76.2
Sample size (n) 1397 844 107 107

"TE scores’ refer to the average of the field-specific Technical Efficiency scores (i.e. 100 minus the
efficiency yield gap expressed in %) obtained for each stochastic frontier model.

and Mv4 varieties. The dummy ’season’ and variable ’year’ were both statistically
significant at 0.1%, which indicates that there were important intra- and inter-annual
variations of climatic conditions affecting Ya. Linear and quadratic "year’ variables
were statistically significant and their signs indicate that the rice farms surveyed ex-
perienced both technological regress and progress, i.e. a period in which rice produc-
tivity declined was followed by a period in which rice productivity increased.

As for crop management, statistically significant positive effects were found between
Ya and potassium (K), seed, seed? and crop establishment method. K use was an
important production input not only due to its linear and positive effect on Ya but also
due to the statistically significant negative interactions with seed, crop establishment
method and variety. The effect of seed use on Ya was positive and increased with
higher levels of seed use. As for the crop establishment method, fields in which
rice was manually transplanted exhibit greater Ya than fields in which the crop was
direct seeded. There was no significant linear and quadratic effect of nitrogen (N) on
Ya. However, the significant effects of N x season and N X herbicide interactions
indicate that the effect of N was season-dependent (i.e. Ya increased with increasing
levels of N in the DS) and less positive when herbicide use was high (i.e. greater yield
responses to N occur when lower amounts of herbicides are applied), respectively. In
addition, the effect of N2 became significant when timing variables are included in
Model 2.
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Explaining the efficiency yield gap

The mean efficiency yield gap and its frequency distribution were similar in the WS
(26.5%, Figure [3.3)A) and DS (25.4%, Figure 3.3B). In both seasons, there are few
fields which have an efficiency yield gap < 5% while most of the fields exhibit an
efficiency yield gap of 5 - 30%. However, there are also fields in which the effi-
ciency yield gap is greater than 50%, which suggests that management is performed
inefficiently.

The mean Ygy is 5.1 and 5.7 t ha—! in the WS and DS, respectively (Figures
and @D). As expected, YTgx was on average greater in the DS than in the WS
most likely because of the more favourable growing conditions during this time of
the year in terms of solar radiation and temperature. From these estimates, a mean
efficiency yield gap for rice-based farming systems in Central Luzon of 1.3 t ha™!
was calculated for both growing seasons. As observed in Figures[3.3[E and[3.3F, fields
with greater Ya exhibited a lower efficiency yield gap.

The total number of fertiliser applications had a statistical significant negative effect
on the efficiency yield gap whereas the effects of the total number of pesticide ap-
plications were not statistically significant (Table [3.1). The number of splits affects
the agronomic use efficiency of the inputs used but a high number of applications
does not necessarily imply smaller efficiency yield gaps, since the timing of the op-
erations is crucial as well. The timing of the first and second fertiliser applications
were statistically significant at 5%. The efficiency yield gap was negatively related
to the timing of the first fertiliser application. This indicates that fields in which fer-
tiliser was applied at earlier dates exhibited relatively greater efficiency yield gaps
than fields which received fertiliser at later dates. The opposite was true for the tim-
ing of the second fertiliser application. As for pesticide applications, the coefficients
for both timing variables were positive and statistical significant at 1%, which indi-
cates that fields which received an earlier application of pesticides exhibited a lower
efficiency yield gap as compared to fields in which biotic control was done at a later
timing.

The effect of crop establishment date was not included in the stochastic frontier anal-
ysis due to incomplete data, but its variability across farmers’ fields may also partly
explain the efficiency yield gap. As can be observed in Figure [BI] (Supplementary
Material), crop establishment dates varied widely and most did not coincide with the
sowing date for which Yyr was achieved.
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Figure 3.3: Efficiency yield gap for lowland irrigated rice-based farming systems in Cen-
tral Luzon, Philippines: A) and B) show the distribution of the efficiency yield gap; C) and
D) illustrate the relationship between Yrgx and Ya (solid lines are the 1:1 and 1:4 lines)

and E) and F) provide its magnitude for each

rice field analysed in the WS (n = 827) and

DS (n = 579), respectively. Dashed lines in A) and B) are the mean efficiency yield gap
(%) and in C) and D) the mean Ya and Y1gx (t ha—1); solid lines in E) and F) are fitted

polynomial regressions.
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Effect of soil properties

The only difference between the production frontier of Model 3 and 4 is the inclusion
of soil variables in Model 4, which were all non-significant. In Model 3 only the
parameter estimate for seed and season were statistically significant, while in Model
4 the parameter estimated for potassium was also statistically significant. Differences
in parameter estimates between Model 1 and Model 3 were expected a priori because
Model 1 was estimated using data from a much wider number of years.

The Y1gx values of Model 3 and 4 were close to the 1:1 line, with most values lower
for Model 4 (Figure[3.4]A). Model 3 slightly overestimated the efficiency yield gap as
compared to Model 4 (Figure[3.4B) and the average difference in efficiency yield gap
between the models was ca. 1.5% (Table [3.1). These indicate that for a proper esti-
mation of the efficiency yield gap for rice farming systems in Central Luzon variation
in soil types and properties was of minor importance. In addition, the discrepancy in
absolute terms between efficiency yield gaps estimated by both models increased as
the magnitude of the efficiency yield gap increased.

3.4.2 Resource yield gap
Resource yield gaps from a production perspective

A mean resource yield gap of 1.0 and 1.3 tha~! in the WS and DS, respectively, were
estimated for the multiple input stochastic frontier presented in Table [3.1] (Figures
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Figure 3.4: Effect of field-specific soil proprieties on a) Ytgx and b) efficiency yield gaps
of rice-based farming systems in Central Luzon for the 2011 WS and 2012 DS. Further
information about the specification of "Model 3” and "Model 4’ is provided in Table@
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B-3]A and [3.5B). This suggests that sub-optimal quantities of one or more input, i.e.
the ones which are statistically significant in Table 3.1} were applied in average and
lowest yielding fields. N-specific resource yield gaps are discussed below.

Yield responses to N applied were clear in the 2012 DS but not evident for the 2011
WS (Figures 3.5IC and [3.3D). The yield range observed for Yrtgyx at specific N ap-
plication levels indicates that there were other limiting factors to production apart
from N and it justifies the use of a multiple input frontier approach. Sub-optimal N
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Figure 3.5: Resource yield gap for lowland irrigated rice-based farming systems in Central
Luzon, Philippines: A) and B) illustrate the distribution of the resource yield gap across the
period 1979 - 2012 (WS, n =902 and DS, n = 609) ; and C) and D) show the relationship
between N applied (kg ha~!) and Ytgx and Ya (t ha—!) for individual rice fields in 2011
WS and 2012 DS, respectively.
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application resulted in a mean resource yield gap of 0.8 and 1.2 t ha—! in the WS
and DS, respectively (data not shown). In addition, 317 and 140 fields had a resource
yield gap due to N equal to zero in the WS (n = 902) and DS (n = 609), respectively,
because N application levels in these fields were equal to or greater than the mean N
application used in the highest-yielding fields.

Nutrient-specific resource yield gaps

There was a large variation in rice yields and N, P and K application rates among
fields. No yield response to applied fertilisers was observed in the WS whereas there
was a positive yield response in the DS (Figure [3.6). Rice yields ranged between
2.0 and 5.3 t ha—! during the 2011 WS and 2.6 and 7.9 t ha—! during the 2012 DS.
Fertiliser application rates varied from 25 - 250 kg N ha=!,0-95 kg Pha~! and 0 -
55 kg K ha~!. The ranges in rice yields, N, P and K use reported for the period 2011
WS - 2012 DS were similar for the other years included in the household survey.

Fertiliser application rates to achieve Yyr and Yrp during the 2011 WS were not
statistically different (Figures [3.6A, and 3.6C). N, P and K use in both highest
and lowest yielding fields were similar in this period: 103 vs 83 kg N ha™!, 28 vs
22 kg Pha—! and 21 vs 16 kg K ha~!. Differences in N use between Yyr and Yif
were statistically significant only in the first three WS years (1979, 1982 and 1986).
Statistically significant differences for P use were found for five WS years (1979,
1986, 1990, 1994 and 1999) and for K use in only two WS years (1986 and 1999).
We can conclude that although there seems to be a resource yield gap in the WS, it is
rather small and there is no relationship between N, P and K use and rice yield, and
these inputs are generally not limiting production during this growing season.

Differences in N and K application in the 2012 DS between highest and lowest yield-
ing fields were statistically significant (Figures[3.6D and[3.6F). This was also the case
for the DS years 1980, 1991, 1995 and 2004. The highest yielding fields received a
greater P application than the lowest yielding fields but the difference was only sig-
nificant in 1980 and 2004. On average, approx. 188 kg N ha~!, 67 kg P ha—! and
49 kg K ha—! were applied in highest yielding fields during 2012 DS as compared to
approx. 79 kg N ha=!, 21 kg P ha—! and 9 kg K ha~! in the lowest yielding fields.
These results indicate that highest yielding fields exhibited high(er) yields in the DS
partly because they received a high(er) N, P and K application rate.
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3.4.3 Technology yield gap
Magnitude and temporal variation

No major differences in Yn were observed across the four soil types used in the simu-
lations hence, results are presented only for the ’clay’ soil which is the most common
soil type across the fields sampled (Silva et all [2014). The simulated production
frontiers captured well the technological means employed by farmers in terms of N
and water management as most Ya values were smaller or equal to the simulated Yn

(Figure[3.7).

The magnitude and variability of Yp, Yn, Yyr and Ya is presented for four different
periods in Figure Yp was always higher in the DS (8.2 - 9.8 t ha™!) than in the
WS (6.0 - 7.6 t ha™ ). Similarly, Ygr was also always higher in the DS (6.0 - 7.9 t
ha—') as compared the WS (5.1 - 6.8 tha™1).

The technology yield gap was much larger in the DS (0.3 - 3.2 t ha~!) than in the
WS (0.3 - 1.8 t ha~!). A particularly small technology yield gap was estimated for
the WS periods prior to 2003, i.e. 0.3 - 0.9 t ha—!, but it increased to about 1.6 -
1.8 t ha—! during the most recent WS periods. This is due to the large Yp simulated
for 2003 WS (7.6 t ha—') and the small Yyr observed in 2011 WS (5.3 t ha—!). For
the DS periods, Yp was always far greater than Yyp except for 2012 DS. The small
technology yield gap estimated in 2012 DS, i.e. 0.3 tha™?, is due to a low simulated
Yp of 8.2 tha~! and a high observed Yyg of 7.9 t ha—*!.

The response of simulated yields to N applied is in agreement with the law of dimin-
ishing returns (Figure [3.7). Under irrigated conditions, N application rates of 120 -
150 and 180 - 200 kg N ha~! seemed necessary to achieve Yp of IR72 in the WS
and DS, respectively. This level was even greater for NSIC Rc222: 180 - 200 kg N
ha—! in the WS and 250 - 300 kg N ha~! in the DS, respectively. N application rates
greater than such thresholds (i.e. resource yield gap due to N equal to 0) are not likely
to result in further yield responses. In most of the years, N application rates observed
in fields which achieved Yygr were far below the optimal N application rate required
for Yp which partly explains the technology yield gap.

Technological change due to varietal shift

Different technologies, e.g. varieties, are characterized by different production fron-
tiers and each of them has its specific efficiency, resource and technology yield gaps.
This situation is illustrated in Figure [3.8] for the period 2003 - 2004 in which both
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Mv3 (benchmarked by IR72) and Mv4 (benchmarked by NSIC Rc222) varieties were
cultivated in similar proportions.

Yp of IR72 was 6.0 and 8.7 t ha~! during the 2003 WS and 2004 DS, respectively.
For the same period, Yp was much larger for NSIC Rc222: 7.6 and 9.8 t ha™!,
respectively. The difference in genetic potential between the two varieties indicates
that it is appropriate to consider variety-specific production frontiers in the estimation
of the technology yield gap for the period in which the varietal shift occurred.

The technology yield gap observed for Mv3 varieties was 0.7 and 2.2 t ha~! and
for Mv4 varieties 1.8 and 2.8 t ha—! in 2003 WS and 2004 DS, respectively (data
not shown). The larger technology yield gap of Mv4 varieties observed in both sea-
sons can be explained by the relatively similar Ya between Mv3 and Mv4 varieties as
compared to the large differences in Yp of IR72 and NSIC Rc222. In addition, yield
responses to N application were variety specific, i.e. greater N levels are required to
achieve Yp of Mv4 than of Mv3 varieties. This differentiated N management was not
clear in the farmers’ N management practices (mean difference in N application be-
tween Mv3 and Mv4 varieties was ca. 10 kg N ha—! in both 2003 WS and 2004 DS),
which further explains the larger technology yield gap estimated for Mv4 varieties.
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Figure 3.8: Technological change due to varietal shift in A) 2003 WS and B) 2004 DS
for rice farming in Central Luzon, Philippines. Production frontiers (Yp and Yn) were
computed using ORYZA v3 and Ya are actual farmers’ yields in Central Luzon.
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3.5 Discussion

3.5.1 Explaining rice yield gaps in Central Luzon

The mean rice yield gap was 3.2 tha™! in the WS and 4.8 t ha~" in the DS (Figure[3.9]
and Table[3.2)). These yield gap estimates are slightly lower than the ones reported by
Laborte et al.| (2012)) which can be explained by the longer time span of the current
analysis and different input weather data used for the simulation of Yp (more pre-
cisely there were some high/unrealistic solar radiation values in the weather station
used by |Laborte et al.[|(2012), data not shown).

Our analysis showed that genetic yield potential progress in rice based-farming sys-
tems of Central Luzon was more pronounced than yield progress over the period
1979 - 2012. Our estimates of Yp for IR72 during the WS were on average 6.1 t
ha—! as compared to 8.7 t ha—! during the DS, while for NSIC Rc222, a Yp of 7.4
and 9.6 t ha=! was simulated for the WS and DS, respectively. These Y values are
well within the ranges of 6.0 - 8.0 t ha™! in the WS and 9.0 - 11.0 t ha™! in the DS
simulated by |Angulo et al.|(2012) and Dobermann and Witt| (2004). As for Ya, farm-
ers’ yields were 3.5 t ha—! in the WS on average with no temporal trend during the
period 1979 - 2012 (Figure [3.9)A; Table Supplementary Material) while a slight
increase from 3.9 tha—! in 1980 up to 4.8 tha—! in 2012 was observed during the DS
(Figure [3.9B; Table B2} Supplementary Material). Yield stagnation in the WS may
be associated with low input use due to climatic risk (i.e. typhoons) which is further
exacerbated by the fact that many farmers cultivate rice for home consumption rather
than to maximize rice production.

A mean efficiency yield gap of 1.3 t ha~! was estimated for rice farming in Cen-
tral Luzon (Figures and [3.3D) with the significant tendency to decrease during
the period 1979 - 2012 (Figure [3.9). Only minor differences in the efficiency yield
gap (ca. 1.5%) were observed when soil properties were explicitly included in the
stochastic production frontier (Table [3.1). The efficiency yield gap was associated
with sub-optimal timing of application of fertilisers and pesticides. The average tim-
ing of the first and second fertiliser application were 19 and 41 DAT and roughly
30% of the fields surveyed received a single fertiliser application while the majority
of fields (54%) received two. In contrast, four N-fertiliser splits are usually recom-
mended for rice cultivation in Southeast Asia with the first application up to 10 DAT
and the second at panicle initiation i.e. about 40 DAT (R. Buresh, personal com-
munication). Our findings partially contradict the technical recommendation since
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fields which received the first fertilisation later than 19 DAT had smaller efficiency
yield gaps than those fields with an earlier first fertilisation (Table [3.1)). This may be
due to the fact that hardly any farmer is performing the four N applications recom-
mended and in that case fertiliser applications close to panicle initiation may result
in greater rice yields than applications right after transplanting. In addition, the di-
versity and variability in biotic factors make it very hard to determine the optimal
timing of operations aiming at minimizing the impact of pests and diseases. Multi-
level and species-specific control mechanisms should be implemented (Savary et al.|
2012) and insecticides may not be applied at all (Heong|,2014)). Although not directly
tested in our analysis, we expect that differences in crop establishment dates across
fields may also explain part of the efficiency yield gap particularly in the DS (Figure
BT} Supplementary Material).

The mean resource yield gap was rather small with a value of 1.0 and 1.3 t ha=! for
the WS and DS, respectively (Figure[3.9). N, P and K application rates explained part
of the yield differences observed between highest and lowest yielding fields in the DS
but not in the WS (Figure [3.6). This illustrates that macro-nutrients are available to
farmers in the region but they were not being used with the optimal rates from a
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Figure 3.9: Trends in Yp, Yyr, YTex and Ya during the A) WS and B) DS for lowland irri-
gated rice systems in Central Luzon, Philippines. Mean Yyr, YTex and Ya were computed
for all the fields included in the household survey, independently of the variety cultivated.
Yp for the period 1984 - 2002 was simulated using IR72 and for the period 2003 - 2012
using NSIC Rc222; no Yp is presented prior to 1986 due to lack of weather data to perform
the simulations. Statistically significant time trends at 5% significance level are presented
as dashed lines.
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production perspective, most likely due to accessibility issues (e.g. cash constraints)
or farmers’ preferences (i.e. risk avoidance vs production maximisation). Indeed,
farmers may not be maximising production due to high input:output price ratios or
climatic risks (e.g. typhoons) to which they are exposed. This situation is further
aggravated by the lack of capital (which determine the capacity for investment in the
beginning of the next growing season) and needs to be put into the context of off-farm
activities and other sources of income. The contribution of these issues for rice yield
gaps and resource use efficiencies will be investigated in Chapter 4.

The technology yield gap represents the highest share of the yield gap in all DS peri-
ods analysed with a mean of 2.2 t ha—! (Figure ). This can be explained possibly
by sub-optimal (relative to Yp) N application in highest-yielding fields and water
and/or other limitations in highest-yielding fields with N application rates greater
than the optimum N required to achieved Yp (Figure [3.7). Water stress may be par-
ticularly important in the DS to explain the difference between Yp and Yyr because
water release and distribution in Central Luzon is mostly controlled by the National
Irrigation Administration (NIA) and disputes for irrigation water among municipali-
ties in the region have been common over the past half-century (Barker and Levinel
2012). During the WS, the technology yield gap has been consistently lower than 1.0
t ha=! prior to the year 2003 and it increased to ca. 1.6 t ha—! in the period 2003
- 2012 (Figure [3.9B). This is most likely associated with the adoption of Mv4 vari-
eties which have greater genetic potential and require far greater N application rates
to achieve Yp (Figure [3.8). In some years, Ya values greater than simulated Yn and
Yp were observed (e.g. Figure[3.7H). Possible explanations are misclassification of
varieties (e.g. in our approach hybrids were classified as Mv4 varieties), particularly
in 2012 DS when 25% of rice area was planted to hybrids (Laborte et al., [2015),
errors occurring during the farm surveys which are filled out based on recall (e.g. un-
realistic yield data given by the farmer) and/or site specific differences in biophysical
conditions.

3.5.2 Methodological considerations

Explaining yield gaps in a quantitative manner, using the theoretical framework pre-
sented in Figure [3.1]is particularly demanding due to the number of interacting and
confounding factors embedded in Ya and requires the application of a combination of
approaches from different disciplines to individual field level data obtained through
farm household surveys. Those include static and empirical models based on econo-
metric techniques (stochastic frontier analysis, Kumbhakar and Lovell, 2000) and dy-
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namic and mechanistic crop growth simulations models (ORYZA v3, Bouman et al.,
2001). The need for combining methodologies built upon different theories poses
considerable methodological challenges and can only be implemented to large and
high quality datasets such as the Central Luzon Loop Survey.

We used stochastic frontier analysis to characterize the production frontier which best
fitted the data and to assess the contribution of the timing component of crop man-
agement to the efficiency yield gap. Agronomists often argue that this methodology
is not appropriate for assessing the limiting factor to production because of its un-
derlying assumptions on the functional form and on perfect substitutability between
agronomic inputs (Zhengfei et al., 2006; van Ittersum and Rabbinge, 1997)). Our
analysis is certainly subject to such limitations. However, we considered a generic
functional form including linear and quadratic terms for each variable and interaction
terms between variables in order to assess how individual inputs affect Ya (Table[3.1).
We deliberately did not include input variables referring to land, labour and capital
in Equation [3.1]since we argue that those variables explain rather than determine rice
yield gaps. Instead, we included explicitly growth-defining, -limiting and -reducing
factors and assess their contribution to Ya. This may not be fully compatible with
the assumption of perfect input substitutability underlying (stochastic) frontier anal-
ysis since agronomic inputs (e.g. nutrients and water) cannot be directly substituted
by each other as they have different biological roles in crop growth. To handle this
methodological drawback, we checked whether the nutrient use efficiencies com-
puted from the household survey were within agronomic meaningful ranges (which
was the case; data not shown), which ensures that Ytgx can be obtained with the
observed nutrient levels. The latter was done with three quadrant plots (van Keulen),
1982) using the survey data and the internal use efficiencies, corresponding to maxi-
mum dilution (and accumulation) of N, P and K in the rice crop reported by |Witt et al.
(1999). In addition, the crop growth simulation model ORYZA v3 could be used to
cross-validate the results obtained with frontier analysis (i.e. check the biophysical
ranges of the production frontier). However, the fact that crop models only incorpo-
rate crop responses to a limited set of inputs plus their high data quality standards and
requirements may hinder their application to a large set of individual farmer’ fields.

The concept of Y g was only explored in this paper from a production perspective
and hence defined as Ygg. Input use in farmers’ fields is often not optimal from a
production perspective because it is related to the availability, accessibility and ef-
fective use of the inputs required. Given inputs are locally available, producers may
still not access them due to capital constraints, intrinsic objectives and cultural pref-
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erences or superimposed (environmental) regulations limiting input use. Therefore,
it is important to put sustainable intensification, and closure of yield gaps, into the
context of the broader socio-economic environment and hence to make explicit exist-
ing trade-offs between production and other objectives. Further manipulation of the
stochastic production frontier combined with optimization routines based on linear
programming could be performed for this purpose.

The use of ORYZA v3 proved useful to determine the technology yield gap. Once
calibrated and properly evaluated, the mechanistic nature of crop growth simulation
models makes them a useful tool to assess causal relationships between yield and N
management. However, this is often translated into high data requirements and stan-
dards referring to the biophysical conditions (weather and soil properties). In addi-
tion, such models assume that P and K are in optimal supply as well as no incidence
of pests, diseases and weeds. These drawbacks could be overcome by following a
target-oriented approach to quantify the required level of P and K (e.g. Janssen et al.,
1990) in combination with expert knowledge to estimate the amount of pesticides
and labour required to achieve a pre-defined target yield. Alternatively, the technol-
ogy yield gap can be explained using methods of frontier analysis (cf/Neumann et al.,
2010) and/or on-farm trials (cf. [Herdt and Mandac, [1981). Following the approach
of Neumann et al.| (2010), frontier analysis can be used in case farm survey data are
available for farming systems across similar agro-ecological regions given that Yp is
achieved in farmers’ fields in at least one region. On-farm trials can be used to test
alternative technologies by closing the resource yield gap of particular inputs (e.g.
water, nitrogen or sowing density) in field conditions. By using this methodology, it
becomes possible to compare not only yield responses to N application but also how
other inputs limit crop yield.

3.6 Conclusion

A theoretical framework was introduced to explain yield gaps in lowland irrigated
rice-based farming systems in Southeast Asia. The approach used recognizes three
partial yield gaps, namely efficiency, resource and technology yield gaps and was
tested for Central Luzon (Philippines) using the Central Luzon Loop Survey (1979 -
2012). The efficiency yield gap captures the influence of timing, spacing and form of
given inputs applied. The resource yield gap is associated with the application rates
of different inputs. The technology yield gap is used as benchmark for comparing
technologies currently employed by farmers with agronomically optimum technolo-
gies which can achieve the climatic potential yield.
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The mean yield gap estimated for the period 1979 - 2012 was 3.2 t ha™! in the WS
and 4.8 t ha~! in the DS (Table [3.2). An average efficiency yield gap of 1.3 t ha™!
was estimated for rice farming in Central Luzon between 1979 - 2012, independently
of the season. This was explained by crop management referring to the timing of the
first and second application of mineral fertilisers and pesticides. The efficiency yield
gap decreased over time; in the WS this could be attributed to a decrease of technical
efficient yields over time and stagnation of actual yields while in the DS this was
due to an increase in actual yields. The mean resource yield gap was small in both
seasons but slightly larger in the DS (1.3 t ha~!) than in the WS (1.0 t ha=—!). A
comparison of N, P and K use across highest and lowest yielding fields indicated that
application of macro-nutrients explains differences between the two groups in the DS
but not in WS, when other (climatic) factors may be at stake. The technology yield
gap was consistently lower than 1 t ha=! in the WS periods prior to 2003 and ca. 1.6
t ha=! between 2003 - 2012. In all DS periods, it represented the largest share of the
rice yield gap with a mean of 2.2 t ha—!. Varietal shift and sub-optimal application of
inputs (e.g quantity of water and N) are the most plausible explanations for this yield
gap during the WS and DS, respectively.

Further research is necessary to understand the importance of farmers’ objectives,
farm resources and socio-economic conditions for rice yield gaps and resource use
efficiency in Central Luzon, Philippines. This should provide further insights about
possible trade-offs between different resource allocation strategies (e.g. maximising
production vs minimising risk) as well as the relationship between crop manage-

Table 3.2: Decomposing the rice yield gap into efficiency, resource and technology yield
gaps in Central Luzon, Philippines (1979 - 2012). Data is presented in t ha=!. The signs
<, > and = stand for significant decreasing, increasing or constant yield gap values over
time, respectively.

Wet season  Dry season Remarks

Efficiency Yg 1.3 (<) 1.3 (<) Untimely application of fertilisers and
pesticides

Resource Yg* 1.0 (<) 1.3 (=) Sub-optimal quantity of N, P and K in
the dry season

Technology Yg° 09 (>) 22(=) Varietal shift and sub-optimal quantity
of inputs

Rice Yg 32(>) 4.8 (<)

“ Data of the resource yield gap refer to the multiple-input stochastic frontier.
® Estimations of the technology yield gap refer to the period 1986 - 2012 only.
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ment and land, labour and capital. Last but not least, it remains unclear what are
the farm-level implications of closing rice yield gaps in terms of rice self-sufficiency
and household income. Insight on this is necessary if one is interested in explain-
ing yield gaps from a socio-economic perspective and in understanding the potential
contribution of sustainable intensification for agricultural development.
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Detailed results about the statistical tests conducted to select the stochastic fron-
tier model which best fitted the data and about the calibration and evalua-
tion of ORYZA v3 are provided as Supplementary Material to the online ver-
sion of this manuscript (https://doi.org/10.1016/j.eja.2016.06.017).  The Cen-
tral Luzon Loop Survey, including the soil survey conducted in 2014, can be
freely accessed in http://ricestat.irri.org/thsd/php/panel.php (household survey) and
http://ricestat.irri.org/thsd/php/survey.php (soil survey).
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Abstract

Understanding the opportunities for sustainable intensification requires an integrated assess-
ment at field, farm and regional levels of past developments. Two hypotheses regarding
current rice production in Central Luzon (Philippines) were developed for this purpose. First,
we hypothesize that there are trade-offs between rice yields, labour productivity, gross margin
and N use efficiency and, second, that farm(er) characteristics and socio-economic conditions
at farm and regional level affect the management practices used by farmers. These hypothe-
ses were tested using two household surveys characterizing rice-based farming systems in
Central Luzon in terms of changes over time (1966 - 2012) and spatial variability. Over the
past half-century there was an increase in the proportion of irrigated fields and adoption of
improved varieties, which allowed the cultivation of a dry season rice crop in Central Lu-
zon. Moreover, transplanting has been replaced by direct-seeding and herbicides substituted
hand-weeding. These resulted in greater rice yields and labour productivity, and contributed
to gradual transition from subsistence to commercial farming systems, as observed in the
increasing proportion of hired labour and rice sold. Our results indicate the existence of a
trade-off between rice yields, labour productivity and N use efficiency as yield levels max-
imising labour productivity and NUE were ca. 25% and 35% lower than climatic potential
yield in the wet and dry season, respectively. At field level, this can be explained by 1)
the use of transplanting as crop establishment method, which resulted into higher yields but
lower labour productivity as compared to direct-seeding, and 2) the high N application lev-
els, which led to higher yields but lower N use efficiency. In contrast, yield levels which
maximised gross margin were ca. 80% of the climatic potential in both wet and dry seasons,
so there was little trade-off between rice yields and economic performance. Regarding the
second hypothesis results were not always conclusive. As an example, N application per ha
was negatively associated with farm size and the timing of the first fertiliser application was
positively associated with household size and with the number of parcels. More intensive
practices, and better farm performance, were recorded in the province at the heart of the ir-
rigation system. We thus conclude that closing rice yield gaps in the production systems of
Central Luzon incurs trade-offs with environmental and social objectives at field and farm
levels but less with economic objectives. However, we could not clearly show whether, and
to what extent, management practices used by farmers are influenced by farm or regional
level constraints.
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4.1 Introduction

Sustainable intensification has been proposed as a strategy to raise productivity and
resource use efficiency, through its focus on yield potential, soil quality and precision
agriculture (Tilman et al.l 2011} |Cassman, |1999). This is particularly relevant in de-
veloping countries where large yield gaps persist (Tittonell and Giller, [2013}; [Laborte
et al.,[2012). Understanding the opportunities for sustainable intensification requires
analysis of possible constraints at field, farm and regional levels. At field level, crop
management packages need to fit farmers’ needs not only in terms of high yields
and resource use efficiencies, but also labour productivity and profitability. At farm
and regional levels, structural changes may be needed to alleviate farmers’ resource
constraints (in terms of land, labour and capital), to ensure equitable natural resource
management and to reduce the biophysical and economic risk of farming.

Yield gap analysis of rice-based farming systems in Central Luzon, Philippines, re-
vealed that crop establishment method (transplanting and direct-seeding), nitrogen
(N), potassium (K) and seed use were significantly related with rice yields (Chapter
3). Moreover, the timing of the first and second applications of fertiliser and pesti-
cides explained part of the variation in the efficiency yield gap, i.e. the difference
between technical efficient and actual yields. Technology yield gaps, defined as the
difference between climatic potential and highest farmers’ yields, were mostly at-
tributed to sub-optimal water and nutrient use as compared to input requirements to
achieve the climatic potential yield. From an agronomic perspective, overcoming
these limiting factors requires the use of *'management packages’, which can achieve
yield levels close to the climatic potential yield while ensuring high resource use effi-
ciency (Savary et al.,|2012; |[Dobermann et al., 2002; Bouman et al., 2001)). Moreover,
these management packages need to suit the livelihoods of smallholder farmers.

An integrated assessment of agricultural systems considering drivers at different
scales can be used as a framework to identify constraints to sustainable intensifi-
cation. This requires developing indicators, which capture different dimensions of
smallholder farming systems and exploring possible synergies, and trade-offs, among
those indicators (Klapwijk et al.l 2014)). In this way, it is possible to assess whether
technically feasible management packages for yield gap closure fit the needs and
characteristics of smallholder farmers, the farm level consequences of using a partic-
ular management package, and the ideal management package to narrow the yield gap
considering multiple objectives and resource constraints. In addition, it is necessary
to understand how factors at farm and regional levels interact with crop management
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practices (e.g. resource availability, farm(er) characteristics and socio-economic con-
ditions), as these define the ’operating space’ for agricultural production (for Asian
agriculture see e.g. Studwell, 2013]; [Takahashi and Otsukal |2009; [Estudillo and Ot-
sukal, {1999; |[Ledesmal, [1980).

The objective of this paper is to identify constraints and stimuli to intensification of
rice-based farming systems in Central Luzon, Philippines at field, farm and regional
levels. The two research questions we aim to answer are: 1) are there trade-offs
between rice yields, labour productivity, gross margin and N use efficiency for the
management packages used by farmers, and if so, what are their magnitudes, and 2)
how do farm(er) characteristics and socio-economic conditions at farm and regional
levels affect farmers’ management practices and the aforementioned indicators? For
these purposes, we analysed a panel household survey of about 100 rice farmers dur-
ing 1966 - 2012 (Central Luzon Loop Survey, Moya et al,2015) and an unpublished
cross-sectional household survey of 1,800 rice farmers conducted in 2013 - 2014
(Metrics and Indicators for Tracking in GRiSP) in Central Luzon, Philippines.

4.2 Conceptual framework

For irrigated conditions, the yield gap can be defined as the difference between cli-
matic potential yield (Yp) and actual yields (Ya). Farmers can reduce yield gaps
through improved crop management but this may not be their only objective. More-
over, yield gaps and associated management packages need to be evaluated in terms
of different indicators and explained by farm and regional conditions (Figure [.1).
We formulated two hypotheses for this purpose, which are explained below.

The first hypothesis is that management practices associated with small yield gaps
perform sub-optimally in terms of labour productivity, gross margin and N use ef-
ficiency (cf. |van Ittersum et al., 2013} Lobell et al.l 2009; |(Cassman et al., [2003).
Trade-offs between indicators are partially the result of the management packages
used (step 1 in Figure . 1)). In case of rice, modern varieties can achieve higher Ya
(and Yp) than traditional varieties but these also have more labour requirements for
crop management, harvesting and threshing (Estudillo and Otsuka, |1999). Herbicide
use can result in greater Ya and labour productivity, as compared to hand-weeding, as
it allows for more timely control of weeds due to lower labour requirements. As for
crop establishment, significantly higher Ya was observed for transplanted compared
to direct-seeded rice in Chapter 3, while direct-seeding requires less labour for crop
establishment but more labour for weed control (Pandey and Velascol [2002)). These
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examples illustrate how interactions between management practices at field level can
affect performance at farm level.

We expect that closing yield gaps is associated with higher revenues, costs, labour
requirements and fertiliser application levels (step 2 in Figure @.1)). Trade-offs be-
tween maximising gross margin and minimising yield gaps are likely to occur when
output prices are low and input prices are high. In addition, closing yield gaps re-
quires greater amount of labour for crop management activities such as fertilisation,
weeding, pest control and harvesting but adoption of capital intensive, labour-saving,
technologies (e.g. tractors, herbicides and mechanical threshers) can mitigate poten-
tial trade-offs between high Ya and high labour productivity. Finally, closing yield
gaps in lowland irrigated rice systems requires relatively high amounts of N (150 -

Socio-economic conditions
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Figure 4.1: Integrated assessment of rice yield gaps and associated management practices
in Central Luzon, Philippines. The relationship between management practices and rice
yields is detailed in Chapter 3. Temporal dynamics are not explicitly represented in this
figure but were taken into account throughout the analysis. In this paper, we assess how
different management packages perform in terms of different indicators (step 1), the ex-
istence of trade-offs between closing yield gaps and optimising other farmers’ objectives
(step 2), and how farm level determinants and regional conditions affect rice yield gaps
and farm performance (step 3) and management practices (step 4).
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200 kg N ha'!, Dobermann et al., 2000), which, following the law of diminishing
returns, results in sub-optimal N use efficiency (Cassman et al., [1998}; Kropft et al.,
1993) and increases the risk of crop failure due to lodging (Lampayan et al., 2010).

The second hypothesis is that management practices used by farmers, and hence the
variability observed in farm level indicators, can be explained by the availability of
farm resources (land, labour and capital), farm(er) characteristics and regional condi-
tions (Villano et al., [2015; [Takahashi and Otsuka, [2009; [Estudillo and Otsuka), [1999;
Kerkvliet,[1990). This is depicted in steps 3 and 4 in Figure.T] For instance, accord-
ing to [Erguiza et al.[|(1990) supervision of hired labour, cost of transplanting labour
and use of credit were among the most important determinants of the crop establish-
ment method used by rice farmers in Nueva Ecija. In Central Luzon, farmers adopted
direct-seeding and increased mechanisation (Moya et al., [2004) perhaps due to the
increasing importance of capital and non-rice income in the region (Takahashi and
Otsuka, |2009). We expect non-rice income to be positively associated with fertiliser
use because farmers are more likely to purchase fertilisers if more capital is available.
Moreover, we anticipate that smaller farm size and greater labour availability lead
to more timely crop establishment and fertiliser application dates. Finally, regional
conditions can affect the land preparation and crop establishment dates because they
determine the pattern of water release and availability (Tabbal et al.l [2002; |Loevin-
sohn et al., [1993)). They may also affect the farm level indicators due to differences
in water accessibility (Barker and Levinel [2012)) and implementation of land reform
programs (Ledesma, [1980).

Understanding the constraints to intensification of crop management requires an in-
tegrated assessment considering drivers at different scales because farm and regional
level conditions are likely to influence the management practices adopted by farmers,
and their performance. As constraints are not static, temporal trends should also be
analysed (Falconnier et al., 2015; |Valbuena et al., 2015; Takahashi and Otsukal, 2009;
Irdizoz et al.| 2003).

4.3 Material and methods

4.3.1 Household surveys

Data from two different household surveys conducted by the International Rice Re-
search Institute (IRRI) in Central Luzon were used in this study (Figure §.2). Dou-
ble rice cropping is common in the region with a wet season (WS) crop cultivated
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between June - July and September - October and a dry season (DS) crop cultivated
between December - January and March - April. The WS crop is cultivated with or
without irrigation while the DS crop is only possible with irrigation.

The Central Luzon Loop Survey (CLLS) was collected at farm level every 4 to 5 years
during 1966 - 2012 with the objective of monitoring changes over time in crop man-
agement and household characteristics in rice-based farming systems (Moya et al.,
2015). The survey covers the provinces of Bulacan, La Union, Nueva Ecija, Pam-
panga, Pangasinan and Tarlac. The rice fields surveyed were selected at a specific
distance along the main highway. On average, 103 and 59 households cultivating
rice were interviewed, respectively, in the WS and DS. The sample size in the DS is
lower than in the WS because fewer households cultivated rice during the former, due
to water-related constraints and/or cultivation of other crops. Trends in crop manage-
ment, farm performance indicators and farm/regional level conditions can be found

in Figure [4.3]

A more comprehensive household survey was conducted in 2014 under a project that
aimed to provide 'Metrics and Indicators for Tracking in GRiSP’ (MISTIG, GRiSP
stands for Global Rice Science Partnership). A three-stage sampling procedure was
used to identify the households to be surveyed in the top four rice producing provinces
of Central Luzon (Bulacan, Nueva Ecija, Tarlac and Pampanga). Fifteen municipal-
ities with more than 2,000 ha of total rice area were randomly selected with the
number of municipalities selected per province proportional to the rice area in the
province. In each municipality four villages were randomly selected. In each vil-
lage, twenty farmers were identified using a systematic sampling procedure, which
resulted in a sample size of 1,800 rice farming households. A semi-structured ques-
tionnaire was administered using tablets to gather crop management information for
the largest rice parcel and farm level conditions referring to the 2013 DS and 2014
WS.

4.3.2 Farm level indicators

Four principles were used to describe different dimensions of rice farming in Central
Luzon relevant for farmers and regional stakeholders. Those were rice production,
farming drudgery, economic viability and environmental sustainability. There are
slight differences in the calculation of the indicators depending on the household
survey because the CLLS contains information for all plots cultivated by a household
(60% of the households cultivated more than one field per season, out of which 82%
cultivated two fields) while the MISTIG survey contains information only for the
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largest parcel cultivated by each household. The importance of each principle and
the calculation of the different indicators are explained below.

Rice production. Increasing rice production is important not only to obtain greater
economic returns but also to meet rice self-sufficiency requirements at household
level. Rice production is represented by rice yield (Ya, t ha—!). In case of the CLLS,
in which data for multiple fields in a single farm are available, Ya was calculated
as the quotient between rice production at 14% moisture content and the sum of the
area of the individual rice fields cultivated by each single farm. For the MISTIG
survey, Ya refers to the yield level reported by each farmer for his/her largest parcel
and this was standardized at 14% moisture content. Climatic potential yields (Yp)
were simulated with ORYZA v3 for the period 1984 - 2012 using local weather and
soil data and taking into account farmers’ sowing dates and changes in rice varieties
(Chapter 3).

Farming drudgery. The drudgery of farming is represented by the indicator labour
productivity (kg rice labour-day~!, 1d). Increasing labour productivity in Central Lu-
zon has been achieved partly through adoption of labour-saving technologies, which
contribute to a reduction of the tedious and exhausting farm work and frees house-
hold members to engage in off-farm activities. Labour productivity was calculated
for the two household surveys as follows:

6
Total Labour; ((dha™!) =  _ Labour; ; (Id ha™) (4.1)
J
Rice yield; (kg ha=!)
Total Labour; (Id ha—1)

Labour productivity; (kg Id™*) = 4.2)

where ¢ stands for an individual farm in case of the CLLS, or field in case of the
MISTIG survey, and j stands for management operations (i.e. land preparation, crop
establishment, fertiliser application, pesticide/herbicide application, hand-weeding
and harvesting/threshing). Data for hand-weeding were not available in the MISTIG
survey and hence, labour productivity values may be over-estimated from the avail-
able data. ’Labour’ includes both family and hired labour.

Economic viability. Rice farming is an important activity in Central Luzon and its
economic viability, as a source of income for rural households, depends on the returns
provided by rice cultivation. For example, assuming a gross margin maximising
farmer behaviour, it is likely that a low input-output price ratio will stimulate closure
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of (resource) yield gaps in farmers’ fields while a high input-output price ratio will
hinder the use of inputs, resulting in an economic optimum yield below Yp (van Dijk
et al., 2017; Koning et al.l [2008). Thus, gross margin (PhP ha~') was used as an
economic indicator and estimated as follows:

Revenue; (PhP ha™!) = Rice Kept; (kg ha™') x Rice Price; (PhPkg™')  (4.3)

4
Total Cost; (PhP ha™!) = Z Materials; ,,, (PhP ha~ ') +

m
6

+ Z Labour; ; (PhPha™') +
J
+ Land Rent; (PhP ha™!) (4.4)

Gross Margin; (PhP ha—') = Revenue; (PhP ha~!') — Total Cost; (PhP ha™!)  (4.5)

where ¢ stands for an individual farm in case of the CLLS, or field in case of the
MISTIG survey, m for the materials used in rice production (i.e. seeds, fertilisers,
pesticides and water) and j stands for management operations (i.e. land prepara-
tion, crop establishment, fertiliser application, pesticide/herbicide application, hand-
weeding and harvesting/threshing). Data for hand-weeding were not available in the
MISTIG survey but this may hardly affect gross margin estimates because costs of
family labour were not considered in the calculation (see below). ’Rice Kept’ corre-
sponds to the total rice harvested minus the amount of rice used to pay in kind the har-
vest and threshing operations per unit area and *Paddy Price’ is the unitary rice price
received by each household. Historical prices reported in the CLLS were standard-
ized to 2005 prices using the consumer price index (Central Bank of the Philippines,
consulted on 19-10-2014) while prices from the MISTIG survey are reported 2014
prices. Our estimates of gross margin correspond to a ’best case scenario’ because
1) the quantity of rice sold by each household is generally lower than the quantity
of rice kept after harvest, as households may save rice for seed or may store it for
home consumption and 2) family labour was not explicitly considered as a cost in the
analysis as we assume farmers have a non-economic incentive to grow rice (e.g. rice
self-sufficiency at household level).

Environmental sustainability. Nitrogen use efficiency (NUE) is one relevant indica-
tor to assess the environmental sustainability of rice farming because rice cultivation
in the lowland areas of Southeast Asia is an intensive activity, with two to three
rice crops grown in a single year (Dobermann et al., 2002). Moreover, its long-term
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productivity and sustainability depend heavily on the use of mineral fertilisers, par-
ticularly N (Pampolino et al., 2008} Dobermann et al., 2000). For a given N input,
a low NUE points to high environmental losses while a high NUE reduces this risk.
NUE (kg N output kg~! N input) was estimated as follows:

N Output; (kg N ha™!) = Rice Yield; (kgha™') X N concentration (% N) (4.6)
N Input; (kg N ha™!) = Fertiliser N; (kg N ha™') + Indigenous N (kg N ha=) (4.7)

N Output; (kg N ha™')

N use efficiency; (ke Nkg™! N) =
yi e Nkg = N) = ) out, (ke Nha 1)

(4.8)

where ¢ stands for an individual farm in case of the CLLS, or field in case of the
MISTIG survey. We assumed "N concentration’ to be 1.1% in the rice grains (Witt
et al., [1999). "N input’ included N application by farmers as mineral fertiliser and
"Indigenous N’ from irrigation sediments, rain dust and biological N fixation (ca. 50
kg N ha~! crop~!; [Dobermann, 2000). NUE values ranging between 0.6 - 0.7 kg
N kg=! N are considered optimal in irrigated lowland rice farming systems (Hae-
fele et al.l [2008], 2003; |Witt et al.l [1999). However, values above this range can
be observed at very low N application rates or in very efficiently managed systems
(Dobermann, [2005}).

4.3.3 Step 1: Performance of management packages

Management packages used by rice farmers were summarized from the CLLS and
their performance in terms of yield, labour productivity, gross margin and N use
efficiency (step 1 in Figure [d.T) was assessed using linear mixed models.

Identification of management packages

The management packages used by farmers during the past half-century were iden-
tified through consecutive subsets of the CLLS. We analysed management packages
rather than individual practices to take into account interactions between different
management practices (e.g. [Lampayan et al., 2010; |[Lantican et al., |1999; Mandac
and Flinn, [1985)). First, irrigated fields were separated from rainfed fields to capture
differences in water management. Second, fields cultivated with traditional (Tv) or
modern rice varieties (Mv) were differentiated. Further distinction within Mv was
not done because of little temporal overlap between Mv3 and Mv4 type of varieties
(Figure {.3(C; see [Launio et al., [2008] for a definition of Mv3 and Mv4). Third,
the crop establishment method was used to differentiate between transplanting and
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direct-seeding. Fourth, weed management was used to separate fields in which hand-
weeding was performed or herbicides were applied. Finally, fields with High N
applied’ (i.e. with N application equal or higher than the overall mean N application
level) were separated from fields with "Low N applied’ (i.e. lower than the overall
mean N application). The timing of management operations was not considered in
this categorization of the management packages for the sake of simplicity. Descrip-
tive statistics of input use, farm resources and farm(er) characteristics per manage-
ment package are provided in Tables [B3|and [B4|(Supplementary Material).

Linear mixed model

The performance of management packages (with at least 10 observations) in terms of
the different performance indicators was assessed using a linear mixed model, consid-
ering management package and province as fixed effects and year within household
as random effects. Province effects were included to capture differences in access
to irrigation, markets (e.g. distance to the capital) and innovations (e.g. distance to
research center). Year within household was included to capture both year-specific
climatic conditions and trends in technology use for each household. Season effects
were taken into account by fitting the same model to the WS and DS data separately
to control for biophysical differences (e.g. solar radiation and rainfall). The linear
mixed models were fitted using the R package nlme (Pinheiro et al., 2016) and pre-
dicted means and standard errors for each management package were obtained with
the R package predictmeans (Luo et al., |2014). Differences were assessed at 5%
significance level.

4.3.4 Step 2: Trade-off analysis between indicators

Trade-offs between indicators (step 2 in Figure {.T)) were firstly assessed by compar-
ing best-performing farms with respect to each indicator, and secondly by comparing
all farms using boundary line analysis.

Comparison of best-performing farms

The top 10™ percentile of Ya, labour productivity, gross margin and NUE were used
to identify different *farm types’, which we defined as the farms following a spe-
cific objective. For instance, the top performing farms in terms of rice yield (i.e.
the farms with Ya above the 90" percentile of this indicator) were classified as *pro-
duction maximising farms’. ’Labour productivity maximising farms’, ’gross margin
maximising farms’ and "'NUE maximising farms’ were defined following the same

98



Constraints to intensification in Central Luzon, Philippines

approach. One-way analysis of variance (ANOVA) and Tukey’s test were used to
assess statistically significant mean differences in farm level indicators between the
four farmers’ objectives considered. This analysis was done with the CLLS for the
WS and DS separately, using pooled data from all the years.

Boundary-line analysis

The relationship between Ya and the other indicators was studied using boundary
line analysis (Fermont et al., 2009; Shatar and McBratneyl |2004; [Schnug et al., [1996;
Webbl, [1972). The underlying reason for using this benchmarking method was that
fields/farms with similar Ya may have different labour productivity, gross margin or
NUE due to differences in e.g. mechanisation levels, input-output prices and N man-
agement, respectively. Therefore, this method was applied to 1) identify the optimal
level of an indicator for each given Ya, 2) estimate the Ya with the maximum level
of each performance indicator and 3) assess how differently farms with similar Ya
performed in terms of the different indicators. In this way, we can obtain quantitative
insights into synergies and trade-offs between increasing Ya and optimising other
indicators using individual farm data. The boundary lines were estimated for the
WS (irrigated and rainfed) and the DS (irrigated) data separately in three consecutive
steps, which are described in the Appendix (Section 4.8). We used the MISTIG sur-
vey in this analysis to avoid confounding effects of technological change over time
and because it is the most recent, representative and comprehensive household sur-
vey available for the production system studied. Data manipulation and model fitting
were performed using R software (R Core Team, [2013)).

4.3.5 Steps 3 & 4: Drivers of indicators and crop management

The drivers of farm level indicators (step 3) and crop management practices (step 4 in
Figure were analysed using multiple linear regressions applied to the CLLS with
pooled data over different years. The intercept and coefficients of the different models
were estimated using ordinary least squares (OLS). The dependent variables consid-
ered were Ya (t ha'!), labour productivity (kg 1dh), gross margin (PhP ha!) and NUE
(kg Nkg'! N), as well as N use (kg N ha™), timing of first fertiliser application (days
after sowing, DAS) and crop establishment date (day of the year, DOY). The three
management variables were aggregated at the farm level using the mean across dif-
ferent fields. The aforementioned management practices were selected because they
explain the resource and efficiency yield gaps (Chapter 3). The independent vari-
ables were chosen to capture a range of farm(er) characteristics and socio-economic
conditions, as specified in Table Endogenous variables to each indicator were
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removed prior to model estimation (e.g. paddy price and gross margin). Model esti-
mation was done for the WS and DS separately using the Im function of R software,
after checking for correlations between independent variables. All variables were
In-transformed so that parameter estimates can be interpreted as elasticities, i.e. per-
centage change of the dependent variable in case of a 1% change in the independent
variable. Data on off-farm and other income, which together are defined as non-rice
income, were not collected for the years 1967 DS, 1971 DS, 1974 WS, 1975 DS,
1980 DS, 1995 DS, 1998 DS, 1999 WS and 2003 WS (Figure @ hence observa-
tions from these years were excluded from the regression analysis.

In case of categorical management factors (e.g. crop establishment method), com-
parisons of means of farm and regional variables across groups of farms with con-
trasting management practices were performed using ¢-tests. Farm and regional vari-
ables were [n-transformed prior to the analysis to homogenize variances between the
different groups. Further group comparisons between farms using herbicide or hand-

Table 4.1: Description of the independent variables used in the multiple regression analy-
sis.

Variable Unit Description

Farm size ha Size of land cultivated with rice

Parcels no. Number of parcels cultivated with rice

Rented % Proportion of rented land cultivated with rice
Shared % Proportion of sharecropped land cultivated with rice
Hired labour % Proportion of hired labour for rice production
Power factor ~ Source of farm power used for land preparation;

levels = Animal, Animal & Tractor, Tractor
Off-farm income  factor  Income derived from off-farm employment (Y/N)

Other income factor Income derived from remittances, pension, rentals (Y/N)
Household size no. Total number of household members

Gender % Proportion of males in each household

Education yr Years of formal education of the household head
Members no. Number of household members farming their own land,

working as agricultural labourers or working in the
non-agricultural sector

Rice sold % Proportion of total rice production which is sold

Paddy price PhP kg'!  Unitary price of unmilled rice received by each household
Province factor  Province in which household is located (cf. Figure m
Year factor  Year in which the survey was conducted (cf. Figure ‘
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weeding, and all macro-nutrients (N, P and K) or some macro-nutrients (N, P or K)
were performed to gain insights into the resource yield gap. No group comparisons
were performed between Tv and Mv because there is hardly any temporal overlap be-
tween these types of varieties (Figure 4.3/C). Only significant results are reported but
non-significant results are provided in Tables [B5|and [B6| (Supplementary Material).

4.4 Results

4.4.1 Temporal changes in rice farming

The most remarkable temporal changes in management practices, performance in-
dicators, farm(er) characteristics and regional conditions over the past half-century
are summarized in Figure It is worth noting that the time period covered by the
CLLS starts in the year of release of the semi-dwarf variety IR8, which spearheaded
the Green Revolution in Southeast Asia. This contributed to a series of structural
transformations in rice-based farming systems in the region, and particularly in Cen-
tral Luzon, the rice bowl of the Philippines.

The opening of the Pantabangan dam in 1978 contributed to an increase in the propor-
tion of farms using irrigation in the WS and allowed the cultivation of a second rice
crop during the DS (which would not be possible without irrigation and the availabil-
ity of short cycle modern varieties; Figure 4.3]A). Traditionally, farmers used manual
transplanting of rice under flooded conditions to establish the crop but that was grad-
ually replaced by direct-seeding in the beginning of the 1980s (Figure #.3B). This
shift occurred particularly in the DS and only marginally in the WS. However, there
was a sharp increase again in the proportion of farms transplanting rice between 2007
DS and 2012 DS. The adoption of modern rice varieties occurred continuously and
without major setbacks in both seasons (Figure 4.3C): the photo-period sensitive Tv
cultivated in the late 1960s were fully replaced by semi-dwarf Mv1 in the early 1970;
these were replaced by pest- and disease-resistant Mv2 in the late 1970s, which were
further replaced in the late 1980s by Mv3 that have better grain quality and, finally,
Mv4 (that have higher Yp) became dominant in the early 2000s. There was a sharp
increase in the use of herbicides, i.e. less than 10% of the surveyed farms used her-
bicides in 1970 while nearly 80% used herbicides after 1990 (Figure 4.3]D).

Rice yields increased over time in both seasons: Ya was around 2 t ha'! in 1966 WS
and 1967 DS, 3.6 t ha™! in 2011 WS and 5.2 t ha'! in 2012 DS (Figure ). A
statistically significant yield progress was observed in the DS, while in the WS yield
progress was observed up to 1990 and afterwards yields stagnated at ca. 3.8 t ha'l.
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Figure 4.3: Temporal changes in crop management practices (A - D), performance indicators (E - H) and farm(er) characteristics and
regional conditions (I - L) over the past half-century in rice-based farming systems in Central Luzon, Philippines. Further details about
the simulation of Yp in E) can be found in Chapter 3. Dashed lines show statistically significant linear and quadratic regressions and
paddy prices were standardized to 2005 prices using the consumer price index. Temporal changes in household characteristics are
provided in Supplementary Material (Figure @ WS = wet season; DS = dry season. Data source: Central Luzon Loop Survey.
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Yield gaps were on average 3.0 and 4.6 t ha™! in the WS and DS, respectively. Labour
productivity increased at a rate of 1.1 kg 1d"! per year in the WS and of 2.6 kg 1d"! per
year in the DS because of yield increases and adoption of labour-saving technologies
(Figure [4.3F). The average labour productivity observed after 2000 was ca. 70 kg
1d"! in the WS and 120 kg 1d"! in the DS. Mean gross margin from rice farming in
the WS increased up to 13.5 kPhP ha™! (ca. 250 € ha'!) in 1985 and sharply declined
afterwards, while there was no statistically significant trend for gross margin in the
DS (Figure #.3]G). No statistically significant changes over time were observed for
NUE either, which remained ca. 0.3 kg N kg *! N in both seasons (Figure ).

Major changes also occurred in farm(er) characteristics and socio-economic condi-
tions. Paddy prices halved from ca. 20 PhP kg! in 1966 -1967 to ca. 10 PhP kg'!
from 1998 - 1999 onwards and the time trends were fairly similar for both seasons
(Figure [4.3[1). There was a significant linear increase in the proportion of rice sold
over time in both seasons: in 1979 - 1980 farmers sold about 5% of their total rice
production, which increased to nearly 60% in 2011 - 2012 (Figure [£.3]). The area
cultivated with rice declined by about 0.5 ha between 1966 - 2012 (partly due to land
conversion to residential areas) while there was a small increase in the area of other
crops (e.g. maize and vegetables) during the DS (Figure 4.3[K). Hired labour as a
percentage of total labour increased linearly from about 60% to 80% in both sea-
sons indicating an increasing importance of hired labour compared to family labour
over time (Figured.3]). Hence, rice farmers in Central Luzon shifted their production
orientation over the past half-century from subsistence to market-oriented. Finally,
the proportion of farms with access to non-rice income tended to increase over time
due to job opportunities available elsewhere in the economy as well as remittances

(Figure 4.3L).

4.4.2 Step 1: Performance of management packages

An overview of the most commonly used management packages over the last half-
century is provided in Figure B2] (Supplementary Material). In short, the package
that was mostly used in the WS was ’Irrigation + Modern Variety + Transplanting
+ Herbicide + N, P and K’. The only difference observed in the DS was the use of
direct-seeding instead of transplanting as a crop establishment method starting in the
late 1980s. Differences between management packages in terms of Ya (Table |4.2)
are mostly due to N applied and the use of transplanting which is similar to results
obtained in Chapter 3. The most important driver of labour productivity was crop es-
tablishment method, particularly in the DS, as direct-seeding resulted in significantly
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Table 4.2: Comparison of farm level indicators across different management packages used by rice farmers in Central Luzon, Philip-
pines, 1966 - 2012. Details per management package are provided in Supplementary Material (Tables [B3]and [B4). Codes: "Mean’ =
predicted means, SE’ = standard error of the means, ’Signif.’ = letter-based representation of pairwise comparisons per season at 5%
significance level (no overlap in letters between pairs means a statistical difference), "Mv’ = modern variety, *Tv’ = traditional variety,
"DSR’ = direct-seeding, "TPR’ = transplanting, "Hand’ = hand-weeding, "Herb’ = herbicide use, "highN’ = high N applied, 'lowN’ =
low N applied. Data source: Central Luzon Loop Survey.

Wet season Rice yield (Ya) Labour productivity Gross margin N use efficiency
(tha™) (kgldh) (kPhP ha) (kg Nkg! N)
Mean SE  Signif. Mean SE  Signif. Mean SE  Signif. Mean SE  Signif.
Irrigated, Mv
DSR_Hand_highN  3.30  0.34  abcdef 7045 7.68 abc 10.06  6.08 a 022  0.04 ab
DSR_Herb_highN 3.07 020 abde 69.00 4.40 ab 10.60  3.60 a 0.20 0.02 a
DSR_Herb_lowN 310 0.20 abcde 73.02 435 a 1091 3.58 a 0.34  0.02 b
TPR_Hand_highN 379  0.13 c 4799 280 cdef 9.14 240 a 0.25  0.01 a
TPR_Hand_lowN 302 0.13 ade 4377 272 de 1292 2.34 a 0.33  0.01 b
TPR_Herb_highN 3.64 0.10 bc 5251 2.18 cdf 9.57 1.96 a 0.25 0.01 a
TPR_Herb_lowN 336  0.12 abce 54.14 251 bef 1195 2.19 a 0.35  0.01 b
Irrigated, Tv
TPR_Hand_lowN 2.04 021 fg 31.76  4.67 eg 11.18 3.87 a 0.30 0.02 ab
Rainfed, Mv
TPR_Hand_highN 338 0.24 abcde 47.65 522  bedef 13.74 424 a 0.23  0.03 a
TPR_Hand_lowN 275 0.14 dfg 35.88 3.06 g 953 262 a 0.33  0.02 b
TPR_Herb_highN 371 0.19 abc 5349 4.19 bedf 13.60 3.43 a 024  0.02 a
TPR_Herb_lowN 294  0.16 de 4372 341 cdef 822 2.88 a 0.33  0.02 b
Rainfed, Tv
TPR_Hand_lowN 1.90 0.24 g 2322 532 g 449 435 a 0.30  0.03 ab

TPR_Herb_lowN 233 035 defg 3415  7.67 defg 332 6.13 a 0.34  0.04 ab
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Table 4.2: Comparison of farm level indicators across different management packages used by rice farmers in Central Luzon, Philip-
pines, 1966 - 2012. Details per management package are provided in Supplementary Material (Tables [B3]and [B4). Codes: "Mean’ =
predicted means, 'SE’ = standard error of the means, ’Signif.” = letter-based representation of pairwise comparisons per season at 5%
significance level (no overlap in letters between pairs means a statistical difference), "Mv’ = modern variety, 'Tv’ = traditional variety,
"DSR’ = direct-seeding, *'TPR’ = transplanting, 'Hand’ = hand-weeding, "Herb’ = herbicide use, "highN’ = high N applied, 'lowN’ =
low N applied. Data source: Central Luzon Loop Survey. (continued)

Dry season Rice yield (Ya) Labour productivity Gross margin N use efficiency
(tha™) (kgld™h) (kPhP ha) (kg N kg' N)
Mean SE  Signif. Mean SE  Signif. Mean SE  Signif. Mean SE  Signif.
Irrigated, Mv
DSR_Hand_highN  3.96  0.30 abc 78.26  9.00 ab 7.56 527 a 023  0.02 ab
DSR_Hand_lowN 388 033 abc 96.31  9.65 ab 11.00 5.67 a 0.32  0.03 acd
DSR_Herb_highN 395  0.20 ab 92.35 5.30 ab 1322 341 a 023  0.02 b
DSR_Herb_lowN 339 0.20 c 88.16 5.17 ab 10.01 3.36 a 029  0.02 ac
TPR_Hand_highN  4.16  0.21 ab 4899 5.83 bed 9.86  3.65 a 024  0.02 ab
TPR_Hand_lowN 329  0.21 c 4387 5.63 cd 10.77  3.55 a 032  0.02 cd
TPR_Herb_highN 435 0.19 a 59.82  5.08 be 13.59 3.28 a 025 0.02 ab
TPR_Herb_lowN 373  0.19 be 59.29  5.02 bed 1095 3.25 a 0.34  0.02 d
Irrigated, Tv
TPR_Hand_lowN 2.08 0.32 d 29.50 8.98 d 847 5.50 a 0.27  0.03  abed
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higher labour productivity than transplanting. No significant differences in gross mar-
gin were observed for the different management packages due to the large variability
of this indicator. The driver of NUE was the N application rate associated with each
management package: low N application (i.e. N application rate lower than the over-
all average N application rate) resulted in significantly higher NUE (> 0.3 kg N kg™!
N) than high N application in both seasons.

Overall, modern varieties and high N rates are required to achieve high Ya and these
had no negative effects on labour productivity but significantly lowered NUE, and
possibly had higher risk in the WS. High values of labour productivity were associ-
ated with the use of direct-seeding and herbicide use instead of transplanting and
hand-weeding, respectively. Direct-seeding had a slight negative effect on Ya as
compared to transplanting while there were no differences between hand-weeding
and herbicide use. Further, there were no significant differences between manage-
ment packages in gross margin per ha. These results suggest that intensification is
best achieved with management packages using modern varieties and high N rates,
independently of the weed control method. The choice of crop establishment method
is key to balance production and drudgery objectives.

4.4.3 Step 2: Trade-offs between indicators

The yield gap between Yp and the yield of production maximising farms was on av-
erage 1.1 and 2.3 t ha™! (or 17% and 24% of Yp in relative terms) in the WS and
DS (Figure #.4A and .4B), respectively. The yield gap between Yp and the yield
that maximised gross margin, labour productivity and NUE was nearly double that
reported for production maximising farms: on average 2.2 t ha! (34%) in the WS
and 3.7 tha'! (40%) in the DS (Figure[4.4/A and[4.4B). Production maximising farms
achieved labour productivity that is significantly lower than that achieved by labour
productivity maximizing farms in both seasons (Figure and[4.4D) and obtained
significantly lower gross margin than gross margin maximizing farms but only in the
WS (Figure 4.4E and [4.4F). Moreover, production maximising farms achieved NUE
that is significantly lower than that achieved by NUE maximizing farms but signifi-
cantly higher than farms maximising labour productivity (Figure 4.4G and {.4H).

A similar analysis was conducted using the MISTIG survey (2013 DS - 2014 WS) to
cross-validate the historical results of Figure The maximum labour productivity
observed in the WS was 185 kg 1d"! and in the DS 243 kg Id™!, which were obtained
with yields of 4.9 and 6.0 t ha! (Figures and ), respectively. The yields
that maximised labour productivity are similar to the average Ya (4.5 and 5.5 t ha'!
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Figure 4.4: Variability in farm level indicators for different farmers’ objectives (maximum production, maximum gross margin, maxi-
mum labour productivity and maximum NUE) in Central Luzon, Philippines. WS data are presented in A), C), E), G) and DS data in
B), D), F), H). Mean differences at 5% significance level between farmers’ objectives are indicated with different letters at the bottom
of each boxplot. Data for the WS were pooled across 12 observation years and data for the DS were pooled across 11 observation
years. Horizontal dashed lines in A) and B) indicate the climatic potential yield (Yp). Data source: Central Luzon Loop Survey.
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Figure 4.5: Relationship between rice yields and A - B) labour productivity, C - D) gross
margin; E - F) N use efficiency for rice-based farming systems in Central Luzon, Philip-
pines (2013 DS - 2014 WS). WS data include both irrigated and rainfed observations while
DS data include irrigated observations only. Background data are provided in Figure
(Supplementary Material). Legend: *Ya’ = actual farmers’ yields, ’Yp’ = climatic potential
yield, 'BL’ = fitted boundary-line, "Mean’ = average across fields, "Max’ = maximum of
predicted by the boundary line. Data source: MISTIG Survey.
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in the WS and DS) but much lower than Yp (7.1 and 8.9 t ha! in the WS and DS). A
similar Ya maximised NUE (Figures and ), which was ca. 0.75 kg N kg™!
N. Maximum gross margin from rice farming was ca. 65 and 90 kPhP ha'! in the
WS and DS (Figures and [4.5D), respectively, which was achieved with yields
of 6.3 and 7.5 t ha'!. The difference between Yp and the yield maximising gross
margin was 0.8 (11%) and 1.4 t ha'! (16%) in the WS and DS, respectively. These
results indicate that yields that maximise labour productivity also maximise NUE but
perform sub-optimally in gross margin (i.e. yield gap closure has a positive effect on
gross margin). Hence, while the historical analysis (Figure [d.4) suggests lower yields
for gross margin maximising farms, the analysis for the most recent year (Figure 4.3)),
which is not distorted by price changes, suggests that farmers with high yields can
also achieve high gross margins.

4.4.4 Step 3: Farm and regional drivers of performance indicators

The most important factors associated with Ya (i.e. elasticity > 15%) in the WS were
farm size (—), number of parcels (+), proportion of hired labour (4), farm power
(+), off-farm income (—) and province (Table [4.3). A 1% increase in farm size was
associated with 0.25% decrease in Ya. A slightly lower positive relationship was
observed for the proportion of hired labour (0.17%) and for the number of parcels
(0.10 %). Moreover, the use of machinery was positively associated with Ya, there
were negative associations between Ya and off-farm income and between Ya and
education of the household head and higher Ya was observed on rented than owned
land. During the DS, Ya was positively associated with the proportion of hired labour
(+) and farms using machinery for land preparation had lower Ya than farms using
animal draught power. Ya was consistently higher in Nueva Ecija (the province at the
heart of the irrigation system) independently of the season.

There was a consistent association between labour productivity and proportion of
hired labour (4) and paddy price (+) in both seasons (Table £.3)). The latter had a
relatively large effect: 1% increase in paddy price was associated with ca. 0.70%
increase in labour productivity. During the WS, there was a negative relationship be-
tween off-farm income and labour productivity, and a positive relationship between
this indicator and labour-saving technologies (i.e. animal draught power and machin-
ery). During the DS, labour productivity was further associated with farm size (+4)
and other income (—). In both seasons, lower labour productivity was observed in
Pampanga and Pangasinan than in Nueva Ecija.
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Table 4.3: Farm and regional drivers of farm performance indicators in the WS and DS. Significant coefficients are reported in bold.
Variables were [n-transformed prior to the analysis so that coefficients can be interpreted as elasticities. The reference level of- the
categorical variables is as follows: Province = ’Nueva Ecija’; Year WS ="1970’; Year_.DS ="1971’; Power = ’Animal’; Other income
=’No’; Off-farm income = 'No’; n.a. = not applicable. Significance codes: ***** 0.1% ***° 1% **’ 5% *# 10%. Data source: Central

Luzon Loop Survey.

Rice yield (Ya) Labour productivity Gross margin N use efficiency
(tha) (kg ld?) (PhP ha™) (kg Nkg1N)
WS DS WS DS WS DS WS DS
Farm size (ha) -0.25 *#**  _0.04 0.01 0.20 **% 0,37 #kx .0.44 * -0.17 #+*  0.06
Parcels (#) 0.10 * 0.09 -0.06 0.01 1.24 #** 1,96 *** (.11 * 0.03
Rented (%) 0.01 **++ (.01 0.01 0.00 -0.02 * -0.04 * 0.02 *#+ (.01
Shared (%) 0.00 -0.02#  0.00 -0.01 -0.05 #**  -0.06 0.01 # -0.01
Hired labour (%) 0.17 *##++  022*  0.11% 0.24 * -0.01 0.42 0.09 # 0.16
Power_Animal+Tractor ~ 0.15 ** -0.29# 020 #** 030 # -0.02 0.29 0.02 -0.64 #**
Power_Tractor 0.15 ** -0.38 % 0.28 #*#*+  -0.26 0.15 0.24 0.03 -0.69 #**
Off-farm income_Yes -0.16 ***  0.01 -0.12 * 0.06 -0.18 -0.23 -0.13 #* 0.05
Other income_Yes -0.04 -0.02 -0.04 -0.17 ** -0.04 -0.23 -0.03 0.03
Household size (#) 0.09 # 0.04 0.07 0.06 0.12 0.44 0.01 -0.00
Gender (% male) 0.07 # 0.03 0.03 -0.05 0.20 -0.05 0.01 -0.03
Education (yr) -0.05 *** (.02 -0.05 ** -0.00 -0.07 -0.13 # -0.08 *** (.02
Members farming (#) -0.02 -0.00 -0.01 0.00 -0.06 -0.06 0.01 -0.00
Members labourer (#) -0.03 # 0.03 -0.04 ** 0.06 * -0.09 -0.02 -0.02 0.02
Members other (#) 0.02 ** -0.01 0.01 -0.01 0.05 * 0.14 * 0.02 * 0.01
Rice sold (%) 0.02 *#+  (0.01 0.01 0.01 0.03 #* 0.03 0.02 *#+  0.00
Paddy price (PhP kg™!) n.a. n.a. 0.69 *#* (.72 ** n.a. n.a. 0.36 ** 0.54 *
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Table 4.3: Farm and regional drivers of farm performance indicators in the WS and DS. Significant coefficients are reported in bold.
Variables were In-transformed prior to the analysis so that coefficients can be interpreted as elasticities. The reference level of- the
categorical variables is as follows: Province = "Nueva Ecija’; Year WS ="1970’; Year_DS ="1971’; Power =’ Animal’; Other income
=’No’; Off-farm income = ’No’; n.a. = not applicable. Significance codes: ****’ 0.1% ***’ 1% *** 5% *# 10%. Data source: Central
Luzon Loop Survey. (continued)

Rice yield (Ya) Labour productivity Gross margin N use efficiency
(tha™) (kg ld™") (PhP ha™) (kgNkg ' N)
WS DS WS DS WS DS WS DS
Province_Bulacan -0.06 -0.21 #  -0.04 -0.10 -0.30 # -0.32 0.06 -0.05
Province_Pampanga  -0.86 ***  -0.33 #*  -0.72 *** .32 * -1.10 #1185 #0853 *#*%%F (.15
Province_Pangasinan ~ -0.22 ***  .(.25 **  -(.12 * -0.44 =+ -0.05 0.14 -0.23 =% 016 #
Province_Tarlac -0.26 **%* (.18 -0.06 -0.24 0.07 0.48 -0.35 #% (.10
Year_1979 0.25 * 0.36 ** -0.36 0.16
Year_1982 0.26 * 0.65 *#%* -0.65 * 0.27 #
Year_1986 0.13 0.51 ##%* -0.73 * 0.02
Year_1990 0.11 0.28 # -0.39 -0.07
Year_1994 0.16 0.57 ##* -0.41 -0.04
Year_2008 0.22 # 0.88 ##* -1.56 *** 0.08
Year_2011 0.03 0.56 *#* -1.19 ** -0.10
Year_1987 0.06 0.67 ** -1.18 0.12
Year_1991 0.15 0.89 ##* -2.05 ** 0.19
Year_2004 0.18 1.21 *#** -1.55 * 0.23
Year_2007 0.35 # 1.21 *** -0.54 0.22
Year_2012 0.30 1.28 *** -1.28 # 0.33
Intercept 0.04 0.52 0.83 1.28 1.45 0.72 =225 #EE 1D 69 H*
Adjusted-R? 0.32 0.18 0.27 0.50 0.31 0.27 0.21 0.13
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Gross margin (expressed on a per ha basis) was positively associated with the num-
ber of parcels and a 1% increase in parcel number resulted in 1.2 and 1.9% increase
in this indicator in the WS and DS (Table [4.3), respectively. The effects of farm
size on gross margin were also significant in both seasons but of smaller magnitude
and negative (ca. 0.4%). However, these effects should be interpreted with caution
because farm size was positively correlated with the number of parcels (Pearson cor-
relation coefficient equal to 0.32 and 0.58 in the WS and DS, respectively, but the
impact of this was minor in all other models). There was also an association between
gross margin and land tenure (—) and the number of household members with ’other’
primary occupation (+) in both seasons, and with share of rice sold (—) in the WS.
Lower gross margin was observed in Pampanga than in Nueva Ecija independently
of the season. The negative coefficient for the most recent WS years was larger than
for older years which partially indicates a decline in economic performance of rice
farming during this season.

Finally, there were unclear associations between NUE and farm and regional fac-
tors and these models had the lowest R? in our analysis: 0.21 and 0.13 in the WS
and DS (Table {£.3), respectively. As an example, there was a positive association
between paddy price and NUE (0.36 - 0.54%) in both seasons which is difficult to
explain. Moreover, there was a relationship between NUE and farm size (—), num-
ber of parcels (+), off-farm income (—) and, surprisingly, education (—) in the WS,
and between NUE and the use of animals and machinery (—) in the DS. NUE was
significantly greater in Nueva Ecija as compared to other provinces (e.g. Pampanga,
Pangasinan and Tarlac) in the WS while there were no significant differences in the
DS.

4.4.5 Step 4: Farm and regional drivers of management practices

In an earlier paper, we found that the management practices explaining the efficiency
yield gap were crop establishment method and date, and timing of the first fertiliser
application (Chapter 3). Here, we found an association between crop establishment
method, farm size and hired labour (Figures d.6A - f.6D). For the WS periods be-
tween 1986 and 1999, farms using direct seeding had larger farm sizes than farms
using transplanting. This is an expected result because direct-seeding requires less
labour and it is then more suitable for larger farms. In addition, there were signifi-
cant differences between the two practices in terms of hired labour during most time
periods indicating that transplanting relies more on hired labour.
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Figure 4.6: Differences in farm size (A - B), hired labour (C - D) and non-rice income (E -

F) between management practices that explain rice yield gaps in Central Luzon, Philip-

pines.

Note that income data should not be compared between different years due to

Light and dark grey colours indicate signifi-

differences in data collection approaches.

cant differences between contrasting management practices (i.e. direct-seeding 'DSR’ vs.

transplanting *"TPR’ and use of N, P and K "NPK’ vs. use of N, P or K’OTH?”) in a partic-

ular year; white colour means no significant difference. Background data are provided in

Tables@ and@ (Supplementary Material). Data source: Central Luzon Loop Survey.
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Table 4.4: Farm and regional drivers of crop management practices in the WS and DS. Significant coefficients are reported in bold.
Independent and dependent variables were [n-transformed prior to analysis so that coefficients can be interpreted as elasticities. The
reference level of the categorical variables is as follows: Province = *Nueva Ecija’; Year_-WS = *1970’; Year_DS = "1971’; Power =
’Animal’; Other income = 'No’; Off-farm income = ’No’; n.a. = not applicable. Significance codes: ***** 0.1% **** 1% ’** 5% ’#

10%. Data source: Central Luzon Loop Survey.

Timing 1* fertilisation Crop establishment date Nitrogen applied
(days after sowing, DAS) (day of the year, DOY) (kg N ha)

WS DS WS DS WS DS
Farm size (ha) -0.09 * -0.02 -0.01 0.02 -0.23 #xE (0,12 F*
Parcels (#) -0.04 0.26 ** -0.03 * -0.05 # 0.04 -0.06
Rented (%) 0.01 ** -0.01 * 0.00 0.00 0.00 0.00
Shared (%) 0.02 *** (.00 0.01 **%  0.00 # 0.00 -0.01
Hired labour (%) -0.10 # 0.03 0.01 -0.06 # 0.16 ** -0.03
Power_Animal+Tractor  -0.13 * -0.35 0.00 n.a. 0.28 ***  -0.03
Power_Tractor -0.01 -0.40 -0.02 0.01 0.33 **%  -(0.08
Off-farm income_Yes 0.04 -0.02 -0.02 # 0.04 # -0.14 ** -0.05
Other income_Yes 0.01 0.00 -0.02 0.02 0.06 -0.07
Household size (#) 0.18 **%*  -0.05 -0.01 0.00 0.10 -0.01
Gender (% male) -0.04 -0.17 * 0.02 # 0.00 0.13 #* 0.04
Education (yr) 0.01 0.01 -0.01 -0.01 0.04 * -0.01
Members farming (#) 0.02 -0.02 0.00 -0.02 * -0.03 0.05
Members labourer (#) -0.02 0.02 0.00 -0.01 -0.01 0.01
Members other (#) -0.01 -0.01 0.01 * 0.00 -0.01 -0.02
Rice sold (%) 0.01 0.01 0.00 0.00 0.00 0.00
Paddy price (PhP kg!)  -0.23 # 0.19 0.08 * 0.23 *#* 0.23 0.22
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Table 4.4: Farm and regional drivers of crop management practices in the WS and DS. Significant coefficients are reported in bold.
Independent and dependent variables were In-transformed prior to analysis so that coefficients can be interpreted as elasticities. The
reference level of the categorical variables is as follows: Province = *Nueva Ecija’; Year WS = *1970’; Year_ DS = "1971’; Power =
’Animal’; Other income = "No’; Off-farm income = ’No’; n.a. = not applicable. Significance codes: "*** 0.1% ***° 1% ’* 5% #’
10%. Data source: Central Luzon Loop Survey. (continued)

Timing 1* fertilisation Crop establishment date Nitrogen applied
(days after sowing, DAS) (day of the year, DOY) (kg N hal)
WS DS WS DS WS DS

Province_Bulacan -0.01 0.26 *** -0.07 #==x 0,03 -0.20 ##x 0,19 **
Province_Pampanga  -0.05 0.44 % 0.09 **%  0.02 -0.62 ##*F (73 wk*
Province_Pangasinan  -0.08 -0.11 -0.06 #*+* 0,09 *** 0.07 -0.04
Province_Tarlac -0.17 * -0.09 -0.08 *#*  -0.05 0.07 0.08
Year_1979 n.a. n.a. 0.76 ***
Year_1982 0.40 *** 0.07 *#* 0.77 #%#*
Year_1986 0.12 # 0.02 (.93 *##*
Year_1990 0.60 **3* -0.05 * 0.85 #**
Year_1994 0.38 % 0.02 1.09 #**
Year_2008 0.25 ** 0.01 (.88 *#*
Year 2011 0.16 0.00 0.94 *#*
Year_1987 n.a. n.a. 0.51 *
Year_1991 -0.02 n.a. 0.60 **
Year_2004 -0.18 -0.02 0.63 **
Year_2007 -0.09 -0.17 *** 0.46 *
Year 2012 -0.19 -0.09 *#* 0.59 **
Intercept 3.48 ##%F 3,36 *k* 5.19 ##%k 5,62 *H* 1.30 * 3.83 ek
Adjusted-R? 0.22 0.18 0.26 0.29 0.31 0.24
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The factors associated with the timing of the first fertiliser application and crop es-
tablishment date are reported in Table [4.4] and their variability and relationship with
performance indicators are provided in Figures|B4|and |B5|(Supplementary Material),
respectively. The technical recommendation for the timing of fertiliser application
proposes to apply ca. 30% at an early stage (< 20 DAS) and the rest at critical growth
stages such as panicle initiation (R. Buresh, personal communication). In the CLLS,
most farmers used only one N application, which for ca. 60% of the cases occurred
before 20 DAS (Figure Supplementary Material). In the WS, fertiliser timing
was done at later dates by larger households (household size can be used as proxy
for family labour availability). Moreover, fertiliser timing was associated with farm
size (—), farm power (—) and, to a less extent, land tenure (later application in rented
and shared fields than in own fields). During the DS, fertiliser timing was positively
associated with the number of parcels and negatively associated with the gender bal-
ance in the household meaning that fertiliser was applied later in more fragmented
farms and earlier in households with greater proportion of males. In addition, the first
fertiliser application was done earlier in Nueva Ecija than in Bulacan and Pampanga
but only during the DS. There were no clear relationships between farm and regional
factors and crop establishment date in the WS while there was a positive association
with paddy prices (0.23%) in the DS.

Following our earlier paper (Chapter 3), the management practices explaining the
resource yield gap were fertiliser (N and K) application as well as weed control. In
the most recent periods, non-rice income tended to be greater on farms using N, P
and K than on farms using either N, P or K but results were only significant for
2008 WS and 2012 DS (Figures @E and @]F). The driver of N use in both seasons
was farm size (—, Table .4) suggesting that smaller N rates were applied on larger
farms. During the WS, there were also relationships between N use and proportion of
hired labour (+), farm power (4), off-farm income (—), gender balance (+) and, to a
lower extent, education (4). Finally, significantly lower N amounts were applied in
Bulacan and Pampanga than in Nueva Ecija in both seasons. For weed control, there
were no significant differences between using herbicide and hand-weeding for most
variables analysed (Tables[B5|and [B6} Supplementary Material).

4.5 Discussion

We conducted an integrated assessment of rice yield gaps and associated manage-
ment packages used by rice farmers in Central Luzon at field, farm and regional lev-
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els. We targeted to identify constraints or stimuli for intensification of rice farming
based on two hypothesis: 1) there is a trade-off between closing yield gaps and opti-
mising performance of other indicators (labour productivity, gross margin and NUE)
and 2) intensification of management practices used by farmers (determining farm
performance) can be explained by farm and regional conditions. Below, we discuss
our main findings in relation to these hypothesis and to the effects of farm structural
change and (hired) labour at different levels.

4.5.1 Yield gap closure and farm performance

An exploitable yield potential of 80% Yp has been proposed and used as a bench-
mark for yield gap analysis (van Ittersum et al., 2013; Cassman et al., 2003). The
rationale behind this threshold is that it is not economically viable, nor environmen-
tally/socially desirable, for farmers to produce above this threshold. Our analysis
show that for the most recent period (year 2014), the relative yield gap closure of
farms maximising labour productivity or maximising NUE was ca. 68% and that
of farms maximising gross margin was ca. 86% (Figure [4.5). These results partially
confirm our first hypothesis: an exploitable yield potential of 80% Yp may be a rather
high benchmark to avoid trade-off between production and social, or environmental,
performance but adequate to avoid trade-off between production and economic per-
formance.

Labour productivity was the indicator whose performance increased most over time
(Figure [4.3F) especially due to the adoption of direct-seeding as a crop establish-
ment method instead of transplanting (Table and Figure 4.3B). The key factors
associated with labour productivity were hired labour (+) and paddy price (+, Table
[.3), which is similar to the findings of [Erguiza et al| (1990). No clear trends were
observed over time for NUE (Figure 4.3H), although N application rates increased
over time especially in the DS, and the large variability of this indicator (0.1 - 1.2 kg
N kg'! N) was mostly explained by the amount of N used in different management
packages (Table 4.2)). In general, lower amounts of N applied contributed to higher
NUE and NUE was higher in Nueva Ecija than in other provinces during the WS (Ta-
ble [4.3), possibly due to the proximity to PhilRice which is promoting site-specific
nutrient management.

A synergy between high Ya and high gross margin was observed in the data from the
most recent time period (Figure[4.5]) but not when data from a period of 50 years were
pooled (Figure 4.4). The former may be explained by the high paddy prices obtained
by Philippine farmers relative to other regions in Southeast Asia (Moya et al., [2004)
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while the latter may be distorted by different paddy prices pooled across different
years (cf. Figure {.3). High paddy prices in the Philippines are imposed through
government intervention to prevent imports of cheap rice from exporting countries
such as Vietnam and Thailand. This rice price policy has a negative effect for con-
sumers and a marginal positive effect for producers as gross margins from rice are
only ca. 16.2 kPhP ha™! season! (ca. 300 € ha'! season™!). Improved crop manage-
ment does not seem to contribute to considerable improvement in gross margin either
(Table .2} [Lampayan et al., 2015} [Rejesus et al., 2011} [Pampolino et al.| 2007; Moyal
et al.,2004).

4.5.2 Constraints and stimuli to intensification

Although there was some association between factors at farm and regional levels and
management practices such as crop establishment date and method, and N applica-
tion rate and timing (Figure [4.7), the results of our analysis were not very conclusive
(Tables[.3|and[4.4). We focus the discussion below on management practices related
to crop establishment (method and date) and nutrient management (quantity and tim-
ing) as these were found to relate to the efficiency and resource yield gaps (Chapter
3). We were not able to obtain further insights into the technology yield gap, which
was ca. 28% - 46% of the total yield gap (Chapter 3), as that requires other types of
data, e.g. agronomic trials conducted on-farm or on-station.

Crop establishment

There were clear differences in farm size and hired labour between farms using trans-
planting or direct-seeding as a crop establishment method (Figure[4.6)). Transplanting
is a labour-intensive practice which tends to be used in smaller farms and with greater
amounts of hired labour compared to direct-seeding (see also [Pandey and Velascol
2002; Erguiza et al., [1990). In addition, we found no differences between the two
establishment methods in terms of labour use for weed control (data not shown) even
though it has been shown empirically that direct-seeding has higher labour require-
ments for weeding than transplanting (Lantican et al., |1999; de Dattal [1986). This
may explain why farms using direct-seeding exhibit greater labour productivity (Ta-
bled.2)), but slightly lower Ya (Chapter 3), than farms using transplanting. Although
no major yield differences between the two crop establishment methods are gener-
ally reported in controlled conditions (e.g. |Peng et al., |1995), it has been shown that
indeed the yield of direct-seeded rice tends to be lower in farmers’ field conditions
due to uneven land levelling and inadequate weed control (Pandey and Velasco, 2002;
Lantican et al.,|1999; |de Dattal, {1986).
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Figure 4.7: Farm and regional drivers of crop establishment method, crop establishment date, N applied and timing of the 1% fertiliser
application, and implications for farm performance, in rice-based farming systems in Central Luzon, Philippines. The sign of the effects
is reported for both seasons in the following order WS/DS. Regional effects are expressed as differences in management practices
between Nueva Ecija (or Bulacan) and other provinces. For crop establishment method, effects of direct-seeding over transplanting are
reported. Codes: 'DSR’ = direct-seeding, *"TPR’ = transplanting, "'DOY’ = day of the year, 'DAS’ = days after sowing. Data source:
Central Luzon Loop Survey.
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Crop establishment was performed at earlier dates in Nueva Ecija than in other
provinces. This may be related to more water stress in provinces not covered by
UPRIIS (see Figure and by better water accessibility, and proximity to research
institutions, in Nueva Ecija which may favour more timely crop establishment (Lo-
evinsohn et al., |1993). Institutional factors at regional level may also affect water
accessibility, and establishment dates, as an uneven distribution of water has been
recorded within UPRIIS even if that compromises rice production and rice cultivated
area across the region (Barker and Levinel [2012). In addition, there was a positive as-
sociation in the WS between establishing rice at earlier dates on the one hand and rice
yields and gross margins on the other hand, while the opposite was observed in the
DS, but in either case the evidence was not very strong (Figure Supplementary
Material). We would expect that earlier crop establishment would allow farmers to
harvest the crop earlier while the price is still high, but from our data this association
was only evident in the WS.

Nutrient management

There was a negative association between farm size and N application rate in both
seasons while households with off-farm income applied lower amounts of N in the
WS (Table #.4). Lower N application rates may be a strategy to minimise the oc-
currence of lodging of crop stands due to typhoons but its relationship with off-farm
income is unclear. The implications of low N application rates in the short-term are
low Ya, but high NUE, while in the long-term this may lead to a decline in soil fer-
tility due to mining of soil nutrient stocks (Pampolino et al.,[2008}; |Dobermann et al.|
2000; |Cassman et al., [1995). We also found that there were no major significant dif-
ferences in non-rice income between farms using N, P and K and using N, P or K,
even though non-rice income tended to be higher for the former group in the most
recent periods (Figuresd.6F and[4.6]F). This indicates that fertiliser use is not closely
associated with the availability of non-rice income during the growing season and
that other factors not studied in this paper such as access to credit or fertiliser prices
may be more important.

Increases in N use efficiency are still possible for many farms (Figure [4.5)). This can
be realised if farmers minimise the amount of N applied before/at sowing, use one or
two split applications at panicle initiation and at flag leaf extrusion and apply a total
N amount consistent with the expected yield levels and the amount of indigenous
soil N supply (Cassman et al., [1998). Adjusting timing and using split applications
are simpler to implement than to predict indigenous soil N supply due to its highly
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variable nature in flooded soils (Olk et al.l [1998; (Cassman et al., |1996). However,
Moya et al.| (2004) noted that farmers tend to limit the number of applications to once
or twice in locations where wage rates, i.e. opportunity costs for labour, are higher
(such as in the Philippines) and this is likely to have important implications for fer-
tiliser timing as well. In our analysis, farms with larger households tended to fertilise
later than farms with smaller households (but we cannot assess the cause of this) and
farmers prioritized owned fields over rented or shared fields (but the evidence is not
so strong. Moreover, farmers who performed the first fertiliser application at later
dates in DS obtained lower yields, gross margins and N use efficiency than farmers
who applied fertiliser at earlier dates and an optimum for the aforementioned indi-
cators was observed at ca. 10 DAT (Figure [B5)), which is consistent with the current
technical recommendation (R. Buresh, personal communication).

4.5.3 Farm structural change and hired labour

Over the past half-century there has been a gradual transition from subsistence to
commercial rice-based farming systems in Central Luzon (Figure Erenstein,
2006; |Pingali, [1997). For example, there was a structural shift of household income
away from land-saving and towards labour-saving technologies due to increased ac-
cess to urban labour markets (Estudillo and Otsuka, [1999) and an increasing impor-
tance of non-rice income for rural livelihoods (Takahashi and Otsuka), 2009). More-
over, land reform programs were unable to consolidate farm size and secure land
ownership (Koirala et al., 2016; (Otsukal, (1991} [Ledesmal, (1980). Underlying these
changes were social relationships between landowners and landless households, cap-
tured by anthropological research on everyday politics in Central Luzon (Kerkvliet,
1990).

The aforementioned dynamics can be seen in the effects of (hired) labour at different
levels. At field level, there was a reduction in labour use due to adoption of labour-
saving technologies. At farm level, saving of labour increased labour productivity, at
the expense of actual yields for some farms (Figures[4.4]and[4.5), and allowed family
members to engage in off-farm activities (Figure {.3L; [Estudillo and Otsuka, [1999).
Together with favourable labour markets, these contributed to an increasing impor-
tance of hired labour over family labour (Figure [4.3])) for e.g. crop establishment
operations (Figure 4.6). The proportion of hired labour was also positively associ-
ated with N use in the WS (Table #.4). These changes in crop and farm management
had repercussions at regional level because they created further employment opportu-
nities for landless households (Otsuka, [2000; [Kerkvliet, |1990). Despite their positive
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effect for the rural economy, these labour dynamics suggest that rice farming has be-
come a secondary activity for many landowner households in Central Luzon, which
in addition to the riskiness of crop failure in the WS, may not be conducive to further
intensification and yield gap closure.

4.6 Conclusions

Major changes occurred in rice-based farming systems of Central Luzon during the
past half-century. In terms of crop management, there was an increase in the pro-
portion of irrigated fields and a wide adoption of improved varieties. Moreover,
direct-seeding substituted transplanting as a crop establishment method, N applica-
tion rates increased particularly in the DS and hand-weeding was largely replaced by
herbicides. These changes point towards gradual transition from subsistence to com-
mercial production systems, which is further supported by an increasing importance
of hired labour and rice sold. As a result, there was an increase in rice yields and,
especially, in labour productivity while there were no clear trends in gross margin
and N use efficiency.

Our results partially confirm the first hypothesis of this study because there was a
trade-off between closing yield gaps and maximising N use efficiency or labour pro-
ductivity but not much between closing yield gaps and maximising gross margin. At
the field level, highest actual yields were achieved with high amounts of N and with
transplanting as crop establishment method. However, high N application resulted in
sub-optimal N use efficiency and transplanting resulted in lower labour productivity
compared to direct-seeding. In contrast, there were no significant differences in gross
margin across management packages indicating no trade-off between production and
economic objectives under the prevailing price ratios in the study region. These con-
clusions are also true at the farm level as actual yields maximising N use efficiency or
labour productivity were ca. 32% lower, and actual yields maximising gross margin
were only ca. 15% lower, than climatic potential yields.

Even though there was some association between factors at farm level and manage-
ment practices, or farm performance indicators, results regarding the second hypoth-
esis were not very conclusive. For nutrient management, higher N application rates
were applied on smaller farms while the first fertiliser application was done at later
dates by larger households and farms with more parcels in the wet and dry season, re-
spectively. In contrast, the adoption of direct-seeding as a crop establishment method
was observed in larger farms and used lower amounts of hired labour than transplant-
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ing. The variation in sowing dates was mostly related to different provinces in the
WS (a proxy for e.g. water accessibility) but not to other factors at farm or regional
levels. Management practices used by farmers in Central Luzon seem to be affected,
but not constrained, by farm and regional conditions.
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4.8 Appendix

The steps followed to estimate the boundary lines used in this chapter were:

1. The average Ya (Ya) for the observations above the 90" percentile for each
indicator was estimated;

2a. Farms with Ya lower than Ya were ordered in ascending order of Ya after
excluding observations above the 90™ percentile for each indicator (dependent
variable);

2b. Farms with Ya greater than Ya were ordered in descending order of Ya after
excluding observations above the 90" percentile for each indicator (dependent
variable) and observations with Ya greater or equal than the long-term average
of maximum Yp (6.7 and 9.1 ton ha~! for WS and DS, respectively);

2c. The maximum response of each indicator for a given Ya (BLx) was estimated
for each field ¢ as follows: if Ya; < BLx;_; then assign BLx;_1, else assign
Ya;;

3. Quadratic functions were fitted with the Im function of R software for each
indicator using BLx as dependent variable and Ya as independent variable.
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Abstract

Arable farming systems in the Netherlands are characterized by crop rotations in which
potato, sugar beet, spring onion, winter wheat and spring barley are the most important crops.
The objectives of this study were to decompose crop yield gaps within such rotations into effi-
ciency, resource and technology yield gaps and to explain those yield gaps based on observed
cropping frequencies and alternative farmers’ objectives. Data from specialized Dutch arable
farms between 2008 and 2012 were used. Production frontiers and efficiency yield gaps
were estimated using the stochastic frontier framework. The resource yield gap was quanti-
fied through the estimation of highest farmers’ yields (Yyr, average across farms with actual
yields above the 90" percentile). Crop model simulations and variety trials were compiled to
assess climatic potential yields (Yp) and technology yield gaps. The contribution of crop area
shares and farmers’ objectives to actual yields were assessed using regression analysis and
based on five different farm level indicators (N production, energy production, gross margin,
nitrogen-use efficiency and labour use), respectively.

The average yield gap per crop (as percentage of Yp which is given in parentheses) was:
29.2% (of 72.6 t ha~1') for ware potato, 39.7% (of 71.6 t ha—!) for starch potato, 26.4% (of
107.1 tha=1) for sugar beet, 32.3% (of 88.3 t ha—!) for spring onion, 25.2% (of 12.3 tha™1!)
for winter wheat and 37.5% (of 10.4 t ha—!) for spring barley. The efficiency yield gap ranged
between 6.6% (starch potato) and 18.1% of Yp (spring onion). The resource yield gap was
lower than 10% of Yp for all the crops and the technology yield gap ranged between 7.1%
(ware potato) and 30.7% of Yp (starch potato). There were statistically significant effects of
potato (positive quadratic) and onion (positive) area shares on ware potato, sugar beet and
winter wheat yields, of sugar beet area share (positive quadratic) on winter wheat yield and
of cereal area share (negative) on sugar beet and winter wheat yields. Farmers’ objectives
explain part of the variability observed in crop yields, i.e. yields were 7 - 24%, 13 - 24% and
12 - 32% lower than Yy, respectively, for gross margin maximising, labour minimising and
N use efficiency maximising farms. In addition, there was a significant positive relationship
between gross margin and the yield of ware potato, sugar beet and winter wheat. By contrast,
no significant relationships were found between crop yields and NUE or labour use.

We conclude that most of the yield gap was explained by the efficiency yield gap for ware
potato and spring onion and by both the efficiency and technology yield gaps for sugar beet
and cereals. The resource yield gap explained most of the yield gap of seed potato, and the
technology yield gap of starch potato. The results regarding the effects of cropping frequency
and crop rotations to crop yields were not very conclusive which suggest that agronomic
principles become less evident at ’systems level’ given the number of interacting factors at
crop rotation level. Finally, although N and energy production were lower for gross margin
maximising farms, most crop yields were not significantly different between farms with the
highest N and energy production compared to farms performing best on economic (gross
margin) objectives.
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5.1 Introduction

Crop yield gaps can be estimated and explained at different spatial scales using a wide
range of methodologies (Beza et al., [2017; |van Ittersum et al., 2013)). For instance,
yield gap analysis at field (crop) level is usually performed using field trials and/or
farm surveys in combination with crop growth simulation models (e.g. |Affholder
et al., 2012; Subedi and Ma, [2009; |Abeledo et al., [2008)) and with multivariate statis-
tics (e.g. IDelmotte et al., 2011} |[Fermont et al., 2009; [Tittonell et al., 2008a). Such
type of analyses provide good insights about the limiting factors to crop growth but
they fail to capture the multi-dimensional aspects of crop production occurring at
farm and farming systems level.

Understanding the scope for sustainable intensification of current farming systems
requires an in-depth, and integrated assessment, of crop yield gaps at the farm level
for three main reasons. First, farmers make decisions about which activities to pur-
sue and how to allocate the available resources given their personal objectives and
circumstances (Kanellopoulos et al., 2014; Mandryk et al |2014). Second, there
can be incompatibilities or synergies between different activities performed within
the same farm (Hochman et al., [2014; Dogliotti et al., 2003} [Struik and Bonciarelli,
1997). Third, the farm integrates both biophysical and socio-economic components
of agricultural systems. Therefore, farm level analysis using individual farm data
are important to expose interactions between different activities as well as the poten-
tial limitations and consequences of different management and livelihood strategies
(Reidsma et al.,|2015b} [Kanellopoulos et al., [2012; [Tittonell et al., [2009)).

Arable farming systems in the Netherlands provide a good case study to test a suite
of methodologies aiming at explaining yield gaps at both crop and farm level. Dutch
arable farms are organized into crop rotations in which a succession of different crops
is repeated every certain number of years. The most important crops are ware, seed
and starch potato, sugar beet, spring onion, winter wheat and spring barley. In 2015,
approximately 155.000 ha (21% of the total arable area) of potato were harvested in
the Netherlands, followed by 130.000 ha of winter wheat, 70.000 ha of sugar beet,
35.000 ha of spring barley and 20.000 ha of spring onion (CBS| 2015). In addition,
farms operate close to the climatic potential yield (Yp, www.yieldgap.org) and re-
source use efficiencies are strongly influenced by economic performance (Mandryk
et al.,[2014), environmental legislation limiting fertiliser and pesticide use (Boatman
et al.,|1999) or market regulations (e.g. sugar beet quota).
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The objectives of this study are twofold: 1) to disentangle crop yield gaps within
Dutch arable farming systems using a standard methodological approach and 2) to ex-
plain those yield gaps based on observed cropping frequencies and alternative farm-
ers’ objectives. For this purpose, we applied the theoretical framework introduced
in Chapter 3 to analyse yield gaps for the most important crops cultivated in arable
farming systems in the Netherlands. We hypothesized that yield gaps of the main
crops (ware potato, sugar beet and winter wheat) are relatively small (80% of Yp)
and that much of this yield gap can be explained by farm and crop rotation factors
rather than field and crop level conditions.

5.2 Theoretical framework

A generic arable farm system with a four-year crop rotation composed of potato
(Solanum tuberosum L.), winter wheat (Triticum aestivum L.), sugar beet (Beta vul-
garis L.) and spring barley (Hordeum vulgare L.) is depicted in Figure This
rotation is a typical example of how rotations looked like in The Netherlands tra-
ditionally but they have become more diversified. In addition, there are also distinct
regional differences with more (lighter soils) or less (heavy soils) root and tuber crops
depending on the soil type. Following [Ewert et al.| (2011)), in this system it is impor-
tant to differentiate processes and flows occurring at crop rotation level from the ones
occurring at crop level as these two levels are nested and have different spatial (i.e.
farm area vs crop area) and temporal scales (i.e. length of crop rotation vs crop grow-
ing season). The concepts developed to disentangle and explain yield gaps at crop
and crop rotation level in this study are described in this section.

In this paper, yield refers to the land productivity of an individual crop and is ex-
pressed in ton fresh matter (FM) ha—! whereas production refers to the total produc-
tion at farm level calculated as the sum of the different crop yields in kg N ha=! or
MJ ha—!. Non-substitutable (i.e. water and nutrients) and substitutable inputs (e.g.
herbicides and nematicides) for crop growth are referred to as inputs and those can
be aggregated at crop or crop rotation level.

5.2.1 Disentangling yield gaps at crop level

Yield gap analysis is useful to understand the relative contribution of growth-defining,
-limiting and -reducing factors to actual yields. A framework integrating concepts
of production ecology (van Ittersum and Rabbinge, |1997) and methods of frontier
analysis (Farrell, [1957) was introduced in Chapter 3 to explain crop yield gaps using
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individual crop and/or farm data. Crop yield gaps refer to the difference between Yp
and actual yields (Ya), and can be further decomposed into efficiency, resource and

technology yield gaps (Figure[5.TA).

Five different yield levels are required to decompose yield gaps at crop level. Ac-

tual yields (Ya) are the yields currently achieved by farmers and can be compiled
through for example farm surveys. Technical efficient yields (YTgx) refer to the max-
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Figure 5.1: Representation of an arable crop rotation and theoretical framework to A)
disentangle crop yield gaps and B) explain those considering alternative farmers’ objec-
tives. Yp is the climatic potential yield as defined by |van Ittersum and Rabbinge| (1997)).
Yur, Ytex and Ya are abbreviations for highest farmers’ yield, technical efficient yield at a
specific input level and actual yield of a specific crop across multiple farms, respectively.
Pur, Pag and Pa stand for highest farmers’, allocative efficient and actual production at
crop rotation level. Solid grey lines in B) represent the maximum nitrogen use efficiency
(NUE) and gross margin for two input-output price ratios, (w’, p’) and (w*, p*). Single
input-output relationships are shown for illustration purposes only. See text for further
explanation.
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imum yield which can be achieved with current input use and can be estimated using
methods of frontier analysis (Farrell, [1957)). Allocative efficient yields (Y ag) can be
defined as the Ytgx, which optimise levels of crop production given farmers’ objec-
tives and resource constraints (similar to Pag in Figure[5.1B). Highest farmers’ yields
(Ygr) provide an indication of the maximum yields currently achieved by farmers and
can be estimated as the mean of Ya above the 90" percentile. Finally, the climatic
potential yield (Yp) is the maximum theoretical yield which a genotype can achieve
in a well-defined biophysical environment (van Ittersum and Rabbingel [1997).

The efficiency yield gap is defined as the difference between Yrtgx and Ya and ex-
presses by how much yield can be increased with current levels of inputs in a partic-
ular environment. Yield differences between farms using similar inputs can then be
explained by differences in timing, spacing and form of the inputs applied, observed
variation in sowing dates as well as rotational effects due to interactions between
crops (see below), while controlling for differences in biophysical conditions. The
resource yield gap can be estimated as the difference between Yyr and Yrgx and it
indicates the additional yield that can be obtained in case input use is increased to the
level used to achieve Yyr. Finally, the technology yield gap refers to the difference
between Yp (or Yw in rainfed conditions) and Yyr and can be explained by existing
limiting factors to production (i.e. von Liebig’s law of the minimum) and/or the lack
of precision agriculture practices and new varieties able to exploit Yp. Rotational
effects may also explain the technology yield gap in case the farms included in the
sample share a similar crop rotation plan and hence show little variation in this factor.

5.2.2 Explaining yield gaps at crop rotation level

Understanding crop yield gaps requires looking beyond the field scale and individual
season. Below, we frame the importance of rotational effects over time and alter-
native farmers’ objectives when allocating resources to multiple activities within the
theoretical framework proposed in Figure [5.1]

Rotational effects on crop yields

A crop rotation can be defined as an ordered succession of crops which are cultivated
repetitively every certain number of years (cf. |Wijnands et al., [2002)). Crop rota-
tions are particularly important to preserve soil fertility and to control pests, diseases
and weeds. However, their ’efficacy’ depends on a number of factors including the
species of crops cultivated, their frequency and sequence, the length of the complete
cycle and the number of different crops, among others. Further information about

130



Yield gaps of arable crops in the Netherlands

the importance of these factors for the productive, economic and environmental per-
formance of Dutch arable crop rotations can be found in |[Dogliotti et al.| (2003) and
Vereijken| (1997).

The aforementioned rotational effects need to be taken into account when trying to
understand yield variability and yield gaps from a crop rotation perspective. In gen-
eral, it can be argued that rotational effects explain part of the efficiency, resource
and technology yield gap (Figure [5.1]A). Different farms sharing similar crop man-
agement practices and biophysical environment may still exhibit different efficiency
yield gaps in case they cultivate a different number of crop species or cultivate the
same crop species in different frequencies and sequences (Mazzilli et al., 2016} Rijk
et al., 2013). Crop rotations may also affect the resource yield gap as follows: in-
cluding legumes as previous crop reduces the need for N application (Reckling et al.|
2016; Plaza-Bonilla et al., 2017) and increasing crop diversity helps reducing the
pressure of biotic factors and the use of pesticides (Andert et al., 2016} |Landis et al.,
2008, |Struik and Bonciarelli, [1997)). Both strategies can explain why different farms
require different input levels to achieve similar yield levels. Finally, rotational effects
can also explain the technology yield gap in case all farms in the sample use sub-
optimal crop rotations. It is important to note that individual effects are generally
hard to isolate because they are dynamic and can be confounded with other factors
(e.g. renting extra land allows to grow the same specialised crop on this extra land if
the rented land is different from year to year).

Farmers’ objectives and constraints

Farmers’ objectives and resource constraints determine the intensity with which in-
puts are used and hence, the production level of different activities. We define the
difference between maximum production at crop rotation level (Pyp, kg N ha™!) and
the production observed under different farmers’ objectives (e.g. maximum gross
margin, Pagecon in kg N ha'l) as “production trade-off’. This is expected to occur,
as generally farmers prioritize economic (or environmental) performance over pro-
duction maximization (Monjardino et al., [2015; Mandryk et al., 2014). Production
trade-offs have socio-economic causes and may arise if different objectives have dif-
ferent optimal production levels.

Production trade-offs can be quantified using individual farm data as the difference
in farm production between production and, for instance, gross margin maximiz-
ing farmers (Figure[5.1B). Maximum production cannot be based on yield levels, as
yields of different crops cannot be directly compared. Instead, N or energy produc-
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tion can be used as proxies. The top 10™ percentile farmers of N or energy production
and gross margin can then be compared. Other important objectives which can be as-
sessed following the same rationale are minimum labour use (Pagiapour) OF maximum
nitrogen use efficiency (NUE) at crop rotation level as an indicator for environmental
performance (Pageny)-

5.3 Material and methods

5.3.1 Farm accountancy data

Individual farm data from specialized arable farms in the Netherlands between 2008
- 2012 were used in this study (Figure [CI} Supplementary Material). Such data
are collected every year by the Wageningen Economic Research with the purpose
of monitoring the income and economic performance of agricultural holdings in the
Netherlands (van der Veen et al.| [2014). The farms monitored are selected from the
most recent agricultural census based on a disproportional stratified random sample,
i.e. a random sample of farms selected from the agricultural census is assigned to a
specific strata defined by the type of farming (e.g. arable farms) and the economic
size class (greater than 25000 €).

The Netherlands is a relatively homogeneous country with a temperate maritime cli-
mate. The variation in temperature and radiation as well as the distribution of rainfall
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Figure 5.2: Mean daily maximum and minimum temperature (°C), rainfall (mm) and solar
radiation (kJ m~?) for the period 1970 - 2012 in De Bilt, The Netherlands. Source: Royal
Netherlands Meteorological Institute (KNMI).
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is well captured by the meteorological station located in De Bilt (Figure[5.2). Annual
precipitation is on average 810 mm yr—! (1970 - 2012) and it falls uniformly through-
out the year. Minimum temperatures are around 0°C during the winter months (De-
cember - February) and have a maximum of about 12.3°C in July/August. Maximum
temperatures follow a similar temporal pattern with a minimum value of 5.4°C dur-
ing the winter and a maximum of about 22.3°C during the summer. Solar radiation
increases during the first half of the year to a value of about 17.8 MJ m~2 in the
summer after which it steadily declines during the second half of the year. In terms
of edaphic conditions, three main soil types can be identified in the country: marine
clay soils in the north and south-western areas, sandy soils in most of the south- and
central-eastern areas and, somehow less representative, peat soils in the north and
center-western areas.

Arable crops are mostly cultivated between March and October with the exception of
winter wheat, which is cultivated between November and August. Most farms grow
a succession of root and tuber crops and cereals over multiple years, in particular
sugar beet, potato and winter wheat. Spring onion and spring barley are also impor-
tant crops but they are cultivated by a smaller number of farms. Generally, potato is
the crop with largest gross margin but it is important to differentiate between three
crop rotations: 1) starch potato are cultivated once every two years and in relatively
marginal soils with the objective of maximising starch production, 2) seed potato are
cultivated for high quality medium size tubers which depend on initial seed quality,
crop management and haulm killing date, and 3) ware potato are mostly cultivated
for the french fries industry with specific quality and size restrictions. Descriptive
statistics of the crop level data used are provided in Table C1 (Supplementary Mate-
rial). The sample size, i.e. total number of farms in the dataset, between 2008 - 2012
was ca. 175 farms per year. We assumed one crop rotation per farm as the data does
not allow for a more detailed analysis, but this may not fully represent actual farmers’
practice.

5.3.2 Yield gap analysis at crop level

Efficiency yield gap

Stochastic frontier analysis (Kumbhakar and Lovell, 2000; Aigner et all [1977;
Meeusen and van den Broeck, [1977) was employed to estimate crop-specific effi-
ciency yield gaps. The translog functional form was chosen for this analysis because
it explicitly considers the first- and second-order terms, including interactions, across
inputs and outputs and it does not pose restrictive assumptions about the shape of
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the production frontier. Its mathematical formulation as well as the estimation of the
efficiency yield gap and Ytgx are as follows:

K K K
1
In Yit = Qo + Z Bk In Trit + 5 Z Z ij In Thit X in Tjit +
k k J
T
+ Y 0 DTy + v — gy (5.1)
t
EffYg,, = 1 — exp(—uit) (5.2)
Yre, = Yai x exp(—ug) (5.3)

where y;; is the yield of a specific crop in farm ¢ and period ¢, x;; a vector of in-

put k£ and j defined according to principles of production ecology (van Ittersum and
Rabbinge, |1997) and DT; a year dummy. The random error term v;; is assumed to
be N(O, 03), and independent of the w;;, which accounts for technical inefficiency
in production and is assumed to be independently distributed following N(u, o2).
The parameters to be estimated are oy (intercept), (3, (first-order terms), 0y; (second-
order terms) and ¢; (year effects). Ygx and the efficiency yield gap are based on w¢
and defined as in Section 5.1. All parameters and error terms were estimated with
maximum likelihood using the R package frontier (Coelli and Henningsen) 2013)).

Quantitative input-output data for a set of unique combinations of farm x crop x year
were used to estimate the stochastic frontier models (Equation 1) and the efficiency
yield gap (Equation 2). Fresh matter yield (y, kg FM ha~!) of potato (ware, seed
and starch), sugar beet, spring onion, winter wheat and spring barley were defined as
dependent variables. Independent variables (x) were selected to capture the role of
growth-defining, -limiting and -reducing factors to actual yields.

Growth-defining factors were included in the model as a year-dummy in order to
control for year-specific climatic conditions referring to e.g. temperature and solar
radiation. No regional dummies were included because the Netherlands is considered
a homogeneous climatic region (van Wart et al., |2013). We did not control for dif-
ferent varieties, planting/sowing dates and densities and previous crop, as data were
not available, so these factors are captured in the efficiency yield gap. The variables
considered as growth-limiting factors were N and P use (expressed in kg ha~!) and
soil type expressed as a dummy variable with four levels namely, clay (clay content >
80% of the farm area), sand (sand content > 80%), loess (loess content > 80%) and
mixed (clay, sand and loess content < 80%). The N use variable corresponds to plant
available N applied, i.e. the N applied with mineral fertilisers together with the N
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fertiliser replacement value of organic amendments (which can be understood as the
equivalent effect of organic amendments expressed in mineral fertiliser-N). Fungi-
cide, herbicide, insecticide and nematicide variables (expressed in kg a.i. ha=') were
used to control for growth-reducing factors in the crop production systems to which
they are relevant. Finally, a dummy variable was included to differentiate between
conventional (n = 169) and organic (n = 16) production systems to control for po-
tential differences in nutrient, pest, disease and weed management. The y and x
variables included in the production frontier were mean-scaled and In-transformed
prior to the analysis.

Resource yield gap

The resource yield gap indicates the potential to increase yields due to increases in
input use and it can be quantified as the difference between Yy, i.e. the mean across
observations of Ya above the 90t percentile, and Ytgx estimated using stochastic
frontier analysis. We did not differentiate between soil types due to non-statistically
significance of yield differences between soil types for most crops (see Table [5.1).
In order to explain the resource yield gap, we further grouped the observations into
lowest yielding farms (YL, i.e. mean across observations of Ya below the 10" per-
centile) and average yielding farms (Y of, i.e. mean across observations with Ya be-
tween the 10 and 90" percentiles) and compared the application of plant available
N across the three groups. Furthermore, the statistical significance of the parame-
ters [ and 6 in Equation provide an indication of the most important input(s)
explaining the resource yield gap. Results are presented for 2012 only because no
major differences in the resource yield gap were observed during the period analysed
(2008 - 2012).

Technology yield gap

Climatic potential yields (Yp) set the biophysical boundaries of yield gap analysis and
therefore it is important to assess the difference between Yp and Ygr. We opted to use
estimates of Yp instead of water-limited yields (Yw) due to the high uncertainty of the
latter estimates related to the depth of water table and frequent occurrence of capillary
rise. However, we cannot rule out water stress because irrigation is not a default in
the Netherlands. Furthermore, we assumed there is no spatial variability in Yp for the
arable crops cultivated in the Netherlands (www.yieldgap.org) since the climate is so
homogeneous across the country. Estimates of Yp for ware potato, winter wheat and
spring barley were simulated with WOFOST (Boogaard et al., 2013) for an average
sowing date and during the period 1992 - 2008 (see Reidsma et al., [2015b)). Further
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details about model calibration and validation can be found in |Wolf et al. (2011).
In case of starch potato, sugar beet and spring onion, Yp was obtained from variety
trials (Rijk et al., [2013). No yield benchmark was used for seed potato due to the
peculiarities of the seed potato production system.

Standard moisture contents were used to convert Yp from dry to fresh matter to en-
sure these estimates are comparable with the Ya values observed in the accountancy
database. The standard dry matter contents considered per crop were 21.5% for ware
potato and for seed potato, 20.0% for sugar beet and spring onion and 84.0% winter
wheat and spring barley. In case of sugar beet and starch potato, we further assumed
a standard sugar content of 17% (Suiker Unie, personal communication) and an un-
derwater weight of 524 g (Avebe, personal communication), respectively.

5.3.3 Resource and crop allocation at farm level
Influence of cropping frequency

’Cropping frequency’ was the only rotational effect we could analyse using the avail-
able data as we had no information about ’cropping sequence’. Cropping frequency
was computed as the ratio between the area (in ha) of an individual crop and the total
cultivated land (in ha). We had no means to exclude the area of crops cultivated on
rented land as that information was not available for each individual crop and the suc-
cession of crops grown on rented land was unknown. This is particularly relevant in
the case of potato cultivation as it is common practice that farmers rent extra land to
grow this crop (Figure [C2} Supplementary Material). Therefore, we did the analysis
for potato using the subset of farms with less than 33.3% of rented land and less than
40.0% of potato in the total area. We considered these thresholds to restrict the anal-
ysis to farms with a relatively low share of rented land (because higher potato area
shares of potato point at the importance of potato cultivated on rented land, where
rotations are likely wider) and to account for the legal norm of potato cultivation in
the Netherlands.

The relationship between crop yields in year ¢ and crop area share in year { — 1 was
studied using regression analysis. We allowed for linear and quadratic effects in order
to test whether the increasing share of one crop leads to an increase (or decrease) of
crop yields or if a maximum (or minimum) yield level occurs for a particular crop
at a specific crop area share. We focused our analysis on the proportion of potato
(ware, seed and starch potato), sugar beet, spring onion and cereals (winter wheat
and spring barley) and assessed the contribution of each of them to the yield of ware
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potato, sugar beet and winter wheat. Regressions were fitted to the entire sample of
farms available (except for potato, see above) pooling data from four different time
periods: 2008 - 2009, 2009 - 2010, 2010 - 2011 and 2011 - 2012. The Im function of
R was used for the analysis.

Trade-offs between farmers’ objectives

The impacts of farmers’ objectives on crop yield gaps were assessed for clay soils and
the period 2008 - 2012 (n = 97 farms) in order to average environmental conditions
and rotational effects across years. The crops at stake in this analysis were ware
and seed potato, sugar beet, spring onion, winter wheat and, spring barley as there
were no observations of starch potato in clay soils. Actual farm production, Pa, was
calculated in N (kg N ha~!) and energy terms (MJ ha=') for farm j and crop i as
follows:

Z Yield;; (kg FM ha_l) X N content; (%) X Area;; (ha)

PaN, = - 5.4
- > Area;; (ha) G4

> Yield;; (kg FM ha=') x Energy; (MJ kg FM~1) x Area;; (ha)

Pa_Energy; = (5.5

Z Area;; (ha)
1

N concentration and energy content in the crop products were compiled from|/de Haan
and van Geel (ZOIBﬂ and Meul et al. (2007ﬂ, respectively. Maximum farm produc-
tion, PAgprod, Was quantified as the mean Pa in terms of N and energy across the farms
above the 90" percentile for each of these indicators.

Gross margin was quantified from the farm accountancy data as the difference be-
tween economic returns from crop activities and material costs (i.e. seeds, fertilisers,
pesticides, energy and other). Input and output prices were deflated to 2005 prices
using the consumer price index available from [CBS| (2015). Maximum gross mar-
gin was calculated as the mean gross margin of the farms above the 90™ percentile
of this indicator, and Pagecon (in N or energy per ha) was calculated for the same
group of farms. A similar approach was followed to identify the maximum NUE at

3.3 kg N t' FM of ware potato tubers, 3.0 kg N t' FM of seed potato tubers, 1.8 kg N t' FM of
sugar beets, 2.2 kg N t' FM of onion bulbs, 16.8 kg N t! FM of wheat grains and 12.6 kg N t' FM of
barley grains.

3.4 MJ kg FM™! for potato tubers, 5.3 MJ kg FM™! for sugar beet roots, 1.3 MJ kg FM™! for onion
bulbs, 15.5 MJ kg FM! for winter wheat grains and 15.8 MJ kg FM™! for spring barley grains.
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crop rotation level (kg N kg~! N) which was estimated for farm j based on crop i as
follows:

N output; (kg N) = Z Yield;; (kg FM ha~!) x N content; (%) X Area;; (ha)

]

(5.6)

N applied; (kg N) = Z(Fertiliserij + Manureij) (kg N hafl) X Area;j (ha) (5.7)

i

N input; (kg N) = N applied; (kg N) + N indigenous; (kg N) (5.8)

N output; (kg N)

NUE; (kg Nkg~' N) =
j (ke N'ke ) N input; (kg N)

(5.9)

Pageny Was calculated based on the farms above the 90™ percentile for NUE. The
amount of N applied per farm (Equation includes the amount of mineral N ap-
plied with fertilisers and the amount of mineral and organic N applied with organic
manures; hence, higher NUE can be expected among farmers using only mineral fer-
tilisers as compared to farmers using both mineral and organic N sources (Schroder,
2014). The variable °N indigenous’ in Equation [5.8] includes N inputs from seed,
atmospheric deposition and biological N fixation and these were retrieved directly
from the dataset. Finally, the minimum labour use (hr ha~!) was calculated as the
mean labour use of the farms below the 10 percentile of this indicator, and Pagjabour
was based on this group of farms. The Mann-Whitney U test was used to check for
significant differences between the level of each indicator across different farmers’
objectives and between crop yields achieved by production maximising farms (N or
energy) and by farms with a different objective (gross margin, labour use or NUE).
This non-parametric test was used because for most indicators the hypothesis that
the sample comes from a population which has a normal distribution was rejected
(results of the Shapiro-Wilk test not shown).

5.4 Results

5.4.1 Yields and yield gaps at crop level

The parameter estimates characterizing the crop-specific production frontiers are pro-
vided in Table [5.I] The gamma values indicate that the inclusion of two random
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errors is appropriate for all crops, except for seed potato (v = 0.602), because most
of the unexplained variability in crop yields can be attributed to the efficiency yield
gap (u;) rather than to statistical noise (v;). Results for starch potato should be
interpreted with caution as the statistical tests may be biased when v = 1.

The importance of environmental conditions for yield variability were analysed in
terms of year and soil type effects (Table [5.1). Statistically significant year effects
during the period 2008 - 2012 are observed for all crops except spring onion. Crop
yields in clay soils are significantly higher than in mixed and/or sandy soils only for
seed potato and cereals and no statistically significant yield differences across differ-
ent soil types are observed for the other crops. As for certification type, actual yields
of ware, seed and starch potato are significantly lower in organic than in conventional
production systems while no such difference is observed for the other crops.

Variability in crop yields is mostly associated with the management of growth-
reducing rather than growth-limiting factors (Table [5.1)). There is a significant rela-
tionship (first and second-order terms) between fungicide use and ware potato yields
and between insecticide use and spring onion yields. Moreover, there is a significant
linear relationship between fungicide use and spring onion yield (negative) and win-
ter wheat yield (positive). The use efficiency of fungicides is positively associated
with herbicide and nematicide use for starch potato and negatively associated with
herbicide use for sugar beet. For starch potato, the efficiency in the use of herbi-
cides is positively associated with nematicide use. For seed potato, yield responses to
fungicide are lower in mixed than in clay soils while yield responses to herbicide are
greater in mixed than in clay soils. Finally, the use efficiency of fungicides increased
over time for seed potato and spring onion but declined for starch potato. A decline in
the efficiency of herbicide use is observed for ware and seed potato and in insecticide
use for spring onion.

Management of growth-limiting factors affects the use efficiency of inputs associated
with the control of growth-reducing factors, particularly for potato production sys-
tems. For example, greater responses to herbicides are observed with greater amounts
of plant available N applied for ware and seed potato. Plant available N applied also
affects the use efficiency of fungicides, negatively for ware potato and positively
for starch potato. Other examples include increasing N use efficiency over time for
ware potato, negative quadratic relationship between yield and nutrients (N and P)
for starch potato, negative linear relationship between yield and P and greater yield
response to P in mixed than clay soils for spring barley, and lower yield response to
N in mixed than in clay soils for winter wheat.
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Table 5.1: Parameter estimates of the crop-specific stochastic frontiers estimated for Dutch arable farming (2008 - 2012). The default
soil type is clay’, except for starch potato which is *'mixed’. Significance codes: ***** 0.1% **** 1% **’ 5%.

Variables Ware Seed Starch Sugar Spring Winter Spring
potato potato potato beet onion wheat barley
Intercept 0.335% %% 0.228%%* 0.118%%:% 0.046 0.288% 3 0.184% % 0.204% %
Nitrogen -0.045 0.001 0.231 -0.003 0.061 0.016 0.043
Nitrogen? -0.008 -0.003 -1.119%* -0.003 0.007 -0.002 0.005
Phosphorus 0.003 -0.015 0.058 -0.009 0.012 0.001 -0.030%*
Phosphorus® -0.014 -0.005 -0.336%* -0.001 0.001 -0.001 -0.002
Fungicide 0.058** -0.024 0.089 0.005 -0.128* 0.024%* 0.021
Fungicide® 0.006* 0.003 -0.122 0.001 -0.006 0.002 0.001
Herbicide 0.046 0.060 0.074 -0.023 0.060 0.004 -0.018
Herbicide? -0.004 -0.002 -0.002 -0.004 -0.019 -0.001 0.000
Insecticide 0.011 -0.006 -0.001 -0.003 0.041 %%
Insecticide® -0.001 -0.003 0.000 0.000 0.007*
Nematicide 0.003 0.002 0.012
Nematicide? -0.001 -0.001 0.002
Certification_Organic -0.389%%%* -0.172* -0.132%%* 0.031 -1.753 -0.026 0.057
Year_2009 -0.002 0.074** -0.002 0.094*** 0.019 0.038* 0.124%**
Year_2010 -0.085* 0.071%* -0.038 0.032 -0.024 0.023 0.013
Year_2011 -0.004 0.009 0.023 0.082% 3% 0.025 -0.112%%%* 0.018
Year_2012 -0.034 0.084 0.065* 0.061* -0.008 -0.073%%* 0.078*
Soil_Sand -0.042 -0.416%%* 0.032 -0.039 -0.112%%%
Soil_Mixed -0.540%%* -0.044 -0.123%%* -0.053
Soil_Loess 0.065
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Table 5.1: Parameter estimates of the crop-specific stochastic frontiers estimated for Dutch arable farming (2008 - 2012). The default
soil type is clay’, except for starch potato which is *'mixed’. Significance codes: ***** 0.1% ***’ 1% ’*’ 5%. (continued)

Variables Ware Seed Starch Sugar Spring Winter Spring
potato potato potato beet onion wheat barley

Nitrogen x Phosphorus 0.007 0.006 0.103 0.002 0.000 0.007 0.001

Nitrogen x Fungicide -0.006** -0.016 0.466%** 0.000 0.000 0.005 -0.001

Nitrogen x Herbicide 0.006* 0.013%* -0.045 -0.021 -0.001 -0.002 -0.001

Nitrogen X Insecticide -0.002 -0.004 -0.027 0.002 0.001

Nitrogen x Nematicide 0.001 -0.003 0.001

Phosphorus x Fungicide 0.002 0.029%%* -0.202** 0.000 0.000 0.001 0.001

Phosphorus x Herbicide 0.004 -0.029%*%* -0.067 -0.003 0.000 0.001 -0.002

Phosphorus x Insecticide 0.004* 0.002 0.034%* -0.001 0.001

Phosphorus x Nematicide 0.002 -0.002 0.048+**

Fungicide x Herbicide 0.000 0.000 0.066* -0.0171%+** 0.026 -0.002 -0.001

Fungicide x Insecticide 0.001 0.001 0.000 0.000 -0.013

Fungicide x Nematicide 0.003 0.001 0.017%*

Herbicide x Insecticide 0.002 0.004 -0.005 0.002 -0.001

Herbicide x Nematicide 0.003 0.001 0.008*

Insecticide x Nematicide 0.000 0.000 0.001

Year x Nitrogen 0.016%** 0.002 -0.037 0.006 -0.007 0.004 0.001

Year x Phosphorus 0.004 0.000 -0.005 0.000 0.001 -0.001 0.004

Year x Fungicide 0.000 0.025%** -0.029* 0.000 0.024%#* -0.003 -0.001

Year x Herbicide -0.006* -0.017* 0.001 -0.008 -0.016 -0.002 0.005

Year x Insecticide 0.000 0.005 0.002 0.000 -0.006*

Year x Nematicide -0.001 0.000 0.003
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Table 5.1: Parameter estimates of the crop-specific stochastic frontiers estimated for Dutch arable farming (2008 - 2012). The default
soil type is clay’, except for starch potato which is 'mixed’. Significance codes: ***** 0.1% ***’ 1% ’*’ 5%. (continued)

Variables Ware Seed Starch Sugar Spring Winter Spring
potato potato potato beet onion wheat barley

Soil_Sand x Nitrogen 0.089 -0.046 -0.220 -0.033 -0.047

Soil_Sand x Phosphorus 0.004 0.025 -0.002 -0.002 -0.001

Soil_Sand x Fungicide 0.027 0.016 0.040 0.000 -0.004

Soil_Sand x Herbicide 0.013 0.001 -0.044 0.037 0.030

Soil_Sand x Insecticide -0.005 -0.006 0.006 0.007

Soil_Sand x Nematicide 0.003 -0.007 -0.003

Soil_Mixed x Nitrogen -0.018 -0.114 -0.371%%* 0.021

Soil_Mixed x Phosphorus -0.005 0.004 0.040 0.077%*

Soil_Mixed x Fungicide -0.290%%* 0.010 -0.006 -0.023

Soil_ Mixed x Herbicide 0.160%* 0.002 0.025 -0.003

Soil_ Mixed X Insecticide -0.028 0.007

Soil_Mixed x Nematicide 0.008

Soil_Loess x Nitrogen -0.080

Soil_Loess x Phosphorus 0.003

Soil_Loess x Fungicide 0.000

Soil_Loess x Herbicide -0.002

Soil_Loess x Insecticide 0.028

Model evaluation

ol=0+02 0.104%** 0.043%* 0.01 8% 0.031 %% 0.113%%% 0.036% % 0.079%**

y=o02/0? 0.959%*3* 0.602%** 1.000%%*%* 0.752%%% 0.969% %% 0.936%** 0.947%**

TE scores (%) 79.8 88.4 90.5 89.0 78.8 87.1 81.6

Sample size (n) 406 461 134 756 286 506 336

"TE scores’ refer to the average of the field-specific Technical Efficiency scores (i.e. 100 minus the efficiency yield gap expressed in %) obtained for
each stochastic frontier model.
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Figure 5.3: Efficiency yield gaps of A) ware potato, B) seed potato, C) starch potato, D) sugar beet, E) spring onion, F) winter wheat
and F) spring barley in arable farming systems in the Netherlands. Data refers to the period 2008 - 2012; solid lines represent the 1:1
and 1:2 lines while the dashed lines represent the mean Ya (x-axis) and Yty (y-axis).
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Figure 5.4: Resource (of N) and technology yield gaps of A) ware potato, B) seed potato, C) starch potato, D) sugar beet, E) spring
onion, F) winter wheat and G) spring barley in arable farming systems in the Netherlands. Plant available N applied refers to the N
supplied with mineral fertilisers and the N fertiliser replacement value of organic amendments. Each dot refers to a single farm in the
year 2012 and soil types are differentiated into clay, sand and mixed. Horizontal dashed lines present the crop-specific Yp estimates
while vertical dashed lines present the N application standards on clay soils for the year 2012 (LNV/|[2009). Yyr = highest farmers’
yield; Y ar = average farmers’ yield and Y g = lowest farmers’ yield.
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Table 5.2: Descriptive statistics of Ya and yield gap, decomposed into the efficiency, resource and technology yield
gaps (t ha—! and % of Yp) for arable crops in the Netherlands during the period 2008 - 2012. Standard deviations
are presented between brackets. Data of the resource yield gap refer to the stochastic frontier (Table[5.1). n.a. = not
applicable

Actual yield (Ya) Efficiency Yg Resource Yg Technology Yg

(tha™') (%) (tha™') (%) (tha™)) (%) (tha™) (%)
Ware potato  51.3 (= 11.3) 70.6 12.7(£8.0) 175 34(+£7.8) 46 52(£1.5) 7.1
Seed potato 345(£8.2) na. 43 (£ 1.5) na. 83(£8.0) na. na. (na.) na.
Starch potato  43.3 (£4.2) 60.5 4.7(x£3.9) 6.6 1.7(£37) 24 220(x£19) 30.7
Sugar beet 789 (£10.8) 737 94 (£44) 88 93(x7.8) 87 95(£3.8) 8.9
Spring onion  60.0 (£ 13.1) 68.0 16.0(+10.6) 18.1 3.8(£8.0) 43 87(£2.9) 9.9
Winter wheat 9.1 (+1.2) 740 1.3(+£0.9) 106 03(+£0.7) 24 15(£05) 122
Spring barley 6.6 (=1.3) 63.5 1.5 (£ 0.9) 144 06(+=09) 58 1.8(£04) 173
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Yield gaps in Dutch arable farming are about 30% of Yp for all crops, except starch
potato and spring barley for which the gap is ca. 40% (Table [5.2] which provides
data in absolute terms as well). This yield gap is mostly explained by the efficiency
yield gap (around 20% of Yp) for crops such as ware potato and spring onion while
its contribution is much lower (around 10%) for starch potato, sugar beet and cereals.
The resource yield gap is small for all crops ranging between 2% of Yp for winter
wheat and starch potato to 9% for sugar beet. Finally, the technology yield gap is as
high as 31% for starch potato, 12-17% for cereals and slightly lower (less than 10%)
for ware potato, sugar beet and spring onion.

The magnitude and variability of the efficiency yield gap is presented in Figure
(2008 - 2012) and that of the resource (using N as an example) and technology yield
gaps in Figure [5.4] (2012 data is shown for illustration purposes). A large variability
in the efficiency yield gap is observed for ware potato, spring onion, winter wheat
and spring barley (Figures [6.4A, [6.4E., [6.4F and [6.4G, respectively): for these crops
efficiency yield gaps as large as 50% are still observed for a number of farms and at
different Ya levels. Data presented in Figure for 2012 corroborate these results.
The resource (N) yield gap is relatively small for all crops because Ygr, Yar and
Y1 r are obtained with similar applications of plant available N, which comply with
the N application standards at crop level for most farms except for spring onion and
spring barley (Figure [5.4). However, yield responses to plant available N applied are
still evident for ware and seed potato (Figures[5.4]A and[5.4B). Finally, the technology
yield gap is larger for starch potato and cereals than for the other crops (see difference
between Yp and Yyr in Figure[5.4).

5.4.2 Insights at crop rotation level

Based on our framework, the efficiency yield gap must be explained by the timing,
placing and form of the inputs applied and by rotational effects between different
crops. Due to lack of data, we cannot assess empirically the contribution of the first
set of factors to the efficiency yield gap but we do not expect crop management to be
optimal due to biophysical and socio-economic constraints. Alternatively, we focused
our analysis on the relationship between cropping frequencies and crop yields, and
explored the contribution of different farmers’ objectives for crop yield gaps and farm
performance.
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Cropping frequency and yield variability

The distribution of the proportion of the farm area allocated to potato is slightly right-
skewed because few farms cultivate a large share of their land with ware, seed or
starch potato (Figures [5.5A - [5.5C). However, most of the farms have a share of
potato area lower than 40% which corresponds to the cultivation of one potato crop
every 2.5 years. It is important to mention that there is a significant positive linear
relationship between the proportion of potato and the proportion of rented land in the
farm (Figure [C2} Supplementary Material) meaning that effects of potato areas on
crop yields are confounded with the effects of rented land. Nonetheless, and despite
the low R? estimated (less than 20%), statistically significant (quadratic) relationships
are found between the proportion of potato and the yield of ware potato, sugar beet
and winter wheat. Maximum yield levels are observed at ca. 30% of potato share for
ware potato and winter wheat and 25% for sugar beet.

The share of sugar beet per farm follows a normal distribution, with most farms
cultivating 10 - 15% of their farm area with this crop (Figures [5.5D - [5.5F). No
statistically significant relationships are found between the share of sugar beet and
the yield of ware potato and sugar beet while a significant quadratic effect is observed
with the yield of winter wheat, though with very low R? (about 2%).

Similarly to the proportion of potato, the share of spring onion in total farm size
follows a distribution which is right-skewed (Figures [5.5[G - [5.5]). The majority of
farms cultivate spring onion on 5 - 10% of their total area and only very few farms
have an area share of spring onion greater than 20%. There is a statistically significant
relationship between crop yield and area share of spring onion, i.e. the yields of ware
potato, sugar beet and winter wheat increase linearly with an increasing proportion
of spring onion in the farm plan. However, the fitted regressions have a R? lower than
13%.

There is a large variation in the proportion of cereals (i.e. winter wheat and spring
barley) cultivated across farms, with very few farms not cultivating cereals and other
farms very specialized in cereal production (Figures [5.5] - [5.5L). Overall, the pro-
portion of cereals follows a distribution which is right-skewed due to few specialized
cereal farms. There is a significant negative relationship between the proportion of
cereals and sugar beet and winter wheat yield, but again, the R? is very low (3%).

147



Chapter 5

80 L 100 120 100 _ 14 100
5 A) 5 B) © C)
< fn i o < 124 =
= L go & S100 Lgo & & , L g0 &
< 60 23 2 D0 i £
o) ° e £ 3 80- Eo o~ E
= L6038 2 L6083 ] S - 60 3
2 40 ° G @ 60 53 X kS
g ° a8 L4035 £ 6 L 40 @
S - 40- a 2 o
o 20 E§ E g 41 E
g r20Z 3 20 [202 £ | r202
g R?=18.0% R%=8.3% = R%=7.8%
0 T T T T 0 0 T T T T 0 0 T T T T 0
0 20 40 60 80 100 0 20 40 60 80 100 0 20 40 60 80 100
Proportion of potato (%) Proportion of potato (%) Proportion of potato (%)
80 < 500 120 500 s 14 500
© . D) z E) o F)
Rt o — | o < 124 —~
2 g - 400> SO0 - 4005 2 - 400>
= ¥ £ T g £ 2 101 £
S [teagms e L 3008 2 . 3008 > g T > L 3008
g w0 Tsdte 5 g oo 53 5
2 i L 2008 & L2008 € 67 L 2000
o o1 . 2 = 404 s a
o I E S E § 4- E
= 20 S D S 2 S
g7 F102 Z 50 1oz £ | - 1002
X = R?=2.0%
0 T T T T 0 0 T T T T 0 0 T T T T 0
0 20 40 60 80 100 0 20 40 60 80 100 0 20 40 60 80 100
Proportion of sugar beet (%) Proportion of sugar beet (%) Proportion of sugar beet (%)
801 300 1 300 _ 14 300
&g e e G)|. B H| & N —
£ R - 250 <1 L 25 § 121 - 250
< 604 4 0 = 2 510 1)
< . - 200E 2 200E © |- - 200E
= rmRe £ 5 & > g i
S a04w. ! L1505 @ L1505 L 1505
R 3 5 g5 01 3
2 s - 1002 5 40+ r1008 = 4 - 1008
%20* ot > 2 S % S
= L F50 2 ? 20- (50% S o 50 Z
R?=7.1% R? = 12.4% R%?=2.5%
0 T T T T 0 0 T T T T 0 0 T T T T 0
0 20 40 60 80 100 0 20 40 60 80 100 0 20 40 60 80 100
Proportion of spring onion (%) Proportion of spring onion (%) Proportion of spring onion (%)
80 - 200 1 200 _ 14 200
< J = ] L
£ ) £ §1 £ S 12 ) £
% 60 . F lSOg s 3 1502 % 104 F lSOE
2 52 8% 5
£ 40 - 1005 ® -1005 $ - 1005
- QO — 4 —_
3 . o o © 'E 6 ©
o £ 5401 S £
& 20 505 9 EER F50 5
; . d 0 20 5 g 24 5
R°=2.8% R =1.2%
0 T T T T 0 0 T T T T 0 0 T T T T 0
0 20 40 60 80 100 0 20 40 60 80 100 0 20 40 60 80 100
Proportion of cereals (%) Proportion of cereals (%) Proportion of cereals (%)

Figure 5.5: Relationship between Ya of ware potato, sugar beet and winter wheat in year
t and the proportion of potato, sugar beet, spring onion and cereals in year ¢ — 1. Each
dot represents an individual farm with area share and crop yield observed in the following
periods: 2008 - 2009, 2009 - 2010, 2010 - 2011 and 2011 - 2012. Light grey dots in A),
B) and C) were not included in the regression analysis due to the high proportion of rented
land (more than 33.3%). The histogram represents the distribution of the share of specific
crop(s). Statistically significant linear and/or quadratic regressions are presented as solid
lines (parameter estimates are provided in Table Supplementary Material).
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Farmers’ objectives and yield variability

The maximum farm production is 166 kg N ha™! (Figure ) to which ware potato,
sugar beet and winter wheat contribute ca. 82% (Figure[5.6B). This level of produc-
tion is observed for the group of farms with highest N and energy production whereas
gross margin and NUE maximisation as well as labour minimisation result in lower
farm N production: about 20% less for maximum gross margin and NUE and 35%
less for minimum labour use (Figure [5.6/A). In terms of NUE, the maximum value
observed is ca. 0.90 kg N kg'! N (Figure ). Farms with maximum N production,
energy production and gross margin have NUE values of ca. 0.65 - 0.69 kg N kg'! N
while NUE is ca. 0.55 kg N kg'! N in farms with minimum labour use.

There is a large variation in gross margin between different farmers’ objectives (Fig-
ure ). The maximum value of gross margin observed is 5056 € ha™! for gross
margin maximizing farms. Compared to gross margin maximising farms, produc-
tion maximizing farms obtain 37% (N production) or 30% (energy production) lower
gross margin while labour minimizing farms obtain 66% lower and NUE maximizing
farms 23% lower gross margin. Moreover, only gross margin maximising farms reach
the maximum gross margin observed (see error bars). Spring onion, ware potato and
seed potato contribute to about 74% of the maximum gross margin, with seed potato
contributing to nearly 50% (Figure[5.6E). The average labour use observed for labour
minimizing farms is 21.5 hr ha"! (Figure ). Farms maximizing production, eco-
nomic or NUE objectives use on average much more labour (23 to 47 hr ha™!) than
labour minimizing farms.

There are few statistically significant yield differences for most crops between farms
maximising N production and farms maximising energy production and gross margin
(Figure[5.6[G -[5.6L) which indicates that differences in N production across these ob-
jectives are mostly due to differences in crop area shares (Figures[5.6B and[5.6E). As
compared to N production maximising farms, significantly lower yields are observed
in case of ware potato, sugar beet, spring onion and spring barley for labour minimis-
ing farms and lower ware potato and sugar beet yields for NUE maximising farms. In
general, labour minimising and NUE maximising farms tend to have lower yields for
all crops compared to production, energy or gross margin maximizing farms. Some
farms with maximum N production achieve Yyr for ware potato, sugar beet and win-
ter wheat. In contrast, gross margin maximizing farms achieve yields reaching Yyr
for seed potato and spring onion. Yields of seed potato, sugar beet and winter wheat
close to Yyr are achieved by farms with maximum NUE and Yyr is not achieved by
labour minimising farms for any crop.
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Figure 5.6: Production trade-offs for Dutch arable farms in clay soils during the period 2008 - 2012. The top four barplots show the
performance of the farmers’ objectives maximising N and energy production, maximising gross margin, minimising labour use and
maximising NUE at crop rotation level in terms of A) N production, C) NUE, D) gross margin and F) labour use, respectively; dashed
lines show the mean observed across the farms above the 90" percentile of each indicator, except for NUE which has a benchmark of
1 kg N kgt N. The six barplots presented below (G - L) show differences in Ya across different objectives; in these figures the dashed
and solid lines represent the crop-specific Yyr and Yp, respectively. Error bars are standard deviations of the mean. Crop area shares
underlying the maximum N production and maximum gross margin are presented in the pie charts B) and E), respectively (codes: WP
= ware potato; SP = seed potato; SBt = sugar beet; SO = spring onion; WW = winter wheat; SB = spring barley). The underlying data
are presented in Table @(Supplementary Material). Significance codes: ’n.s.” = not significant; ****’ significant at 5%.
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Chapter 5

The relationship between different indicators and yields of ware potato, sugar beet
and winter wheat is provided in Figure There is a significantly positive relation-
ship between N production and gross margin (Figure [5.7]A), whereas no significant
relationship is found between N production on the one hand and NUE and labour use
on the other hand (Figures and ). Despite the large variability and low R? of
the fitted linear regressions (maximum of 22% in Figure[5.7]A), there is a positive and
statistically significant relation between gross margin and the yield of ware potato,
sugar beet and winter wheat (Figure [5.7D). No significant relationship is found nei-
ther between NUE and crop yield (Figure [5.7E) nor between labour use and crop

yield (Figure[5.7F).
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Figure 5.7: Relationship between N production at farm level (kg N ha=!) and A) gross
margin in k€ ha~!, B) NUE in kg N kg=! N and C) labour use in hr ha=!; and between
yield of ware potato, sugar beet and winter wheat (t FM ha—!) and D) gross margin, E)
NUE and F) labour use. Dashed lines represent the 90™ percentile value of each indicator
while full lines are fitted, and statistically significant, linear regressions. Crossed symbols
in A), B) and C) highlight the observations above the 90" percentile for the indicators
presented in the x-axis and/or the y-axis. Square symbols in D), E) and F) identify the
farms above the 90™ percentile of N production. Parameter estimates are provided in Table

(Supplementary Material).
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5.5 Discussion

5.5.1 Crop yield gaps in Dutch arable farming

Crop yield gaps in Dutch arable farming systems ranged between 25% (winter wheat)
and 40% (starch potato) of Yp (Table [5.2). For ware potato and spring onion, the
yield gap was mostly explained by the efficiency yield gap while the resource yield
gap was particularly important for seed potato, and the technology yield gap for starch
potato. The efficiency and the technology yield gaps are equally important for cereals
(winter wheat and spring barley) and, the yield gap of sugar beet is equally explained
by the three intermediate yield gaps. The small resource and technology yield gaps
estimated for most crops indicate that farmers are applying input levels high enough
to achieve Yp, but the high application of plant available N (sometimes above the
N application standard particularly for spring onion and spring barley) is likely to
induce losses and environmental impacts.

The efficiency yield gap can be explained by sub-optimal crop management in terms
of timing, placing and form of inputs (not tested empirically due to lack of data,
Figure [5.4) and/or to a minor extent by sub-optimal cropping frequencies from a
production perspective (Figure[5.3). The timing of operational activities may be sub-
optimal because of delayed harvest of the previous crop (Mazzilli et al., 2016), poor
soil trafficability in key periods (Droogers et al.| |[1996)), unfavourable weather con-
ditions (van Oort et al., 2012) and, labour and machinery constraints on large farms
(Reidsma et al.,|2015a). Narrow crop rotations may also explain the relatively large
efficiency yield gap as they exacerbate negative effects of biotic factors to crop yields
(Scholte and s’Jacobl, [1990). The strategic decision of increasing the share of tuber
and root crops in the crop rotation, at the expense of cereals, is likely to be explained
by farmers’ objectives of maximising economic performance instead of crop pro-
duction (Figures [5.6B and [5.6E). However, this might not always be possible due to
production quotas in place as it is the case for sugar beet in the European Union (Fig-
ures [5.5D - [5.5F). Compliance with a particular mode of production may introduce
further constraints to reduce the efficiency yield gap. We found lower crop yields in
organic than in conventional production systems, similarly to |de Ponti et al.| (2012)
and Seufert et al.|(2012)), but statistically significant differences were observed only
for ware, seed and starch potato (Table[5.T)). Nonetheless, these results must be inter-
preted cautiously because of the small sample size available for organic farms.
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The technology yield gap is partly explained by water-limitations (Yp - Yw) during
the growing season, particularly for starch potato and cereals, as irrigation is not de-
fault in the Netherlands, and certainly not for cereals. Despite the relatively humid
climate and the presence of capillary rise in many areas, it is likely that water stress
plays a role in some parts of the growing season, in particular on sandy and mixed
soils where most of the starch potato is cultivated. In fact, higher yields were ob-
served in clay than in sandy and mixed soil types for seed potato, winter wheat and
spring barley which may be explained by less water stress in clay soils (Table [5.1).
In fact, this points at Yp not being the correct benchmark for yield gaps. Differently
from the other crops, rotational effects explain the technology rather than the effi-
ciency yield gap of starch potato because most farmers cultivate this crop in a narrow
crop rotation which increases the pressure from cyst nematodes. No other technolo-
gies seem to explain the technology yield gap because most farmers use up-to-date
and high-yielding technologies (e.g. varieties; Rijk et al., [2013)).

Beneficial effects of cropping frequencies on crop yields are difficult to show in our
study (Figure[5.5]), which challenges statements about the effectiveness of crop diver-
sity and crop rotations for crop productivity (Ponisio et al., 2014). This discrepancy
may be partly due to data problems because we were not able to take into account
factors such as cropping sequence nor to disentangle confounding effects of rented
land due to lack of data. In addition, the high input levels used by farmers (Figure
[5.4) may mask negative effects of narrow crop rotations which lead to weaker and
more inefficient root systems in terms of water and nutrient uptake. However, we
would expect to capture any beneficial effects associated with crop rotations with our
methodology if such effects would be outstanding.

Lobell et al.|(2009) and |van Ittersum et al.| (2013) suggested that the exploitable yield
for farmers is ca. 80% of Yp (or Yw), since the remaining 20% of the yield gap
will not be closed because of economic and environmental considerations and man-
agement constraints of the farmer. Our analysis partly supports the aforementioned
statement because the difference between crop yield across the different farmers’ ob-
jectives and crop-specific Yp ranged between 20 and 40% (Figures [5.6[G - [5.6L).
Ware potato, sugar beet, spring onion and winter wheat yields were on average 20 to
25% lower than Yp while yields of spring barley were on average 35% lower than Yp
for gross margin and NUE maximising farms and labour minimising farms (Figures
[5.6G -[5.6L). However, most crop yields are not significantly different between farms
with the highest production compared to farms performing best in economic (gross
margin) objectives. Also Figure suggests little trade-off between crop yields
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and gross margin. Differences in N production across farmers’ objectives (Figure
[5.6/A) are mainly due to differences in crop area shares (e.g. Figures[5.6B and [5.6E)
which indicates that maximisation of N (or energy) production at crop rotation level
requires a particular cropping pattern rather than closing yield gaps at crop level.

5.5.2 Methodological considerations

The methodology applied builds largely on the framework introduced in Chapter 3.
The most obvious improvement to the current analysis would be to estimate the in-
efficiency effects model (Battese and Coelli, [1995)) in order to explain quantitatively
the efficiency yield gap for each crop (e.g. Mazzilli et al., [2016). This was not done
in this paper for two reasons: 1) the dataset lacked detailed field level data refer-
ring to time, form and space of inputs as well as preceeding crop and field history
and 2) for most crops there were not enough degrees of freedom to analyse the in-
fluence of individual crop shares in year ¢ — 1 on the efficiency yield gap in year t.
Therefore, further improvement of the current crop level analysis requires a detailed
crop-specific dataset of different farms containing both input-output data and field
specific information (e.g. previous crop, cropping sequence, tenure).

The general consensus that in developing countries an ‘intensification’ pathway is
necessary to achieve food security and that in developed countries the (environmen-
tal) sustainability aspects are most relevant requires a more comprehensive under-
standing of the concept of resource use efficiency. One important aspect for Dutch
arable farming not addressed in this article is the scope to improve resource use ef-
ficiency, and hence environmental and economic performance, through the reduction
of input use without compromising crop yields (e.g. Ma et al., |2012; |de Koeyjer
et al.,[2002; Reinhard et al.,[1999). Although most farms comply with the N applica-
tion standards at crop level (Figure[5.4) and at farm level (Figure[C3} Supplementary
Material), our results may suggest a potential to decrease the application of plant
available N for many farms without reducing crop yields. The only two exceptions
are spring onion and spring barley, crops for which the current N application stan-
dards may be too restrictive to allow farmers to achieve high yields and close yield

gaps.

Further methodological improvements could be achieved through the application of
linear programming to compute production trade-offs for alternative farmers’ ob-
jectives and under different scenarios. As an example, this could be implemented
from a economic perspective through an optimization analysis in which Pagecon 1S
estimated under different input/output price ratios (e.g. |[Kanellopoulos et al., 2014;
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Jatoe et al., [2008) or from an environmental perspective in which the impact of dif-
ferent policies on Pagecon 1S explored (building upon |Lassaletta et al., [2014). The
construction of trade-off curves is important to make explicit the yield penalty and
environmental consequences associated with different management practices under
specific objectives (Bos et al., 2016). Moreover, output distance functions consider-
ing multiple outputs and inputs at the farm level (Emvalomatis et al.| 2011} |Reidsma
et al., 2009b) can be estimated to study interactions between crops and between land,
labour and capital and crop production, and to assess the magnitude and determinants
of a ’system-wide yield gap’ (Henderson et al., [2016)).

5.6 Conclusion

Yield gaps of the most important arable crops cultivated in the Netherlands were de-
composed into efficiency, resource and technology yield gaps. The crop level analysis
focused on ware, seed and starch potato as well as sugar beet, spring onion, winter
wheat and spring barley. Yield gaps were ca. 30% of potential yield (Yp) for all
crops, apart from starch potato and spring barley for which it was ca. 40%. We found
that most of the yield gap is explained by the efficiency yield gap for ware potato
and spring onion, by the resource yield gap for seed potato, by the technology yield
gap for starch potato and by both the efficiency and technology yield gaps for sugar
beet and cereals. The efficiency yield gap ranged between 9% (sugar beet) and 18%
(spring onion and ware potato) of Yp. The resource yield gap was less than 10%
for all the crops and the technology yield gap ranged between 7% (ware potato) and
31% (starch potato). These results show that farmers are generally using technolo-
gies and input levels that allow them to reach Yp and that further yield improvements,
especially for ware and seed potato and spring onion, must be derived through better
crop management practices as well as through improved crop rotations (and water
management in case of starch potato and cereals). However, rotational effects tend
to disappear when high input levels are applied, except when some pests (e.g. nema-
todes) cannot be controlled with plant protection agents.

The results regarding the effects of cropping frequency to crop yields were not very
conclusive, partly due to scant information on crop rotations (e.g. cropping sequence)
and confounding factors such as rented land. Yet, we consider the lack of clear effects
of cropping frequency an interesting result because it shows that agronomic principles
become obscured/muddled at ’systems level’ given the interacting factors at crop
rotation and farm level (e.g. economies of scope, financial situation of the farm,
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access to rented land). Significant differences in farm performance, but not in crop
yields, were found across different farmers’ objectives. For instance, gross margin
maximising, labour minimising and N use efficiency maximising farms can improve
N production by about 17, 34 and 21%, respectively. Increasing N production at farm
level needs to be achieved through increases in actual yields and through changes in
the crop rotation plan. Further, there is potential to increase N use efficiency at crop
and crop rotation level by reducing N inputs while maintaining crop yields.

Further research about the crop and farm level determinants of the efficiency yield
gap is necessary to understand the underlying limiting factors to crop production in
Dutch arable farms. For that purpose, a smaller sample of farms (e.g. [Mandryk et al.,
2014) must be monitored in-depth and over time. Improving the understanding of the
efficiency yield gap may also provide operational insights for precision agriculture
(e.g. Reidsma et al., 2015a). In addition, it seems necessary to develop and test
suitable methodologies for the analysis of resource use efficiency at crop level to
assess by how much input levels could be decreased without incurring yield losses
as well as for disentangling the interactions between different crops and available
resources at farm level.
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Abstract

The objective of this paper is to understand the role of labour in explaining the yield gap of
cereals at both crop and farm levels across smallholder farms in Southern Ethiopia. A house-
hold survey containing detailed information of labour use at crop and farm level of ca. 100
farms in a maize-based system around Hawassa and ca. 100 farms in a wheat-based system
around Asella was used for this purpose. Stochastic frontier analysis was combined with
principles of production ecology to decompose maize and wheat yield gaps. For both crops,
nearly half of the yield gap was attributed to the technology yield gap, indicating sub-optimal
crop management to achieve the water-limited yield (Yw). The efficiency yield gap was ca.
20% of Yw for both crops and it was negatively associated with sowing date and with the pro-
portion of women labour for sowing in case of maize and with the proportion of hired labour
used for sowing and weed control in case of wheat. The resource yield gap was less than
10% of Yw for both crops due to small differences in input use between highest and lowest
yielding farms. The contribution of capital and farm power availability to crop yields, input
use and labour use was analysed at the farm level. Crops cultivated in Hawassa showed com-
plementary demand for labour throughout the year while crops cultivated in Asella showed
strong competition for labour, and potential trade-offs at farm level, during sowing, hand-
weeding and harvesting months. Oxen ownership was a proxy of capital availability, but not
farm power, in Hawassa and a proxy for both capital availability and farm power in Asella.
Farms with more oxen used more N for maize in Hawassa and cultivated more land in Asella,
which is indicative of an intensification pathway in the former and an extensification pathway
in the latter. The lower land:labour ratio and types of crops cultivated in Hawassa compared
to Asella explained these different strategies in the two sites. In both sites, while gross mar-
gin per unit area increased with increasing crop yield and farm N production, gross margin
per labour unit decreased after an optimal level of crop yield and farm N production. This
implies that from a labour productivity perspective, aiming for increased yield and farm N
production levels is not economically rational. We conclude that labour (and farm power) is
not a major determinant of maize yield gaps in Hawassa but is a major determinant of wheat
yield gaps in Asella.
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6.1 Introduction

Despite the availability of many agricultural technologies to increase crop yields,
productivity in sub-Saharan Africa has remained stagnant (FAO, [2014). This is re-
flected in the large yield gaps for almost all crops in all regions (Tittonell and Giller,
2013). The main resources available to smallholders for farming are their land and
labour, and the ability to invest in technology depends largely on access to capital. In
this context, yield gaps are a consequence of poor soil fertility and nutrient availabil-
ity (Vanlauwe et al.l 2014) and possibly a consequence of trade-offs at farm scale,
regarding where and how labour is invested (e.g. [Kamanga et al|2014)). This is par-
ticularly important given the stagnation, or even decline in some regions, of available
farm power across the continent (Baudron et al., [2015)).

Current discourses on agricultural development focus on land productivity but sel-
dom consider labour productivity (e.g. Woodhousel 2010). However, it is unclear
whether land or labour is the most limiting factor to smallholder production. The
land:labour ratio and the seasonality of labour demand determine whether land or
labour is the ’binding constraint’ (Erenstein, 2006). Farmers are more likely to in-
crease production per unit area through the use of more intensive production prac-
tices, i.e. intensification, when the land:labour ratio is low (Jayne et al., 2014) and
when there is little temporal overlap between labour activities. Conversely, increases
in production through area expansion while maintaining or reducing input levels per
unit area, i.e. extensification, are more likely to occur when the land:labour ratio is
high and there is strong competition for labour in specific periods (e.g. [Leonardo
et al., [2015; [Baudron et al., 2012).

Most households in rural areas of Ethiopia cultivate less than two ha of land and
possess cattle (CSA and WB|, 2013). Moreover, about 34% of the population lives
with less than 1.90 US$ person’! day! (WB, 2017). Households are often capital
constrained and most labour operations are performed either manually or with animal
traction (Baudron et al., 2015). Indeed, a recent analysis for Ethiopia based on the
Living Standards Measurement Study (LSMS; Sheahan and Barrett, 2017) indicates
that only ca. 30% of the sampled farms used herbicides and there was no record of
households owning or renting a tractor. Ploughing one ha of land in the Ethiopian
highlands with animal traction takes up to 50 hours ’per pass’ (Aune et al., 2001 and
labour remains an important productive factor for operations such as hand-weeding
(Amare, [2014; Workayehu and Wortmann, [2011)).
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The main objective of this study is to understand the role of labour in explaining yield
gaps in cereal-based farming systems in Southern Ethiopia. Understanding whether,
how and when labour can be a major constraint to smallholder production requires
that yield gaps are analysed at the farm level. This is important because farmers
make decisions on resource allocation and prioritization of crop management across
the entire farm. A detailed household survey conducted in 2012 across smallholder
maize- and wheat-based farms in Hawassa and Asella, respectively, was analysed for
this purpose.

6.2 Framework of analysis

The main concepts for explaining yield gaps at crop level have been documented else-
where (Chapters 3 and 5). In short, the yield gap, i.e. the difference between water-
limited (Yw) and actual farmers’ yields (Ya), can be decomposed into efficiency,
resource and technology yield gaps if methods of frontier analysis are combined with
concepts of production ecology and applied to individual farm level data (Figure
[6.T)A). The efficiency yield gap indicates by how much output can be increased for
a given input level and can be explained by differences in timing, frequency, space
and form of inputs applied, which in turn are affected by prioritization of crop man-
agement, availability of farm power and/or labour quality. The resource yield gap
captures the contribution of sub-optimal input quantities required to achieve highest
farmers’ yields (Ygr). Finally, the technology yield gap captures the difference be-
tween Yw and Ygr, which can be attributed to resource yield gaps of specific inputs
and/or differences in resource use efficiency between technologies used by farmers
and agronomic ’best practices’.

In this paper, we apply these concepts to a production system in which resource
availability, and allocation, may lead to trade-offs at farm level when closing the
yield gap of multiple crops. A first step of analysis is to understand whether the
availability of animal traction limits the area cultivated (Figure [6.1B), which is still
the case in many African smallholder farming systems (Ollenburger et al. 2016;
Leonardo et al., 2015 |Baudron, [2011). Second, the impact of alternative resource
allocation strategies used by farmers to crop yield gaps is explored at farm level
(Figure [6.1[C). These may differ for different crops both in the quantity of input used
(Tittonell et al., 2007) and in timeliness of the operations performed (Kamanga et al.,
2014). Limited availability of labour, capital and land, and their prioritization to
different activities, induces trade-offs at farm level (Figure[6.1]D). Capital constraints
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may be the driver of production trade-offs when land:labour ratios are low while
labour may limit crop production when the land:labour ratio is high and when there
is a lack of capital to adopt labour-saving technologies.
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Figure 6.1: Framework of the analysis conducted to understand the role of labour to crop
production across smallholder farms in Southern Ethiopia: A) explaining yield gaps at crop
level (Chapter 3), B) effects of labour use and spans of oxen available on cultivated area,
C) labour and capital allocation at crop and farm levels, and D) trade-offs due to resource
allocation at farm level. In D), regime A depicts a situation of strong competition, regime
B a situation of substitutability through inverse proportionality and regime C a situation of
possible complementarity between the production of crops I and II (Tittonell et al., 2015)).
Yp = climatic potential yield; Yyr = highest farmers’ yield; Ytgx = technical efficient yield
at a specific input level; Ya = actual yield; Yg = yield gap.
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6.3 Material and methods

6.3.1 Household survey

Individual farm data was collected in 2012 within the project 'Farm Mecha-
nisation and Conservation Agriculture for Sustainable Intensification’ (FACASI,
www.facasi.act-africa.org). The purpose of the farm survey was to map the poten-
tial demand for mechanisation in Eastern and Southern Africa. A total of 200 farms
were interviewed in Southern Ethiopia (100 interviews per site: Hawassa and Asella)
using a semi-structured questionnaire requesting detailed information on labour use
at crop and farm level. Households were selected using a systematic sampling proce-
dure in each village based on transect routes across the village in which every fourth
household, on alternate sides of the track, was sampled. In case one of the selected
households was not available, the next one was selected.

Hawassa is located in the Rift Valley 1708 m above sea level, while Asella is located
in the Southern highlands 2430 m above sea level. This difference in elevation af-
fects climatic conditions (Figure [6.2)) and the type of crops cultivated in each site.
Minimum and maximum temperatures are higher throughout the year in Hawassa
compared to Asella, while the amount and intra-annual variation of solar radition is
rather similar between both sites. The average precipitation is about 900 mm yr!
in both sites, ca. 80% of which falls between April and October in Hawassa and
between March and September in Asella. Fertile fluvisols and luvisols are the domi-
nant soil types around Hawassa while luvisols and vertisols, which have problems of
workability when wet, are the major soil types around Asella (Dewitte et al., [2013)).
Yield responses to N, but not P, are often observed in Hawassa (TAMASA, unpub-
lished data) and to both N and P in Asella due to the P-fixing soils in this site (Habte
et al., 2014).

Farm systems differ across sites in the number and types of crops (Table [6.1] and
Figure Supplementary Material) and in livestock ownership, in particular the
number of oxen owned (Figure [D2} Supplementary Material). The main crops in
Hawassa are maize (Zea mays L.), bean (Phaseolus vulgaris L.) and enset (Ensete
ventricosum Bruce), mostly for home consumption. In contrast, small grains such
as wheat (Triticum aestivum L.), barley (Hordeum vulgare L.) and tef (Eragrostis
tef (Zuccagni) Trotter) are common in Asella due to favourable agroecology (cool
weather and clay soils) and markets (e.g. presence of breweries and large national
demand for malt barley). Legumes such as pea (Pisum sativum L.) and faba bean
(Vicia faba L.) are also common and mostly used for home consumption.
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Table 6.1: Descriptive statistics of yields, mineral N and P applied, area cultivated and labour use per
crop in Hawassa and Asella, Southern Ethiopia (year 2012). No mineral N or P is applied to enset, instead
farmers apply manure and/or compost to this crop. Standard deviations are presented between brackets.

Farms Crop yield N applied P applied Crop area Total labour
(n) (tha™) (kg N ha'l) (kg P ha'l) (ha) (person-days ha™)

Hawassa

Maize 93 1.6 (1.1) 655 (763) 26.6 (673) 05 (04) 928 (73.1)
Bean 34 1.0 (0.8) 255 (40.5) 123 (155) 0.2 (0.2) 100.1 (78.0)
Enset 51 0.6 (0.8) 0.0 — 0.0 — 03 (0.3) 922 (81.0)
Asella

Wheat 100 26 (1.7) 462 (245) 324 (155) 11 (1.6) 725 (38.0)
Barley 60 2.1 (09) 309 (203) 276 (129) 0.7 (0.6) 745 (46.2)
Tef 28 1.2 (04) 238 (13.3) 204 (88 05 (0.2) 911 (52.6)
Sorghum 16 21 (0.8) 6.1 (10.8) 6.1 (11.9) 04 (0.2) 66.6 (37.8)
Pea 36 .5 (0.7) 183 (11.1) 184 (114) 0.5 (0.3) 525 (22.1)

Faba bean 26 1.8 (0.8) 239 (279 224 (262) 03 (0.1) 824 (40.6)

vidoryi uiayinog ui sdnd pjaik jpaym puv aZIvpy
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Figure 6.2: Mean daily maximum and minimum temperatures (°C), rainfall (mm) and
solar radiation (kJ m~2) for the period 1998 - 2012 in A-B) Hawassa (solar radiation data
was taken from Arsi-Negele station), Rift Valley and C-D) Kulumsa (the nearest station
to Asella), Arsi, Ethiopia. Source: Southern Agricultural Research Institute (SARI) and
Global Yield Gap Atlas (www.yieldgap.org).

Labour calendars were developed to identify periods of labour peaks at farm level
and the seasonality of labour demand (e.g. Stone et al., [1990). For each crop, labour
and animal power used per month (1 < ¢ < 12) were assessed as follows:

> [ Family labour;,, (person-day) + Hired labour;,; (person-day) |

Labour use,; =
> Area;, (ha)
%

(6.1)
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where *Family labour’ and *Hired labour’ refer to the person-days (standardized to
an 8 hour working day) used for management operation o in month ¢ by household
and ’Area’ to the area cultivated with management operation o by household 7. The
management operations considered were land preparation, crop establishment (i.e.
sowing), fertiliser application (both mineral and organic), hand-weeding and har-
vesting. Total labour use per month was further estimated by summing the monthly
labour use per ha for the different management operations. The same approach was
used to analyse the seasonality of animal power.

6.3.2 Estimating and explaining yield gaps
Stochastic frontier analysis

The yield gap analysis focused on maize in Hawassa and wheat in Asella as these
were the main crops in each site (Table [6.I). We assumed the relationship between
crop yield and a vector of inputs defined according to principles of production ecol-
ogy to be approximated by a translog functional form and regressed the efficiency
yield gap on a set of explanatory variables. The generic formulation of the ineffi-
ciency effects stochastic frontier model used is as follows:

K K K
1
Iny; = ag + Zk: Br Iln xp; + 3 Zk: Z OrjInxp X Inxjy + v — u;
J
(6.2)
U; = ﬁ, Zi —+ €5 (63)

where y; denotes the yield of maize or wheat reported in farm ¢, z; a vector of agro-
nomic inputs k and j (both first- and second-order terms) assumed to explain variabil-
ity in crop yields and z; a vector of management and labour quality variables assumed
to explain the efficiency yield gap. Moreover, two independently distributed random
errors are included in Equation to capture random noise, v;~N(0, o2) and tech-
nical inefficiency, u;~NT(5'z;, 03) and one error term is included in Equation
€;~N(0, Uf), with the distribution of W; being bounded below by the variable trun-
cation point —/3’z; (Kumbhakar and Lovell, |2000; Battese and Coelli, 1995). The
parameters g, B, O, bo, B, v; and u; were estimated in a single-step procedure
using maximum likelihood (R package frontier;|Coelli and Henningsen|, 2013). The
efficiency yield gap, and Ytgx, were estimated as follows:

EffYg, = 1 — exp(—u;) (6.4)
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Y1Ex; = Ya; X exp(—ui)fl (6.5)

Four different stochastic frontier models (Equations [6.2] and [6.3)) were estimated for
maize and wheat. Model I was estimated without inefficiency effects and it was
used to assess the sign of the parameter estimates and to quantify the efficiency yield
gap (cf. Figure [6.4). Models II and III included inefficiency effects related to the
frequency and timing of management operations, respectively, and model IV included
inefficiency effects related to the quality of labour used (source and gender).

The stochastic frontier models were estimated using farmer reported data on crop
yields (y;) and on growth-defining, -limiting and -reducing factors (z;) for unique
farm x crop combinations. Dry matter yields of maize and wheat (kg DM ha™') were
used as dependent variables. These were calculated by assuming a standard moisture
content of 15.5 and 13.5% for respectively maize and wheat (www.yieldgap.org).
Differences in growth-defining factors were accounted for by using categorical vari-
ables for different communities (maize: Wondo Genet vs. Hawassa Zuria; wheat:
Haro Bilalo vs. Gara Silingo). The only growth-limiting factor considered for both
crops was the rate of N applied (kg N ha™'). We were not able to account for the ef-
fects of P applied due to collinearity between this variable and N applied (as the main
fertiliser used in Ethiopia is diammonium phosphate, DAP), and of organic amend-
ments due to the low number of observations. Growth-reducing factors considered
for maize were labour used for the first hand-weeding (person-days ha'!), labour used
for the second hand-weeding (person-days ha'!) and inter-cropping with bean (yes or
no) while for wheat these included labour used for the first hand-weeding (person-
days ha™!) and labour used for herbicide application (person-days ha™'). The latter is
assumed to be a proxy for the actual amount herbicide applied. Our analysis over-
estimates the efficiency yield gap because we were not able to control for differences
in crop varieties, sowing densities and soil conditions. Input-output variables were
mean-scaled and In-transformed prior to the analysis.

The determinants of the efficiency yield gap (z;) related to the frequency of man-
agement operations were the number of ploughing (#), sowing (#), fertiliser (#) and
weed-control operations (#). The determinants related to the timing of management
operations were sowing date (month), date of first fertiliser application (month after
sowing) and date of first weed control (month after sowing). The number of sowing
operations and sowing date was only considered for maize due to collinearity effects
between these variables and the date of first fertiliser application and first weed con-
trol for wheat. The sowing window for wheat in Asella is narrow and most farmers
perform a basal fertilizer application at sowing and a first weeding up to two weeks

168



Maize and wheat yield gaps in Southern Ethiopia

after sowing. Finally, the determinants related to labour quality were the proportion
of hired labour used for land preparation (%), the input of animal power used for land
preparation (animal-days ha!) and the proportion of hired labour (%), female labour
(%) and child labour (%) used for sowing and for weed control. No data transforma-
tions were applied to the z; variables.

Yield distribution and response to inputs

The resource yield gap due to N, P and labour was studied by comparing yields and
input use among farmers with the highest, average and lowest yields. Farmers with
highest yields were identified as the observations above the 90" percentile of Ya and
the highest farmers’ yield (Yyr) was calculated as the mean Ya for these observations.
A similar approach was used to identify farmers with smallest yields (Yrr, mean
Ya for observations below the 10y, percentile of Ya) and average farmers’ yields
(Y ar, mean Ya for observations between 10 and 90" percentile of Ya). Significant
differences in crop yields, input use and labour use between Yyg, Y ar and Y g were
tested using analysis of variance (ANOVA) followed by a Tukey HSD post-hoc test
(p-value < 0.05; agricolae R package lde Mendiburu, 2015). Observations with
organic fertiliser were not considered to avoid confounding.

The univariate relationships between crop yield and input and labour use was further
studied using boundary line analysis (Shatar and McBratneyl [2004; Webb), [1972).
For this purpose, the independent variables were sorted in ascending order and the
following model (cf. [Fermont et al., 2009) was fitted to the observations with largest
yield per unit input (boundary points; |Schnug et al., |1996):

ymax
n - 6.6
Yboundary = 7 + (K x exp(—R x z)) 6.6)

where 9,44 1S the Yy estimated for each crop, x is the independent variable and, K
and R are constants to be estimated using nonlinear least squares (n!s function in R;
R Core Team| [2013)). Two observations with maize yields greater than 8 t ha’!, one
observation with more than 600 kg N ha'! applied for maize and another one with
ca. 200 kg N ha'! applied for wheat were excluded from the analysis. Results for
maize and wheat are presented in Figure [6.5]and results for other crops are presented

in Supplementary Material (Figures [D7]and [D8).
Simulated Yw and Yp

Yw was used as the biophysical benchmark for Ya, and to quantify the technology
yield gap, because farmers in both sites operate under rainfed conditions. Yw repre-
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sents the maximum yield that can be achieved under rainfed conditions with the use
of modern varieties. Estimates of Yp were used as well to report the yield penalty
associated with sub-optimal water supply (Yp - Yw). The source of Yp and Yw used
in this study was the Global Yield Gap Atlas (GYGAL 2016) and information was
only available for maize and wheat. Simulations for maize and wheat refer to the
period 1999 - 2012 and 1998 - 2011, respectively.

6.3.3 Embedding yield gaps within farm dynamics

Further insights into the drivers of yield gaps and their crop level determinants were
obtained by conducting different analyses at farm level. These captured the contri-
bution of resource availability, and allocation, to management practices explaining
the yield gap as well as the relationship between crop yield and farm performance
indicators.

Resource availability at farm level

Farms were classified according to the number of pairs of oxen owned. These resulted
in three different groups in Hawassa (none, one pair and two pairs or more) and only
two groups in Asella (one pair and more than two pairs). This classification was done
to test whether oxen ownership relates to labour, land and capital availability, and to
analyse its relationship with input use and crop yield. Significant differences between
groups of farms with different pairs of oxen were tested for farm assets (index), farm
size, maize and wheat yields and, input and labour use for maize and wheat using
ANOVA and the Tukey HSD post-hoc test, as specified above. An index estimating
the value of farm assets was developed based on the number of productive assets
(e.g. ploughs, hoes and water pumps but not the number livestock) possessed by each
household and their relative economic value (ILRI, [2011; [ BMGE, 2010). Cultivated
area refers to the total area (in ha) cultivated by each household, input use includes N
application rates to maize and wheat, and labour use includes animal power used for
ploughing and sowing and human labour used for the 1% weeding also for maize and
wheat.

Resource allocation to different crops

Production trade-offs due to prioritization of resources were identified using the in-
dividual farm data. In what follows, the term ’main crop’ denotes maize in Hawassa
and wheat in Asella, while the term ’other crops’ denotes bean and enset in Hawassa
and small grains (i.e. barley, tef and sorghum) and pulses (i.e. pea and faba bean)
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in Asella. The production of the main crop was compared to the production of other
crops to assess whether there is competition, substitution or complementary use of
resources between the different crops (cf. Figure [6.ID). Furthermore, the amount
of land allocated to the main crop was compared with the amount of land allocated
to other crops. A similar approach was followed to compare the amount of labour
and animal power used for the main crop vis-a-vis the amount of labour and animal
power used for other crops in the months in which land preparation/crop establish-
ment, hand-weeding and harvesting were performed. We were not able to control for
differences farm specialization or farmers’ preferences towards specific crops, which
may influence prioritization of resource allocation to specific crops over others.

Trade-off curves between farm production, crop area and labour use for wheat and
other crops were estimated using boundary line analysis. These were fitted to the
observations with the maximum wheat production and wheat area per unit production
and area of other crops, respectively. For labour use, observations above the third
quartile plus two times the interquartile range (i.e. Q3 + 2xIQR) were excluded
prior to the analysis. Boundary lines were then fitted to the observations with the
maximum labour used for wheat for each given labour used for other crops using the
entire dataset and a subset of data below the 90™ percentile of labour use for wheat
and other crops. The models were estimated with ordinary least squares ({/m function
in R) and assuming a quadratic functional form of the type y = ax? + bz + c.

Yield gaps and farm performance

Farm performance was evaluated based on the principles of food production (N pro-
duction), economic viability (gross margin) and labour drudgery (returns to labour).
The contribution of livestock production to these indicators was not assessed, which
means that our calculations may be slightly under-estimated.

The principle of food production was assessed with the indicator N production, which
was calculated (in kg N ha™!, Chapter 5) as follows:

> Yieldj; (kg DM ha—!) x N content; (%) x Areaj; (ha)

(6.7)

N production; = S~ Areay; (ha)
9%
J

where ’Yield;;” and *Area;;’ refer to the dry matter yield and area, respectively, of
crop j in farm ¢ as reported in the household survey. N concentration in harvested
products ("N content;’ on a dry matter basis) was taken from |Mellisse et al.|(2017):
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1.13% for maize, 0.75% for kocho (enset), 3.78% for bean and faba bean, 1.25% for
barley and 1.76% for tef. The N contents of wheat (2.15%), sorghum (2.10%) and
pea (4.15%) were taken from |Nijhof] (1987).

Economic viability and labour drudgery were quantified with the indicators gross
margin and returns to labour, respectively. Gross margin (ETB ha'') was estimated
as the difference between revenues on the one hand and fertiliser and labour costs
per unit area on the other hand. Returns to labour (RTL, ETB person-day™') were
calculated as gross margin per unit labour used. The calculation of these indicators
was done as follows:

Revenue; = Z Yield;; (kg DM ha') x Pricej (ETB kg'') (6.8)
j

Total Cost; = Z Fertiliser used;; (kg ha') X Fertiliser price (ETB kg') +
J

+ Z Labour hiredj; (person-day ha™) x Wage (ETB person-day™) (6.9)
J

Gr. Marg., = Revenue; (ETB ha') — Total Cost; (ETB ha) (6.10)

R ; (ETB ha’!
RTL; — evenue; ( a’) 1 ©6.11)
> Labour used;; (person-day ha™)

J

where j denotes a specific crop and ¢ a specific farm. The underlying crop data used
to calculate gross margin and returns to labour were: Yield” which refers to farmer
self-reported dry matter yield, ’Fertiliser used” which refers to the amount of urea
or DAP applied, ’Labour hired” which corresponds to the amount of labour hired
from land preparation to harvesting and ’Labour used’ which is the total amount of
family and hired labour used between land preparation and harvesting. Input-output
prices were obtained from key informants in each site and included the market price
of harvested crop product (’Price’), the unit price of urea and DAP (’Fertiliser price’)
and the unit price paid for hiring labour for different operations ('Labour wage’).
Farm revenue assumes all crop production is sold, and thus corresponds to the ’best-
case scenario’ in terms of economic performance. The total cost of production is
slightly underestimated due to lack of data on the amount of e.g. seed and herbicide
used. Family labour costs were not considered in the calculations.
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The relationship between the aforementioned indicators, and between those and crop
yield, was studied to identify trade-offs or synergies between different principles and
between closing the yield gap and optimising different indicators, respectively. These
were studied with the same boundary line approach used to study resource allocation
to different crops but applied to the observations with largest gross margin or returns
to labour on the one hand per unit farm N production and crop yield on the other
hand.

6.4 Results

6.4.1 Labour calendars for crop production

The seasonality of labour used for crop production differed strongly between the two
sites (Figures [6.3] and [D3} Supplementary Material). In short, the three main crops
cultivated in Hawassa showed a complementary use of labour throughout the year
while the crops cultivated in Asella competed for labour during the months of sowing,
hand-weeding or harvesting. This was true for both labour and animal draught power,
which was more important in Asella. Although religious holidays and fasting periods
of the Orthodox church often conflict with busy periods of the cropping calendar in
Ethiopia, this has minor effects on labour availability in the study sites as most of the
population is either Protestant or Muslim. Further details on labour dynamics in terms
of timing (Figure [D4), amount (Figure [D5)) and quality (Table for management
operations are provided in Supplementary Material.

The complementary use of labour observed in Hawassa can be explained by the type
of crops cultivated in this site (Figures [6.3A, [6.3C and [6.3E). Land preparation for
maize cultivation is performed, both manually and with animal traction, between
January and April, depending on rainfall and pest abundance. Most farmers apply
basal mineral fertiliser, and some apply a top dressing up to two months after sow-
ing. Animal traction is often used up to one month after sowing to break surface
crusts between rows of maize and control weeds, a ridging practice locally known as
shilshalo, and two hand-weedings are common between May and June. The maize
growing season ends in October - November. Labour requirements for maize are
minimum between July and September, when labour is used to grow a bean inter-
crop with maize (land preparation and sowing in July, hand-weeding in August and
harvesting slightly before the maize crop in October). Bean can also be cultivated in
synchrony with maize between April and July but this seems to be less preferred. As
enset is a perennial crop with no critical harvest time farmers post-pone operations
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Figure 6.3: Labour calendar for crop-specific management operations across smallholder
farms in Hawassa and Asella, Southern Ethiopia. The main crops in Hawassa are A) maize,
C) bean and E) enset, and in Asella B) wheat, D) other cereals such as barley and tef and
F) pulses such as pea and faba bean. The inset figures show the total labour used per month
for each crop.
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like hand-weeding and harvesting, and as it is cultivated in home gardens, compost
is applied throughout the year. Thus, management operations for enset are mostly
performed in the months with low labour use for maize and bean such as January -
March, September and December.

Competition for labour was much more pronounced in Asella because labour peaks
for small grains and pulses coincide with peaks of labour demand for wheat (Figures
[6.3B.[6.3]D and[6.3F). Similar sources of power are used to cultivate wheat and other
small grains. Animal traction is the preferred source of power for land preparation,
which is performed between February and June using a traditional plough locally
known as a maresha. Up to three or four ’passes’ are performed for cereals, which
require a fine seed-bed for successful and uniform emergence. The sowing window
for cereals is between June and July and most farmers use one basal application
of mineral fertiliser. Weeding is laborious because cereals are broadcast. For this
reason, pre-emergence herbicides are widely used and one hand-weeding is done up
to 3 months after sowing (i.e. August). All crops are harvested using sickles between
October and December.

6.4.2 Yield gaps and yield variability
Efficiency yield gap

In Hawassa, there was a positive linear and quadratic effect of N application on maize
yields and yield response to N increased with increasing amounts of labour for the
second hand-weeding (Model I without inefficiency effects; Table[6.2)). In addition,
labour used for the first hand-weeding had a positive effect on maize yields and maize
yield responses to labour used for the first hand-weeding increased with increasing
amounts of labour used for the second hand-weeding, when the number of manage-
ment operations were included as inefficiency effects (Model II). The effects of N ap-
plication on maize yields were ’diluted’ when the timing of management operations
were included as inefficiency effects (Model I1I) and sowing at later months resulted
in significantly greater efficiency yield gaps. Finally, there was a significant effect
of N (positive) and N x labour used for the first hand-weeding (negative) on maize
yields when the effects of labour quality on the efficiency yield gap were considered
(Model 1V). In that model, a greater proportion of women labour used for sowing
was associated with significantly greater efficiency yield gaps. Across all models,
significantly smaller maize yields were reported for Wondo Genet than for Hawassa
Zuria, but in Model IV the difference was only significant at 10% significance level.

175



Chapter 6

Table 6.2: Parameter estimates of the stochastic frontier models estimated for maize in
Hawassa (year 2012). The variables *"Weeding I’ and *Weeding I’ refer to hand-weeding.
Significance is indicated by the codes: ***** 0.1% ’*** 1% **’ 5% *# 10%.

Maize I Maize 11 Maize III Maize IV

Production frontier

Intercept 0.779 ***  0.613 ** 0.873 *##*  (.507 ***
Nitrogen 0.362 ***  (.318 *** -0.050 0.184 #
Nitrogen? 0.037 ** 0.031 * 0.269 # 0.038 *
Weeding I 0.126 0.162 * 0.385 ** 0.182
Weeding I? -0.004 -0.004 0.019 0.065
Weeding 11 0.088 0.019 0.039 -0.138
Weeding 117 0.011 -0.006 -0.018 -0.046
Nitrogen x Weeding I -0.008 -0.006 -0.215 ***  -0.107 *
Nitrogen x Weeding 11 0.018 ** 0.016 * -0.070 ** 0.001
Weeding I x Weeding I 0.016 0.022 ** 0.044 * 0.004
Intercrop-Yes 0.070 0.065 0.048 -0.057
Location_Wondo Genet  -0.467 * -0.413 * -0.527 *#*  -0.387 #
Inefficiency effects

Ploughing operations -1.873

Sowing operations 2.409

Fertiliser applications 0.755

Weeding operations -0.347

Sowing time 1.387 **

1t fertiliser timing 0.835

1% weed control -0.846 #

Ploughing hired -2.097
Ploughing draught -0.166 #
Sowing hired 2.780
Sowing female 2.267 *
Sowing child 1.269
Weed control hired -0.171
Weed control female -2.282
Weed control child -0.805
Model evaluation

0?2=0%+02 1.290 *#% 2784 * 1411 %% 1,044 %
v =02/0? 0.989 **% (988 *#**  (.979 ***  (,934 ***
TE scores 51.5 57.2 56.9 59.0
Sample size (n) 83 83 71 77
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Table 6.3: Parameter estimates of the stochastic frontier models estimated for wheat in
Asella (year 2012). The variables *Weeding I’ refers to hand-weeding and *Weeding II’ to
herbicide application. Significance is indicated by the codes: ****° 0.1% ’*** 1% *** 5%

# 10%. n.a. = not applicable.

Wheat 1 Wheat IIT.  Wheat IIIT Wheat IV
Production frontier
Intercept 1.019 *%** 0.766 *** 0971 *** 0.599 **%*
Nitrogen 0.195 0.236 # 0.072 0.157
Nitrogen? 0.423 0.363 0.611 # 0.696 **
Weeding 1 0.238 ** 0.125 * 0.208 ** 0.083
Weeding I 0.056 * 0.025 # 0.048 ** 0.018
Weeding 11 0.177 * 0.178 * 0.203 * 0.190 *
Weeding I1° 0.030 0.040 # 0.044 # 0.041
Nitrogen x Weeding I 0.009 0.018 -0.003 0.016
Nitrogen x Weeding II  -0.011 0.003 -0.031 -0.130
Weeding I x Weeding I~ 0.005 -0.001 0.011 0.010
Location_Haro Bilalo -0.021 -0.072 -0.107 -0.109
Inefficiency effects
Ploughing operations -10.513
Sowing operations n.a.
Fertiliser applications 6.222
Weeding operations -4.436
Herbicide applications -3.454
Sowing time n.a.
I’ fertiliser timing -1.215
1% weed control -1.141 #
Ploughing hired -6.915 #
Ploughing draught -0.102
Sowing hired 6.886 *
Sowing female -15.475
Sowing child -7.398
Weed control hired 3.939 *
Weed control female -10.159
Weed control child -3.172
Model evaluation
o2=02+02 0.676 *** 5.246 0.980 *%#* 0.932 *
v =02/0? 0.976 *** 0.989 **%  (.974 *** 0.924 *%%*
TE scores 61.4 76.1 65.8 81.8
Sample size (n) 96 96 91 90
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The drivers of the production frontier and efficiency yield gaps for wheat in Asella
(Table [6.3) were considerably different from maize in Hawassa. In Asella, there
was a statistically significant positive (linear) effect of herbicide use on wheat yields,
which was consistent across all models. Moreover, significantly positive (linear and
quadratic) effects of labour used for the first hand-weeding on wheat yields were
observed in all but Model IV. Significant effects of N application on wheat yields
(quadratic) were only observed when labour quality variables were included as ineffi-
ciency effects (Model IV). The proportion of hired labour used for ploughing (at 10%
significance level only), sowing and weed control were positively associated with the
efficiency yield gap, which indicate that wheat yield gaps in Asella are closely linked
to labour quality for some management operations.

Based on Model I, the efficiency yield gap was on average 1.6 and 1.7 t ha™' (or 49%
and 38% of Ytgx) for maize and wheat (Figures and [6.4B), respectively. The
variability of Ytgx was large for maize in Hawassa (standard deviation ca. 1.5t ha™!)
and for many farms the efficiency yield gap was well above 50% of Yrgx, especially
at low Ya levels. Other factors not included in our analysis may also explain the
large magnitude of the efficiency yield gap as its average reduced by only 10% when
more inefficiency effects were included (from 49% to 41%; Table[6.2)). Conversely,
the variability of Ya and Yrgx of wheat in Asella was smaller compared to maize
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in Hawassa, and only few farms exhibited efficiency yield gaps greater than 50% of
Yr1ex. Based on the four models, the magnitude of the efficiency yield gap reduced
from 38% in Model I to 18% in Model IV (Table[6.3]), which means that the quality
of hired labour explains ca. 20% of the efficiency yield gap of wheat.

Resource yield gap

The magnitude of Yyr, Yar and Y for maize in Hawassa were 4.0, 1.6 and 0.2 t
ha’!, respectively (Figures - ). Yur were obtained with significantly more
mineral N applied (111 kg N ha'!), compared to Yar (59 kg N ha'!) and Yf (41 kg
N ha'!), and there were no significant differences in mineral N applied between these
last two groups (Figure [6.5]A). Similar results were observed for mineral P applied
(Figure @B). No significant differences between Yyr, Yar and Yir were observed
regarding animal power used for ploughing and sowing (Figure[6.5[C) and regarding
the labour used for the first hand-weeding (Figure [6.5]D). The fitted boundary lines
plateaued at slightly lower input levels than the ones observed for Yyg: ca. 50 kg N
ha'!, 25 kg P ha'!, 7 animal-days ha! and 5 person-days ha™! (Figures - ).

For wheat in Asella, Yur, Yar and Yir were 4.9, 2.6 and 1.1 t ha'!, respectively
(Figures -[6.5H). Differently from maize in Hawassa, there were no significant
differences in mineral N applied to wheat between Yy (57 kg N ha™'), Yar (43 kg N
ha!) and Y g (36 kg N ha'!; Figure ). Highest farmers’ yields were attained with
42 kg P ha'! (Figure ), which is significantly more than the P application rates
used by average (30 kg P ha'') and lowest yielding farmers (28 kg P ha!). Highest
farmers’ yields were also associated with more animal power and labour use. For
instance, Yyr was reached with 49 animal-days ha™! for ploughing and sowing, and
with 2 person-days ha™! for herbicide application (Figures and ). This is
significantly more than the 20 - 25 animal-days ha™! for ploughing and sowing, and
than the 0.6 - 0.7 person-days ha™! for herbicide application associated with Y sr and
Y. Finally, wheat yields plateaued at ca. 20 kg N ha'!, 40 kg P ha!, 20 animal-days
ha™! for ploughing and sowing, and 0.5 person-days ha -! for herbicide application

(Figures[6.5E - [6.5H).
Technology yield gap

The largest share of maize and wheat yield gaps was attributed to the technol-
ogy yield gap. For maize this was 3.2 t ha!, or 45% of Yw (Figures -
[6.5D), and for wheat 5.2 t ha™!, which corresponds to 52% of Yw (Figures
- ). The simulated Yw for maize was on average 7.0 t ha’' but highly vari-
able (standard deviation of &+ 3.7 t ha'!), which indicates variable amount and/or
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distribution of rainfall across different years. For wheat, the simulated Yw was 10
t ha'! and its inter-annual variability was low (standard deviation of 4 1.2 t ha™!),
suggesting a more uniform rainfall distribution. A large difference between Yp and
Yw was observed for maize (3.5 t ha™!) but not for wheat (0.9 t ha™!, data not shown).

6.4.3 Farm power and capital availability

In Hawassa, oxen ownership was a proxy of capital availability, but not of farm
power, as farms with more pairs of oxen had significantly more assets (and/or as-
sets of greater value) than farms with less pairs of oxen (Figure [0.6/A). However,
there was no difference in the cultivated area between the different groups (Figure
[6.6B). Conversely, oxen ownership in Asella was a proxy for both capital availability
and farm power as farms with more pairs of oxen were found to have significantly
more, and/or more valuable, assets (Figure [6.6/C), and significantly larger cultivated
area than farms with less pairs of oxen (Figure[6.6]D).

Oxen ownership in Hawassa was positively associated with greater maize yields and
N application rates for maize, but not with more animal power used for ploughing
and sowing or more labour used for hand-weeding. Farms owning two or more pairs
of oxen produced ca. 3.2 t maize ha™!, which is significantly greater than the 2.7 and
1.7 t ha'! produced by respectively farms with one pair of oxen or no oxen (Figure
[6.6G). N application rates were nearly double in farms with two or more pairs of
oxen compared to farms with no oxen (120 vs. 53 kg N ha'!; Figure ). No
significant difference was observed in animal power used for ploughing and sowing
(2 - 12 animal-days ha™!'; Figure ) or total labour used for the first hand-weeding
(5 - 15 person-days ha'!; Figure ) between groups differing in oxen ownership.

Increased oxen ownership and availability of animal traction in Asella resulted in
more cultivated area, but not higher wheat yields. This is demonstrated by the sig-
nificant differences in cultivated area between groups with one pair or two or more
pairs of oxen (Figure[6.6F) and by no significant difference in wheat yields between
the two groups: 2.9 vs. 3.5 t ha'! for farms owning respectively one or two or more
pair of oxen (Figure [6.6]). Similarly, no significant difference in N applied to wheat
was observed between the two groups (ca. 50 kg N ha™!, Figure ). An increase in
oxen ownership did not translate into a reduction of animal power used for plough-
ing and sowing per unit area (Figure [6.6P), while farms with two or more pairs of
oxen tended to use slightly less labour for the first hand-weeding (Figure [6.6]Q) and
slightly more labour for herbicide application than farms with one pair of oxen (data
not shown), but the differences were not significant.
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6.4.4 Resource allocation at farm level

We report the results of resource allocation at farm level for Asella because there
is little competition for labour in Hawassa (Figure [6.3). Moreover, there seems to
be little competition for capital in Hawassa as well because mineral N fertiliser is
only relevant for maize (Figure @F), but not for bean, an No-fixing crop, or enset,
to which fresh manure is applied. Detailed results of farm production and resource
allocation in Hawassa are thus provided in Supplementary Material (Figure [D9).

Farms in Asella produced an average of 2.8 t of wheat, 1.4 t of other cereals and 0.5
t of pulses (Figures[6.7]A and [6.7B). The lowest yielding wheat farms exhibited low
production for all crops, while there was no clear association between the production
of wheat and other crops in the highest yielding wheat farms. The concave shape
of the boundary line indicates complementary use of production resources between
wheat on the one hand and other cereals and pulses on the other hand. However, the
relationship between wheat and pulses needs to be interpreted with caution due to
the lack of observations with high pulse production and low wheat production. It is
worth noting that only few farms produced more than 3.0 t of cereals or more than
1.5 t of pulses, and the ones that did so produced between 3.0 t and 3.5 t of wheat.

The area cultivated with wheat and other crops was on average 1.1 and 0.9 ha, re-
spectively (Figure[6.7[C). Few farms cultivated more than 3 ha of land and there was
a nearly perfect substitution between the area cultivated with wheat and the area cul-
tivated with other crops. The highest and lowest yielding wheat farms cultivated less
than 1 ha of this crop, with the exception of two lowest yielding wheat farms which
cultivated more than 2 ha of wheat.

During the months of land preparation and crop establishment, there was a nearly per-
fect substitution between animal power used for wheat and used for other crops for
farms using an input of animal power for these operations above the 90" percentile
(Figure [6.7D). However, a complementary use of animal power was observed be-
tween wheat and other crops for farms using an input of animal power lower than the
90" percentile. Most highest yielding wheat farms, and few lowest yielding wheat
farms, used inputs of animal power close to the fitted boundary lines. During the
months of hand-weeding, the boundary lines indicated nearly perfect substitution in
the use of this resource for wheat and other crops across farms using an input of
labour lower than the 90" percentile (Figure ). However, the input of labour
used for hand-weeding other crops is nearly double that used for wheat, to which
herbicides are generally applied. During the months of harvesting, there was also a
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nearly perfect substitution between labour used for wheat and used for other crops for
the entire sample and for farms using an input of labour lower than the 90™ percentile

(Figure[6.7F).

6.4.5 Crop and farm performance indicators

Farm N production in Hawassa was ca. 15 kg N ha™! on average, which is much
less than the average of 41 kg N ha'! observed in Asella (Figure . This indicator
was positively associated with gross margin per ha at farm level in both sites (Figure
). The average gross margin observed in Hawassa was ca. 4 KETB ha'! and ca.
16 KETB ha™! in Asella where farmers grow crops of higher value such as pulses, teff,
wheat and barley. A quadratic relationship was observed between farm N production
and returns to labour in both sites meaning that returns to labour increase up to 23
and 48 kg N ha'! in respectively Hawassa and Asella, after which returns to labour
decline as N production increases (Figure[6.8]A). Returns to labour were ca. 103 ETB
person-day! in Hawassa and ca. 324 ETB person-day™! in Asella, which again points
to better economic farm performance in Asella.

Gross margin per ha at crop level increased linearly with maize and wheat yields
(Figure [6.8C) indicating little trade-off between closing the yield gap and maximis-
ing the gross margin within the yield ranges reported. The difference in gross margin
observed between crops reflected the greater profitability of wheat in Asella as com-
pared to maize in Hawassa. Similarly to the farm level analysis, there was a quadratic
relationship between crop yield and returns to labour at crop level (Figure [6.8D) with
optimal returns to labour observed at 3.6 t maize ha"! in Hawassa and 3.2 t wheat per
ha'! in Asella.

6.5 Discussion

6.5.1 Scope for intensification in Southern Ethiopia

The yield gap was on average 5.4 t ha'! (or 77% of Yw) for maize in Hawassa and
7.4 t ha'! (or 74% of Yw) for wheat in Asella. These confirm the results of other
studies, which reported large yield gaps for these crops in Ethiopia (Hoffmann et al.,
2017; van Ittersum et al., 2016). For maize, the efficiency yield gap was 23% of Yw,
the resource yield gap was 9% of Yw and the technology yield gap was 45% of Yw.
For wheat, the efficiency and resource yield gaps were respectively 17 and 5% of Yw
and the technology yield gap was ca. 52% of Yw.
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Stochastic frontier analysis has been increasingly applied in agronomic studies as a
benchmarking technique for yield gap analysis (e.g. Chapter 3; [Henderson et al.|

2016} Carberry et al.| 2013, [Hoang| 2013)). Early sowing and, to a less extent, a lower

proportion of women labour involved in sowing contributed to smaller efficiency

yield gaps of maize (Table[6.2). The sowing window for maize ranged from February
to June (Figure[6.3)) due partly to differences in agro-ecology between farms in terms
of elevation. Moreover, farmers synchronized sowing of maize in e.g. Hawassa Zuria
to reduce the incidence of stem borers (Kebede et al., 2015)), but not in e.g. Wondo
Genet where farmers focused more on cash crops (e.g. coffee and khat) instead of
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maize (Mellisse et al, [2017). Although maize sowing is mostly done by men (Fig-
ure Supplementary Material), we have no specific explanation for the observed
effects of women labour during sowing. For wheat in Asella, the efficiency yield
gap increased with increasing amount of hired labour used for sowing and weed con-
trol (Table [6.3). Challenges in handling hired labour have been reported in focus
group discussions conducted in this site, which support these results
land Danielsen), 2015). Moreover, it is well known that sowing and weeding are very
labour intensive and tedious operations, and their impact on wheat yield in Ethiopia
has been well documented (e.g. Nyssen et al, 2011} [Taa et al., 2004; Tanner et al.,
1993).

The resource yield gap was small for both crops due to the small difference in input
use between Yyr and Y1y (Figure |6;5|) The amount of N applied was the key driver
of maize yields (Table while wheat yields were mostly associated with labour
use for herbicide application and hand-weeding (Table [6.3). Comparisons of input
and labour used by highest, average and lowest yielding farms also confirm these
results (Figure [6.3)). For instance, highest yielding wheat farms in Asella used nearly
twice as much labour for ploughing and sowing, and for weed control, as average
and lowest yielding farms. These differences are consistent with the competition for
labour during the wheat growing season observed in Asella (Figure [6.3). Although
not tested in the stochastic frontier, yield responses to P were also observed for both

crops (Figures [6.5B and [6.5F).
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Figure 6.9: Average magnitude of the efficiency, resource and technology yield gaps (in
relative terms) as a function of increasing yield ceiling for A) maize in Hawassa and B)
wheat in Asella. The minimum yield ceiling presented corresponds to the crop-specific
Yyr and the maximum yield ceiling to the model-based simulated Yw.
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Yield gaps in both sites were largely attributed to the technology yield gap (Figure
[6.3), which is explained by differences in management practices, and possibly in
crop varieties, used to achieve highest farmers’ yields and assumed to simulate Yw.
The differences in crop management are related to the lack of adoption of precision
agriculture technologies as well as to resource yield gaps of specific inputs (Chapter
3). For example, broadcasting is the preferred method of fertiliser application (and
sowing) for wheat in Asella while farmers in Hawassa use banding rather than more
localized placement methods (Sime and Aunel 2014). Labour may be also important
if more labour, or labour of better quality, is required by precision agriculture prac-
tices. The most obvious resource yield gaps refer to sub-optimal sowing densities
used by highest-yielding farmers (particularly for maize), possible limitations of K
(even though soils in the study sites have high values of exchangeable K) and lack of
plant protection agents to control biotic factors (used by less than 10% of the farmers
sampled). It is unclear whether the N application rates used and the varieties adopted
by highest-yielding farmers are able to attain Yw and further research is required to
clarify these aspects.

Uncertainties in the yield ceiling have a strong impact on the relative importance of
the different yield gaps (Figure [6.9). For instance, the magnitude of the efficiency
yield gap is nearly double if Yyr is considered to be the yield ceiling instead of Yw.
As expected, the relative importance of the technology yield gap increases with an
increasing yield ceiling while the resource yield gap is barely affected. It is important
to acknowledge this variation particularly for wheat in Asella where the maximum
yield, ca. 5.5t ha™! (Habte et al., 2014), obtained in on-farm trials conducted in the
area during the same year the household survey was conducted is much closer to 4.9
t ha! (Ygr) than to 10.0 t ha' (Yw). To our best knowledge, the latter was only
observed in advanced breeding lines of wheat (Wandera et al., 2015)). The yield dif-
ference between on-farm trials (TAMASA, unpublished data) and model simulations
does not seem to be that large in Hawassa: 6.0 and 7.0 t ha'!, respectively.

6.5.2 Opportunities for labour-saving technologies

Oxen ownership was a proxy of farm power and/or capital availability (Baudron et al.|
2015 |Aune et al., [2001) and there were clear differences between the two sites re-
garding this metric (Figure [6.6). In Hawassa, oxen ownership was associated with
intensification of crop management (Figure[6.6H) while, in Asella, it was associated
with extensification as more oxen resulted in greater cultivated land (Figure [6.6FE)
rather than greater labour use efficiency (i.e. a decrease in the number of days worked
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per unit area, Figures [6.6P and [6.6QQ). This has been observed in other farming sys-
tems across sub-Saharan Africa as well (Ollenburger et al., 2016; Leonardo et al.|
2015; Baudron et al., 2012)). This contrast between the two sites can be explained
by differences in land:labour ratio: population density in Hawassa is more than 600
persons km? while in Asella it is ca. 200 persons km? (based on the 2007 census).

These ’trajectories’ have important implications for agricultural development and for
the interventions required to close yield gaps. Capital and land, not labour, con-
straints are at stake in Hawassa (Figure [6.6]A), where gross margin per ha at crop
and farm level are also small compared to the national poverty line (Figures [6.8A
and [6.8[C). Lack of capital and small farm sizes most likely triggered many farmers
to expand the area of high value crops (Hazell et al., 2010), such as khat in this site
(Mellisse et al., [2017). Conversely, labour constraints may still be problematic for
some farms in Asella (Figures [6.3), particularly during the months of ploughing and
sowing, hand-weeding and harvesting wheat (Figure[6.7). Despite the linear increase
of gross margin per unit area with increasing wheat yield and farm N production, the
gross margin per labour unit decreased after an optimal level of crop yield and farm
N production (Figures and [6.8D). This points to the importance of increasing
labour productivity.

Labour-saving technologies can reduce the number of management operations (e.g.
conservation agriculture; Nyssen et al., 2011)) or the actual amount of labour required
per management operation (e.g. machinery and herbicides). These can contribute to
increase labour use efficiency (Figure[6.5) by increasing crop yield through improved
timeliness and precision (e.g. sowing depth and row planting), and/or reducing labour
demand for critical management operations. For example, Nyssen et al.| (2011) pro-
posed a ’bed-and-furrow’ system, involving the traditional ard plough (maresha)
and permanent seedbeds, that requires less power and shortens the number of ’passes’
required for land preparation. This would be a suitable option to decrease labour de-
mand for land preparation and sowing in Asella (Figure[6.7D). Herbicides are already
widely used for wheat in this site (Figure [6.5H) which reduced the labour require-
ments for hand-weeding to less than 10 person-days ha™! (Figures and ).
Two-wheel tractors may also be suitable for smallholder farms in Asella, where land
is fragmented, to ensure labour is not limiting during land preparation (Baudron et al.|
2013).

‘Suitable, reliable and affordable mechanization’ has been recognized as a key strat-
egy to accelerate agricultural growth in Africa (Malabo Declaration of the African
Union). At the same time, farm power is stagnating or even declining in some re-
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gions across sub-Saharan Africa (Baudron et al.l 2015). This may be further exac-
erbated in the future by e.g. out-migration from rural to urban areas, particularly in
Southern Ethiopia (Bezu and Holden| 2014), and the preference of household mem-
bers for more regular and less labour intensive sources of income, such as off-farm
employment (Frelat et al., [2016}; [Haggblade et al., 2007). Moreover, other agricul-
tural (e.g. herding) and household activities (e.g. domestic chores) still require a
substantial amount of labour (Figure Supplementary Material) which further
reduces labour availability for agricultural production. Reducing labour drudgery at
farm level is especially important for men who are in charge of most crop manage-
ment activities in the two sites (van Eerdewijk and Danielsen, 2015; Figure
Supplementary Material).

6.6 Conclusions

There were sharp differences between the two sites concerning the labour calendars
of the main crops. In Hawassa, there was a complementary use of labour throughout
the year: labour peaks for bean occurred when labour demand for maize was low
while labour peaks for enset were observed when labour demand for both bean and
maize was low. In Asella, the labour peaks of the main crops (wheat, barley, tef, peas
and faba bean) coincided during the months of sowing and hand-weeding as well
as harvesting. The different crops also competed for animal draught power in the
months of land preparation. This was confirmed by the pattern of labour allocation
to different crops at farm level.

Yield gaps of maize and wheat were as large as 77 and 74% of Yw, respectively.
Actual yields were ca. 1.6 and 2.6 t ha'! for maize and wheat, respectively. For
both crops most of the yield gap was attributed to the technology yield gap, which
had a magnitude of ca. 45% of Yw for maize and ca. 52% of Yw for wheat. This
reflects differences in crop management observed in farmers’ fields compared to the
assumptions made to simulate Yw, including sub-optimal sowing practices and/or
yield reduction due to pest and diseases. For maize, the efficiency yield gap explained
ca. 23% of Yw and it increased with late sowing and with increased proportion of
women labour used for this operation. For wheat, the efficiency yield gap was slightly
smaller (ca. 17% of Yw) and it increased with increasing amounts of hired labour for
sowing and weed control. The resource yield gap was less than 10% of Yw for both
crops and explained mostly by N application levels for maize and herbicide use for
wheat. Effects of labour used for hand-weeding were also observed for both crops.

190



Maize and wheat yield gaps in Southern Ethiopia

Oxen ownership was associated with intensification of maize production in Hawassa
and extensification of wheat production in Asella. For instance, farms with higher
oxen ownership used higher rates of mineral N fertiliser in Hawassa and cultivated
more land in Asella while no difference in labour use efficiency between farms dif-
fering in oxen ownership was observed in either site. The economic performance
of farms in Hawassa was lower than in Asella. In both sites, there was little trade-
off between gross margin per ha and crop yield while gross margin per unit labour
declined after an optimal level of crop yield. This means that even if more labour
could be used it would not be worthwhile to do so from an economic perspective.
Labour and farm power were not major determinants of maize yield gaps in Hawassa
but they appeared to explain wheat yield gaps in Asella. Further efforts are required
to understand the magnitude and nature of labour constraints, and their impact on
crop productivity, in other farming systems across sub-Saharan Africa and to target
technologies that can increase labour productivity.
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Abstract

Yield gaps have become a useful tool for guiding development-related agronomy, especially
in the global South. While critics have challenged some aspects of the yield gap methodology,
and the relevance of food security advocacy based on yield gaps, very few studies question
the actual relevance, application and scalability of yield gaps for smallholder farmers (and
researchers) in the tropics. We assess these limitations using two contrasting case studies:
maize-based farming systems in Western Kenya and rice-based farming systems in Central
Luzon, Philippines. From these two cases, we propose improvements in the use of yield gaps
that would acknowledge both the riskiness of crop improvement options and the role that
yield increases might play within local livelihoods.

Participatory research conducted in Western Kenya calls into question the actual use and up-
scaling of yield measurements from on-station agronomic trials to derive estimates of actual
and water-limited yields in the region. Looking at maize yield gaps as cumulative probabil-
ities demonstrates the challenges of assessing the real magnitude of yield gaps in farmers’
fields and of deciding whose yield gaps counts for agricultural development in Kenya. In
the case of rice-based farming systems, we use a historical dataset (1966 - 2012) to assess
changes in rice yields, labour productivity, gross margin and rice self-sufficiency in Cen-
tral Luzon (Philippines). While large rice yield gaps persist here, there appear to be few
incentives to close that gap once we consider the position of crop production within local
livelihoods. In this context, economic returns to labour for farm work were marginal: labour
productivity increased over time in both wet and dry seasons, but gross margins decreased
in the wet season while no trend was observed for the dry season. Since most households
were rice self-sufficient and further increases in crop production would offer minimal returns
while relying increasingly on hired labour, we question who should close which yield gap.
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7.1 Introduction

Crop yield gaps feature prominently in the literature not only as a framework to dis-
entangle effects of growth-defining, -limiting and -reducing factors to actual yields
(van Ittersum and Rabbingel [1997) but also to make claims about improvements of
rural livelihoods (e.g. [Dzanku et al., 2015). However, very few studies question the
actual relevance, application and scalability of the concept for smallholder agriculture
in the context of development-oriented agronomy. Yield gaps remain a problematic
concept in ways which go beyond the methodological issues raised by jvan Ittersum
et al.[(2013) and by Sumberg|(2012)) and which we explore in this paper.

Beyond a failure to acknowledge the reasons why smallholder farmers under-produce
relative to potential yields, yield gap calculations vary widely in the reliability of the
input data used to assess yield ceilings and actual yields (Grassini et al.,2015)). On the
one hand, the supposedly ideal, researcher-managed conditions used to calibrate crop
models and to estimate yield ceilings are based on the selective erasure of social and
logistical factors that determine crop performance, such as planting and harvesting
dates, or crop protection measures. Some of these factors could actually reduce yields
(especially when inputs and labour supply are not available at required moments),
but most lead to unrealistic inflation of yield ceilings (especially when extrapolating
from very small and potentially unrepresentative sample plots). On the other hand,
assessments of farmers’ own production are subject to similar errors, whether taken
from small sample plots or national statistics. In both cases, data are especially scarce
and unreliable under more marginal conditions, which is exactly where smallholders
have the most need for improvement or good technology (Grace et al., 2014). These
challenges undermine the ease with which either set of data can be scaled up as a
"technical’ and socially-neutral artefact from small plots to represent the performance
of larger agro-ecological areas, or with which crop model simulations (such as the
Global Yield Gap Atlas, GYGA) can be downscaled to specific locations.

The diversity which characterizes farming systems in the tropics (e.g. Stuart et al.|
2016; |Giller et al., [2011)) further challenges the relevance of yield gaps for improv-
ing rural livelihoods. Smallholder farmers across the globe face multiple biophysical
(Tittonell and Giller, 2013} [Lansigan et al., 2000) and socio-economic challenges
(Ellis, [1993) and operate with scarce resources in terms of land, labour and cap-
ital, which hinder closure of yield gaps in their fields. Input-output markets and
prices deserve particular attention since they determine the profitability of farming
and hence both its importance for rural households and its potential for boosting ru-
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ral economies. Nonetheless, staple foods must remain affordable so that they can
be accessed by urban and rural poor who are net purchasers of food. Unfavourable
market conditions for agricultural commodities lead to decreasing marginal returns
to labour of farming activities and *marginalization’ of the agricultural sector. These
conditions are more likely to force smallholder farmers to seek opportunities off-
farm (e.g. [Frelat et al. 2016} [Takahashi and Otsuka, [2009) than to intensify their
production systems in order to sustain their livelihoods. Reversing this trend is not
impossible but may require the implementation of protective and strategic policies by
national and regional authorities (Studwell, [2013]).

The increasing misapplication and over-extension of the ’technical’ yield gap con-
cept formalized by |van Ittersum and Rabbinge| (1997) to justify investments in re-
search and development as well as policy interventions in developing countries (van
Oort et al.} 2016; [Sumberg, 2012)) creates the need for a thorough analysis of the in-
centives available for smallholder farmers to close yield gaps. The objective of this
manuscript is to understand and discuss the relevance and usefulness of yield gaps
to make claims about rural development as part of a development-oriented agron-
omy. This manuscript builds upon two case studies analysing empirically 1) the use
and up-scaling of yield measurements from on-station agronomic trials to derive es-
timates of actual and water-limited yields in Kenya and 2) the changes in rice yields,
labour productivity, gross margin and rice self-sufficiency in Central Luzon (Philip-
pines) during the past half-century. A map with the location of the villages where
households were surveyed in both case studies is provided in Figure

7.2 Yield gaps at local level

Yield gap analysis at local level should go beyond the traditional mean difference
between a yield ceiling (e.g. potential yield, Yp, or water-limited yield, Yw) and
average farmers’ yields (Ya) in two different aspects. Firstly, it should acknowledge
the existence of variability in yield ceilings and Ya by analysing these yield levels
in terms of yield distributions instead of single point estimates. Secondly, it should
be contextualized as one dimension among many within wider livelihood preoccupa-
tions that assign greater or lesser importance to narrowing any of the gaps. Differently
from Snyder et al.| (2016)), we focused on methodology development to widen the cur-
rent yield gap approach and raise awareness of the effective contribution of farming
for rural households. Further, we narrow down the approach of jvan Oort et al.|(2016])
and illustrate how yield gaps can be used for R&D prioritization at farm(ing) system
level.
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Figure 7.1: Location of the study sites in Kenya (left) and the Philippines (right). Water-limited yields in Kenya were retrieved from
GYGA and correspond to the average over the period 1998 - 2014. Households in the Philippines were interviewed within the Central
Luzon Loop Survey.
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Figure 7.2: Conceptual framework to integrate yield gap analysis within development-oriented agronomy. A) Standard yield gap
analysis relying on the difference between yield ceilings (Yp or Yw) and actual yields (Ya), e.g. [van Ittersum et al.|(2013); [Lobell
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In agronomy, yield gaps are used to understand the relative contribution of growth-
defining, -limiting and -reducing factors to Ya (van Ittersum and Rabbinge, 1997}
Janssen et al., |1990; [French and Schultz, |1984; |Herdt and Mandac, [1981)). However,
this original purpose has been largely over-simplified in many recent studies (e.g.
Kassie et al., [2014; |Angulo et al., 2012; Hochman et al., 2012; Meng et al., 2012;
Boling et al.l 2010; Licker et al., [2010; |[Lobell et al.l 2009; Bhatia et al., |2008| to
name just a few) which reduced it to the difference between Yp (or Yw) and Ya
(Figure [7.2]A). On the one hand, the simplicity of calculating yield gaps has made
this a powerful framing device for justifying policy interventions (Sumberg} 2012).
But on the other hand, the concept is highly problematic, not least because of its
flexibility in terms of the yield ceilings considered (examples for rice can be found in
Stuart et al.| [2016).

A first step forward is to consider variability and acknowledge that yield ceilings and
Ya are not single estimates but can be represented by probability curves of varying
likelihood (cf. [Vanlauwe et al., 2016; Beddow et al., 2015). In practical terms, farm-
ers hoping to attain the yield ceiling would be interested not only in the maximum
production possible but also the risks associated with it: how large is the variance as-
sociated with the reported ceiling and are the probability curves normally distributed
or skewed. Figure shows a normally distributed probability curve for a hypo-
thetical set of Ya and Yp. The Ya curve for a given cultivar in a given season is related
to factors like planting dates and densities, soil water and nutrient regimes, pest and
weed pressures, as well as frequency and timing of weeding operations. The standard
yield gap calculation is shown in Figure as the difference between the median
value of Yp and the median value of Ya (Yg2 in each case). This rightward shift
corresponds to the “treatment effect” of eliminating all pertinent limiting factors (cf.
Vanlauwe et al., 2016]).

If the yield ceiling has the exact same variance as existing practices, the yield ceiling
and Ya curves would be parallel to each other and the yield gap would be a constant
for all farmers and conditions (Ygl=Yg2=Yg3). However, if the yield ceiling has its
own variance and level of risk, the yield gap would no longer be a constant, and would
not be equivalent to the difference between the mean values of the yield ceiling and Ya
for all farms or conditions. Two scenarios present themselves: the yield ceiling could
be associated either with more risk or with less risk than is found in the Ya probability
curve’s variance. In situations where the yield ceiling is associated with higher levels
of risk (i.e. if the increased yield relies on management practices that, even under
researcher management, increased production in some cases but with significant risks
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of failure in others), the yield gap would be greater than the difference between the
median values of the yield ceiling and Ya for the high end of the production curves
(Yg3>Yg2), and less than that difference for the low end of the production curve
(Ygl<Yg2). However, if researcher-managed conditions eliminated many of the
risks associated with on-farm practice (i.e. by limiting biotic and abiotic stresses)
and had less risk than the Ya probability curve, we would see the reported yield gap
based on the mean values of yield ceiling and Ya under-estimating the yield gap for
the lower half of the Ya curve (Ygl>Yg2), while over-estimating it for the upper half
of the farms and conditions (Yg3<Yg2).

The relevance of the yield gap for farmers further depends on the overall importance,
and contribution, of agriculture for their livelihoods (Figure [7.2[C). Farming is not
only about biophysical and technical issues (e.g. land productivity and resource use
efficiency) but includes other livelihood dimensions as well (e.g. food security, eco-
nomic viability and social drudgery). Identifying opportunities to close yield gaps in
farmers’ fields require a diagnosis of a set of indicators as well as knowledge about
the importance of off-farm income, the proportion of hired labour to total labour and
input-output price ratios, among other issues. Moreover, agronomy can contribute
to improved rural livelihoods with interventions aiming at narrowing yield gaps and
increasing resource use efficiency but this may come at the expense of labour pro-
ductivity and gross margin. This suggests that agronomy per se cannot eliminate the
’livelihood gap’ because of possible trade-offs between different livelihood dimen-
sions.

Finally, the identification and adoption of appropriate innovations which respond to
the livelihood concerns lead to a new set of yield ceilings, and yield gaps (van Dijk
et al., 2017; de Koeijer et al.l (1999), which are more closely matched to farmers’
personal conditions. In other words, efforts should be made to identify interventions
necessary for closing the yield gap component(s) of the ’livelihood gap’.

7.3 Maize-based farming systems in western Kenya

7.3.1 Establishing yield gaps for maize in Kenya
Actual yields (Ya)

Maize has been a staple food since the early twentieth century in Kenya and at the
core of national agricultural research since the 1950s. A guiding principle for this
research has been closing the yield gap between on-station and on-farm conditions.
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However, even from the earliest days agronomists struggled with issues of data qual-
ity for both Ya and researcher-managed conditions (e.g. |Allan, {1971 Eberhart, [1971]).
Kenya’s maize breeding programme began in Kitale, in the high potential, western
highlands, but its first plant breeder, A.Y. Allan bemoaned the lack of reliable on-farm
yield data (Allanl [1971). He noted measurement as costly and difficult, the widely
differing husbandry practices, and the fact that farmers did not accurately know the
size of their fields and or the amounts of maize produced, since it might be harvested
continuously over a long period rather than on a single date. This knowledge gap was
made evident when Allan’s “deliberate attempt (on-station) to approximate ’poor’
husbandry ... yielded almost 50 percent more (1.97 Mg ha!) than the estimated
average on-farm yield (1.35 Mg ha'!)” (Gerhart, [1975). This attempt at duplicat-
ing on-farm practice in 26 factorial trials had set six factors sub-optimally (time of
planting, plant population, type of seed, standard of weeding, and use of nitrogen
and phosphate), and speaks to the challenge of understanding the full extent of the
constraints on maize productivity under farmers’ conditions.

Table shows maize Ya in Kenya for 2014, disaggregated by province and county,
compared to various yield ceilings. Even in the most productive parts of the country
(Rift Valley, Western, and Nyanza provinces), Ya values (whether provincial averages
or the Ya from the highest yielding county in each province) remain well below Yp
and Yw calculated by GYGA for each province. Although these are the best and
most comprehensive Ya data from the government of Kenya, many authors note large
discrepancies between official yield statistics and independent yield measurements
in African countries (Tittonell and Giller, [2013} Wairegi et al., 2010). And there are
important errors to consider in the Kenyan case. Not all maize is marketed in Kenya
as much of it is consumed by subsistence producers or traded informally, so official
Ya statistics are modelled estimates based on direct measures such as the purchases
by the National Cereals and Produce Board (NCPB) and sampling within selected
counties (GoK] 2015). Due to resource constraints, this sampling cannot be done
every year or in every jurisdiction (Kibaara et al., 2008} Hassan et al.,|[1998b). Errors
can arise from the lack of consistent crop-cutting, area estimation on irregular fields
(Jaetzold et al.| [2009), and the lack of controls on moisture content at the time of
weighing (Grassini et al., 2015]).

Data quality both for yield ceilings and Ya is highest for the most productive parts
of the country, which is logical given the economic and policy incentive to have
denser data coverage in these zones, but which devotes significant national resources
to gathering data in areas where farmers’ best yields are already approaching Yw.
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Primary data are much sparser, and remote sensing is used to model productivity in
the more marginal maize growing regions, which arguably are the regions where the
yield gap is greatest (e.g. semi-arid Eastern Kenya; (Grace et al., 2014) or where the
economic marginal rate of return for closing the yield gap would be greatest (Hassan
et al., [1998a). A similar knowledge gap appears in the absence of Yp or Yw for
Coast or North Eastern provinces, which are absent from GYGA even though national
research stations operate in Kwale and Mtwapa, and national seed companies have
further developed hybrid and composite varieties suited to coastal soils (as reflected
in the “optimal yield” targets column).

Yield ceilings (Yw and Yp)

Table illustrates the most commonly used yield ceilings in yield gap estimations
in Kenya. Many are variants of Yw, i.e. from researcher-managed conditions either
on-station or on-farm, that reduce all biophysical limitations except moisture, since
irrigation is not widely available in Kenya, especially in smallholder conditions. As a
result, models rely heavily on the quality of input rainfall and soil moisture data (van
Wart et al., 2013} Jaetzold and Schmidt, [1982), while Yw based on empirical data
(the best yields under managed conditions) show considerable inter-annual and inter-
seasonal variation (Rojasl 2007} |[Hassan et al.| [1998a; |Smaling and Janssen, |1993;
KARI, 1993).

Field measures

Since Kenya liberalized its maize research in the 1990s, both private and public re-
search are testing maize performance and Yw in similar ways. While initial on-
station research in the 1960s and 1970s established the importance of early planting,
high plant densities, and high standards of weeding (Allan, [1971)), subsequent re-
search has explored the crop response to inputs especially N and P (Njoroge et al.,
1995; KARI, [1990). As a result, all treatments in more recent trials share many
elements of crop husbandry that, for reasons discussed below, are not necessarily
desirable or suitable for smallholder farmers. Although most farmers intercrop their
maize with legumes, the vast majority of research trials simplify by planting sole
stands of maize. For example, the National Maize Productivity Trials (NPTs) use
comparatively few factorial treatments (usually only N or P combinations), with 1
- 4 replicates on Sm x 5m plots, meaning typically 24 - 48 maize plants harvested
from the inner 4 out of 6 rows planted (Njoroge et al.l [1995). Trial sites are cho-
sen to be “representative of the target area” yet, unlike many of the farms that they
are supposed to represent, should also be ”as uniform as possible in terms of slopes,
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Table 7.1: Regional distribution of county-level 2014 maize actual yields (Ya) in Kenya versus yield ceilings (Yw and Yp). Provincial
and county Ya and areas (GoK|[2015); “Optimal yields” are the yield ceilings reported for the varieties best suited to each province
from |[Kang’ethe| 2011} Yw and Yp are the reported averages based on 14 years of data 1998-2011 from GYGA. **’ Provinces were
abolished as administrative units in 2010 but remain a useful way to categorize the 47 counties that were created to take their place.

Province * Maize Area  Maize Production Counties  Country level Ya County ”Optimal yields” GYGAYw GYGA Yp

(ha) (Mg) ) (Mg ha™') (name) (Mg ha™') (Mgha')  (Mgha™)
Rift Valley 670,847 1,816,386 14 Mean 2.2 8.7-14.9 7.5 14.3
Max. 4.2 Trans Nzoia 8.1 13.2
Min. 1.0 Baringo n.d. n.d.
Eastern 575,023 336,778 8 Mean 0.7 5.0-8.0 4.2 10.2
Max. 1.0 Meru 3.5 12.1
Min. 0.4 Kitui 3.2 9.7
Nyanza 350,193 547,199 6 Mean 1.6 7.5-9.0 6.0 13.6
Max. 2.0 Kisumu 3.9 15.3
Min. 1.2 Nyamira n.d. n.d.
Central 190,894 154,217 5 Mean 0.9 7.0 - 8.0 4.6 6.2
Max. 1.3 Nyandarua 7.0 14.5
Min. 0.3 Kiambu n.d. n.d.
Western 243,239 558,966 4 Mean 2.1 7.0-11.0 8.9 12.0
Max. 2.7 Bungoma 8.9 12.0
Min. 1.4 Busia 8.9 12.0
Coast 81,446 79,873 6 Mean 0.9 6.0 -9.0 n.d. n.d.
Max. 1.3 Tana River n.d. n.d.
Min. 0.5 Kilifi n.d. n.d.
North Eastern 3,587 1,919 3 Mean 0.5 3.0-5.0 n.d. n.d.
Max. 0.8 Garissa n.d. n.d.
Min. 0.2 Wajir n.d. n.d.
Country Total 2,115,229 3,495,339 47 Mean 1.7 7.1 14.7
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soil types and previous cropping history” and ”preferably not planted with maize the
previous season” (Njoroge et al., [1995)).

Although this configuration is in accordance with international agronomic norms,
and allows for robust statistical testing while maximising the use of scarce research
station land, this design erases or renders invisible a number of important produc-
tion factors that would not be found in farmers’ fields, or design elements that would
themselves be considered treatments. Participatory, on-farm research with farmers in
six communities of western Kenya between 2001 and 2008 under the ”Strengthening
Folk Ecology” project (Ramisch et al., 2006) worked to build a shared understand-
ing of soil fertility and crop husbandry under smallholder conditions. Focus group
discussions and individual interviews with smallholder farmers and scientists in the
early stages of the project helped identify discrepancies in the knowledge and atti-
tudes of the different groups.

Table[7.3]summarizes findings from 2002 and 2003 about how researchers and small-
holder farmers each defined ”“good husbandry”. These are not trivial differences.
Many of the high yielding practices defined as good husbandry by researchers, and
which are used as the basis for determining yield ceilings under researcher-managed
trials, were seen as too risky or simply unwise by smallholder farmers. For exam-
ple, planting on a single date, planting relatively few seeds per hole, and planting
maize without an intercrop (especially a legume) each appeared to many respondents
as risky gambles that did not offer alternatives if the promised yield improvements
failed to materialize. Farmers also discounted the value of selection criteria such as
minimizing in-field soil variability, competition with woody plants, and avoiding his-
tories of continuous maize cultivation, since technologies were deemed more impres-
sive if they could succeed in more typical and challenging contexts. Finally, standard
measures taken by researchers to protect trial sites and treatments from interference
or loss (fencing, herbicides, pesticides, and clean weeding) were each considered
treatments in their own right and therefore as interesting as potential innovations as
the varietal testing or soil fertility management treatments ostensibly being tested
(Ramaisch, 2011)).

Early planting was especially noted as a problematic practice even while acknowledg-
ing its favourable impact on yields if rains fell reliably. The key concern is a social
one: maize that matures earlier than the maize of one’s neighbours would attract con-
siderable attention in the hungry season between weeding and harvest when food is
scarce. Farmers with maize ripening in this period face considerable social pressure
to share this abundance with less fortunate kin or neighbours (Ramisch, 2016)), or
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Table 7.2: Examples of yield ceilings against which actual on-farm yields in Kenya have
been compared. Terms are reported as in the original reference.

Source Term Type Description
Modeled maximum yield assuming no
GYGA Potential yield Yp limitations (nutrients, soil,
competition, biotic stresses)
Tactzold and Schmidt o Based on agro-eco}oglcal ZOI.I?, soil
(1982} Potential yield Yp maps, top farmers in competitions,
: on-station research
.. Similar to Yp above, but limited by
Water-limited
GYGA a er. lml,e Yw water supply, and hence influenced by
potential yield . .
soil type and field topography
Modeled maximum yield based on
Jaetzold and Schmidt Climatic yield Yw soil-crop-water data (6 million rainfall
(1982) potential points, crop data from best on-farm and
on-station trials)
KARI|(1993) Water—-limi.ted Yw Bes.t ‘yields. in researc}'ler managed
potential yield fertilizer trials on-station
FURP|(1987) Good. . Yw 80% of the béslt ylelc.ls in researcher
potential yield managed fertilizer trials on-farm
Kenya Seed Co. Potential yield Yw Besf yield‘s in researcher managed
(unpublished) varietal trials on-farm
Target based on profit maximization
Hassan et al|(1998a) EC(?nomic Yae (i.e.' Yvher'e the marginal prOfiuct .
optimum fertilizer is equal to the nutrient price
ratio)
50% of Target based on averaging the best
Hassan et al.|(1998b) Feasible yield 0 present yields of farmers (Yyur) and of
(YW YHF)

researcher-managed trials (Yw)
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Table 7.3: Husbandry on researcher-managed sites that are taken as standard “best prac-
tices” before testing treatment efforts, versus equivalent on-farm practices in western
Kenya. Source: Focus group discussions conducted with farmers and scientists in the
six study communities of western Kenya (2002 - 2003; cf. Ramischl 2014).

Researcher-managed treatments

Farmer practices (Western Kenya)

e Early planting (at or within a few days of
the onset of rains)
e Single planting date

e 2 (or 3) plants per hole, thinned when
plants reach 20 cm

e Gaps (double-planted holes can be left
unthinned to compensate for poor germi-
nation in adjacent spots)

e Sole stands of maize

e Avoiding shading or root competition
with woody plants

e Row planting (with tape)

e Clean weeding (within two weeks of
seedling appearance, again as needed)

e Herbicides (pre- and post-emergence)

e Previous crop residues and stubble re-
moved

o Top dressing to follow up fertilizer appli-
cation at planting

e Minimizing in-field soil fertility variabil-
ity (hotspots, waterlogging, etc.)

e Avoiding previous cultivation history
(e.g.
cropping)

long history of continuous maize

e Pesticides (e.g. stemborers)
e Fencing against wildlife incursion

e Single harvest date

o Delayed planting (waiting to confirm rains, for soil to
soften, or when labour is available).

e Staggered planting is common (especially if labour
is scarce or rains fall intermittently, or if seed remains
from initial planting).

e 2-6 plants per hole, 1-3 allowed to mature, others
thinned for fodder at or before cobbing.

e Gaps may be filled by replanting if rains continue.

e Maize is normally intercropped with common beans.
e Boundary hedges (to mark tenure) and timber or fuel
trees are common on farms; technologies must be able
to do well in shaded contexts.

e Row planting is done for maize, but spacing is based
on experience or energy levels; Beans or intercrop may
be broadcast depending on time.

e Weeding labour is scarce (especially for small house-
holds) and often prioritises only problem areas or high
value crops.

e Any herbicide use would be considered a treatment.
e Previous crop residues may be burnt in field (or re-
moved for fodder).

o Top dressing is considered an additional treatment.

e Variability is the norm; areas that underperform one
season (e.g. waterlogged) might be the only areas that
yield in a different season.

e Areas with long cultivation history are the norm; a
technology that works in such sites it will be seen much
more favourably than one that only works on virgin or
privileged sites.

e Any pesticide use would be considered a treatment.

e Fencing (or crop guarding) would be considered a
treatment.

e Maize is harvested over extended periods, i.e. green
(for roasting), before or once it has dried (usually de-
termined by labour availability or threats of theft or
wildlife loss), or dried grain is allowed to stay unhar-
vested in the field until labour is available.
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worse may have this maize stolen and roasted if they are unwilling to share (Vermal
2001). In other words, the ability to valorize on practices that support a supposed
yield ceiling may be compromised by a farmers’ unwillingness to incur the social or
moral consequences. |[Bunei et al.|(2013) confirm that fear of crop theft indeed drives
some farmers in the Rift Valley to avoid planting early ripening varieties of maize
or beans, or to not invest in soil fertility management that would otherwise increase
their maize yields.

7.3.2 Maize yield distributions in western Kenya

One way to accommodate these differences in perception is to acknowledge the range
of probabilities of outcomes for farmers’ yields and yield ceilings. Researcher- and
farmer-managed maize trials from four of the ’Strengthening Folk Ecology’ field
sites are presented in Figure[/.3|to illustrate the challenge of moving from yield gaps
(as conceptualized in Figures and [7.2B) to ’livelihood gaps’ (Figure[7.2]C). As
discussed above, the choice of the yield ceiling (Table in the Kenyan context is
often related to Yw.

Figure illustrates the challenges of a yield gap analysis in western Kenya once
we acknowledge probability curves for both Ya and Yw. In the lower panel (Fig-
ure[7.3B), four cumulative probability curves represent the range of farmer-managed
Ya harvested in the long rains of 2007 in four communities (Muyafwa, Bukhalalire,
Ebusiloli and Butere; see Figure [7.1). Households differed substantially in their
socio-economic and soil fertility status in ways which were unequally distributed
through the sample, making it important to consider the cumulative distribution of
Ya and not just a measure of central tendency such as the mean. The upper panel
(Figure[7.3]A) shows four different but potentially plausible yield ceilings:

1. The cumulative probability curve for the twelve top-yielding researcher-
managed plots in the same communities in the same season (Yw_researcher),
which averaged 5.1 Mg ha'!. Each study site had three researcher-managed
experiments that were used for demonstrations. The highest yielding plots in
each of these experiments (typically a “best practice” management of nutrients
and crop husbandry), could therefore be considered by farmers as the upper
benchmark of possible production under local conditions.

2. The single highest yield recorded on a farmer-managed plot (Yw_farmer) in
any of the communities over the project’s lifetime (6.0 Mg ha'!). Many farmers
(and the research team) took note of the fact that the best recorded yield by a
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farmer was higher than that seen on the researchers’ own “’best practice” plots
(at least in 2007). Other participating farmers found it easy to accept this yield
as the most logical target as the “maximum” production possible under local
conditions.

3. The Yw curve for all 154 farmer-managed plots simulated for non-limiting
nutrient conditions using QUEFTS (Smaling and Janssen, (1993, as applied
by [Tittonell et al., 2008b; Yw_QUEFTS), which averaged 5.4 Mg ha'!. Be-
cause soil fertility is heterogeneous in these sites (Vanlauwe et al., [2007), the
QUEFTS model was used to predict crop yields based on actual soil fertility
measures and assumptions about the recovery fractions of applied nutrients.
Although the model does not consider other husbandry factors, it does provide
another possible measure of the yields possible if nutrients were non-limiting.

4. The Yw simulated by the Global Yield Gap Atlas for these sites and which
is shown in Figure for the climate zone to which all four sites belong
(YW_GYGA, 10.2 Mg ha'!). The model simulates the performance of recently-
released, high yield cultivars grown in single stands, and is calibrated on the
basis of local soil properties, long-term (>10 years) daily weather data, and
crop management data (sowing date or sowing rule and plant population den-
sity) as per http://www.yieldgap.org/web/guest/methods-model-calibration.

5. The Yw curve generated from the 14 years of experimental data collected by
the Global Yield Gap Atlas for the Kakamega weather station, which aver-
aged 8.9 Mg ha! (YW_.GYGA14). Unlike the modelled data (Yw_GYGA),
this value might be easier for farmers to relate to, since it was derived from
actual yields obtained under optimal, researcher-managed conditions.

Yield gaps for any of the four site’s Ya curves represented in Figure[7.3B could legiti-
mately be calculated against each of the five yield ceilings shown in Figure[7.3]A. The
dotted lines bridging the upper and lower panels of Figure|/.3|link to either the point
estimate or the mean value of the probability curve for each of the five Yw curves or
estimates, leading to five different sets of possible ceilings. The highest yield ceiling
(the GYGA point estimate of 10.2 Mg ha™!) is twice the value of the lowest ceiling,
the average of the top-yielding researcher-managed plots (5.1 Mg ha'!). Including
all fourteen years of available data moderates the GYGA target somewhat, to 8.9 Mg
ha™! but precipitation at the Kakamega weather station on which Yw_GYGA14 is
based is 1971 mm yr™!, which is at the more favourable end of the precipitation range
recorded in the study sites (1270 - 2000 mm yr!', Ramisch et al., 2006). Beyond the
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diversity of possible Yw targets, yield gap calculations based on the averages or point
estimates of Yw would tell us little about the probabilities of attaining the maximal
yields for any of the given farms within the sample. Even the QUEFTS calculations,
which drew upon the farmers’ own local conditions, generated yield gaps between
0.7 - 6.5 Mg ha™! but do not convey the probabilities related to closing those gaps.
Yet this is a crucial consideration for farmers deciding whether/how to close any gap.
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Figure 7.3: Yield gaps based on (a) four different variants of Yw and (b) cumulative prob-
ability curves of Ya of four communities (Muyafwa, Bukhalalire, Ebusiloli and Butere) of
western Kenya. Data refer to the 2007 long rains. The asterisks (*) represent the mean Ya
for each community: not only is there a wide range of Ya in each site but (as the means’
position above or below the median show) the yields are also not normally distributed. Ya
as well as Yw_farmer, Yw_researcher and YwW_QUEFTS are all unpublished data from the
’Strengthening Folk Ecology’ project. Ya curves are single farm harvests (n=124) in the
four listed study communities. Yw_QUEFTS was calculated for all 124 farms using the
same methodology as the concurrent study reported by [Tittonell et al| (2008b). In a), the
point estimate (Yw_GYGA) is the mean value of water-limited yield for rainfed maize,
filtered by national scale climatic zone reported for western Kenya (see Figure [7.I). The
14 year data set (Yw_GYGA14) refers to the Kakamega weather station (1998-2011).
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The Kenyan case study suggests that neither Ya nor Yw data can easily be taken at
face value, since the calculation of both is based on sets of socially-determined deci-
sions about what to accept and what to exclude. By the same token, the significance
of the presence (and scale) of a gap between Yw and Ya needs to be fit within a con-
text of the probabilities of attaining a given yield as well as the livelihood significance
of what closing (or failing to close) that gap would mean.

7.4 Rice farming systems in Central Luzon, Philippines

7.4.1 Context and household survey

Rice is the staple food in the Philippines. The average per capita rice consumption in
the country has increased over time from ca. 100 kg capita! year™! in the 1980s up to
ca. 130 kg capita™ year'! in the 2000s (USDA and FAOSTAT databases). Despite the
rapid development of the off-farm sector (e.g. construction, industry, transport, ser-
vices and remittances) over the past decades, rice farming remains an important activ-
ity in Central Luzon contributing up to 25% of the total household income (Takahashi
and Otsukal, 2009) and being an important source of employment to many (landless)
peasants (Kerkvliet, |1990). Double rice cropping systems are common in this re-
gion, with a wet season (WS) crop between June/July and September/October and a
dry season (DS) crop between December/January and March/April. Historically, the
traditional season for rice farming was the WS but the increasing investments in irri-
gation facilities and the release of short cycle varieties made possible the cultivation
of a subsequent rice crop in the DS (Cassman and Pingali, |1995)).

The Central Luzon Loop Survey is a historical household survey which has been
collected by the International Rice Research Institute (IRRI) every 4 to 5 years since
1966 up to now. It has been conducted since then to monitor changes over time in
crop management and household characteristics in the rice-based farming systems of
Central Luzon (Moya et al., 2015). On average, 103 rice farming households were
interviewed in the WS and 59 in the DS. Most households were interviewed in the
WS and DS of the same crop year but the sample size is lower in the DS because of
water-related constraints or cultivation of other crops.

7.4.2 Rice yields and yield gaps

Rice yield gaps (Yp - Ya) in Central Luzon were on average 3.2 Mg ha~! in the WS
and 4.8 Mg ha—! in the DS during the period 1979 - 2012 (Chapter 3; Laborte et al.,
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2012). There was no significant increase in Ya during the WS, which remained ca.
3.8. Mg ha~! over the period analysed (Figure @A). Stagnation of Ya in the WS may
be attributed to greater risks of lodging due to typhoons at high N application levels
(Lampayan et al, 2010; Lansigan et al., [2000; Loevinsohn et al.,[1993)). Conversely,
there was a significant increase in Ya during the period 1979 - 2012 from ca. 4.0 Mg
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Figure 7.4: Rice yields and yield gaps based on cumulative probability curves of Ya in
Central Luzon, Philippines. Data for the WS and DS are presented on the left (A and C)
and right (B and D), respectively. In C) and D), Ya refer to averages across years for each
farm and the horizontal dashed line shows the 50% probability, the vertical dashed line the
median of Ya and the vertical solid line the simulated Yp averaged over the WS and DS
periods (6.7 and 9.2 Mg ha™!, respectively; see Chapter 3 for further details). The normal
distribution is shown in the solid line next to the distribution observed in the data.
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ha=!in 1980 up to 5.2 Mg ha~! in 2012 (Figure ). Typhoons do not occur during
this season, which reduces climatic risks considerably, and provides more favourable
growing conditions for rice, as indicated by the higher Yp compared to the WS. In
addition to increases in Ya, there was also a significant increase of N application
during this season. Modern varieties were readily and widely adopted over the past
half-century in Central Luzon (Chapter 4), which also contributed to increases in Ya.

The distribution observed for rice yields approximated the normal distribution in both
seasons (Figures and ). The median of Ya was 3.7 Mg ha—! in WS and
4.4 Mg ha~! in DS. However, there was a large variability around this value with
a minimum of 1.3 and 1.4 Mg ha~! and a maximum of 6.1 and 7.2 Mg ha~! in
the WS and DS, respectively. The highest Ya values were close to Yp in the WS
(minimum difference of 0.6 Mg ha~!) but not in the DS (minimum difference of 2.0
Mg ha~!). Yield gap variability can be directly observed in Figures and [7.4DD
as the horizontal distance between Yp and Ya. From these, it can be concluded that
rice yield gaps in Central Luzon were as large as 5.3 Mg ha~! and as small as 0.6 Mg
ha~! in WS and as large as 7.7 Mg ha~! and as small as 2.0 Mg ha—! in DS.

7.4.3 Moving towards ’livelihood gaps’

Yield gaps per se are not very informative about the possibility to improve livelihoods
of rural households (Figure[7.2C). For this purpose, they need to be analysed in rela-
tion to other indicators of farm performance capturing the broader livelihood aspects
within which farming takes place. The farm level indicators analysed were labour
productivity (kg Id™"), gross margin (PhP ha'!) and rice self-sufficiency at household
level (%). Labour productivity and gross margin were quantified as described in
Chapter 4 and the calculation of rice self-sufficiency is detailed in Appendix (Section
7.8).

Labour productivity

Labour productivity increased over time in both WS and DS (Figures[7.5]A and[7.5B).
The increase in this indicator was particularly evident in the DS, from about 51 kg
1d=! in 1980 up to about 120 kg 1d~! in 2012, which can be explained by a combi-
nation of increases in Ya (Figure [7.4B) and adoption of labour-saving technologies
including direct-seeding, small tractors, threshers and herbicides (Moya et al.,[2015)).
The median labour productivity observed during the WS and DS was about 55 and
79 kg 1d—! (Figures and ), respectively, and the variation observed in this
indicator approximated a normal distribution in the WS, but not in the DS.
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Four labour arrangements predominate in the rice-based farming systems of Central
Luzon. Family labour refers to household members directly involved in rice farming
and it is mostly used for operations which are less labour intensive (e.g. fertiliser
application). Exchange labour is a peculiar labour arrangement in which members of
one household help members of another household in exchange for a similar amount
of labour of the latter household in the fields of the former household. This type of
labour was categorized as family labour. Hired labour can take two forms: 1) hiring
of temporary workers to perform labour demanding activities such as transplanting
and harvesting or 2) hiring of permanent labourers who are responsible for all the
crop management activities in exchange of ca. 10% of the total production. Hiring
labour has had a positive effect in the rural economy by providing employment to
many landless peasants (Estudillo and Otsukal, [1999; Kerkvliet, 1990).

There was a sharp increase in the proportion of hired labour over time up to an aver-
age of ca. 82% of the total labour used for rice farming in 2011/2012 (Figures
and [7.5F). The replacement of family by hired labour was particularly evident after
the year 2000. This trend suggests that the importance of rice farming as a landown-
ing household’s primary occupation declined over time. The decline in hired labour
between 1979 and 2000, and its increase afterwards, was associated with land prepa-
ration and crop establishment practices used by farmers. For example, labour use
for crop establishment declined in the 1980s and 1990s and slightly increased again
in the 2000s (particularly in the DS) because of the adoption of direct seeding dur-
ing the 1990s and the re-adoption of transplanting after the 2000s (Figures and
[7.53H), respectively. Labour use for land preparation and crop management slightly
decreased over time mostly due to the adoption of small tractors and herbicides, re-
spectively.

Gross margin

There was a significant decline in rice gross margin over time during the WS (Figure
[7.6A) while no trend was observed in the DS (Figure [7.6B). In the WS this can be
explained by a slight decline in revenues, attributed to yield stagnation and a slight
decline in paddy prices (Chapter 4), and by an increasing of production costs due
to greater use of hired labour and material inputs (data not shown). The negative
gross margin of WS rice observed for many households shows rice farming is not
economically rewarding during this season especially given current amounts of hired
labour and high labour wages in the region (Moya et al.,|2004)). It is worth noting that
the median gross margin in the 2008 WS was even negative. By contrast, revenues
and production costs during the DS increased over time. The increase in revenues
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was explained by increases in Ya (Figure[7.4B), since paddy prices slightly declined
(Chapter 4). Similarly to the WS, increasing production costs were explained by
greater use of hired labour and, to a less extent, material inputs (e.g. real prices of
N declined between the late 1960s and early 2000s, after which there was a sharp
increase).

The median gross margin from WS rice and DS rice was 5305 and 9525 PhP ha™,
respectively, and the distribution observed in this indicator approximated a normal
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Figure 7.6: Gross margin of rice-based farming systems in Central Luzon, Philippines: A)
and B) trends over time, C) and D) cumulative probabilities. In C) and D), gross margin
refers to averages across years for each farm. In these panels, the horizontal dashed line
shows the 50% probability, the vertical dashed line the median of gross margin while the
normal distribution is shown as a solid line next to the distribution observed in the data.
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distribution in both seasons (Figures [7.6[C and [7.6D). The threshold probability for
positive gross margins was ca. 30% in the WS and ca. 20% in the DS. The maximum
gross margin observed was far greater than the minimum gross margin in absolute
terms. However, the low median and high probability of negative gross margin in the
WS question again the importance of rice farming as a source of income for many
households in this season. For instance, in 1979 WS and 1980 DS ca. 25% of the
households had negative gross margin from rice farming as compared to 2011 WS
and 2012 DS in which 14% and 5% of the households had negative gross margin, re-
spectively. The largest number of households with negative gross margin (ca. 48%)
was recorded in 2008 WS. The importance of positive gross margin for each house-
hold is likely to increase with decreasing importance of off-farm income. Negative
gross margin over consecutive seasons for households not depending on off-farm in-
come may limit investments in e.g. education in the short-term and lead to migration
to urban areas in search of non-agricultural employment in the long-term.

Rice self-sufficiency

During the period 1979 - 2012, less than 15% of the households did not meet their
yearly rice requirements (Figure[7.7). This indicates that the majority of households
in Central Luzon achieved rice self-sufficiency given current rice yields, area avail-
able and consumption requirements (i.e. household size and per capita rice con-
sumption) and that most households have a considerable amount of land surplus to
produce rice for the market. Indeed, Central Luzon is known to be the rice bowl of
the Philippines, and particularly of Metro Manila.

The land required for rice self-sufficiency at household level remained constant over
time with an average of ca. 0.5 ha per household, and ranging between ca. 0.4 and 0.6
ha per household in 2011/2012 and 1986/1987, respectively. The additional amount
of land required to achieve rice self-sufficiency at household level (i.e. land deficit)
was also rather constant over time and its negligible magnitude confirms that most
households were able to meet their domestic consumption needs. The average land
surplus, i.e. the actual amount of land cultivated not needed for rice self-sufficiency
at household level, declined significantly over time from ca. 2.7 ha in 1979/1980
to 2.1 ha in 2011/2012. The significant decline in land surplus can be attributed to
increased rice demand and decreased rice supply. The latter occurred due to greater
per capita consumption and adult:child ratio, while the former was due to a slight,
but significant, decline in rice cropped area explained by the cultivation of other crops
and/or land conversion to non-agricultural uses (Chapter 4).
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Rice and rural livelihoods

The data from our sample shows large rice yield gaps persist in Central Luzon, par-
ticularly during the DS (Figure[7.4), indicating there is considerable scope to increase
rice production in this farming system (Chapter 3; [Laborte et al., 2012)). However,
as with the Kenyan examples, the benefits from narrowing such yield gaps depend
on whether or not increased production 1) is associated with similar or reduced risks
compared to the current situation, 2) translates into significantly greater returns to
land and/or labour and 3) is required to meet self-sufficiency needs at household
level.

Climatic risk is a very important aspect in Central Luzon as intensification of N use
increases the probability of lodging during the WS due to frequent incidence of ty-
phoons during this time of the year (Lampayan et al.| [2010; Lansigan et al., 2000;
Loevinsohn et all |1993). An example of the impact of typhoon damage on rice
stands under field conditions is depicted in Figure In this on-station trial, the
treatment replicating N application rates used by farmers in the region (i.e. 60 kg N
ha'!) did not suffer from lodging after typhoon while the treatment aiming to achieve
Yp (i.e. 180 kg N ha'!) resulted in complete crop failure. In these extreme situations,
farmers would most likely find little incentive to increase N application rates beyond
levels currently used.

In addition to the biophysical risks associated with higher yields and more intensive
management practices, it is important to also consider farmers’ financial and food
security incentives to narrow the yield gap. Figure demonstrates that actual rice
yields and current farm sizes have been able to satisfy the caloric need of most house-
holds between 1979 - 2012. Rice self-sufficiency at household level indicates that the
main incentive for narrowing rice yield gaps would then be for commercial, rather
than domestic consumption, purposes. Formal research might indeed encourage such
a shift in production orientation, but in a context where narrowing the yield gap goes
in tandem with high input costs (especially hired labour), marginal additional income
from selling rice (Figure and increased risk of more intensive input use in the

WS (e.g. Figure[7.8).

The low gross margin of rice farming has been compensated by an increase in non-
agricultural sources of income such as off-farm employment and remittances (Chap-
ter 4, Moya et al.l 2015} [Takahashi and Otsukal [2009; [Estudillo and Otsukal, [1999).
The high labour wages for on-farm work observed in Central Luzon compared to
other rice bowls in Southeast Asia (Moya et al., [2004) did not discourage most
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households from replacing family by hired labour over the past half-century (Fig-
ures [7.5E and [7.5F). This indicates that opportunity costs for family labour in the
non-agricultural sector are also high in the region as otherwise it would not be eco-
nomically rational to depend so much on hired labour for rice production, which
currently accounts for more than 50% of the total production costs. In this context,
any efforts to narrow the yield gap would most likely require even heavier reliance on
hiring permanent and/or casual labourers for operations like crop establishment and
harvesting (Figure[7.5).

N3) Potential yield

Figure 7.8: Lodging of rice in an on-station trial conducted in IRRI during 2014 WS.
The photo on top refers to a treatment replicating the farmers’ practices in the region (N
application of 60 kg N ha—!) while the photo on the bottom refers to a treatment aiming
for climatic potential yield (N application of 180 kg N ha~'). The photos were taken in
plots adjacent to each other a few days after the region was hit by a typhoon. Source: Jodo
Vasco Silva, IRRI, 23" September 2014
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The analysis of rice yield gaps vis-a-vis gross margin, labour productivity and rice
self-sufficiency provides insights into the relative importance of rice farming for rural
livelihoods in Central Luzon. In addition to the trade-offs between yield gap closure
on the one hand and labour productivity and N use efficiency on the other hand (Chap-
ter 4), it is questionable whether rice production will be intensified in Central Luzon
under prevailing conditions given that 1) greater yields are associated with greater
risk of crop failure in some periods of the year (Figure [7.8), 2) economic returns to
land are marginal (Figure and 3) rice self-sufficiency at household level is not at
stake (Figure[7.7). Observed trends in off-farm income and labour dynamics further
confirm the clear preference of most households for more regular, and less labour
intensive, sources of income which leaves us with the question of who should close
which yield gap.

7.5 Discussion

The standard yield gap is conceptually simple and therefore easy to explain to non-
specialist policy-makers (e.g. ’how much more food could our farmers grow?’). This
makes it all the more challenging to contest or replace. The two case studies illustrate
how moving from yield gaps to ’livelihood gaps’, and acknowledging the probabili-
ties and risks inherent in bridging such gaps, are important points to communicate in
contexts where agronomy has much to offer but where farming is only one element
within a suite of livelihood options. Understanding how farmers (and researchers)
perceive risk and variability is crucial to help making better choices about new tech-
nologies.

7.5.1 Incorporating variability into yield gap analysis

Farming systems research can point to multiple successes in both the Kenyan and
the Philippines context. The dramatic increase of maize yields observed in Kenya
between 1965 and 1980 is widely hailed as a success story for African maize agron-
omy, which saw the release and widespread adoption of varieties suited to a range of
agro-climatic conditions (Smale and Jaynel [2003). This raised maize Yp in Kenya,
not only by improving the grain production potential of individual plants but also by
allowing farmers to grow maize in both the long and short rains season in many parts
of the country. A similar productivity improvement was observed in the Philippines
with the development of irrigation facilities and short cycle varieties which allowed
the cultivation of rice in both WS and DS (Cassman and Pingalil [1995).
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Despite these successes, current yields (Ya) both of maize in Kenya and rice in the
Philippines lag behind their full potential. The two case studies demonstrate that by
failing to consider variability and risk in both actual, on-farm conditions (Ya) and
yield ceilings (Yw or Yp), conventional yield gap analyses only partially explain
where and how Ya for these staple crops could be improved. For example, in both
contexts experimental evidence shows that increased fertilizer use is associated with
greater risk of crop failure. In Kenya, the nationwide Fertilizer Use and Recommen-
dations Project (FURP) trials provided experimental and modelled Yw far above Ya,
but the yield increases due to fertilizer use were also often associated with increased
yield variability (Rotter and van Keulen, [1997). In the Philippines, greater N use was
also associated with greater yield variability due to increased risk of lodging during
the WS (e.g. Figure Lampayan et al.,[2010). Extending the yield frontier should
not only offer the promise of higher Ya but should also seek, wherever possible, to
reduce the risk associated with those improvements, i.e. tightening the distribution
of the cumulative probability curves rather than stretching or skewing them.

Field and farm variability is recognized in different site-specific approaches devel-
oped in agronomy (Vanlauwe et al.l 2015; [Dobermann et al., 2002). As data from
Central Luzon shows, where a farm lies on the Ya probability curve (Figure is
not independent of its placement on labour productivity or gross margin probability
curves (Figures and[7.6). In western Kenya, the FURP trials not only included a
range of cropping conditions for maize (sole stands and intercropped), but reported
its findings using three different probability thresholds (0.33, 0.50 and 0.66) for pur-
poses of calculating economic benefits. Many of the yield ceilings in Table[7.2]claim
to be based on purely biophysical criteria which are not as objective as they might
first appear: their selection and application help shape crop productivity outcomes.
For example, |Herdt|(1979) found a significant decrease in on-station rice yields when
the production objective was switched from yield maximization to gross margin max-
imization and recent efforts have shown the same for maize yields in Tanzania (van
Dijk et al.l 2017). However, even these optimal yields need to be contextualized
at farm(ing) systems level to understand how exactly households may benefit from
possible yield gains.

7.5.2 Embedding yield gaps into rural livelihoods

Yield gaps that identify where (and by how much) crops and farm(ing) systems can be
improved are important guides for technology development, but must also help guide
decision-making about which technologies are worthwhile investments. In western
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Kenya, many farms are smaller than 0.5 ha and can provide 3 - 7 months of food
security (Ramisch,|[2014). The most food insecure households in this site would need
to increase Ya by a factor of four while avoiding e.g. theft or post-harvest losses.

Ideally, in an on-farm setting, it would be possible to identify the degree to which a
given variable could be improved given specific objectives and resource constraints.
Optimisation techniques can be used for the more easily quantified data, which tend
to be the biophysical and those economic aspects that engage with the formal sector.
However, these methods are more conjectural and ill-suited for qualitative data, or
those quantitative data that lack precision or accuracy. Farmers make decisions about
how much energy or resources they want to invest in agriculture (let alone in closing
yield gaps). However, while decisions to opt out of farming (or to rely on hired
rather than family labour) may be rational for many households, better information
about how farmers perceive and respond to variability and risk could guide better
technology development for those households that decide to persist in the agricultural
sector. Such qualitative information would also be helpful to guide those households
at the lower end of the Ya or yield ceiling cumulative probability curves to understand
the risks, opportunities and trade-offs.

This makes it essential that the real costs and risks associated with attaining yield
ceilings are made more explicit. The differing perspectives on what constitutes a
“treatment” (Table reveal the frustrations that farmers have with researchers as
well as the ways in which researchers perceive and understand the constraints farm-
ers face. The fact that a crop will perform better under non-limiting conditions is
no surprise, but there is generally a strong incentive on the part of a researcher to
demonstrate a convincingly large yield gap between researcher-managed and farmer
practice. As |Allan| (1971) noted “demonstrating differences of 10% in yield is a
waste of time in developing countries”, which led him to advocate for a ’package ap-
proach” that would maximize all possible input factors so that even if one factor had
no effect, the overall differences of the new maize-growing system would be “very
much higher than the average yields [Ya] round about”. While such strategy might
persuade some farmers that agronomists can be “good farmers”, it is arguable that
many other farmers might see the complex lengths required to bring about this new
system as impossible, uneconomic, or irrelevant.

7.5.3 Looking up: Dynamics at national level

Even if individual households are making the appropriate choice (for them) to get out
of staple food production, the national food security picture is deteriorating in both
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Kenya and the Philippines. From a policy standpoint, the yield gap is paired with
the costs of imports to meet consumption needs not covered by domestic production
(e.g. [van Ittersum et al., [2016). Between 1970 and 1991, maize imports represented
2.9% of total annual maize consumption in Kenya, growing to an average of 12%
for the period 2000-2010 (Kimani and Gruere, 2010). Population increase over this
period accounts for some of the increased demand, but the liberalization of the maize
marketing system in the 1990s played a role in making low cost maize available
from the neighbouring countries. This discouraged some smallholders from investing
resources in higher cost domestic maize production (Nyoro et al.,2004). Most of the
maize is grown in the former Rift Valley, Western, and Nyanza Provinces (84 %; Table
and, other things being equal, the country could meet its consumption needs by
closing part of the yield gap in these regions.

National policies in the Philippines have focused on promoting rice self-sufficiency
and providing high income to farmers (e.g. |PDA| [2012) while ensuring affordable
prices for consumers (PSA} 2017). However, rice imports in the country accounted
for ca. 10% of total rice consumption in 2015 and there has been an increasing im-
port dependency over time (PSA| 2017), particularly from Vietnam and Thailand.
The Philippines has been the largest rice importing country in the world (Dawe et al.
2006) due to e.g. unfavourable geography (Dawel 2006), population growth (FAO-
STAT), [2017) and poor irrigation infrastructure (Barker and Levinel 2012). Future
perspectives are not very promising given that rice production needs to double, due
to population growth, if self-sufficiency is to be achieved by 2050. This seems very
improbable given “current trends in yield growth, existing production technologies,
and prevailing conditions” (Laborte et al.,|2012). The later include the fact that rice
farming is one in many livelihood activities and getting close to hobby farming’ for
many households in Central Luzon, the prime rice producing area of the country.

In both countries, it is important that consumers have confidence that the national
food system delivers the commodities in sufficient quantity and at affordable prices.
Regular maize shortages due to fertilizer price instability, or to extreme events such
as the Kenya’s 2008 post-election violence indicate that, even if the Rift Valley could
grow all of Kenya’s maize, it is logic for smallholders countrywide to keep growing
their own (higher cost) maize ”just in case” (Brooks et al., 2009). Similar concerns
are observed in the Philippines where rice farm-gate prices (Cabling and Dawe, 2006)
and consumer rice prices (FAO/FPMA, 2017) are among the highest in Southeast
Asia. Rice prices are established by the National Food Authority (NFA), a govern-
mental agency which controls the national rice market in terms of rice imports and
acquisition of rice from farmers at support price.
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7.6 Conclusion

The two case studies explored how yield gap analysis can be expanded to consider
the variability of yield ceilings and actual yield and to situate the yield gap within
a wider livelihood context. Using the ’livelihood gap’ concept to develop pathways
to improved food security needs to acknowledge that smallholder farming in many
contexts is one within multiple livelihood activities and it often entails biophysical
and/or socio-economic risk as yield gaps are narrowed. Future efforts to improve
the crop performance in smallholder farming systems must not entail greater risks
than are found in the current situation, nor should they encourage out-migration at
the expense of the national (or global) food security discourse. Developing a shared
understanding of risk and opportunity is crucial, since farmers and researchers often
differ in their perceptions and understanding of risk and even of what constitutes a
“treatment”.

Finally, moving from yield gaps to ’livelihood gaps’ will require more careful con-
sideration of data needs. Data intensive modelling approaches such as the Global
Yield Gap Atlas could incorporate more layers devoted to modelling uncertainty and
variability at the sub-national scale. For instance, the communities studied in Kenya
correspond to four different production contexts, as seen in their distinct probability
curves (Figure [7.3)), but are represented by a single climatic zone. Finally, while ac-
knowledging that such efforts are useful to sketch the operational space within which
food production operates, it is not clear that smallholders’ decisions are well-served
by a model whose coarse resolution of agro-meteorology impedes the provision of
context-specific estimates of yield ceilings or the probabilities of attaining them.
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7.8 Appendix

The land required for rice self-sufficiency at household level was quantified for each
unique household x year combination in the Central Luzon Loop Survey using the
methodology of Hengsdijk et al.| (2014).

Annual rice supply was calculated based on the quantity of rice kept by each house-
hold on a yearly basis, i.e. in both WS and DS. Total rice production was derived
from the cultivated area and rice actual yields adjusted to 14% moisture content (ex-
pressed in kcal; |Quilty et al., [2014). Areas and yields reported for each growing
season were summed and expressed on a yearly basis. The quantity of rice kept by
a household was obtained by subtracting in-kind payments of permanent workers as
well as harvesting and threshing activities (ca. 25% of total rice production) from the
total rice consumption. The quantity of rice kept was further corrected to a constant
milling rate of 65% and post harvest losses were assumed to be as high as 37% (IRRI
Rice Knowledge Bank).

Annual rice demand was estimated based on the number of household members and
their energy requirements per year. There was a slight decline in the number of
household members during the study period from an average of ten individuals in
1979 - 1980 to seven individuals in 2011 - 2012. There was also a sharp increase in
annual per capita rice consumption from about 105 kg capita—! year~! in 1980s and
1990s up to 129.4 kg capita—" year—! in 2000s (USDA and FAOSTAT databases)|
These were converted to energy units by assuming an energy content for rice of 3630
kcal kg=! (Quilty et al., 2014). Energy requirements of household members under
18 years old were assumed to be on average 50% of those of an adult.

A ’land deficit’ was identified for the households unable to produce enough rice to
meet the energy needs of the household members, i.e. for households in which the
demand for rice was greater than the supply from their fields. The land deficit thus
indicates how much additional land is required for a household to achieve rice self-
sufficiency given observed actual yields. In contrast, a ’land surplus’ was identified
for the households which were able to produce rice beyond household energy needs;
hence it indicates the area which is not required for rice self-sufficiency.

It is important to mention that our results may under-estimate the rice area required for rice self-
sufficiency as per capita rice consumption may be considerably higher in Central Luzon. As an exam-
ple, the average per capita rice consumption recorded in a recent household survey conducted by IRRI
in 2014 (Chapter 4) was about 170 kg capita~! year—! (data not shown).
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8.1 Introduction

This thesis provides insights into the magnitude and causes of yield gaps in rice-based
farming systems of Central Luzon (Philippines, Chapters 3 and 4), arable farming
systems in the Netherlands (Chapter 5) and mixed-crop livestock systems in Southern
Ethiopia (Chapter 6). Methods of frontier analysis were combined with concepts of
production ecology so that the richness of individual farm level data, in terms of vari-
ation in yields and management practices, could be analysed using agronomic theory.
Yield gaps were further embedded within the broader farm level constraints and op-
portunities using different statistical methods. The analysis was complemented as
much as possible with field visits and interactions with farmers, local researchers and
other key informants in the three countries. The combination of statistical, model-
based and empirical approaches made it possible to achieve a high level of detail
and comprehensiveness, which complements initiatives at higher scales such as the
Global Yield Gap Atlas (www.yieldgap.org).

This final chapter summarizes the main findings obtained regarding the magnitude of
yields gaps as well as their crop and farm level determinants. Moreover, it provides a
comparative analysis of crop and farm performance across the three case studies with
the objective of contextualizing the dynamics observed in each farming system and of
identifying options for sustainable intensification. The three overarching hypotheses
introduced in Chapter 1 and revisited in this chapter are: 1) the efficiency yield gap
is most important in the Netherlands, the technology yield gap is most important
in Ethiopia and the efficiency, resource and technology yield gaps (abbreviated as
intermediate yield gaps) are of similar importance in the Philippines; 2) yield gaps are
determined by farm level conditions related to farm(er) characteristics and cropping
frequencies as well as farmers’ objectives and resource constraints and; 3) agriculture
needs to be intensified in the ’developing South’ while improving sustainability is
more applicable in the ’developed North’. The chapter ends with a reflection on the
sustainable intensification of agriculture and on the methodological contributions and
limitations of this thesis, and opportunities for further research.

8.2 Decomposing yield gaps at crop level

8.2.1 Magnitude across case studies

Crop yields were smallest in Southern Ethiopia, intermediate in Central Luzon
(Philippines) and highest in the Netherlands (Figure year 2012). For instance,
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average maize and wheat yields in Hawassa (Southern Ethiopia) were 1.6 and 2.7
t ha'!, respectively, which corresponds to ca. 23 and 27% of the simulated water-
limited yield (Yw). Rice yields in Central Luzon varied between 3.2 t ha'! in the wet
season and 4.8 t ha! in the dry season, which were ca. 55 and 49% of the simulated
climatic potential yield (Yp), respectively. In the Netherlands, actual yields of spring
barley were 5.5 t ha™! (64 % of Yp) and actual yields of winter wheat were nearly
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Figure 8.1: Magnitude of actual yields and yield gaps for cereals and arable crops in the
three case studies analysed in this thesis. All data refers to the year 2012. Panels A) and
B) show the yield gap in absolute terms, while panels C) and D) show the yield gap in
relative terms (as % of Yw in Ethiopia and Yp in other countries). Yield data for cereals
is provided on a dry matter (DM) basis and for other crops in the Netherlands on a fresh
matter (FM) basis. Background data are provided in Chapter 3, Chapter 5 and Chapter 6.
Country codes: ETH = Ethiopia, PHL = Philippines, NLD = Netherlands.
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three times as high (i.e. 7.6 t ha™! or 74% of Yp) as the wheat yields observed in
Asella (Southern Ethiopia). Yield gaps smaller than 30% of Yp were also observed
for ware potato, sugar beet and spring onion in the Netherlands. These figures are in
line with conventional wisdom that yield gaps are small (20 - 30% of Yp) in North-
west Europe, intermediate (30 - 50% of Yp) in Southeast Asia and large (>50% of
Yw) in East Africa (e.g. Chapter 2; van Oort et al., 2016; |van Ittersum et al., 2013}
Mueller et al., [2012; Neumann et al., 2010).

Yield gaps were mostly attributed to the technology yield gap in Southern Ethiopia,
to the efficiency (and technology) yield gaps in the Netherlands and to three interme-
diate yield gaps in Central Luzon, Philippines (Figure[8.1I). The technology yield gap
of maize and wheat in Southern Ethiopia was as high as 45 and 52% of Yw, respec-
tively. The efficiency yield gap was also high in these farming systems as its closure
would nearly double actual yields. The yield gap of rice in Central Luzon during the
wet season was equally explained by the efficiency, resource and technology yield
gaps (18, 13 and 15% of Yp) while during the dry season the relative contribution of
the technology yield gap (24% of Yp) was slightly higher than that of the other yield
gaps (each ca. 13% of Yp). For cereals in the Netherlands, the yield gap was equally
explained by the efficiency and technology yield gaps: 11 and 12% of Yp for wheat
and 14 and 17% of Yp for barley, respectively. The results for other arable crops
indicated a large relative importance of the efficiency yield gap for ware potato (18%
of Yp) and spring onion (18% of Yp), of the technology yield gap for starch potato
(31% of Yp) and an equal importance of the three intermediate yield gaps for sugar
beet (each ca. 9% of Yp). These results confirm the first overarching hypothesis
related to the relative importance of each intermediate yield gap in the different case
studies.

8.2.2 Crop management determinants

The determinants of the efficiency yield gap differed per farming system (Table [8.1).
For maize in Hawassa, the efficiency yield gap was greater for late sown crops and
increased with increased proportion of women labour used for sowing (Chapter 6).
For wheat in Asella, the efficiency yield gap increased with the increasing proportion
of hired labour for sowing and weeding (Chapter 6). Indeed, farmers reported diffi-
culties in handling hired labourers during focus group discussions conducted in this
site (van Eerdewijk and Danielsen, [2015). For rice in Central Luzon, the efficiency
yield gap declined with later first fertiliser application date, with earlier second fer-
tiliser application date and with earlier first and second pesticide application dates
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Table 8.1: Summary of the most important management factors explaining the efficiency, resource and technol-
ogy yield gaps. Background information can be found in Chapter 3 (Central Luzon), Chapter 5 (the Netherlands)
and Chapter 6 (Southern Ethiopia). Arable crops include ware, seed and starch potato, sugar beet, spring onion,
winter wheat and spring barley.

Efficiency
yield gap

Resource
yield gap

Technology
yield gap

Southern Ethiopia
Maize, Hawassa

Wheat, Asella

The Philippines
Rice, Central Luzon

The Netherlands
Arable crops

Delayed sowing time
‘Women labour for sowing

Hired labour for sowing
Hired labour for weeding
Fertiliser application date

Pesticide application date

Unfavourable weather
Machinery constraints

N application rate
Labour for hand-weeding

Herbicide application
Labour for hand-weeding
N & K application rate

Seed rate

Management of growth-
reducing factors

Sub-optimal fertiliser use
Pest and disease incidence

Crop establishment method
Sub-optimal fertiliser use
Pest and disease incidence

Sub-optimal fertiliser use
Water limitations

Narrow crop rotations
Water limitations
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(Chapter 3). This partially contradicts the recommendation of performing the first
N application 10 days after transplanting (DAT) since the efficiency yield gap was
smaller in fields where the first fertiliser application was done later than 19 DAT. It
was not possible to explain the efficiency yield gap in the Netherlands due to lack
of detailed management data (Chapter 5). However, the timeliness of management
operations is likely to be affected by e.g. machinery constraints on large farms (Rei-
dsma et al.,[2015b) and/or unfavourable weather and soil conditions (van Oort et al.,
2012; Droogers et al.,[1996)).

The resource yield gap was associated mostly with the management of growth-
limiting factors in Hawassa and Central Luzon and with the management of growth-
reducing factors in Asella and the Netherlands (Table[8.1I). In Hawassa, maize yield
responses to N and labour used for the first hand-weeding were observed (Chap-
ter 6). Similar results were obtained in on-farm trials conducted in this site (for N:
TAMASA, unpublished data; for weeding frequency: |Workayehu and Wortmann),
2011). The determinants of the resource yield gap for wheat in Asella captured well
the importance of weed management for this production system (Amare, 2014; [Taa
et al., 2004; Tanner et al.} [1993). Rice yields in Central Luzon were greater in trans-
planted than direct-seeded fields, which influences seed use, and were positively as-
sociated with N application (especially in the dry season) and K application (Chapter
3). Matching N application levels with indigenous soil N supply is crucial to obtain
high yields in this production system (Cassman et al., [1998)) and yield responses to
K have also been reported for rice in Central Luzon elsewhere (Witt et al., [1999;
Dobermann et al., [1996). Management of growth-reducing factors was important in
the Netherlands and a positive association was observed between e.g. fungicide use
and the yields of ware potato and winter wheat (Chapter 5).

The causes behind the technology yield gap could only be assessed based on agro-
nomic trials (and crop model simulations), literature and/or expert knowledge (Table
[B.I). The large technology yield gap observed for cereals in Southern Ethiopia was
attributed to sub-optimal management practices used in highest yielding farms com-
pared to best-performing technologies assumed to simulated Yw (Chapter 6). These
included lack of precision agriculture technologies (e.g. sowing and fertiliser appli-
cation are broadcast in wheat), resource yield gaps of particular inputs (e.g. low N
rates and sowing densities to achieve Yw and no use of K or plant protection agents)
and, possibly, lack of adoption of modern varieties. Sub-optimal N rates explained
the technology yield gap for (dry season) rice in Central Luzon as N rates in highest
yielding fields were generally lower than the ca. 200 kg N ha™! required to achieve
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Yp (Chapter 3; Kropff et al., |[1993). Water limitation during the growing season is
another possible constraint in this region (Barker and Levine, [2012)). This was also
true for arable crops, especially cereals, in the Netherlands, in addition to narrow
crop rotations for starch potato (Chapter 5), which increase the pressure of soil borne
diseases (Scholte and s’Jacobl, [1990). Further research is needed to gain deeper in-
sights into the causes of the technology yield gap, particularly in Southern Ethiopia
where it is largest.

8.2.3 Yield responses to N and P

Pooled data from the three case studies showed that cereal yield responses to N and
P follow the law of diminishing returns (Figure [8.2} Nijland et al. 2008} Janssen
et al.l [1990), which was not evident when data were analysed separately per farming
system (Chapters 3, 5 and 6). Maize and wheat farms in Southern Ethiopia, rice
farms in Central Luzon and Dutch farms cultivating barley were in the steep part of
the response curve while Dutch wheat farms were in the plateau of the response curve
(ca. 8 tha™! or 75% of Yp). This means that yield responses to N and P were smaller
at low (i.e. Southern Ethiopia and wet season in Central Luzon) and at high yield
and nutrient levels (i.e. wheat in the Netherlands) than at ’intermediate’ yield and
nutrient levels (i.e. dry season in Central Luzon and barley in the Netherlands).

Most farms in Southern Ethiopia used less than 75 kg N ha™! and 50 kg P ha! for
cereals and achieved cereal yields lower than 4 t ha™! (ca. 40% of Yw). Maize and
wheat yield responses to N and P in Hawassa and Asella, respectively, were not as
clear when the data was analysed separately compared to the pooled analysis, which
suggests that yield responses to nutrients are small at low yield levels. Other studies
conducted in the Ethiopia Rift Valley and the Southern Highlands reported similar
ranges for crop yields and input use as well as a lack of clear yield responses to N
and P at low yield and input levels (Getnet et al.,2016; Baudron et al., [2014).

In Central Luzon, N and P application rates for rice ranged between 20 - 200 kg
N ha! and 0 - 80 kg P ha'! and rice yields ranged between 2 - 6 t ha'! (ca. 20 -
80% of Yp). Rice yield responses to N and P were observed during the dry season
but during the wet season in this site. Clear yield responses to nutrients during the
dry season can be explained by the more favourable climatic conditions to grow rice
during this period of the year (when water is available) and by the higher nutrient
application rates used by farmers compared to the wet season (Chapter 3). These
observations were corroborated by a more representative household survey of rice
farms in the region (Figure Chapter 4, Supplementary Material) and by a number
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of independent studies (e.g. |Gines et al., [2004; Witt et al., [1999; [Cassman et al.|
1998).

Arable farms in the Netherlands used 50 - 300 kg N ha'! and O - 140 kg P ha™! for
cereals and obtained cereal yields between 4 - 9 t ha™! (ca. 60 - 80% of Yp). Rates
of P application to cereals were (close to) zero for many farms because management

of P is done at crop rotation level and most P is applied to the potato crop. No yield

10 100
= 80
E -
e
o
= =
a = 60
=t s
. =
= B 40+
= ® Maize (ETH) i
5 8 Wheat (ETH) 3
o @ RiceW (PHL) 5 24
o RiceD (PHL) -
@ Barley (NLD)
B Wheat (NLD)
T T 0
0 50 100 150 200 250 300 0 50 100 150 200 250 300
N application (kg N/ha) N application (kg N/ha)
100 -
= 2] D) - e
5] ™ a E =
) £DD E‘DDD waf ;d R EET%‘DD D_m_D_DEE—Dﬁ—D ______
¢ ]
< S = = Y = %ﬁ T 8% = g ol
= ] & z e g O':%.g Ca
a ol SLLE £ 60, oo oo™ ©°m gF "m g
= [} e 2 =) la:ha m®
o] ° B_\, 5] chO
5 i . = '%:!'i'ﬁq:| o.0 o 8
e .95’\ 40 == o g
§ e ) = .‘ - i
5] 3 °
o o " o
O 20+ L
° b 8-
? ® ™
°
T T T T 0r—f =y T T T T T
80 100 120 140 0 20 40 60 80 100 120 140
P application (kg P/ha) P application (kg P/ha)

Figure 8.2: Cereal yield response to N and P applied in the year 2012 across the three
case studies analysed in this thesis. Panels A) and C) present cereal yield in absolute terms
while panels B) and D) present cereal yield in relative terms (as % of Yw in Ethiopia and
Yp in other countries). Background data to this figure is provided in Chapter 3, Chapter 5
and Chapter 6. Each observation corresponds to one individual farm in each of the three
case studies. Country codes: ETH = Ethiopia, PHL = Philippines, NLD = Netherlands.
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responses to N were observed for wheat, a crop which received ca. 200 kg N ha™! on
average and yielded ca. 9 t ha!. Conversely, yield responses to N were observed for
barley, a crop which received less than 150 kg N ha'! on average and yielded ca. 7 t
ha'!. These data are currently used to inform official statistics (www.agrimatie.nl) and
policy makers as to whether or not farmers comply with the N application standards
in place (J.J. Schroder, personal communication).

Closing the yield gap of maize and wheat in Southern Ethiopia, of (dry season) rice
in Central Luzon and, possibly, of barley in the Netherlands requires greater N and
P application rates. Conversely, the lack of yield response to N and P for wheat in
the Netherlands suggests there is scope to decrease nutrient application rates for this
crop without compromising yield. This type of comparative analysis of farm(ing)
systems at local level is valuable to gain deeper insights into crop performance in
farmers’ fields and to complement narratives at higher levels aiming to understand
opportunities to increase food production and/or reduce the environmental footprint
of agriculture (Hoffmann et al., [2017}; Rockstrom et al., 2017; Mueller et al.l 2012;
Tilman et al.,2011; Neumann et al.,[2010; |[Foley et al., [2005).

8.3 Crop yield gaps and farm performance

8.3.1 Intensification and resource availability

Farms in the Netherlands exhibited smaller yield gaps, had greater farm sizes and
used much less labour than farms in Central Luzon and Southern Ethiopia (Figure
@. The average farm size was 0.8 ha in Hawassa, 2.0 ha in Asella and 1.7 ha in
Central Luzon, which is way lower than the 54.1 ha in the Netherlands (Figure @]A;
logged data). Moreover, the maximum farm size recorded in Southern Ethiopia and
Central Luzon (ca. 10 ha) corresponded roughly to the minimum farm size observed
in the Netherlands. Land was distributed unequally between farms in the three case
studies with 45% of the farms owning only ca. 20% of the land. Similar distribution
of farm sizes has been reported for the same regions by other studies (Lowder et al.}
2016; van Vliet et al., [2015; Masters et al., [2013]). At first sight, these case studies
provide no clear evidence that small farms are more productive than large farms (even
in Central Luzon a negative relationship was only observed in the wet season and
when data from multiple years was pooled, Chapter 4). However, further research is
needed to confirm this preliminary observation.
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Farms in Southern Ethiopia and Central Luzon used up to 10 times more labour to
cultivate one ha of land than farms in the Netherlands and a threshold of 15 IdT ha™!
was identified as the minimum and maximum labour use observed in the tropics and
in the Netherlands, respectively (Figure [8.3B). There was no association between
yield gap closure and labour use at farm level in the Netherlands while there was
a positive association between these two variables in Southern Ethiopia and Central
Luzon. This is not surprising given that most management operations in arable farms
in the Netherlands are mechanized. By contrast, farming in Southern Ethiopia re-
mains largely a manual activity and the use of the traditional oxen ploughing system
is a good example of the little change observed since ’biblical” times (Gebregziabher
et al., 20065 |/Aune et al., 2001; McCann, [1995)). More recently, the little capital avail-
able was directed to purchase improved seeds, mineral fertilisers and, to a less extent,
herbicides (Sheahan and Barrett, 2017 |Abate et al., |2015)).

The situation of rice farming in Central Luzon in the late 1960s was not much dif-
ferent. Back then, most farms used traditional varieties, applied ca. 40 kg N ha™!
and relied on hand-weeding, not herbicides, for weed control (Chapter 4; Moya
et al., 2015 Launio et al., 2008). Rice yields of ca. 2t ha! were common up to
the mid-1970s (Chapter 4), yield levels comparable to the ones observed nowadays
for cereals in Southern Ethiopia (Chapter 6; Getnet et al., [2016). As time passed,
farmers were able to access credit and to replace labour by capital (Takahashi and
Otsuka, [2009). These might have facilitated the adoption of improved varieties and
of labour-saving technologies (Moya et al., 2015} [Launio et al., [2008}; |Pandey and
Velasco, 2002)) which, together with investments in irrigation, contributed to increase
rice yields from the 1970s onwards (Estudillo and Otsukal,2006). A similar, but more
dramatic, transformation occurred in the Netherlands where labour has been gradu-
ally replaced by capital to a point in which the level of debt and investment capacity
became a major determinant of farm performance (Zhengfei and Lansink} 2006). The
economic pressure associated with farming drove many non-profitable holdings out
of business and triggered a steady increase in farm size over the past decades (CBS,
2015).

Farms in the Netherlands used considerably more energy, and capital, than farms in
Central Luzon and Southern Ethiopia (Figure [8.3IC). This was captured by the area

"Labour used was expressed in labour-days (Id) per ha for farms in the Philippines (Chapter 4) and
in person-days per ha for farms in Ethiopia (Chapter 6). The two units are identical and express the total
number of days worked by family and hired labourers per ha on an 8 hour working day basis. The unit
hour per ha was used for farms in the Netherlands (Chapter 5) and this was converted to labour-days
per ha also assuming an 8 hour working day.
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cultivated per unit labour (in m? 1d"'), a proxy for the amount of energy used at
the expense of capital under the assumptions that 1) the same area of land can be
cultivated with less labour if more energy and labour-saving technologies are used
and 2) labour and energy can be mutually substituted [1979). Dutch arable

100 100 } = —
° o0 B)
80 80
E o
5 60 3 60 g
2 R |,
] ) oo
j=5 (=4 ocm ©
5 40 - S 40 o @"
= = L
2 “a ‘ A ™
Ca - Soge @
20 204 L]
LN L ]
e o
0 0 T T T T T T
0 20 40 60 80 100 120 140
100 - 100
0
80 80
[ [
B
5 60 2 60
2 A=
(5] 3]
a =
5 40 S 40
= Maize (ETH) =
& Wheat (ETH) £
el RiceW (PHL)
20 RiceD (PHL) 20
Barley (NLD)
Wheat (NLD)
0 T 0
3 5 9 10 20 40 60 80 100
In(Area per unit labour (m2/1d)) Hired labour (%)

Figure 8.3: Yield gap closure for cereals and farm resources: A) farm size, B) labour use
at farm level, C) area cultivated per labour-day at farm level and D) proportion of hired
labour at farm level. The inset in panel A) shows the Lorenz curve for the variable farm
size for the three case studies (y-axis = cumulative share of farm size; x-axis = cumulative
share of households). Data for Ethiopia and the Netherlands refer to the year 2012 and data
for the Philippines refer to years included in the Central Luzon Loop Survey after 2000.
Background data to this figure is provided in Chapter 3, Chapter 5 and Chapter 6. Each
observation corresponds to one individual farm in each of the three case studies. Country
codes: ETH = Ethiopia, PHL = Philippines, NLD = Netherlands.
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farms cultivated up to 2100 m? 1d"! while that value was about 10 times lower for
farms in the tropics. Historical data for Central Luzon showed sharp increases in
land productivity during the 1970s followed by sharp increases in labour productivity
from the late 1980s onwards (Chapter 4). The latter was associated with an increase
of the area cultivated per unit labour from ca. 160 m? Id"! in the late 1980s up to
ca. 225 m? 1d"! in 2012 during the dry season, as a result of the adoption of direct-
seeding and small machinery. The increase in the wet season was not as sharp because
transplanting remained the preferred crop establishment method during this season.

It is not unlikely that a greater use of external energy may favour yield gap closure in
farmers’ fields as this is associated with capital intensive technologies (e.g. combine
harvester). The rationale behind this is that capital-intensive technologies require
long-term strategic investments and force farmers to maximise the returns to that
technology as it can only be used for specific purposes. This is very different from
a situation where farmers strive to maximise returns to labour, which encompasses
both on- and/or off-farm employment, and have limited access to e.g. information
and/or markets. In these cases, ad-hoc investments, which are often not ’locked in’,
may be more suitable to meet household needs and preferences in the short term and
to match farmers’ perspectives and aspirations in the long-term (Dorward, 2009).

The argument above may explain why the yield gap is greater in Southern Ethiopia,
and to a less extent in Central Luzon (where rice farming is one within many house-
hold activities), than in the Netherlands. However, it cannot explain why yield gaps
are smaller in Central Luzon than in Southern Ethiopia. The difference in yield gap
closure between these two regions may be attributed to a ’comparative advantage’ of
farming in Central Luzon compared to Southern Ethiopia due to three main reasons:

1. Rice farming in Central Luzon is mostly irrigated while cereal farming in
Southern Ethiopia is rainfed;

2. Farms in Central Luzon have had better access to e.g. innovation, input mar-
kets and infrastructure than farms in Southern Ethiopia, where timely fertiliser
availability is still problematic, and;

3. Farms in Central Luzon are less diverse (mostly dominated by rice and one
additional maize or vegetable crop) than farms in Southern Ethiopia.

The last point deserved some recent attention in relation to the stagnation and decline
of farm power in sub-Saharan Africa (Baudron et al.,|2015). As an example, Chapter
6 showed temporal overlap in labour peaks during the growing season for small grains

239



Chapter 8

and pulses in Asella, but not in Hawassa where capital constraints and small farm
sizes are widespread. Labour constraints to farm performance occur in other farming
systems across sub-Saharan Africa as well (Ollenburger et al., 2016; Leonardo et al.,
2015; Baudron, 2011} Stone et al., [1990). These are unlikely to have posed serious
limitations to intensification of rice farm(ing) systems in the irrigated lowland plains
of Southeast Asia, which may further explain the success of the Green Revolution in
this region.

The proportion of hired labour used for farming was much greater in Central Luzon
than in Southern Ethiopia or in the Netherlands (Figure[8.3D). Indeed, the contribu-
tion of family labour to rice farming in Central Luzon has gradually declined over the
past half-century as a result of adoption of labour-saving technologies and increas-
ing importance of hired labour (Chapters 4 and 7). This happened despite the high
labour wages in Central Luzon relative to other rice bowls of Southeast Asia (Moya
et al., 2004). Economic development in Central Luzon allowed family members to
engage in multiple off-farm activities (Takahashi and Otsukal,[2009; |[Estudillo and Ot-
suka, |1999) and to hire landless peasants and/or permanent agricultural labourers to
perform farm work (Otsuka, [2000; [Kerkvliet, |1990), even if at relatively high labour
wages and under peculiar contractual arrangements (Moya et al., [2004)). This con-
trasts with the situation in Southern Ethiopia, where hiring labour is less common
possibly due to a lack of capital to hire external workers, and in the Netherlands,
where labour wages are much higher and most farm work is mechanised.

8.3.2 Intensification and sustainability

More transparency and better analysis of trade-offs between the ’intensification’ and
’sustainability’ aspects of agriculture is required in the sustainable intensification de-
bate (Struik et al.l 2014). The level of intensification in each case study (as mea-
sured by yield gap closure) was compared to sustainability indicators capturing socio-
economic (gross margin and labour productivity) and environmental performance (N
use efficiency). These indicators are far from extensive (e.g. [Smith et al., 2017)
but provide some interesting first insights. Other biophysical indicators which could
be considered to improve the current trade-off analysis include water use efficiency
(Grassini et al.,|2011b)), energy use efficiency (Quilty et al.l 2014} Meul et al., [2007),
nutrient balances (Cobo et al., 2010; |Ponsioen et al., [2006) or greenhouse gas emis-
sions (An et al., 2015} |Grassini and Cassman, 2012)).
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There were sharp differences in revenues and cost. at farm level across case stud-
ies (Figure ). Farms in Southern Ethiopia obtained at most 1500 € ha™! and had
production costs lower than 300 € ha!. The average value was much lower, ca. 800
and 100 € ha! for gross returns and production costs, respectively. Gross returns
derived from rice farming in Central Luzon were not much different from the ones
observed in Southern Ethiopia (mean and maximum of ca. 900 and 2000 € ha'l).
However, production costs were considerably higher (average and a maximum of ca.
650 and 1250 € ha™!) with labour costs accounting for more than 50% of the total
production costs (Moya et al., 2015}, 2004). For Dutch arable farms, gross returns per
ha were way above the maximum of 2000 € ha™! observed in Central Luzon and the
same is true regarding production costs. In all farming systems, some farms had gross
returns nearly double the production costs incurred while some other farms incurred
greater production costs than the gross returns obtained. This was true for many rice
farms in the Philippines, particularly in the wet season, and for some arable farms in
the Netherlands and shows that farming is not always a profitable economic activity.

Gross margin per ha at crop level was greater for wheat and barley in the Netherlands
and for wheat in Asella on the one hand than for maize in Hawassa and rice in Central
Luzon on the other hand (Figure [8.4B). This indicator was estimated for each crop
(wet and dry season rice were treated separately) as the difference between revenues
per ha (crop yield x price) and input costs per ha (materials and hired labour in
Southern Ethiopia and Central Luzon and only materials in the Netherlands). The
maximum gross margin per ha in Asella and in the Netherlands was close to 0.33
€ kg'! grain and differences between these systems were largely attributed to lower
cereal yields in Asella than in Netherlands. Conversely, gross margin per ha lower
than 500 € ha'! (and even negative) were ob