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Abstract

Catastrophic risks can cause severe cash flow problems for farmers or even result into their
bankruptcy. To cope with catastrophic risks farmers need to apply risk management strate-
gies. Insurance is a frequently used instrument to cover catastrophic risks. The main goal of
the research is to analyse the actual farmer’s behaviour (descriptive approach) and to model
the impact of catastrophe insurance purchase (prescriptive approach). Concerning insurance
decisions to cope with catastrophic risks, the impact of farmer personal and farmer charac-
teristics is important to consider. In this research, the impact of farmer’s personal risk char-
acteristics on catastrophe insurance purchase was mainly addressed. These characteristics
are the farmer’s personal risk perception and his risk attitude.

The descriptive approach evaluated the impact of farm and farmer personal charac-
teristics on actual insurance purchase in arable farming as well as in dairy farming. The first
part of the descriptive analysis focused on the purchase of several general types of insur-
ance (i.e., damage, disability, health and liability insurance and a combination of previous
insurance covers). In the second part, more specific insurance covers were analysed (hail,
storm, brown rot, hail-fire-storm insurance for buildings, disability insurance, and insurance
against epidemic animal disease outbreaks). The results showed that farm and farmer’s
personal characteristics (including risk perception and risk attitude) had a significant impact
on actual (catastrophe) insurance purchase.

In the prescriptive analysis, the decision making problem describing how arable
farmers can cope with catastrophic yield risks was modelled. The analysis focused in more
detail on risk perception and risk attitude. For this purpose the results obtained from single-
crop two-state risk models were compared with the results obtained from multi-crop multi-
state models (utility-efficient portfolio approach). The preferred options whether the deci-
sions to insure and not to insure in terms of utility accounted either for farm income or
terminal wealth. The analysis showed that if a farmer makes decisions only in terms of an
income-based utility function he is more prone to purchase catastrophe insurance. Those
decision-makers who perceived that a risk would relatively seldom occur were less inclined
to insure and self-insurance would be preferable. However, if insurance decisions are made
only on the basis of the single-crop two-state approach, they may differ from portfolio
results because of alternative risk reducing options such as a diversification are not taken
into account.

Keywords: risk perception, risk attitude, catastrophic risk, insurance, farm characteristics,

farmer personal characteristics, utility-efficient programming, arable farming, dairy farming






Preface

Many people have contributed to make this thesis come true. First, I would like to thank Dr.
Valery M. Koshelev who was coordinating the Tempus project at Moscow Timiryazev
Agricultural Academy and gave me an opportunity to follow MSc program in Agricultural
Economics and Management at Wageningen University. A special gratitude goes to my
MSc supervisor Dr. ir. Emiel Wubben who treated me to conform to a PhD level.

I want to express my gratitude to my promotor Prof. Dr. ir. Ruud Huirne and co-
promotor Dr. ir. Marcel van Asseldonk. Ruud, I appreciate a lot that you gave me an oppor-
tunity to conduct this PhD project at IRMA and Business Economics. Thank you for your
kind hospitality, enormous enthusiasm and energy, for being very sincere, and, of course,
for an excellent guidance during these years. Marcel, I have gained from you a wide risk
management and insurance experience that will certainly help me in my career. Your door
was always open for all questions I faced with during these years. Thank you for being
open, creative, flexible and always ready to give a good advice and find an appropriate
solution.

Special thanks go to LEI colleagues who were involved into conducting a question-
naire survey and provision of FADN data — Krijn Poppe, Hennie van der Veen, Koen
Boene and Hans Vrolijk.

I am very grateful to Brian Hardaker for his amazingly insightful comments in re-
viewing the articles. The contribution of Gudbrand Lien is highly appreciated for providing
a nice feedback on multivariate kernel procedure.

I would like to thank all colleagues within Business Economics for a nice and pro-
ductive environment. Oxana, Tanya, Rafat, thank you for being nice, interesting and re-
sponsive roommates. Lusine, Irina, Miranda, Lan, Natasha, Bouda, Argyris, Tassos and all
other colleagues, I had a great time with you at the BEC department. I also want to thank
you for participating in many informal events and productive discussions during PhD meet-
ings. Marian, Anne, Karin, thank you for helping me with a lot of organisational issues.
Martin, thank you for providing a quick and extensive support on software and hardware

matters.

I would like to express my gratitude to all my friends whom I met in Wageningen
during these years and to all friends in Russia for their support. A lot of thanks go to my
paranymphs Ilya and Rafat who helped me a lot during my PhD (and not only!).



Finally, I would like to express my gratitude to my family, especially to my father
Andrey Nikolaevich, my aunt Natasha and my grandmother Zinaida Alexeevna for warm
feelings, wise advices and inspiring me.

But most of all, I would like to thank my wife Alexandra. Darling, without you, your
love, understanding, and patience it was impossible to write this thesis. I am very happy
that I met you!

THANK YOU ALL!

Victor Ogurtsov Almere 2008, January






CONTENTS

CHAPTER 1 GENERAL INTRODUCTION

1.1 GENERAL INTRODUCTION OF THE PROBLEM
1.2 OBJECTIVES OF THE RESEARCH

1.3 OVERVIEW OF THE RESEARCH

CHAPTER 2 ASSESSMENT AND MODELLING OF CATASTROPHIC RISK

PERCEPTIONS AND ATTITUDES IN DUTCH FARMING: A REVIEW
2.1 INTRODUCTION

2.2 RISK PERCEPTION METHODS

2.3 SUBJECTIVE EXPECTED UTILITY THEORY

2.4 STOCHASTIC DOMINANCE

2.5 RISK MODELLING

2.6 CONCLUSIONS AND DISCUSSION

CHAPTER 3 INSURANCE DECISIONS BY DUTCH ARABLE AND DAIRY
FARMERS

3.1 INTRODUCTION

3.2 CONCEPTUAL MODEL, DATA AND ESTIMATION
2.2 DATA

2.3 DESCRIPTIVE STATISTICS

2.4 DATA ESTIMATION

3.3 RESULTS AND DISCUSSION

3.5 CONCLUSIONS

CHAPTER 4 PURCHASE OF CATASTROPHE INSURANCE BY DUTCH
ARABLE AND DAIRY FARMERS

4.1 INTRODUCTION

4.2 LITERATURE REVIEW

4.3 MATERIALS AND METHODS

4.4 RESULTS

4.5 DISCUSSION

4.6 CONCLUSIONS AND IMPLICATIONS

N S R N

9
11
14
18
24
24
30

37
39
40
42
44
44
45
49

53
55
57
59
67
75
77



CHAPTER 5 MODELLING OF CATASTROPHIC FARM RISKS USING SPARSE

DATA 81
5.1 INTRODUCTION 83
5.2 METHODS TO CHARACTERISE CATASTROPHE EVENTS IN FARM

PLANNING MODELS 85
5.3 RESULTS 91
5.4 CONCLUSIONS AND DISCUSSION 100

CHAPTER 6 MODELLING OF CATASTROPHE INSURANCE DECISIONS IN

ARABLE FARMING 105
6.1 INTRODUCTION 107
6.2 METHODS 109
6.3 DATA AND ASSUMPTIONS 112
6.4 RESULTS 118
6.5 CONCLUSIONS AND DISCUSSION 129
CHAPTER 7 GENERAL DISCUSSION AND CONCLUSIONS 133
7.1 INTRODUCTION 134
7.2 AVAILABLE DATA 135
7.3 SEVERITY OF CATASTROPHIC RISKS 137
7.4 CAPTURING THE POTENTIAL TAILS OF THE DISTRIBUTION 138
7.5 ALTERNATIVE INSURANCE SCHEMES 139
7.6 MAIN CONCLUSIONS 142
SUMMARY 145
SAMENVATTING 149
KPATKHA ABTOPE®EPAT 153
PUBLICATIONS 159
CURRICULUM VITAE 161

ABTOBHUOTI'PA®UA 162






Chapter 1 General Introduction

V.A. Ogurtsov

Institute for Risk Management in Agriculture (IRMA)

Business Economics, Wageningen University



Chapter 1

1.1 General introduction of the problem

Farming is a risky business. For example, arable farmers are exposed to meteorological
events, such as hail, storm, drought, frost, heavy precipitation, excessive heat, and crop
diseases such as brown rot, which may result in potential damage to crops (Langeveld et al.,
2003). In dairy farming, epidemic diseases, such as FMD (foot-and-mouth disease) and
BSE (bovine spongiform encephalopathy), cause severe economic losses (Huirne et al.,
2003).

The examples presented above can be regarded as catastrophic risks. Catastrophic
risks are the events with low probability of occurrence (rare events) leading to major and
typically irreversible losses with potentially adverse impact on business results (Chichil-
nisky, 2000; Vose, 2001). Rarity and severity are typically associated with catastrophic
risks: the more severe a risk, the rarer it usually will tend to be, and vice versa (Frohwein et
al., 1999).

To cope with catastrophic risks farmers need to apply risk management strategies.
Insurance is a frequently used instrument to cover catastrophic risks (Pritchet et al., 1996).
Concerning insurance decisions to cope with catastrophic risks, the impact of farmer per-
sonal and farm characteristics is important (Mishra and Goodwin, 2003; Sherrick et al.,
2004). Farm characteristics refer to the general conditions a farm operates such a size, input
use, operational results and financial structure. The main farmer personal characteristics
affecting catastrophe insurance decisions that need to be evaluated are the farmer’s risk

perception and his risk attitude.

Risk perception is a subjective statement of risk by decision-makers, it is more like
the mental interpretation of a risk, decomposed as the chance of a loss occurring and the
magnitude of the loss (Hardaker et al, 2004; Smidts, 1990). Likewise risk perception, risk
attitude plays an important role in understanding the decision-maker’s behaviour. Risk
attitude deals with the decision-maker’s interpretation of the risk and how much (s)he dis-
likes the outcomes resulting from the risk (Pennings et al., 2002). According to Dillon and
Hardaker (1993), risk attitude is defined as the extent to which a decision-maker seeks to
avoid risk or is willing to face risk. As most farmers are commonly assumed to be risk-
averse (Hardaker et al., 2004). A farmer who is risk-averse is willing to give up some ex-
pected return to reduce a risk.

The impact of both farm and farmer personal (including risk perception and risk atti-

tude) characteristics on catastrophe insurance purchase can be analysed by either descrip-

tive or prescriptive approach. Descriptive analysis refers to how farmers actually make
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insurance decisions. In this approach, the impact of farm and farmer personal characteris-
tics can be analysed by econometric models on basis of actual insurance purchase deci-

sions.

Alternatively, prescriptive analysis indicates how catastrophe insurance decisions
should be made according to a set of well-known criteria. The merit of insuring catastrophic
agricultural risks cannot be assessed without considering stochastic dependency between
farming activities (Hardaker et al., 2004). For this purpose the catastrophe insurance deci-
sions need ideally to be taken in a prescriptive whole-farm portfolio context. Within this
framework both expectations and preferences of the farmer need to be considered but are
difficult to ascertain.

1.2 Objectives of the research

The impact of farm and farmer personal characteristics affecting catastrophe insurance
purchase is the central issue in this research. The main goal of the research is to analyse the
actual farmer’s behaviour concerning catastrophes (descriptive analysis) and to model the
impact of catastrophe insurance purchase (prescriptive analysis). The research objectives

are the following:

e To describe the methods that analyse risk perception and risk attitude to model de-
cisions to cope with catastrophes (Chapter 2);

e To analyse actual purchase of all-risk insurance and specific types of insurance
(Chapter 3);

e To analyse the relationship between purchase of catastrophe insurance and risk
perception and risk attitude (Chapter 4);

e To model the economic impact of catastrophes (Chapter 5);

e To model the purchases of catastrophe insurance in a partial and whole-farm con-
text (Chapter 6).

The research is mainly focused on arable farming with some comparative examples
in dairy farming. More details on research objectives are provided in the following section.
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1.3 Overview of the research

In Figure 1 a schematic overview of the thesis is presented. There are three main input modules:
1) literature, 2) data set of the Farm Accountancy Data Network (FADN) and 3) a questionnaire.
The empirical analysis part is presented in the second column and comprises regression models
of actual insurance purchase. Subsequently two types of normative approaches are applied:
utility-efficient programming (UEP) and two-state risk modelling (see third column). The last
column represents the main results in line with chapter-structure of the thesis. The connection
between the modules is indicated with three different links, i.e. 1) literature, 2) empirical data

and results, and 3) results of normative modelling.
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In order to study the main goal of the research, it is important to define which meth-
ods of risk perception, risk attitude and modelling are applicable to support the farmer’s
goal. A literature overview elaborating on specific methods dealing with risk perception,

risk attitude and risk modelling, is presented in Chapter 2.

Chapter 3 provides a broader perspective of characteristics that influence actual pur-
chase of insurance. The analysis is focused on the several general types of insurance such
as damage, disability, health and liability insurance. An aggregate coverage (so-called
whole-farm insurance) is analysed as well. To estimate the impact that diversification has
on insurance purchase, two farming systems are analysed. Hereto the decisions made by
arable farmers, having usually diversified set of activities, are compared to the decisions
made by dairy farmers which business is usually highly specialised. The analysis is re-
stricted mostly to the farm characteristics.

Based on the findings from the previous chapter, Chapter 4 analyses actual purchase
of specific catastrophe insurance types by arable farmers in comparison to the actual catas-
trophe insurance decisions made by dairy farmers. Beside farm characteristics, the analysis
estimates the impact of farmer specific characteristics, including risk perception and risk
attitude, on the purchase of catastrophe insurance.

Chapter 5 evaluates different approaches accounting for the stochastic dependency
between different crops to incorporate catastrophes on the basis of sparse data. The risk
analysis compares the approaches of multivariate normal distribution (MVN) and multi-
variate kernel density estimation procedure (MVKDE) applying the joint distributions of
crop yields and prices. For this purpose, on the basis of statistical tests, the simulated data is
tested on the appropriateness to represent the available sparse data. The applicability of
different distribution assumptions is estimated in the whole-farm portfolio optimisation
approach.

Chapter 6 estimates the impact of catastrophe insurance purchase in the domains of
annual income and final wealth. The analysis compares the applicability of simplistic risk
models accounting for two states of nature and portfolio optimisation models. In the two-
state risk models, the decision to purchase catastrophe insurance is evaluated in the context
of two states of nature - no catastrophe and presence of a catastrophe. For this purpose the
elicited catastrophic risk perceptions are used in the model. Alternatively, the performance
of catastrophic risk insurance is estimated in whole-farm portfolio context incorporating the
abundance of states of nature (generated by joint distributions of crop yields and prices)

updated with elicited risk perceptions.
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Chapter 2

Abstract

Catastrophic risks result in high losses in agriculture. To cope with those losses farmers
need to apply risk management strategies to balance their profits and risks. Therefore risk
assessment and risk modelling is important to support farm-level decision making. This
paper 1) reviews the techniques to elicit risk perception and risk attitude, and 2) describes
how the simultaneous impact of risk perception and risk-attitude could be accounted for in
risk programming models. Although inherent to catastrophic risks, objective data are sparse
and eliciting subjective data are likely to be flawed; the review showed that the negative
impact resulting from catastrophes cannot be ignored without compromising the optimal

decision.

Keywords: catastrophe, risk perception, risk attitude, risk modelling, farmer
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Assessment and Modelling of Catastrophic Risk Perceptions and Attitudes: a Review

2.1 Introduction

Farming is typically a risky business (Hardaker et al., 2004). Facing a risk implies a possi-
bility of losing property or income (Pritchet et al., 1996). Farm risks can be of financial and
business nature. Financial risk refers to the method of financing. Business risk of a farmer
is related to production, personal, price and institutional risk (Hardaker et al., 2004). Par-
ticularly severe business and financial risks or their combinations can constitute a catastro-

phic risk at farm level.

Generally defined, a catastrophic risk is a low-probability (rare) event leading to ma-
jor and typically irreversible losses with adverse impact on business results (Chichilnisky,
2000; Vose, 2001). Catastrophic risks in agriculture can cause severe cash flow problems or
even result in bankruptcy. For example, livestock farmers can be exposed to epidemic dis-
eases such as FMD (foot-and-mouth disease), BSE (bovine spongiform encephalopathy)
and CSF (classical swine fever), or be injured and not able to continue farming (Hartman et
al., 2004; Huirne et al., 2003). In arable farming, the potential crop damage of crop produc-
tion can be caused by extreme meteorological events such as hail, precipitation, drought,
storm and frost (Langeveld et al., 2003).

Farmers need to manage catastrophic risks somehow. This can be done by applying
risk management strategies, such as insurance, diversification, self-insurance, forward con-
tracting. In decision analysis, the models should take the farmer’s perception of specific

risk and risk attitude into account.

Many researchers modelling risk prefer to deal with objective probabilities and im-
pact (i.e. Bouma et al., 2005; Ermoliev et al., 2000a, b; Johnson-Payton et al., 1999; Mel-
nik-Melnikov and Dekhtyaruk, 2000; Pradlwarter and Schueller, 1999). Contrary to this,
risk perception, is a subjective statement of risk by decision makers, their degree of believe.
Risk perception is more like the mental interpretation of risk, decomposed as the chance to
be exposed to the content and the magnitude of the risk (Hardaker et al., 2004; Pennings,
2002; Senkondo, 2000; Smidts, 1990).

Like risk perception, risk attitude plays an important role in understanding the deci-
sion maker’s behaviour. Risk attitude is a personal characteristic and deals with the deci-
sion-maker’s interpretation of the risk and how much (s)he dislikes the outcomes resulting
from the risk (Pennings, 2002). According to Dillon and Hardaker (1993), risk attitude is
the extent to which a decision maker seeks to avoid risk (i.e. risk aversion) or prefers to
face risk (i.e. risk preference). According to reasonable asset integration assumptions, a

11
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farmer would view losses or gains from specific risks as being equivalent to changes in
wealth (Hardaker et al., 2004). Therefore, although risk attitude is not affected by specific

catastrophic risk, it does affect the decisions to cope with catastrophes.
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Chapter 2

Many risk modelling studies are devoted only to either objective or subjective (i.e.
risk perception) probabilities, while the impact of risk attitude is usually omitted from the
context (i.e. Cummins and Mahul, 2003; Bouma et al., 2005; Ermoliev et al., 2000a,b;
Johnson-Payton et al., 1999; Kunreuther et al., 2001; Melnik-Melnikov and Dekhtyaruk,
2000; Pradlwarter and Schueller, 1999). Examples of studies combining risk perception and
risk attitude simultaneously include Pennings (1998), Senkondo (2000) and Smidts (1990).
Quantitative modelling studies focusing specifically on agricultural catastrophic risks that
combine risk perception and risk attitude are, however, hardly available at all as best we
can determine.

Concerning catastrophic risks, there are some challenging problems with respect to
the data. Data on catastrophes are inevitably skewed (non-symmetric), and major problems
are inherent in proper estimation of low probabilities in the downside tail (i.e., Ganderton et
al., 2000; Hardaker et al, 2004; Kunreuther et al., 2001). Therefore, the properties of tail
estimation need to be explicitly accounted for.

This paper reviews the methods of risk perception and risk attitude elicitation, and
methods of risk modelling combining risk perception and risk attitude towards the agricul-
tural decisions to cope with catastrophic risks in one framework. The central question is to

what extent standard methods are appropriate to accommodate catastrophic risks.

The paper is structured as follows. First the standard methods of risk perception and
specific issues on catastrophic risks are reviewed. In the next section, the subjective ex-
pected utility theory with its limitations and risk attitude elicitation techniques are dis-
cussed. Then the methods of combining risk perception and risk attitude for catastrophic
risk modelling are described. Hail, which is a typical catastrophic risk for a farmer, is used
as an example. The paper finishes with the main findings with respect to modelling of
catastrophic risks.

2.2 Risk perception methods

In this section the standard direct method, strength of conviction method and specific issues
on elicitation of catastrophic risk perceptions are reviewed. Their main advantages and
disadvantages are presented in Table 1 and for each method the implication for the hail
example is addressed.

Hail is a typical catastrophic risk on an arable farm, since it occurs very irregularly

in time and space and can have a serious adverse impact on the farm business as a result of
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damage of several crops. In general, crop damage can be categorised into 1) destruction of
the entire or part of the crop, resulting in yield losses depending on the percentage of crops
destroyed; 2) mechanical damage to the plants, such as defoliation, breakage or bruising of
the stems and 3) reduced quality of the product resulting in a downgrading and therefore
lower prices (Van Asseldonk et al., 2002). Concerning hail, the insurance strategy is very
commonly adopted in Dutch agriculture. Dutch insurers have defined spatially separated
hail-risk prone locations for outdoor crops, in which premiums for coastal regions are lower
than those for interior regions. A maximal discount of 65% of the base premium rate can be
obtained at coastal regions versus no discount at highly prone locations (Van Asseldonk et
al., 2002). The average annual hail insurance premiums for a main crop such as wheat con-
stitute 0.625% of the insured sum, for sugar beet - 1.75%, potatoes for industry and con-
sumption - 0.75%, and rye - 0.65% (Anonymous, 1999).

Occurrence of hail has a low probability, but a high negative impact. That can be
seen in the annual levels of loss ratio (total indemnities paid plus administration costs di-
vided by total premiums collected) of insurance companies. If a loss ratio is 100%, there is
an offsetting Euro of premiums collected for every Euro of indemnities. A loss ratio lower
than 100% indicates high profits for the insurer, whereas a loss ratio higher than 100%
implies that the indemnities paid are higher than the premiums collected. On average, in the
Netherlands the loss ratio of hail insurance for arable farming, horticulture and bulb-
growing is around 50-100%, while in adverse years with catastrophes it can be much higher
than 100%.

2.2.1 Standard methods of risk perception measurement

In the direct method, risk perception can be measured by conducting a questionnaire with
straight questions about risk perception. Many studies were conducted with this method to
measure risk perceptions (i.e. Pennings, 1998; Senkondo, 2000; Smidts, 1990; Van Assel-
donk et al., 2002). Such a questionnaire can include socio-economic and psychological
statements, perhaps helping to explain risk perception of farmers. In the example of hail,
farmers can place their subjective expected probability of hail occurrence on a 7-point
Likert scale. In a similar way, questions can be asked about the magnitude of a loss after
hail occurs. The direct measurement procedure does not define a subjective absolute prob-
ability distribution; rather it estimates probability and outcomes in relative terms (Smidts,
1990). Nevertheless, this method is of use, if scores from the Likert scales are able to be

combined with known probabilities.
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The strength of conviction method involves elicitation of several points of the sub-
jective cumulative distribution function. The probability distribution function is then fitted
to these points. Thereafter main parameters (mean, median, standard deviation and skew-
ness) can be derived from the distribution. The method is called indirect, because the meas-
ures of central tendency and variation are indirectly derived from the probability distribu-
tion function (Smidts, 1990). Examples of studies conducting the strength of conviction
method include Pennings (1998), Senkondo (1990) and Smidts (1990). For the hail exam-
ple, the strength of conviction method can be applied by eliciting several points of the sub-
jective cumulative distribution function. However, with only several points, the probability
in the tail of the distribution may be inadequately estimated. If probability of hail is very
low, it is hard to estimate the downside tail of the distribution, because people have prob-
lems in interpreting low probabilities (Kunreuther, 2002; Kunreuther et al., 2001). The
knowledge of farmers about subjective probability and impact is usually bounded. Farmers
may overestimate the quality of data on risk and their ability to perceive risk and mistake
their real exposure of risk. Hence, the evaluation of catastrophic risk perception from prob-
ability distribution by standard strength of conviction method to elicit probabilities may not
be appropriate (Desvousges et al., 1998; Hagihara, 2002).

2.2.2 Specific issues on elicitation of catastrophic risk perception

Difficulties in risk perception elicitation frequently occur in catastrophe situations since
there is often a lack of data (Ekenberg et al., 2001). When a decision-maker moves from
events with considerable historical and scientific data to those where there is greater uncer-
tainty and ambiguity, there is a much greater degree of discomfort in assessing risk percep-
tion (Kunreuther, 2002). But if the number of data increases, subjective probability changes
and degree of conviction concerning the subjective probability likely increases and the
value of subjective probability may closely coincide with the objective probability deter-
mined by experts. Hence, if the degree of conviction of the subjective probability is not
very high, the subjective probability and the choice based on it may change because of the
additional data (Hagihara, 2002). Kunreuther et al. (2001) and Weinstein et al. (1996) con-
ducted studies where they could handle different psychological biases concerning the elici-

tation of risk perception of catastrophic risks, which are explained below.
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Psychological biases affecting risk perceptions of catastrophic risks

Risk perceptions can be over- or underestimated due to judgmental biases such as availabil-

ity heuristic, vividness, denial and evaluability.

The availability heuristic is the most relevant one for dealing with catastrophe
events. Decision-makers estimate the likelihood of an event by the ease with which they
can imagine or recall past instances of the event. In case where the information on an event
is conspicuous, many people will tend to overestimate the probability of the event occurring
(Kunreuther, 2002). For instance, the farmer’s subjective probability of hail occurring typi-

cally increases when this event recently took place.

A cousin of availability bias in decision making process is vividness. Vividness re-
fers to how concrete or imaginable the event is, although occasionally it can have other
meanings. Sometimes vividness refers how emotionally interesting or how exciting some-
thing is. Farmers are affected more strongly by vivid information than by pallid, abstract, or
statistical information. In this respect vividness can increase the perceived probability of a
catastrophe event (Plous, 1993). The power of vivid information is widely appreciated by
persuaders. In agriculture it can be an insurance company convincing a farmer that a prob-
ability of hail at his farm is high, or that a nearby farmer has already bought a specific type

of catastrophe insurance or has already been exposed to a catastrophe event.

Farmers may also tend to deny extremely negative outcomes. In this respect farmers
will tend to overestimate (is more probable) positive events and underestimate (is less
probable) the negative ones (Plous, 1993). Therefore, hail as a negative example can be
underestimated. The notion of evaluability is also important for a decision making process
with respect to low probabilities. Most people feel that small numbers can easily be dis-

missed, large numbers get their attention (Kunreuther, 2002).

Expressions to improve risk perceptions of catastrophic risks

This section deals with ways how to elicit probabilities for catastrophic risks from farmers,
taking into account the psychological biases. For a decision-maker it is usually easier to
elicit risk perception for catastrophic risks if the likelihood is depicted in ratios to other
risks (e.g., the probability of hail is one half of a specific traffic accident probability). It is
more reasonable to present the probabilities in a time interval (i.e. for a farmer a probability
of hail once in 75 years is more readily imaginable than a probability of 0.013 per year).
Weinstein et al. (1996) found that reframing the probability of an event as the time interval
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during which a single event is expected can affect risk perceptions in comparison to fram-
ing one-year events. It is also evident that the absolute probability in this case seems to be

perceived as a very small number close to zero (Kunreuther, 2002).

Small probabilities will not be readily evaluable by farmers in the absence of context
information. Farmers need comparison scenarios that are located on a probability scale and
evoke their own feelings about risk. As farmers are provided with increasingly useful con-
text information, the probabilities become more and more evaluable, which results in well-
developed risk perceptions (Kunreuther et al., 2001). For easier understanding of a hail
probability, a farmer could be provided with additional context information that could in-
clude the recent history of hail with its consequences in different regions, probabilities of
related risks such as storm or heavy rain, the speed of wind, temperature, etc.

2.3 Subjective expected utility theory

In this section, the subjective expected utility (SEU) theory is presented, and the focus is on
its components such as the SEU model, estimation and elicitation of risk attitude coeffi-
cients, forms of utility functions and stochastic dominance. As in the previous section, the

hail risk of an arable farmer will be used as an example.

2.3.1 SEU model

The SEU hypothesis states that utility of a risky prospect is the decision-maker expected
utility for that prospect, meaning the weighted average of the utilities of outcomes (Har-
daker et al., 2004). When the probabilities of outcomes are discrete, the expected utility
model can be formulated in the following way (Smidts, 1990):

J
U4 )= pi(x;)-u(x;) 1
J=1

Where A;— is an alternative from a set of alternatives 4 = (4;; i =1,2, ..., I) ;
x;— is an outcome from a set of outcomes X = (x;;j =1,2, ..., J) ;

pi(x;) — is a probability from a set of probabilities P = (p;(x)); i =1,2, ..., [, j =1,2, ..., J) of

outcome x; with alternative 4;;

U(4,) — is expected utility of alternative 4;;
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u(x) — is utility of outcome x;

In case of continuous probabilities, the SEU model is formulated as follows:
U4 = fi(x) utx)ax @

Where f;(x) — is a probability distribution of outcomes x resulting from choosing of alterna-
tive A;;
u(x) — is utility function of outcomes x.

In the hail example, SEU should focus on the probability distribution of yields,
where the hail risk is incorporated in the tail of the probability distribution.

A decision-maker can be a risk-lover (i.e. risk preference), risk-averse or risk-
neutral. Risk attitude can be seen from the shape of the expected utility function. The utility
function is concave when a decision-maker is risk-averse, convex in case of risk preference
and linear when a decision-maker is risk-neutral. Most farmers are risk-averse as decision-
makers (Hardaker et al., 2004). As can be seen from the formulas (1) and (2), the SEU
model integrates risk perception and risk attitude.

2.3.2 Risk attitude coefficients

The degree of risk aversion is measured by the risk aversion coefficients. The following
standard risk attitude coefficients are used: coefficient of absolute risk aversion, coefficient
of relative risk aversion and coefficient of partial risk aversion (for details see Hardaker et
al., 2004). The most relevant is the Arrow-Pratt absolute risk aversion coefficient Ra that is
calculated as follows:

U w)

Ra=-——
v (w)

3)

Where U?(w) - is the second derivative of utility function of wealth;
U™ (w) - is the first derivative of utility function of wealth;
w —is a farmer’s wealth.

Note that in formula (3) the outcome argument x from formulas (1) and (2) is intro-
duced by argument w (wealth), however other outcome measures such as income can be
substituted for wealth here (Hardaker et al., 2004, p.100). The second risk aversion coeffi-
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cient that is often used in decision analysis is the relative risk aversion coefficient Rr. There

is a mathematical relationship between Ra and Rr:
Rr=Ra'w “4)

Anderson and Dillon (1992) developed a rough classification of decision makers on
the basis of Rr. According to this classification, for a risk-averse farmer the coefficient of
relative risk aversion varies from 0.5 to 4, typically about 1, with the following meanings:
0.5 — hardly risk-averse at all, 1.0 — somewhat risk-averse (normal), 2.0 — rather risk-averse,
3.0 — very risk-averse, 4.0 — almost paranoid about risk (Hardaker et al., 2004). In decision
analysis, Rr is usually taken as a basis to calculate Ra as in the formula (2). Ra and Rr are
usually used for the wealth measures' of utility function. Coefficient of partial risk aversion
assigned for the measures of gains or losses, or sometimes income, is rarely used in deci-

sion analysis.

2.3.3 Risk attitude estimation, elicitation and stochastic dominance

Risk attitude coefficients can be either elicited or estimated. The following alternatives are
described — the direct method, equally likely certainty equivalent (ELCE) method and
econometric models. The advantages and disadvantages of three methods are presented in
Table 1.

Direct method

Like risk perception, risk attitude can be elicited by a direct method, for example, by
straight questions in a questionnaire. The direct measurement procedure, however, does not
lead to the estimation of the risk attitude coefficients. Instead, the inferences about risk

attitude (aversion) can be derived.

A questionnaire can include socio-economic and psychological Likert statements,
characterising the farmers’ risk attitudes (i.e. Ganderton et al., 2000; Pennings, 1998;
Senkondo, 2000; Smidts, 1990; Van Asseldonk et al., 2002). In a simple way, risk attitude
can be asked as a linear variable measured on a 5-point or 7-point scale (i.e. Ganderton et
al., 2000). Some studies elicited ‘relative’ risk aversion of a farmer, where a farmer was

compared to the average farmers/persons in the group (i.e. Pennings, 1998; Van Asseldonk

" In case of failure of asset integration assumptions, these coefficients are calculated on the basis of income meas-
ure (for details see Hardaker et al. (2004)
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et al., 2002). A group of farmers was asked to state their degree of risk attitude. A ques-
tionnaire used several statements on a 5-point or 7-point scale characterising risk attitude of
a farmer compared to the average farmer in the sector. Then the average score per farmer
and per group were calculated. After comparing of individual and group average scores,

farmers were labelled ‘less-risk-averse’ or as ‘more-risk-averse’.

Estimation of risk attitude from observed economic behaviour by econo-
metric models

In the studies by Antle (1989), Bar-Shira et al. (1997), Gardebroek (2002) and Oude
Lansink (1999), risk attitude in a form of absolute, relative or partial risk aversion coeffi-
cient was estimated from observed economic behaviour based on the assumption that farm-
ers act more or less consistently with the SEU theory. The models are based on assumptions
about the nature of the production and decision environment, including the structure of

attitudes and perceptions about the associated uncertainty (risks).

Hardaker et al. (2004) showed two weaknesses of this approach. The first one is re-
lated to the strong assumption that the analyst and farmers share the same view of uncer-
tainty farmers can face. It particularly concerns the fact that the probabilities based on his-
torical series of observations of key uncertain phenomena are the same probabilities that
farmers use in decision making. The second one refers to specification errors that can be
represented by econometric models. The reality can be far more complex than the assump-
tions made, and therefore the effects of the specification errors will be rolled into the esti-

mates of risk aversion, making the reliability of results doubtful.

ELCE

ELCE method is widely used to elicit the utility function of von Neumann-Morgenstern.
The examples of the studies conducted include Pennings (1998), Senkondo (2000), Smidts
(1990) and Torkamani (2005).

Suppose, there is a risky prospect with discrete payoffs x;, x, ...x... X,.;, X, with cor-
responding probabilities p;, p; ...pp... Pn1, P summing to 1. In using the ELCE method, the
first step in dealing with preferences is to find a certainty equivalent (CE) for a hypothetical
50/50 lottery with the best outcome x, (having utility of 1) and worst possible outcome x;
(with utility of 0) of the decision problem as the two risky consequences. CE is the maxi-

mum sure payment the farmer would be willing to accept (pay) rather than face the risk

21



Chapter 2

(Hardaker et al., 2004); this value x,, is higher than x; and lower than x,. Then the expected
utility for the CE of x,, is calculated.

The next step is to find the CE with its corresponding expected utility for other
points between x; and x,. Suppose, then we calculate CE for the points between x; and x,,.
After the CE between the points x; and x,, is found, then the expected utility of this outcome
is calculated as a weighted average of utilities for x; (that is 0) and x,, (that is known after
the first step) and their probabilities of 50%. In a same way, the CEs and expected utilities
can be calculated for other points. This process of establishing of utility points is continued
until sufficient number of CEs is elicited to plot the utility function. The details on ELCE
method can be found at Anderson et al. (1977) and Hardaker et al. (2004). The advantage of
ELCE is that it is based on the ethically neutral probabilities of 0.5 (Hardaker et al., 2004;
Smidts, 1990). People find 50:50 risky prospects much easier to conceptualise than pros-
pects with other probability ratios (Hardaker et al., 2004).

In a way presented above, several attempts have been made to elicit utility functions
to put SEU hypothesis to work in the analysis of risky alternatives in agriculture. The re-
sults were, however, often unconvincing (Anderson and Hardaker, 2002; Hardaker et al.,
2004; King and Robison, 1984; Smidts, 1990).

One disadvantage of the expected utility approach is its complexity. The elicitation
of CEs and subjective probability distributions is judged as fairly difficult and quite time-
consuming, requiring an active role of an interviewer. However, taking into account the
limitations, the results found may be even more surprising and unconvincing (Hardaker et.
al, 2004; Smidts, 1990). There is evidence that the functions obtained are vulnerable to
interviewer’s bias and to bias from the way the questions are framed to elicit CEs (Hardaker
et. al, 2004).

Concerning catastrophes, one problem arises in the estimation of the worst outcome
and the CE between the worst outcome and other points. The ease of method is 50/50
equally likely outcomes. However, for catastrophic risks having very low probabilities, it
would be more difficult to assign the states ‘there is’ and ‘there is no’ catastrophic hail risk
by 50/50 prospects. Morgenstern (1979), one of the founders of standard SEU theory, rec-
ognised the limited applicability of expected utility in elicitation of risk aversion coeffi-
cients, when probabilities were extremely low (Chichilnisky, 2000; Ekenberg et al., 2001;
Ganderton et al., 2000; Kruse and Thompson, 2003).
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Forms of utility functions

The utility functions, elicited in a way presented above, need to have a mathematical form
to derive risk aversion coefficients. However, there are some existing functional forms
based on the properties of risk aversion. The elicited utility function then can be tested
whether it fits the existing functional form.

The most commonly used functional forms are based on the constant absolute risk
aversion (CARA) and the constant relative risk aversion (CRRA) (Hardaker et al., 2004).
The extensively used in decision analysis is the negative exponential function on the basis
of CARA. CARA means that preferences among risky choices are unchanged if all out-
comes are multiplied by a positive constant absolute risk aversion coefficient. The exponen-

tial function takes the following form:
U = 1-exp(-Ra'w), Ra>0, w>0 5)

The exponential function has numerical problems for large values of wealth, which
is why this function is only applicable when the risky prospect is small compared to the
total farm’s wealth. In the case of catastrophic risks such as hail, when the risky prospect
may result in substantial changes in wealth, CRRA is more applicable. While Ra declines
as wealth increases (i.e. decreasing absolute risk aversion), it is less probable that Rr is
affected by changes in wealth. Logarithmic and power utility functions are based on CRRA
properties. The power function based on CRRA properties takes the following form:

U=|—L [ s (6)
(1-Rr)

In case when the relative risk aversion coefficient equals one, the power utility func-
tion is undefined, and therefore the logarithmic function can be used. It takes the following

form:
U = In(w), w>0 (7
The other commonly used functional forms are expo-power, polynomial-
exponential, quadratic and hyperbolic absolute risk aversion (HARA) utility functions

(Hardaker et al., 2004; Richardson, 2006). The described functional forms are widely used
in risk modelling that will be presented further.
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2.4 Stochastic dominance

The SEU theory, however, remains the appropriate theory for prescriptive assessment of
risky choices (Hardaker et al., 2004). To avoid the problems of SEU theory with respect to

risk attitude elicitation, methods of stochastic dominance have been developed.

First the concept of first-degree stochastic dominance (FSD) was presented by Hadar
and Russell (1969). According to FSD, it is possible to order alternatives for decision-
makers (preferring more wealth to less) with absolute risk aversion coefficient with respect
to wealth between the bounds minus and plus infinity (King and Robison, 1984).

Thereafter the concept of second-degree stochastic dominance (SSD) was introduced
by Hanock and Levy (1969). SSD assumes that the decision-makers are not risk preferring
(i.e. risk neutral and risk-averse), so that absolute risk aversion bounds were between zero
and plus infinity.

Stochastic dominance with respect to a function was introduced by Meyer (1977)
and allows for tighter restriction on risk aversion levels between lower and upper bounds.
Hardaker et al. (2004) applied stochastic efficiency with respect to a function (SERF), pro-
viding alternatives in terms of CEs as a measure of risk aversion over a definite range on
the basis of rough classification of relative risk aversion coefficients developed by Ander-
son and Dillon (1992) presented earlier. Several studies have been conducted by SERF
assuming this range of relative risk aversion coefficients (i.e. Acs, 2006; Kobzar, 2006;
Lien and Hardaker, 2001; Torkamani, 2005). The SERF is widely used in risk modelling
that will be shown in the following section.

2.5 Risk modelling

For applicability of catastrophic risk modelling, the methods of stochastic simulation and
farm risk programming are reviewed. For details concerning advantages and disadvantages
see Table 1. Again the example of hail risk is used for applicability in risk modelling.

2.5.1 Stochastic simulation

Stochastic simulation is often applied to generate a sample of outputs recognising risky
inputs (Richardson, 2006). Stochastic models are used to analyse ‘what-if” questions about

a real system. The method is sufficiently flexible to allow the incorporation of complex
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relationships between variables and hence to mimic aspects of complex real systems in
agriculture (Hardaker et al., 2004).

A large number of distributions can be used for simulation of inputs. For catastro-
phic risks such as hail, the distributions are not symmetric around the mean and skewed
(Kruse and Thompson, 2003). The examples of parametric distributions that deal with ca-
tastrophes are Poisson, gamma, exponential, negative binomial, Weibull and extreme value
distributions (Johnson-Payton et al., 1999; Vose, 2001). Alternatively, besides parametric
distributions, also non-parametric distributions can be accommodated for stochastic simula-
tion of catastrophes. One of them is the kernel density estimation (KDE) procedure, where
the estimates of the probability at a given point depend on a pre-selected probability density
that is specified by different kernel functions and subjective extreme points are added (for
details see Richardson, 2004; Richardson et al., 2006).

In complex systems with more than one activity, as in farming, the stochastic de-
pendency is always present. For example, crop yields tend to be positively correlated in that
a good year for one crop also often suits other crops, and vice versa. Similarly, prices for
several kinds of farm products tend to move together, depending on general economic con-
ditions (Hardaker et al., 2004). Ignoring stochastic dependency between risky prospects in
farm planning can be seriously misleading. In modelling of catastrophic risks, the standard
approach to accommodate stochastic dependency is the multivariate kernel density estima-
tion (MVKDE) procedure, which is based on historical correlations between yields and
prices (Richardson et al., 2006). A more sophisticated approach to account for stochastic
dependency is using copula (joint or multivariate distribution) functions. Compared to
MVKDE, which deals with historical correlation coefficients between variables, the corre-
lation in copulas is a fixed parameter and is specified by the choice of copula function (for
details see Venster and Carpenter, 2001). The approaches KDE and copulas have a limited
use, however, since they are hampered due to scarcity of data. The functions need more
data points for their justification on a statistical basis, but on the other hand, it is what the
decision maker or expert believes that really counts.

The procedure Monte Carlo Simulation (MCS) is widely used in stochastic simula-
tion studies for the generation of outputs given risky inputs (i.e. Ermoliev et al., 2000a, b;
Kobzar, 2006). The risky inputs are specified by a probability distribution function. Then in
a simulation (generation) of outcome values, a number of data points used from an input
probability distribution function needs to be specified. A number of data points specifying

an input distribution can also be called a number of iterations. Each iteration produces one
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possible outcome of a system, a so-called state of nature. During a simulation, MCS ran-

domly selects data points (values) from probability distributions.

MCS is also extensively used for the modelling of catastrophic risks (Ermoliev et al.,
2000a, b). However, the possible drawback of the MCS is that it samples a greater percent
of the random values from the area about the mean and there is a chance that it under sam-
ples the tails. When MCS is used it is recommended that a large number of iterations to be
used to minimise the effect of under sampling the tails of probability distributions. How-
ever, when there is a large tail of the distribution (highly skewed), even a very large number
of iterations may fail to produce sufficient values in the tail of the data to accurately repre-
sent the area of interest (Richardson, 2006; Vose, 2001).

As one of the ways to capture the downside tail of the distribution, the Latin Hyper-
cube simulation procedure can be applied. Latin Hypercube simulation is the late version of
MCS. This procedure significantly reduces a number of iterations compared to MCS. Latin
Hypercube segments the distribution into a number of intervals and makes sure that at least
one value is randomly selected from each interval. The number of intervals therefore equals
the number of iterations, and in this respect this simulation technique ensures that all areas
of the probability distribution are considered for simulation (Richardson, 2006). The exam-
ples of the simulation studies on the basis of Latin Hypercube sampling include Lien et al.
(2006) and Richardson et al. (2006).

2.5.2 SERF

In stochastic simulation models of catastrophic risks, risk perception and risk attitude can
be incorporated by SERF method introduced before. SERF has the advantage that it can
assume all types of utility function forms presented. As stated before, SERF is applicable
when risk attitude coefficients (preferences) are unknown so that a whole range of relative
risk aversion coefficients developed by Anderson and Dillon (1992) is used. Then for each
level of risk aversion the result in a form of CE is calculated. If a number of decisions is
limited, the discrete alternatives can be compared by CEs, so that a strategy with highest
CE over a range of risk aversion coefficients dominates other strategies. SERF can be ap-
plied for simple discrete examples, such as bearing hail risks by the farmers themselves or

transferring the risk by purchasing insurance with basic options instead.
However, in case of more complex decisions or when the decisions are not discrete

(such as allocation of several crops), stochastic model based on SERF have its limitations.

26



Assessment and Modelling of Catastrophic Risk Perceptions and Attitudes: a Review

SERF will be more appropriate for simple insurance decisions as presented before, but it
will not account for the fact that once the decision to insure is made, it will affect other
decisions such as a change in the production plan. Such complex decisions had better be
modelled by farm risk programming models, which use the same range of relative risk

aversion coefficients developed by Anderson and Dillon (1992).

2.5.3 Farm risk programming

Contrary to stochastic simulation models, risk programming methods are used to optimise
an objective function subject to a set of constraints at farm level. Usually a set of activities
is optimised to maximise/minimise the objective function. The outputs from stochastic
simulation models can be used in farm risk programming as inputs (i.e. yield or net farm
income per 1 of 500 possible states of nature with equal probability). Methods of risk pro-
gramming often applied to deal with risk perception (or probabilities and impact) and risk
attitude (a range of risk aversion coefficients by Anderson and Dillon (1992) are utility-
efficient programming (Hardaker et al., 2004), quadratic risk programming (Markowitz,
1952; Freund; 1956) and minimisation of total absolute deviation (Hazell, 1971). Suppose a
farmer has a hail risk and operates with three crops - wheat, potatoes and sugar beet, the

available land has to be optimally allocated among these crops.

Utility-efficient programming

Utility-efficient programming (UEP) has a goal function to maximise the expected utility of
a risky prospect. UEP operates with all functional forms presented above, and therefore can
handle changes in wealth by power utility function that is applicable to catastrophic risks.
UEP is highly applicable in risk programming and includes examples such as Acs (2006),
Flaten and Lien (2007), Kobzar (2006), Lien and Hardaker (2001) and Torkamani (2005).
UEP model is formulated in the following way (Hardaker et al., 2004):

maximise E/UJ=pU(z, R), R varied ®)
Subject to
Ax<=b 9)
Cx-1Iz = u(z,R) (10)

Where 4 — is a vector of technical-economical coefficients per each activity;
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x —1is a vector of activities, x>=0;

b —is a vector of available resources (constraints);

C — is a vector of state of nature matrix of activity incomes;
I — is an identity matrix;

z —is a vector of farm goal variables by state of nature;
E[UJ — is expected utility;

R —is a coefficient of absolute or relative risk aversion;

p — is a probability of each state of nature;

U(z,R) — is a vector of utilities of farm goal variable by state of nature with risk attitude
level R.

Concerning risk perceptions for UEP, they can be imposed by any type of parametric
and non-parametric distribution considered in a subsection of stochastic simulation. The
catastrophic risks can easily be accommodated by adding states of nature (for instance,
generated by simulation) with very low probabilities. In the example of arable farmers, the
stochastic dependency between yield and prices on the basis of MVKDE or copula function

can easily be incorporated in UEP.

Suppose the farm data are limited and contain only 10 years of observations without
catastrophe events. Considering parametric or non-parametric distribution assumptions with
imposed extremes (catastrophe events), the data can be extended to more observations.
Taking into account that hail can have a different impact, the generated states of nature
would contain different combinations of probability and impact of hail.

With a limited number of states of nature, without consideration of distribution as-
sumptions to simulate the data, the additional risk perceptions of extreme cases could also
be obtained from experts or elicited from farmers and then added to the UEP model. Then
stochastic dependency can easily be incorporated into UEP model to minimise a risk from
hail. Because wheat is more prone to hail than potatoes and sugar beet, the portfolio ap-
proach can be used to diversify the mix of activities by allocating more land to crops that
are not prone to hail.

Quadratic risk programming and minimisation of total absolute deviation

Quadratic risk programming (ORP) combines probabilities and preferences to generate a

set of farm plans lying on the efficient frontier of expected income and its variance (Har-
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daker et al., 2004). QRP has a goal to maximise the expected income and minimise the
variance (risk) of expected income. The examples of QRP studies are Kobzar (2006) and
Lien (2002). All equations of UEP, except for the goal function, are applicable for QRP.

The assumption necessary to validate the use of QRP is that utility function is quad-
ratic or the distribution of total net revenue is normal. QRP is applicable only for CARA
utility function, and will not work with power utility function that is appropriate for catas-
trophic risks. The distribution of revenue varies and is not always normal — in agriculture
the returns from individual activities are often skewed (Hardaker et al, 2004). Due to the
normality assumptions, the applicability of QRP model cannot be used for catastrophic
risks (Ermoliev et al., 2000a, b), as shown below.

A normal distribution is defined by two parameters: mean and standard deviation.
Suppose that a farmer has wheat with an average yield of 10,000 kg per hectare and a stan-
dard deviation of 2,000 kg per hectare. Then we simulate a normal distribution on the basis
of these parameters. The probability that wheat yield will be lower than 5,000 kg is 0.05%
assuming a normal distribution. Suppose wheat yield is more risky so that the standard
deviation in a normal distribution changed to 2,500 kg, then the probability that yield is
lower than 5,000 kg will correspond to 2.2%. In this example, it can be seen that a down-

side tail can have different densities, depending on the level of standard deviation.

For the assumption of a normal distribution, at least 20 observations are required,
and the results will be misleading as long as data are sparse and it is hard to obtain more
than 10 observations (including catastrophes) under the same economic policy, manage-
ment regime, farm programme or trade policy (Richardson, 2006). Misspecification of the
standard deviation as one of the main distribution parameter can seriously hamper the ap-

plicability of QRP for incorporation the downside tail.

The minimisation of total absolute deviation (MOTAD) method is an extension of
QRP. It attempts to find linear approximations of QRP, and has been developed to handle
non-linear functions. The structure of MOTAD model is the same as for QRP, except one.
Instead of minimising the variance of income, it minimises the mean absolute deviation of
income. We do not discuss the structure of this model, for details see Hardaker et al. (2004,
pp. 197-199). For the same reasons as presented for QRP, MOTAD cannot be considered
for effective modelling of catastrophic risks such as hail.
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2.6 Conclusions and discussion

This paper reviewed the methods of risk perception, risk attitude and risk modelling on the
basis of both indicators to generate an appropriate method to support decision making to

cope with catastrophic risks faced by a farmer.

The data on catastrophes are skewed and deal with low probabilities, and therefore
one of the main problems discussed concerned the risk perception elicitation of catastrophic
risks. The standard strength of conviction method to elicit risk perception is not applicable
to catastrophes as long as it deals with a limited number of points to estimate, so that a
downside tail can be underestimated. But even if a tail was included in the questionnaires,
people would have problems in interpreting low probabilities due to different psychological
biases. To avoid psychological biases, the techniques of a better representation of probabili-
ties, partly derived from a direct method of risk perception elicitation, can be applied.

SEU remains the main theory to incorporate risk attitude in the models. The main
method ELCE was shown not to be applicable to elicitation of risk attitude coefficients.
The limitation was that it was hard to assume 50:50 chances, and then to divide 50% into
50:50 chances and so on for approaching to very low probabilities. Besides catastrophic
risks, in many studies applying ELCE, the results found were unconvincing due to inter-
viewer’s bias and bias from framing the questions. Alternatively, risk attitude was proposed
to be estimated by econometric models. However, in these models the specification errors

presented, that made the estimates of risk aversion doubtful.

As long as there are problems to obtain the exact value of risk attitude coefficients,
their differences between portfolios values could be assumed by methods of stochastic
dominance, and precisely by SERF application. In case of farmers, the relative risk aversion
levels from the classification of Anderson and Dillon (1992) could be taken. Concerning
the catastrophic risks, the level of risk aversion after catastrophe occurs can change, imply-
ing the changes in wealth position. Therefore, it would be easier to assume different levels

of risk aversion instead of one specific value.

As methods of risk modelling, stochastic simulation and farm risk programming
were reviewed. Stochastic simulation was shown to deal with parametric and non-
parametric distributions assumptions that have proven to be successful to deal with the
downside tail of the distribution. In complex systems, stochastic dependency can easily be
incorporated, simulating historical or assumed pattern of dependencies. Concerning a
method of sampling and catastrophe data for modelling, a Latin Hypercube sampling tech-

nique could be used instead of MCS. Stochastic simulation based on the Latin Hypercube
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sampling could be assumed with different types of skewed distributions to capture the
downside tail. When the number of decisions is limited, they could be compared in terms of
SERF. However, in case of more complex decisions, stochastic simulation has a limited
applicability, and therefore the methods of farm risk programming seeking optimal solution
given a set of constraints would be more appropriate. However, for accounting all possible
realisations of the inputs, the input variables could be simulated first by Latin Hypercube

simulation and used further in farm risk programming.

Three methods of farm risk programming were reviewed — QRP, MOTAD and UEP.
QRP and MOTAD were shown not to be applicable to catastrophic risks, because they are
based on normality assumptions and deal with only quadratic utility function. The power
utility function, which incorporates changes in wealth, was shown to be more applicable to
a case of catastrophes. For this purpose the UEP, which handles any function form, includ-
ing power utility function, can be applied. Furthermore, all advantages of stochastic simula-
tion to capture a downside tail of the distribution could be incorporated in UEP as states of

nature.
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Abstract

This paper analysed the impact of farm characteristics on the adoption of an all-risk insur-
ance package and underlying specific categories of insurance coverage for Dutch arable
farmers compared to dairy farmers. Major farm characteristics considered were structural,
operational and liquidity variables. The specific insurance categories reviewed were dam-
age, disability, legal and liability insurance. The results suggest that there are common and

insurance-specific factors that explain adoption of insurance coverage.

Keywords: arable farm, dairy farm, farm characteristics, insurance, risk
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3.1 Introduction

In agriculture farmers often face risky situations. Risk means the possibility of a loss of
income or property (Pritchet et al., 1996). Farm risks can be divided into business and fi-
nancial risks. Business risk is related to production, price, institutional and personal risk. In
contrast, financial risk results from the method of financing and is related to the debts and
equity of the farm (Hardaker et al., 2004). To cope with risks, farmers may apply risk man-
agement strategies, such as farm financing, diversification of activities, insurance, or spot

and futures marketing contracts (Hardaker et al., 2004).

Insurance is frequently used to cover the financial consequences of many risks
(Pritchet et al., 1996). Many agricultural studies, for example focusing on crop insurance,
have been done to derive the variables influencing a farmer’s actual (objective) insurance
purchase decisions on the example of crop insurance (e.g. Coble et al., 1996; Goodwin et
al., 2004; Mishra et al., 2005; Mishra and Goodwin, 2003; Sherrick et al., 2004), or to pre-
dict a farmer’s demand for insurance by a subjective source of data (Van Asseldonk et al.,
2002). In agricultural studies, the variables were divided into farm characteristics and farm-
ers’ personal characteristics (e.g. Mishra and Goodwin, 2003; Sherrick et al., 2004). The
farm characteristics analysed referred to structural, operational and liquidity variables.
Farmer-specific characteristics analysed in insurance purchases were risk perception, risk
attitude, age, education, tenure, previous exposure to risk and the farmer’s experience level.
The impact of personal characteristics on the amount of insurance purchased was exten-
sively examined in non-agricultural studies regarding health insurance, optimal long-term
care insurance and car insurance (e.g. Gupta and Li, 2004; Ma and Schmit, 2000; Polsky et
al., 2005; Zweifel and Struwe, 1998). Similar to agricultural studies, the personal character-
istics, such as age, marital status, risk aversion, education and income, were considered for

the current analysis.

In agriculture, many of the studies were conducted as to specific risks and focused
on perils such as hail, frost, drought, precipitation, storm and flood (e.g. Ganderton et al.,
2000; Kunreuther and Pauly, 2004; Van Asseldonk et al., 2002).

Farmers, on the other hand, are faced with the whole set of risks, and they should opt
for an integrated risk-management strategy, in which all business and financial risks are
evaluated in a portfolio context. Published examples within a whole-farm perspective to
analyse farmers’ decisions about the purchase of all-risk insurance package and its underly-

ing coverages are rare.
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It is also important to analyse the effect of diversification in insurance decisions
(Hardaker et al., 2004; Harrington and Niehaus, 1999). For instance, arable farmers usually
have several crops (activities), and their selection of the optimal plan (set of crops) can be
seen as an appropriate risk management strategy to cope with many risks. Alternatively,
dairy farmers are more specialised compared to arable farmers, and have, next to milk pro-
duction, only one additional activity: rearing calves. The potential for diversification is
much lower than in arable farming.

The goal of this paper was to conduct an empirical analysis of actual (objective) in-
surance purchase decisions by Dutch arable and dairy farmers based on a set of specific
risks. The analysis focuses on gaining a perspective as to the purchase of an all-risk insur-
ance package within a whole-farm context and also within a partial context for the separate
underlying insurance categories to cope with specific risks. All models are analysed by the

generic set of variables.

The paper is organised as follows. First the conceptual model with the main defini-
tions, estimation procedure, data and variables used for the empirical models are intro-
duced. Then the results of the different models analysing the actual purchase of insurance
by Dutch arable and dairy farmers are described. The paper finishes with conclusions and

recommendations for insurance policy-makers.

3.2 Conceptual model, data and estimation

3.2.1 Conceptual model and definitions

The conceptual model is based on previous studies and available data for the current analy-
sis. The purchases of the following insurance types are examined: all-risk insurance, dam-
age, disability, legal and liability insurance. The all-risk insurance package is the summa-
tion of total premiums paid for all insurance types. Damage insurance protects in case of
fire, storm or flooding causing property damage. Disability insurance covers the costs when
a person is unable to perform work, due to serious injury or illness (Pritchet et al., 1996).
Legal insurance provides coverage for losses incurred due to court actions (but excluding
criminal matters). Liability insurance protects against loss arising if a farmer injures other
persons or damages their property (a good example is mandatory insurance of driver’s
liabilities in car insurance).
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The conceptual model is based on previous studies and available data for the current
analysis. Purchase of insurance is assumed to be influenced by both farm characteristics
and the farmer’s personal characteristics. Farm characteristics were divided into structural
variables that usually can change only in the long run, operational variables that can change
in the short run and liquidity variables. The impact directions of variables influencing the
amount of premiums purchased is shown in Figure 1.

Farm characteristics Farmer's
Structural Operational Liquidity p ersona'l c.haracter-
1stics
Balance sheet value (+) | Net farm result (-) Leverage (+) Age (+)

Rented land (+)
Region

McSharry (-)

Off-farm income (-)

Operational expenses
* positive (+) or negative (-) signs imply positive or negative impact of the variable on the amount of premium

paid

Figure 1. Variables explaining the amount of insurance purchased

As structural variables, the size of the farm, proportion of rented land and regional
variable were taken. The impact of farm size had previously been tested by Goodwin et al.
(2004) and Sherrick et al. (2004), where a positive relationship between farm size and in-
surance purchase was found. In our model the balance sheet value of the farm is used as a
size indicator. The proportion of rented land was previously examined in the study by Sher-
rick et al. (2004). It was found that farmers having relatively more rented land purchased
more insurance. Additionally, it is expected that there are regional differences between
farmers concerning insurance purchase. That is why a region variable was constructed,
dividing the farmers into a southern and a northern part (1= South, 0 = North).

As operational variables, the net farm result, McSharry compensations, off-farm in-
come and operational results were taken for the models. The variables net farm result, off-
farm income and McSharry compensations are variables characterising incomes. A negative
impact of these variables on the amount of insurance purchased was expected, because
farmers would prefer more money to less accumulating wealth than spending income
sources on insurance, as was shown in the studies by Ganderton et al. (2000), Mishra and
Goodwin (2003), Sherrick et al. (2004), Smith and Goodwin (1996), and Watt et al. (2001).
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As operational variables, the effect of chemical use on crop insurance purchase was
analysed in the study by Mishra et al. (2005), but no clear relationship was found. Smith
and Goodwin (1996) found a negative relationship between purchase of crop insurance and
use of chemical inputs. In our analysis, the effect of fertilisers and feed costs on the amount
of premium paid is tested (Ganderton et al., 2000; Kunreuther and Pauly, 2004; Van Assel-
donk et al., 2002).

The impact of liquidity variables on the amount of insurance purchased was tested
by Ganderton et al. (2000), Mishra and Goodwin (2003), Mishra et al. (2005) and Sherrick
et al. (2004). They found that more indebted farmers purchase more insurance. In this study
the impact of debt-to-equity ratio (leverage) on insurance purchased is examined.

Of farmer-specific variables, only the variable age was available in the database ana-
lysed. In farm research the positive impact of age on insurance purchased was obtained by
Mishra et al. (2005) and Sherrick et al. (2004). Non-agricultural studies, such as by Gupta
and Li (2004) and Polsky et al. (2005), also reported that insurance users are relatively
older.

2.2 Data

The Farm Accountancy Data Network (FADN), containing a cross-sectional dataset, was
used for our analysis. The FADN dataset is an official European Union dataset. Farm-
specific accounting data that are available in the FADN dataset include detailed information
about all agricultural sectors. The sample of FADN data was corrected by a weighted factor
to represent the whole population of Dutch arable and dairy farmers. The data corrected
were compared with national statistics and were not different. In total, a sample of 117 from
a total number of 9060 arable farms and 240 from 24400 dairy farms are analysed (see
Table 1).

FADN data are not very detailed with respect to insurance related variables. They
comprise only the premiums of underlying specific insurance categories. The descriptive
statistics of farm characteristics and variables used in the models are presented in Table 1.
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Table 1. Descriptive statistics of the model variables for arable and dairy farms

Arable farms Dairy farms
Characteristics Units (n=117, N=9060) (n=240, N=24400)
Mean % CvV Mean % Ccv

Insurance
All-risk insurance Euro 7667 - 96 6251 - 54
Damage insurance Euro/participation (%) 2336 99 71 1666 94 69
Disability insurance Euro/participation (%) 1391 68 128 1317 69 129
Legal insurance Euro/participation (%) 195 62 147 152 55 134
Liability insurance Euro/participation (%) 1293 97 96 886 90 87
Structural
European size units (ESU) units 87 36 112 28
Balance sheet value Euro 1445175 70 2230571 39
Number of cows units - 60 31
Rented land % in total area 0.49 0.34
Region (1=South; 0=North) 0.47 0.55
Operational
McSharry Euro 2935 215 3752 99
Net farm result (excl. insur-
ance) Euro 1410 -806 -22648 -179
Feed costs Euro - 33552 56
Fertiliser costs Euro 6917 60 -
Financial variables
Family-farm income Euro 54871 114 53421 64
Liquid capital Euro 91140 240 46210 304
Long-term loans Euro 269964 104 371497 74
Off-farm income Euro 5633 681 6506 181
Leverage % 31 26
Farmer specific

_Age years 53 23 51 22
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2.3 Descriptive statistics

As can be seen from Table 1, arable farmers pay more premiums in total than dairy farmers.
With respect to underlying categories, most arable and dairy farmers have damage, disabil-
ity, legal and liability insurance. On average, arable farmers participating in those insurance
types pay higher premiums than dairy farmers.

From ESU and balance sheet value it can be observed that arable farms are smaller.
On average, arable farmers have almost 50% of rented land, which is substantially more
than dairy farmers have. The arable and dairy farmers sampled are more or less equally
located.

Arable farmers had a positive net farm result in 2001, while the average dairy farm
was not so profitable, despite the fact that dairy farmers received higher McSharry (price)
compensations. On average, total family-farm income is a bit higher for arable farmers,
whereas the off-farm income of dairy farmers is larger. From the balance sheet value and
debt-to-equity ratio (leverage), it can be concluded that dairy farmers are less indebted than
arable farmers, and are also wealthier. As to age the average arable farmer is a bit older
than the average dairy farmer.

2.4 Data estimation

Linear regression analysis was carried out to estimate the impact of variables on the amount
of premium paid, thus including only farmers who purchased insurance. In total 5 models
for arable farms and 5 models for dairy farms were estimated. The models estimating the
purchase of an all-risk insurance package had total premium paid as dependent variable.
The other models estimated the purchases of insurance coverages related to agricultural
activities and had damage, disability, legal and liability insurance as dependent variables.
For those insurance categories, farmer participation was the highest, and farmers paid the
highest premiums (see Table 1).

Most of the data referred to the farm data; the only variable characterising a farmer
as a person was age. The variables analysed were balance sheet value, the regional variable,
net farm result, McSharry compensations and off-farm incomes as additional farmer’s re-

sources, leverage (debt-to-equity ratio) and farmer’s age.

To deal with multicollinearity the variance inflation factor (VIF) was calculated for
each variable. The rule of thumb was that it had to be lower than 4 (Garson, 2007), while
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Hair et al. (1998) and other researchers used the maximal cut-off value of 5 or even 10
(Hair et al., 1998). Beside the VIF, the multicollinearity can be inspected on the basis of the
condition index with cut-off values in the range of 15-30 (for details see Garson, 2007; Hair
et al., 1998). For values higher than 15, multicollinearity is a problem if the proportion of
variance for two or more variables is higher than 50% (Garson, 2007). Hair et al. (1998)
stated that if the proportion of variance is higher than 90%, there is a suspicion of multicol-
linearity.

In our models the values of VIF were lower than 4 (see Table 2 and 3), conditional
indexes were much lower than 15, and proportion of variance of two or more variables was
not higher than 50%. The variables net farm result, McSharry compensations operational
costs (fertilisers and feeds), proportion of rented land and farmer’s age were the source of
the multicollinearity. Therefore, these five variables were excluded from the main set of
models that consisted of the variables balance sheet value, regional differences, off-farm
income and leverage. Moreover, operational costs very highly correlated with net farm
result, and proportion of rented land was correlated with leverage and farmer’s age.
McSharry compensations were highly positively correlated with balance sheet value of the
farm. For the second set of models, the variables operational expenses, McSharry compen-
sations and proportion of rented land were excluded, and the choice was made in favour of
net farm result and farmer’s age.

The regressions were made by OLS estimation in SPSS 12.0. The models were esti-
mated without a constant parameter, taking into account the limited set of variables to ex-

plain the purchases of insurance.

3.3 Results and discussion

For both arable and dairy farms, the balance sheet value was positively significant at the
1% level for the all-risk insurance package and also the specific underlying insurance cate-
gories (see Tables 2 and 3). This finding was according to expectations and the results of
Goodwin et al. (2004) and Sherrick et al. (2004). Increased farm size is a cause of purchas-
ing more insurance, because a farmer accepts more risk due to growth (Goodwin et al.,
2004; Sherrick et al., 2004). The other reason to purchase more is related to insuring more
property (Harrington and Niehaus, 1999).
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Chapter 3

The regional variable was a Dutch specific variable differentiating farmers in the
South from farmers in the North. In arable farming, the regional differences were not rele-
vant concerning insurance purchase. For dairy farms, it had a positive impact on the amount
of premium paid for damage, disability, legal and liability insurance. That shows that there
are differences in insurance behaviour: a dairy farmer in the South purchases more insur-

ance coverage than a dairy farmer in the North.

In arable farming, off-farm income had a positive impact on purchase of damage in-
surance. In dairy farming, the off-farm income was positively significant at the 1% level for
purchase of all-risk insurance package and damage, legal, liability insurance and all-risk
insurance package. This finding was contrary to expectations as in the study by Smith and
Goodwin (1996). The reason for that could be that a substantial part of off-farm income is

presented by social security payments received from insurance companies.

In arable farming, the net farm result was irrelevant as to the purchase of specific in-
surance categories, but was positively significant for purchase of all-risk insurance package.
The net farm result of the average dairy farmer had a negative impact on the amount of
premium paid for damage, disability, legal and liability insurance. Dairy farms were
wealthier than arable farms, and therefore could consider self-insurance an alternative to
commercial insurance. Thus having a high initial wealth position, dairy farmers could save
more money from core activities to increase financial capacities for self-insurance or would
be likely to insure less (Coble et al., 1996).

For arable farms, the leverage was significant for the purchase of damage insurance
and an all-risk insurance package. In dairy farming, also the purchase of disability, liability
insurance and an all-risk insurance package was related with debt-to-equity ratio. In both
sectors, leverage had a positive impact, according to the expectations and similar to the
results by Coble et al. (1996), Ganderton et al. (2000), Mishra and Goodwin, (2003),
Mishra et al. (2005), Sherrick et al. (2004), and Smith and Goodwin (1996), implying that
more-indebted farmers need to purchase more insurance. Alternatively, less-indebted farm-
ers with higher net worth are less likely to purchase insurance. In order to take more loans,
it is often required from the bank to be insured to stabilise farm liquidity and avoid the risk
of going bankrupt. Lenders will demand compensation for investing in farms with a higher
probability of financial distress. In this respect, if a farmer can reduce a risk through insur-
ance, lenders will be willing to contract the farm at better terms (Harrington and Niehaus,
1999).
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The age was significant at 1% for purchase of an all-risk insurance package and un-
derlying insurance categories for both arable and dairy farmers and had a positive direction
of impact. This was in accordance with expectations and the results from previous studies
by Gupta and Li (2004), Mishra et al. (2005), Polsky et al. (2005) and Sherrick et al.
(2004). Insurance users are thought to be relatively older (Sherrick et al., 2004). Age can
also be an indicator of farmer’s experience, and in this respect, should have a positive im-
pact on buying insurance (Mishra et al., 2005).

3.5 Conclusions

The goal of this paper was to investigate whether there are common or specific vari-
ables influencing the purchase of an all-risk insurance package and underlying insurance
categories by arable and dairy farmers. In both types of farming, for insurance categories
and all-risk insurance package considered, all variables, except the net farm result for pur-

chase of all-risk insurance by arable farmers, had the same direction of impact.

Both arable and dairy farms showed more willingness to save money from core ac-
tivities to accumulate more savings than to spend money on insurance. Both farm types
were very different with respect to available finances - dairy farms are more specialised
compared to arable farms having a diverse set of activities. Arable farms were expected to
insure less because diversification of activities is already a form of risk management strat-
egy. Contrary to that, the analysis showed that arable farms paid higher premiums than
dairy farms. In arable farming with a diverse set of activities, the source of income is less
risky than with undifferentiated commodity production as in dairy farming, but if the poten-
tial down the supply chain to cause losses is increased due to the proximity of the customer
to the farmer supplier, overall risk might be increased. The other reason could be that arable
farmers are less wealthy and, in general, deal with more risks than dairy farmers, and thus

are more prone to paying higher premiums for insurance to avoid possible financial risks.

Despite the differences between degrees of specialisation/diversification, wealth,
amount of premium paid by arable and dairy farmers, common variables were found — size
and farmer’s age - that influenced purchase of all insurance types and all-risk insurance

package considered.

In most of the previous agricultural studies of crop insurance in the USA, it was
found that insurance subsidies were one of the main reasons to purchase insurance coverage
(e.g. Babcock and Hart, 2005; Mishra and Goodwin, 2003; Mishra et al., 2005; Sherrick et
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al. 2004; Smith and Goodwin, 1996). In the Netherlands, farmers do not receive insurance

subsidies, and the analysis was conducted with a generic set of variables.

In this analysis, the off-farm income contained social security payments. If the data
were less aggregated, only the impact of the ‘real earned’ off-farm income on the amount of
insurance coverage purchased could be tested. Due to data limitations, farmer’s personal
characteristics such as risk attitude, specific risk perception, marital status, education, pre-
vious exposure to risk(s) and experience level were not used in the models. As farmer’s
personal characteristics, the additional information on insurance contracts such as the size

of deductibles could be considered for further research.
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Chapter 4

Abstract

This paper analysed the impact of risk perception, risk attitude and other farmer personal
and farm characteristics on the actual purchase of catastrophe insurance by Dutch arable
and dairy farmers. The specific catastrophe insurance types considered were hail-fire-storm
insurance for buildings, disability insurance, crop insurance against hail, storm and brown
rot, and insurance against epidemic animal disease outbreaks. The results suggested that
risk perception was a significant variable that influence purchase of catastrophe insurance
by arable and dairy farmers, whereas risk attitude was significant only in arable farming.

Keywords: risk perception, risk attitude, catastrophic risk, probit, arable farmer, dairy

farmer
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4.1 Introduction

Catastrophic risks can be defined as events with low probability of occurrence (rare events)
leading to major and typically irreversible losses with potentially adverse impact on busi-
ness results (Chichilnisky, 2000; Vose, 2001). Rarity and severity are typically associated
with catastrophic risks: the more severe a risk, the rarer it usually will tend to be, and vice
versa (Frohwein et al., 1999). Catastrophe events can thus inflict considerable losses on
many stakeholders of private businesses (insurers, re-insurers, banks, et cetera) and society

(government, tax-payers, households).

In agriculture catastrophic risks result in heavy losses for farms. For example, arable
farmers are exposed to extreme meteorological events, such as heavy precipitation, exces-
sive heat, drought, hail, storm and frost, which may result in potential damage to crops
(Langeveld et al., 2003). In dairy farming, epidemic diseases, such as FMD (foot-and-
mouth disease) and BSE (bovine spongiform encephalopathy), cause severe economic
losses (Huirne et al., 2003). In this paper we assume that an event is catastrophic if a farmer
may face cash flow problems or even go bankrupt. Somehow farmers need to manage
catastrophic risks. By applying risk management strategies, such as insurance, diversifica-
tion, self-insurance, forward contracting, options and futures contracts, losses associated

with catastrophe events can be borne or transferred.

Insurance is a frequently used instrument to cover catastrophic risks (Pritchet et al.,
1996). However, not all farmers buy insurance to protect their business against several
types of catastrophic risks. Thus it is important to analyse the factors that influence pur-
chase of catastrophe insurance to provide insight for improvement of existing and devel-
opment of enhanced insurance policies. In order to understand the use of insurance deci-
sions to cover losses due to a catastrophe, main factors that influence catastrophe insurance
purchase need to be addressed. In farming, these factors refer to farm characteristics and
farmers’ personal characteristics (e.g. Mishra and Goodwin, 2003; Sherrick et al., 2004).
Effects of farm characteristics on insurance purchase were elaborated by for example
Mishra and Goodwin (2003), Ogurtsov et al. (2007) and Sherrick et al. (2004). Farm vari-
ables, including farm size, proportion of rented land, region, net farm income, governmen-
tal compensations, operating costs, off-farm income and debt use were found to have a
significant impact on catastrophe insurance purchase. However, the analysis of impacts of
farmer-specific factors is essential to understand real-life catastrophe insurance decisions.

The impact of farmer-specific risk on catastrophe insurance decisions can be ad-
dressed by separating the components — risk perception and risk attitude. Risk perception is
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a subjective statement of risk by decision-makers, it is more like the mental interpretation
of risk, decomposed as the chance of a loss occurring and the magnitude of the loss (Har-
daker et al., 2004; Smidts, 1990). Likewise risk perception, risk attitude plays an important
role in understanding the decision-maker’s behaviour. Risk attitude is a personal character-
istic and deals with the decision-maker’s interpretation of the risk and how much (s)he
dislikes the outcomes resulting from the risk (Pennings et al., 2002). According to Dillon
and Hardaker (1993), risk attitude is defined as the extent to which a decision-maker seeks
to avoid risk or is willing to face risk. As most farmers are commonly assumed to be risk-

averse (Hardaker et al., 2004), the further analysis of risk attitude is related to risk aversion.

Many of the previous studies were conducted on one specific type of farming — ar-
able farming (i.e. Coble et al., 1996; Goodwin et al., 2004; Mishra et al., 2005; Mishra and
Goodwin, 2003). In this paper two types of farms are analysed - the Dutch arable and dairy
farmers. Most arable farms have a diversified mix of crops, whereas dairy farms are usually
highly specialised. Diversification is a kind of risk management strategy and can substitute
and also complement catastrophe insurance. The general purpose of diversification is to
reduce the dispersion of overall return by selecting the mixture of activities that have re-
turns with low or negative correlations. However, diversification may be costly if it means
forgoing the advantages that specialisation confers through better command of superior
technologies and closer attention to the special needs of one particular market (Hardaker et
al., 2004, p.273). Thus it is also important to analyse the diversification effect in catastro-
phe insurance decisions (Hardaker et al., 2004, p.273; Harrington and Niehaus, 1999,
p.154).

The goal of this paper is to provide guidance on the existing and enhanced catastro-
phe insurance policies for the Dutch arable and dairy farmers. For this purpose the factors
that influence purchase of different catastrophe insurance types will be analysed with a
major focus on the farmer-specific characteristics (risk perception, risk attitude and other
farmer personal variables) that play an important role in understanding farmer’s insurance
behaviour. This paper analyses the actual catastrophe insurance purchase and is not focused
only on specific insurance type as the majority of previous studies. The attempt is made to
gain a broad perspective of insuring the risks that can be catastrophic for the two different
types of farming (arable and dairy farming). As many of the crop insurance studies (i.e.
Coble et al., 1996; Mishra et al., 2006; Mishra and Goodwin, 2003), this study elaborates
also on the crop risks, such as hail, storm and brown rot that can be catastrophic. Beside
crop risks, the study analyses insurance purchase against emerging risk of animal diseases
in dairy farming. Apart from the risks that are specific per type of farming, common risks,
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such as damage/destruction of buildings by hail, fire and storm, and farmer’s disability
risks are the subjects of this study.

The paper is outlined as follows. First, other studies focusing on factors affecting ca-
tastrophe insurance purchase will be reviewed. Then the models, methods, data and vari-
ables will be introduced. Finally, the main results, discussion, conclusions and implications

will be presented.

4.2 Literature review

The majority of the studies analysing the impact of variables that influence actual insurance
purchase in agriculture were conducted in the USA on the crop insurance (i.e. Coble et al.,
1996; Mishra et al., 2005; Mishra and Goodwin, 2003; Sherrick et al., 2004). Other studies
focused on (hypothesised) demand for insurance (i.e. Ganderton et al., 2000; Van Assel-
donk et al., 2002). There are hardly any studies focusing on the factors related to catastro-
phe insurance purchase in animal husbandry. The outbreaks in animal husbandry are sys-
temic risks implying that outbreaks at one farm are strongly correlated with outbreaks at the

other farms, and there are no many comprehensive insurance policies against epidemics.

In the bulk of the crop insurance studies, the impact of farm- and farmer-related
variables on catastrophe insurance purchase were derived. In the early paper by Coble et al.
(1996), the farmer’s net worth (wealth) showed a significant impact on the demand to pur-
chase crop insurance. Sherrick et al. (2004) found that the size, age, off-farm income and
debt-to-asset ratio were significant on the purchase of crop insurance. In the study by
Mishra et al. (2005), a purchase of crop revenue insurance coverage was caused by the
value of production, soil productivity, farm diversification, hedging contracts and age.
Smith and Goodwin found that a purchase of crop insurance was correlated with use of
chemical inputs, relative risk aversion and debt-to-asset ratio. Mishra and Goodwin (2003)
showed that a purchase of crop insurance coverage was caused by education level of the
farmer, age, debt-to-asset ratio, participation in government programs, value of production,
soil productivity, off-farm income, indemnity, hedging contracts and type of ownership. In
the Dutch study by Van Asseldonk et al. (2002), it was concluded that age, solvency and
risk perception were the factors that influence the demand for crop insurance, whereas risk
attitude was not a significant variable. In the hypothetical non-agricultural study by Gander-
ton et al. (2000), risk perception, risk attitude, wealth, exposure and previous negative ex-

perience had an impact on the hypothetical demand of catastrophe insurance.
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In general, risk perception and risk attitude are often regarded as the key farmer-
specific factors to explain insurance purchase. The subjective expected utility (SEU) hy-
pothesis states that the utility of a risky prospect is the decision-maker’s expected utility for
that prospect, meaning the average of the utilities of outcomes weighed by the subjective
probabilities of those outcomes (Hardaker et al., 2004). In this context, risk perception is
measured in terms of a subjective probability distribution, and risk attitude is measured by a
shape of the Von Neumann-Morgenstern utility function (Hardaker et al., 2004; Smidts,
1990).

The SEU approach is a method of individual choice, and for reasons of practical fea-
sibility, cannot be expected to be suitable for large-scale surveys (Smidts, 1990). Alterna-
tively, the impact of risk perception and risk attitude can be analysed by econometric mod-
els on basis of actual purchase decisions or willingness-to-pay (WTP) studies. This ap-
proach is suitable for large-scale surveys thanks to its simplicity. In these models, risk per-
ception and risk aversion are used as independent variables. Contrary to the prescriptive
SEU approach, observed economic behaviour approach is used to describe which decisions
are indeed made, rather than to predict what should be taken. A direct questionnaire proce-
dure is usually conducted, in which psychometric ordered Likert scales are provided for
elaborating variables describing or eliciting risk perception and risk attitude (Ganderton et
al., 2000; Ozdemir and Kruse, 2000; Van Asseldonk et al., 2002). The questionnaires often
include additional farmer related questions for inclusion into the model, such as the educa-
tion, age, and experience. We present below how risk perception and risk attitude were
elicited in these studies.

In the study by Ganderton et al. (2000), risk attitude was included in the models as a
linear variable measured on a scale from 1 to 6. In a similar way Coble et al. (1996) meas-
ured risk attitude on a scale from 0 to 10. Ozdemir and Kruse (2000) assessed a degree of
risk aversion compared to other persons by asking binary questions about the use of smoke,
burglar and car alarms, emergency items/food and participation in natural disaster and
health insurance. According to their ‘relative risk aversion’ measurement, individuals were
labelled ‘relatively risk-averse’ or as ‘risk lovers’. In a similar way, a measure of relative
risk aversion was derived in studies by Meuwissen et al. (2001), Van Asseldonk et al.
(2002). They used subjective risk attitude Likert scales as developed by Pennings (1998).
Meuwissen et al. (2001) used five 5-point Likert statements to elicit risk aversion. Likewise
Van Asseldonk et al. (2002) used five 7-point Likert statements for calculating the average
score, labelling farmers as less- and more risk-averse.
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As relative risk attitude, relative risk perception was used in many studies as a scale
variable. In the study by Ozdemir and Kruse (2000) risk perception was elicited on a 5-
point scale, based on whether a house will be damaged by a tornado. Similarly, using linear
scales, Van Asseldonk et al. (2002) elicited risk perception by decomposing farmer total
cultivated area into a high risk, average risk, moderate risk, and low risk of loss. The linear
risk perception variables ranged from 1 (proportion of area with a relatively low risk) to 4
(proportion of the area with a relatively high risk).

4.3 Materials and methods
3.1 Binary probit model

Probit or logit models are often used for the evaluation of actual or hypothetical decisions
about insurance purchase (i.e. Ganderton et al., 2000; Mishra and Goodwin, 2003; Sherrick
et al., 2004; Van Asseldonk et al., 2002). In this paper a probit specification of binary and
ordered models was used.

Binary probit models determine which variables influence the choice to purchase or
not to purchase catastrophe insurance. The following specification of a binary probit model
was used (for details see Verbeek, 2002, p.179-180):

k
Yni = BiXpi T Ep O
Where y:i - is the amount of premium paid by the farmer # for catastrophe insurance type
2

X,; - 1is a vector of explanatory variables describing the purchase of i catastrophe insurance

by farmer #;

ﬂi' - is a vector of parameters to be estimated per catastrophe insurance type i;

&,; -1is arandom error term assumed to follow a standard normal distribution.

The dependent variable ), has two outcomes:

%
1 ifym'>0
Yni = N (2)
0ify . =0
ni
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Formulation (2) is used to describe two decision options: if farmer n purchases catastrophe

insurance type i (value 1) or not (value 0).

3.2 Ordered probit model

In addition to analysing the purchase (or not) of catastrophe insurance, it is important to
analyse the amount of premium paid by a farmer for a certain type of catastrophe insurance.
The amount of premium paid is a continuous (dependent) variable that is analysed by stan-
dard ordered probit models. For ease of interpretation, the insurance premium payments
were divided into j groups (see also Verbeek, 2002, p.190-191):

0 if Y:; =0 Euro (group 1)

1 if 1< y:i < H, Euro (group 2)

Vi =12 if H < y:i < H, Euro (group 3) 3)

Jj=1 ify, > K Euro (group j)

Where u - is cut-off point, dividing farmers into different insurance premium groups;
Jj - is a finite number of groups to categorise a catastrophe insurance type .

The cumulative probabilities Pr of the discrete continuous variables are formulated
as follows:
*
Pr(ym‘gﬂj):F(ﬂj*ﬂ;‘xm‘) (4)
where F — is a standard normal cumulative distribution function.

Subsequently, the marginal probability effects of significant variables can be calculated to
test significant differences between premium groups. The marginal probability effects

(MPE) were calculated for each group j as:

OPr(y; = H;)
MPE,j = ——— === [ [ (1) = B )= (1) = Biai )] By (9)
l

where Ax; - denotes to the change of outcome from ., to x; and

f(z)=dF(z)/dz (6)
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The marginal probability coefficients are interpreted as a quantitative impact of some
significant variable on the amount of premium paid for catastrophe insurance type i pur-
chased by farmers from different insurance premium groups.

4.3.3 Data from FADN and questionnaire

Two types of data were used for the analysis: (1) farm- and farmer-specific data from the
Farm Accountancy Data Network (FADN) cross-sectional dataset of the year 2003, includ-
ing detailed data on costs, returns, cropping and livestock plan of the farm, and (2) farm-
and farmer-specific data collected by a questionnaire survey. The FADN data is an official

European Union dataset comprising all agricultural sectors.

The questionnaires were sent to 393 farmers, i.e. 135 arable and 258 dairy farmers,
who were all members of a group that was sampled by the Landbouw Economisch Instituut
(LE]) from the Netherlands. After 2 weeks a reminder was sent to the farmers. This resulted
into a response rate of 54.8% for arable farmers (74 farms) and 48.5% for dairy (125
farms). In total, after combining FADN data and data from the questionnaire, 65 arable
farms and 113 dairy farms were used for the analysis.

In this study, the main variables that influence the decisions how to cope with catas-
trophic risks are the risk variables risk perception and risk attitude. The impact of other
variables that were found significant in the previous studies - off-farm income, debt use,
farm size, wealth, age and previous negative experience - is also tested in this study. We
expect that the additional variables willingness to accept risk, maximal risk-bearing capac-
ity, availability of a successor and net farm result will be relevant for the catastrophe insur-
ance purchase. The detailed description of all variables is presented below.

Dependent variables

In arable farming, purchases of five types of insurance purchase were analysed, i.e. (1)
damage of building by hail, fire or storm, and crop perils related to (2) hail, (3) storm and
(4) brown rot, and also (5) farmer disability. For dairy farmers, purchases of four insurance
types were analysed: (1) damage of building by hail, fire or storm, (2) FMD, (3) BSE and
(4) disability risk.
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Table 1. Groups of farmers on the basis of the amount of premium paid

Arable farmers (n = 65)

Hail-fire-
Insurance storm Hail crop  Stormcrop  Brownrot Disability
premium buildings
groups
Proportion of farmers in the group
Not insured 0.25 0.38 0.80 0.52 0.51
0-100 0.00 0.03 0.05 0.08 0.02
101-500 0.05 0.12 0.08 0.18 0.02
501-1000 0.14 0.22 0.02 0.14 0.08
1000-2000 0.29 0.20 0.03 0.08 0.17
2001-4000 0.20 0.05 0.03 - 0.17
4001-6000 0.08 - - - 0.02
6001-8000 - - - - 0.02
8001-10000 - - - - 0.02
Insured 0.75 0.62 0.20 0.48 0.49
Dairy farmers (n = 113)
Insurance Hail-fire-storm FMD BSE Disability
premium buildings
groups Proportion of farmers in the group

Not insured 0.16 0.90 0.92 0.35
0-100 0.03 0.02 0.02 0.01
101-500 0.04 0.07 0.07 0.02
501-1000 0.15 0.01 0.01 0.05
1001-2000 0.35 - - 0.12
2001-4000 0.22 - - 0.26
4001-6000 0.04 - - 0.16
6001-8000 0.01 - - 0.02
8001-10000 - - - 0.01
Insured 0.84 0.10 0.10 0.65
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Table 2. Descriptive statistics of model variables

Units, type of

Arable (n=65, N=9060)

Dairy (n=113, N=24400)

Variables .

variable Mean % SD Mean % SD
Premium hail/fire/storm building Euro (classes) 2657 - - 2493 - -
Premium FMD Euro (classes) - - - 473 - -
Premium BSE Euro (classes) - - - 473 - -
Premium disability Euro (classes) 2988 - - 3851 - -
Premium hail crop Euro (classes) 1380 - - - - -
Premium storm crop Euro (classes) 1215 - - - - -
Premium brown rot crop Euro (classes) 823 - - - - -
Insurance hail/fire/storm building Dummy - 75 - - 84 -
Insurance FMD Dummy - - - - 10 -
Insurance BSE Dummy - - - - 10 -
Insurance disability Dummy - 49 - - 65 -
Insurance hail crop Dummy - 62 - - - -
Insurance storm crop Dummy - 74 - - - -
Insurance brown rot crop Dummy - 48 - - - -
Risk perception hail building Linear 2.8 - 0.6 2.8 - 0.6
Risk perception storm building Linear 3 - 0.6 2.9 - 0.5
Risk perception fire building Linear 3 - 0.5 2.9 - 0.5
Risk perception FMD Linear - - - 2.8 - 0.6
Risk perception BSE Linear - - - 2.7 - 0.7
Risk perception disability Linear 3 - 0.3 3 - 0.5
Risk perception brown rot Linear 2.6 - 0.7 - - -
Risk perception hail crop Linear 2.7 - 0.6 - - -
Risk perception storm crop Linear 29 - 0.5 - - -
Relative risk aversion Dummy - 48 - - 50 -
Previous negative experience Dummy - 55 - - 20 -
Financial capacity to bear risk Classes 34 - 1.9 3 - 1.8
Willingness to accept risk Classes 22 - 1.3 2 - 1.5
Successor Dummy - 14 - - 29 -
Age Years 52 - 10 51 - 11
Region Dummy - 35 - - 37 -
Rented land in total land Ratio - 44 - - 58 -
Net farm income Euro -10717 - 55808 -59825 - 52573
Off-farm income Euro 11156 - 18298 8903 - 11660
McSharry compensations Euro 2013 - 5363 4541 - 6536
Balance sheet value Euro 1973597 - 1284427 2666302 - 1501761
ESU Units 114 - 82 130 - 68
Solvency Ratio - 78 - - 67 -
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With respect to arable farmers, the crops were mostly insured against hail, followed
by storm and brown rot of potatoes (see Table 1). Arable farmers paid higher premiums for
insurance to protect buildings, whereas dairy farmers paid substantially more for disability.
Concerning crop insurance, the highest premiums were paid for insurance against hail, then
storm and brown rot for potatoes (see Table 2). Dairy farmers had a higher participation in
insurance for their buildings and also in insurance against disability. There was only a 10%
participation of respondents in insurance against the epidemic disease outbreaks FMD and
BSE. In dairy farming, the highest premiums were paid for disability and insurance for
buildings (see Table 2). Dairy farmers paid about € 473 per year per farm for insurance
against the animal diseases FMD and BSE.

Catastrophe insurance purchase decisions were correlated for both arable and dairy
farmers. In arable farming, all pair wise correlations between purchasing types of catastro-
phe insurance were significant and highly positively correlated: if an arable farmer was
insured for one catastrophic peril, he was also likely to be insured against other catastrophic

perils.

In dairy farming, there were two significant pair wise correlations: correlation of
0.90 between purchasing insurance against FMD and BSE, and a correlation of 0.19 be-
tween purchasing disability insurance and insurance for buildings against hail, fire or storm.
A positive high correlation between purchase of catastrophe insurance against FMD and
BSE was observed, because both perils were insured under one insurance policy. The other
correlations were not significant, implying that purchase of one type of insurance was not

related to purchasing another.

Independent variables from FADN
In the Ogurtsov et al. (2007) the following independent variables available in the FADN

dataset were included in the models: successor, age, region, rented land, net farm income,
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off-farm income, McSharry’ compensations, balance sheet value, European size units
(ESU?) and solvency rate (see Table 2).

As to the availability of a successor, only 14% of the arable farms had already a per-
son to replace the main farm operator, whereas in dairy farming 29% of farmers had a suc-
cessor. The average age of both types of farmers was almost identical. The share of rented
land in total farm land was substantially larger in dairy farming. Arable farmers had higher
net farm and off-farm incomes and received twice lower amount of McSharry price com-
pensations from the government. However, dairy farmers were larger, as could be seen by
the size variables amount of ESU and balance sheet value of the farm. Dairy farmers were
also wealthier, that was comprised by the solvency rate (share of own capital) and the bal-
ance sheet value.

Independent variables from questionnaire

The relative risk perception was elicited by comparing the subjective risk perception of the
farmer to the ’average’ arable/dairy farmer in the Netherlands. Farmers were asked to indi-
cate their risk perception on a 5-point scale, where a score of 1 means that the probability of
a certain risk is four times smaller than for the average farmer; a score of 2 means two
times smaller; a score of 3 implies an equal probability as of an average farmer; a score of 4
means that the probability is two times larger than for the average farmer; and a score of 5
means that the probability is four times larger than for the average farmer. As indicated in
Table 2, for arable and dairy farmers, the relative risk perception score was slightly below
3, implying that the farmers perceived their probability of catastrophic risk to be slightly
lower than the average farmer. Risk perceptions of different risks were highly correlated. In
arable farming, a pattern of highly positive significant correlations was observed. In dairy
farming, there was a significant high positive pair wise correlation between risk perception
of FMD and BSE occurrence. Moderate correlations were observed for risk perceptions

2 A form of price compensation to agricultural producers in the European Union (for details see ‘’McSharry’’

reform of the Common Agricultural Policy (CAP) at http://ec.europa.eu/agriculture/index_en.htm).

A European Size Unit (ESU) is a measure of the economic size of a farm business based on the gross margin
calculated from standard coefficients for each commodity on the farm. 1 ESU roughly corresponds to 1 dairy cow
or 1.3 hectares of cereals (see http:/statistics.defra.gov.uk/esg/asd/fbs/sub/europe_size.htm).
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between hail, fire and storm for buildings and also between FMD, BSE, disability and risk

perceptions as to perils related do damage of buildings.

Risk aversion was also measured relative to other farmers (for details see Meuwissen
et al., 2001; Pennings, 1998; Van Asseldonk et al., 2002). The questionnaire combined
statements of Meuwissen et al. (2001) and Van Asseldonk et al. (2002). The construct de-
scribing the relative risk aversion (dummy variables) was obtained via an aggregation pro-
cedure on the basis of 11 statements (see Figure 1) with 7-point Likert scale (1 — do not
agree; 7 — fully agree) for questions 1-7 and (1 — fewer risks than others; 7 — more risks
than others) for questions 8-11 (see Figure 1). The responses to statements 5, 6 and 7 were
rated in reverse order for an aggregation procedure. The average score of statement values
was calculated per farm. Farmers with an average score less than 4 (the median value) were
counted as less-risk-averse (0), and with a score higher than 4 as more-risk-averse (1). In
arable farming, 48% of the farmers considered themselves more risk-averse than others,
whereas in dairy farming this proportion was a bit higher and constituted 50% (see Table
2).

The correlation tables showed that risk aversion of both arable and dairy farmers was
correlated with the same set of variables. In arable farming, an important factor differentiat-
ing less- and more-risk-averse farmers was also farm size. For more-risk-averse arable
farmers, negative correlations were observed for ESU, value of turnover, amount of rented
and used land. More-risk-averse dairy farmers had smaller farms compared to less-risk-
averse farmers, as explained by variables ESU, long-term debt, used and rented land, bal-

ance sheet value and turnover.

Concerning a previous negative experience with respect to catastrophic risks, the
farmers were asked whether they had experienced financial losses higher than € 10,000
from some catastrophe event during the past 10 years. In arable farming, 55% of the farm-
ers had experienced such losses, whereas in dairy farming this proportion constituted 20%
(Table 2).

In order to estimate the amount of money per year farmers can, in principle, use for
self-insurance, they were asked to state their maximal annual risk-bearing capacity. Farm-
ers were asked to mark the appropriate range of financial capacity: a score of 1 means a
maximal annual risk-bearing capacity of € 0 to 20,000, other scores were 2 (€ 20,001 -
50,000), 3 (€ 50,001 - 80,000), 4 (€ 80,001 - 120,000), 5 (€ 120,001 - 160,000), 6 (€
160,001 - 200,000), 7 (€ 200,001 - 250,000) and 8 (> € 250,001). The average risk-bearing

capacity of arable farmers was 3.4, while dairy farmers had a score 3.0 (see Table 2).
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With the same financial ranges as used in measuring the maximal annual risk-
bearing capacity, the willingness to accept risk (WTA) variable was used to estimate
farmer’s willingness to self-insure. The average WTA of the arable and dairy farmers

turned out to have a score of 2.0.

Multicollinearity of selected independent variables

Analysis of correlation tables showed that there were considerable correlations between the
independent variables. The size variables ESU and maximal annual risk-bearing capacity,
proportion of rented land, solvency, McSharry compensations that were the sources of
multicollinearity, were excluded from the analysis. The remaining non-correlated variables
were used for further analysis. Two sets of models were constructed for all considered
catastrophic risks in arable and dairy farming. The first set of models contained variables
risk perception, risk attitude, WTA, successor and region. For second set of models the
variables previous negative experience, age, net farm income and off-farm income were

taken.

4.4 Results
4.4.1 Binary probit models

The results of the binary probit models used to determine which variables influence the
purchase of different types of catastrophe insurance are presented in Tables 3 and 4. All

models showed quite reasonable values of R-square values (Verbeek, 2002).
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Table 3. Results of binary probit models in arable farming

Hail-fire-
Variables storm Hail-crop Storm-crop  Brownrot  Disability
buildings
First set of models
Risk perception hail-buildings -0.89%* - - - -
Risk perception fire-buildings -2.26%%* - - - -
Risk perception - -5.6E-02 1.55% 0.28 -0.45
Relative risk aversion 1.65%* 0.85%** 0.76** 0.62* 0.71%*
WTA -0.24 -0.16 -0.37** -9.3E-02 -0.29*
Successor 1.51%* -0.12 -6.8E-02 4.6E-03 0.43
Region 0.63 -0.61* 7.7E-02 -0.37 0.3
Constant 7.0%* -5.4E-02 -4.95% -1.54 0.45
Pseudo R-square 0.39 0.13 0.15 0.08 0.1
Second set of models
Previous negative experience 0.71* -0.26 -0.21 0.19 0.69**
Age -8.9E-03 -2.2E-0.2* -2.8E-02* -1.5E-02 -1.5E-02
Net farm income -3.8E-06 -2.2E-0.7 -2.7E-06 -5.0E-06*  -5.4E-06*
Off-farm income 8.0E-06 2.2E-05%** 5.5E-06 8.9E-06 7.3E-06
Constant -1.24 0.74 0.86 -0.17 -0.74
Pseudo R-square 0.08 0.08 0.04 0.05 0.09

Fkk Rk ¥ significant at 5%, 10% or 20% level
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Table 4. Results of binary probit models in a dairy farming

Hail-fire-
Variables storm FMD BSE Disability
buildings
First set of models
Risk perception storm-buildings -0.67 - - -
Risk perception - 0.14 0.13 0.46*
Relative risk aversion -0.1 -0.11 -0.35 -0.33
WTA 2.0E-02 -0.20* -0.26* -0.13*
Successor -0.16 -0.60* -0.94%* -6.7E-02
Region -0.11 0.16 -4.0E-02 -4.7E-02
Constant 3.61%** -0.85 -0.55 -0.41
Pseudo R-square 0.04 0.06 0.1 0.06
Second set of models

Previous negative experience -0.47* 6.7E-03 0.19 -0.38*
Age -1.0E-02 -2.4E-02*  -3.0E-02**  -1.5E-02
Net farm income -1.3E-06 8.3E-06**  6.6E-06* 1.8E-06
Off-farm income -7.5E-06 1.7E-05* 8.4E-06 8.6E-07
Previous negative experience -0.47* 6.7E-03 0.19 -0.38%*
Constant 1.96%** 0.47 0.61 1.32%**
Pseudo R-square 0.04 0.1 0.09 0.03

wkk xE ¥ _significant at 5%, 10% or 20% level

Farmer-specific variables

Six farmer-specific variables were estimated in binary probit models. In dairy farming, risk
perception showed a positive impact only on the purchase of the disability insurance. In
arable farming, concerning the risk perception about storm that can destroy crops, a positive
impact was observed. It implies that arable farmers who perceive it as more risky were
more likely to insure their crops against storm. This finding was consistent with previous
studies by Ganderton et al. (2000), Kunreuther (2002), Kunreuther and Pauly (2004), Sher-
rick et al. (2004), Van Asseldonk et al. (2002), and theoretical insights of Harrington and
Niehaus (1999, p.150). Due to the worry of the negative outcomes, the probabilities of
catastrophic risks can be perceived higher than true objective probabilities. Thus arable
farmers were more likely to insure for avoiding of downside catastrophic risks. Contrary to
the expected positive impact, the negative impact of risk perceptions concerning damage to
buildings by hail and fire was observed with a probability of purchasing building insurance
against hail, fire or storm in arable farming. This can be explained by 1) the fact that par-
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ticipation in this insurance was mandatory by some banks and 2) a very low risk perception
that hail, fire or storm can damage their buildings (Kunreuther, 2002; Kunreuther and
Pauly, 2004).

In arable farming, the relative risk aversion had a positive impact on the probability
to purchase all insurance types considered — building insurance, crop insurance against hail,
storm and brown rot, and also disability insurance. This was consistent with a study by Van
Asseldonk et al. (2002). As according to the expected utility theory, for increased levels of
risk aversion decision-makers pay higher risk premiums (Hardaker et al., 2004; Harrington
and Niehaus, 1999). Therefore more-risk-averse arable farmers had a higher probability of
purchasing catastrophe insurance than less-risk-averse farmers. Contrary to our expecta-
tions and the results from previous studies, the relative risk aversion of dairy farmers did
not have any clear impact on the purchase of considered insurance types.

In arable farming, a previous negative experience had a positive impact on the prob-
ability of purchasing of insurance coverage of building’s and disability insurance. Arable
farmers usually have diversified set of activities and often experience losses from the
weather risks, and thus they were more prone to purchase insurance coverage from weather
related risks. A previous negative experience by dairy farmers, however, had a negative
impact on the purchase of the identical insurance types. This can be explained by the fact
that every farmer in the Netherlands has to insure the buildings, and the same concerns to
the purchase of disability insurance. But on the other hand, they rarely experience catastro-
phic risks. Therefore, historical payment for ‘almost nothing” might have a negative impact

on the future payments for these insurance types.

In arable farming, WTA had a negative impact on the purchase of catastrophe insur-
ance against storm that can damage crops and disability. The similar pattern was observed
by dairy farmers concerning purchasing of insurance coverage against FMD, BSE and
disability. WTA is considered as a substitute to catastrophe insurance, and thus farmers

relying on their wealth, were less probable to purchase catastrophe insurance.

The age of a farmer was expected to have a positive impact on the purchase of catas-
trophe insurance because older farmers were assumed to be more experienced with catas-
trophic risks (Mishra and Goodwin, 2003). Contrary to the expectations, the age of arable
farmers had a negative impact on the probability to purchase crop insurance against hail
and storm. The absence of negative disability experience could be the reason of being less
likely to purchase disability insurance. Older dairy farmers were less likely to purchase
FMD and BSE insurance. Only a few outbreaks occurred in the Netherlands, and many
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farmers responded the questionnaire did not experience these catastrophic risks. On the
other hand, insurance against FMD and BSE is quite an expensive new product, and farm-
ers who believe that outbreaks will never happen to them were less likely to pay high pre-

miums for FMD and BSE insurance.

The age of a dairy farmer had a high positive correlation with the availability of a
successor. Likewise the farmer’s age, availability of a successor in dairy farming also had a
negative impact on the purchase of insurance against FMD and BSE. Most of the dairy
farmers who were less likely to purchase FMD and BSE insurance have not experienced
FMD and BSE outbreaks, and the same attitude could be communicated to their successors
(sons). In arable farming, the availability of a successor showed a positive significant im-
pact on purchasing of insurance coverage against building’s damage/destruction by hail,
fire or storm. Oppose to dairy farmers, arable farmers were more experienced with weather
risks. Thus the negative experience of father or both a farmer and a successor, if they work
together, could force to purchase a catastrophe insurance against weather-related risks.

Farm variables

Three farm variables were estimated in binary probit models. For arable farmers, the re-
gional variable was significant and had a negative impact: farmers in the South were less
likely to purchase crop insurance against hail than farmers in the North. The regional vari-

able did not have any impact on the purchase of insurance against FMD and disability.

In arable farming, as expected, the net farm income had a negative impact on the
probability that a farmer would purchase insurance against brown rot and disability, imply-
ing that they would prefer to accumulate their core profits instead of spending them on
insurance. In dairy farming, net farm income had a positive impact on the purchase of in-
surance against FMD. This finding was contrary to the expectation that dairy farmers that
are wealthier (because of accumulating incomes) than arable farmers could consider self-
insurance as an alternative to commercial insurance. Thus having a high initial wealth posi-
tion, dairy farmers could save more income from core activities to increase financial ca-

pacities for self-insurance or would be likely to insure less (Coble et al., 1996).

As net farm income, the off-farm income was expected to have a negative impact on
purchase of catastrophe insurance because it could be viewed as a source of accumulating
wealth that is a substitute to catastrophe insurance. Oppose to that, a positive impact was
observed for the purchase of crop insurance against hail in arable farming. Off-farm income
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showed a positive impact on FMD and BSE insurance purchase by dairy farmers. This
finding was consistent with Ogurtsov et al. (2007), but not with empirical studies by Gan-
derton et al. (2000), Mishra and Goodwin (2003), and Sherrick et al. (2004). The reason for
that could be that the substantial part of the off-farm income in the Netherlands is presented

by social security payments received from insurance companies.

4.4.2 Ordered probit models

In both sectors, farmers were divided into groups for each type of insurance considered,
based on the annual premium paid. For both types of farmers the following groups were
taken: 1) non-insured farmers, 2) farmers in the group of € 1-1000, 3) farmers in the group
of € 1001-4000, 4) and farmers paying above € 4001 per year per insurance type. The re-
sults of the ordered probit models were similar to the results of the binary probit models
(see Table 5) and will be briefly presented without repeating of argumentation provided

before.
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Table 5. Results of ordered probit models

Model

Marginal effects

Variables . Not 1-1000 1001-4000 > 4001
coefficient
insured Euro Euro Euro
Arable farming

Buildings
Number of farms 65 16 12 32 5
Risk perception hail-buildings -0.38* 8.0E-02* 5.8E-02 -8.8E-02 -5.0E-02*
Net farm income 7.0E-06%*** -2.1E-06%*** -6.3E-07 1.9E-06*** 8 5E-Q7*%*

Hail-crop
Number of farms 65 25 24 16 -
Risk perception 0.36* -0.13%* 2.1E-02 0.11* -
WTA -0.23%* 8.6E-02%* -1.3E-02 -7.30E-02 -
Net farm income 6.7E-06*** -2.5E-06%** 5.2E-07 2.0E-06*** -

Storm-crop
Number of farms 65 17 10 33 5
Risk perception -0.51* 0.13* 5.9E-02 -0.11%* -7.5E-02*
WTA -0.28%%* 7.2E-02%** 1.9E-02** -6.3E-02*%* -4 1E-02%**
Successor 0.67* -0.13** -8.5E-02 8.5E-02%%* 0.13
Net farm income 6.2E-06%** -1.9E-06*** -4.6E-07* 1.7E-06*** 7 5E-Q07**

Brown rot
Number of farms 65 34 26 5 -
Risk perception 0.88%** -0.35%%* 0.25%* 9.9E-02%** -
WTA -0.26* 0.10* -7.4E-02* -2.9E-02* -
Successor 1.64%** -0.49%%* 9.70E-02 0.39%* -
Region -0.80%** -0.3 %% -0.24%* -7.2E-02* -
Off-farm income -2.9E-Q5%** 1.1E-Q5%** -8.6E-06** -2.7E-06** -
Net farm income 7.5E-06%** -3.0E-06*** 2.3E-03*** 7.1E-07** -

Disability
Number of farms 65 33 7 22 3
Successor 0.83%** -03 [H** -1.3E-02 0.20%** 0.12
Region -0.72%* 0.28*** -1.2E-02 -0.21%** -5.6E-02*
Off-farm income -2.0E-05** 8.1E-06** -4.3E-07 -6.1E-06** -1.6E-06*

Dairy farming

Buildings
Number of farms 113 18 26 63 6
Risk perception storm-buildings 0.29* -5.7E-02 -4.9E-02 4.7E-02 2.9E-02
Net farm income -3.3E-06* 7.7E-07* 4.7E-07* -9.3E-07* -3.1E-07*
Off-farm income 1.6E-05** -3.8E-06* -2.3E-06* 4.5E-06* 1.5E-06*

Disability
Number of farms 113 40 9 42 22
WTA -0.11* 3.8E-02* 3.1E-03 -9.6E-03 -3.2E-02*
Net farm income 3.7E-06* -1.4E-06* -8.5E-08 -4 6E-07* 9.9E-07*

wxk Rk ¥ significant at 5%, 10% or 20% level
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In arable farming, the set of insurance types analysed in binary probit models was
also used for ordered probit models. As stated above, for dairy farmers, premiums of four
types of insurance were analysed: FMD, BSE, buildings and disability. However, in models
of purchasing insurance against FMD and BSE, it was not possible to make a distinction
between groups, because 90% of the farmers were in the uninsured group, and the remain-
ing 10% were in the low-premium group (see Table 1). We present the variables that had a
significant impact on the amount of the insurance coverage purchased.

Positive impacts of risk perception were obtained in arable farming concerning pur-
chase of crop insurance against hail, brown rot of potatoes, and disability insurance mainly
because of the farmers from the highest premium groups. Note that risk perception in non-
insured group had a negative impact on the amount of premium paid. The explanation used
in binary models is also applicable for ordered models. As in binary model of building’s
insurance, in ordered model the negative impact of risk perception on purchase of build-
ing’s insurance was observed in arable farming. Contrary to binary model, the risk percep-
tion concerning storm affecting crops was negatively correlated with the amount of pre-
mium paid for corresponding insurance, and that was represented by arable farmers from
the highest premium groups. In dairy farming, only the risk perception concerning storm
that can damage/destroy buildings was significant and had a positive impact on the amount
of premium paid for building’s insurance. Note that in binary models risk perceptions were

not significant for dairy farmers.

In both types of farming, WTA had a negative relationship with catastrophe insurance
coverage purchase, as in binary models. This concerned purchase of crop insurance against
hail, storm and brown rot by arable farmers, and also to disability insurance by both arable
and dairy farmers.

Likewise in binary model of building’s insurance purchase, arable farmers with a
successor paid higher insurance premiums for crop insurance against storm and disability
insurance than arable farmers without a successor. The availability of a successor was not

correlated with purchases of catastrophe insurance in dairy farming.

As in hail-crop binary model in arable farming, the regional variable was significant
for purchase of brown rot and disability insurance by arable farmers and had the same di-
rection of impact: farmers in the North purchased more insurance coverage than farmers in
the South of the Netherlands. This finding was observed for all premium groups, except the

non-insured group of farmers for disability insurance.
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Likewise in binary models in dairy farming, in ordered probit models the net farm
income had a positive impact on purchase of disability insurance by arable farmers and
dairy farmers, and also on purchase of crop insurance against hail, storm and brown rot by
arable farmers. Oppose to this finding, in general, dairy farmers with higher net farm in-
comes paid more premium for building’s insurance, however different impacts were ob-

served between premium groups.

Arable farmers with higher off-farm incomes purchased less disability insurance
against insurance against brown rot affecting potatoes. This result was opposite to the posi-
tive relationship observed in binary model for purchase of crop insurance against hail. As in
binary model on FMD insurance, dairy farmers with higher off-farm incomes purchased

more insurance coverage to protect their buildings.

4.5 Discussion

Arable and dairy farmers showed to some extent different behaviours with respect to pur-
chase of catastrophe insurance, originating from different conditions of doing business. In
arable farming, the situation was more in line with expectations from previous studies.
Purchase of insurance against one peril was strongly correlated with purchase of insurance
against another one. The main catastrophe insurance types were insurance of crops against
hail, storm and brown rot. Purchase of various forms of crop insurance, a well-known type
of insurance, was influenced by both farmer and farm variables, with the same direction of
impact observed as in previous studies. Risk perception and risk attitude were found as

important variables that explain purchase of catastrophe insurance coverage.

Arable farmers faced catastrophic risks more often, and so they tended to buy more
insurance and insure more risks. Greater negative experience of such risks may also lead to
higher risk perceptions, compared with dairy farmers. Catastrophe events in arable farming
are mostly of a natural character and usually considered an ‘act of God’, and happen more
often than in dairy farming. In this sense, it was easier for arable farmers to form a judg-
ment about the probability of occurrence of various perils, and to assess how big the losses
could be, in order to be able to compare the perceived risk with the cost of insuring.

On the other hand, arable farmers, in general, are also likely to take into account the
effect of global warming that may potentially increase the probability of hail, storm and

brown rot. Arable farmers also tended to insure their buildings against hail and storm, and
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in this respect the decisions concerning crop insurance and/or previous crop damage may
influence purchase of insurance against damage of buildings. Compared to dairy farming,
insurance of buildings in arable farming could be better explained by farm and farmer char-

acteristics in line with previous studies.

FMD and BSE epidemics were the most severe risks for dairy farmers. Insurance
policies against FMD and BSE are quite new in the Netherlands, and only few farmers were
insured. Little previous negative experience of catastrophe events seemed to play a crucial
role in catastrophe insurance decision making by the Dutch dairy farmers. Dairy farmers
may also underestimate these catastrophic risks, speculating that they will never happen to
them (Kunreuther, 2002; Kunreuther and Pauly, 2004). Only a few outbreaks of livestock
epidemics have occurred in the Netherlands, and these affected only a limited number of
farmers.

Therefore, due to the lack of historical data, it was also hard for farmers to estimate
the probability of occurrence of such catastrophe events. The lack of historical data and
experience probably explain the failure of models to estimate the impact of risk attitude in
all models in dairy farming. The same reasoning could be concerned to the impact of risk
perception on insurance purchase in the models of FMD and BSE insurance.

Other farmer-specific and farm variables were also found important determinants in
the purchase of insurance in dairy farming. Farm/farmer wealth seemed to play an impor-
tant role in the insurance purchase of dairy farmers: wealthy dairy farmers tend to prefer to

self-insure rather than to purchase what they perceived as expensive commercial insurance.

Risks related to damage to buildings by hail, fire or storm and disability insurance,
were perceived by dairy farmers as secondary. The other reason for the failure to estimate
the impact of risk perception could be that almost every dairy farmer insures buildings in
the Netherlands, since such insurance is required by banks providing long-term credit.

A potential limitation of this study could be a presence of self-selection bias result-
ing after conducting a questionnaire survey. One might expect that one type of farmers was
more likely to respond or responded accurately so that, for instance, risk attitude was sig-
nificant only in arable farming. Unfortunately, due to unavailability of data on the non-
respondents from both arable and dairy farming, we could not test differences on gathered

data between respondents and non-respondents. Biased answers could occur due to the
difficulties to provide insurance information because farmers often purchased combined
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insurance policies. Some bias could be also present in elicitation of scores for risk percep-
tion and risk attitude.

However, we could argue that the potential bias was reduced to some extent by high
response rates in both types of farming (about 50%) obtained by random selection of farm-
ers by LEI, which was high enough for these types of surveys. This means that farmers did
not have much difficulty in providing answers. The bias that one type of farmers is more
likely to respond could be mitigated by the fact that both arable and dairy farmers partici-
pating in the questionnaire were identically represented by regional variable.

4.6 Conclusions and implications

This paper presents the results on models that explain purchase of catastrophe insurance. A
major contribution of the paper is the investigation of farmer-specific (risk perception, risk
attitude and other variables) and farm variables that influence purchase of different types of
catastrophe insurance by two different types of farming. The results of the study could be
used as guidance for improvement of existing and development of the new agricultural
insurance policies. The major implications of the study are presented below.

This study showed that for both types of farming the risk perception, highly corre-
lated with previous negative experience and insurance practice, was the most important
farmer-specific variable explaining purchase catastrophe insurance. Concerning risk atti-
tude, it was significant mainly in arable farming.

Insurance companies need to realise that risk perceptions can change in course of
time. That was observed by their impacts on purchases of different types of catastrophe
insurance. For existing insurance products, such as building’s and disability insurance,
farmers rarely experience losses, and that might result to low perception of those risks, and
thus to unwillingness to purchase these types of insurance. However, high perception of
crop risks that farmers experience quite often, may result in purchases of higher insurance
coverage. That was observed on the risk perceptions concerning the crop risks by arable

farmers.

Risk aversion was found as an important variable explaining purchase of catastrophe
insurance by arable farmers. In reality, risk aversion can hardly be observed, however a
complex of variables associated with a farm size, used and rented land, value of debt and
turnover, could be an indication to the risk aversion and be used by insurance policy-

makers.
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Insurance companies need to realise that farmers, even highly perceiving catastro-
phic risks, are much concerned about their wealth. And thus, farmers with higher net farm
incomes used for wealth accumulation, can be viewed by insurance companies willing to

self-insure and purchase less catastrophe insurance.
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Abstract

This paper compares alternative ways of conducting a farm risk analysis using sparse data
with a special reference to catastrophe events. For this purpose kernel and multivariate
normal smoothing procedures are proposed and applied to generate (simulate) the joint
distributions of crop yields and prices. The analysis showed that the functional forms cho-
sen to generate the joint distribution substantially impacted the density in the tail of the
distribution, although they were parameterised with the same data. The differences in the
optimal farm plan (i.e. activity levels) resulting from the optimisation of net farm income,
obtained from a utility-efficient programming model, were less profound.

Keywords: catastrophic risk, kernel, normality, utility-efficient programming, SERF, ar-

able farmer
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5.1 Introduction

Farmers often face risky events in agriculture. Risk means the possibility of a loss of in-
come or property resulting from some event (Pritchet et al., 1996). Catastrophic risks are
infrequent events, but can cause large losses to farmers. For a proper risk assessment of
catastrophe event, its probability and magnitude needs to be taken into account. The as-
sessment should ideally be based on a long-term and reliable farm-level history. But, in
practice, farm-level data is often very sparse to provide a good and reliable basis for such a
risk assessment (Hardaker et al., 2004), and this is certainly the case when focusing on
catastrophe events. The reliability can be enhanced by eliciting subjective probability
judgments, in addition to the available data (Hardaker and Lien, 2005). Furthermore, it is
advised to smooth the sparse data (i.e. interpolating between observations and extrapolating
outside observations) by fitting a parametric or empirical distribution (Shlaifer, 1959;
Anderson et al., 1977, pp.42-44). However, by smoothing the data in such a way, the risk
analyst might face the problem of over representing the middle part of the distribution and
underestimating one or both tails. Catastrophes cause a serious downside risk, and therefore
it is important to analyse the tail of the distribution very carefully by investigating alterna-
tive tail estimations. Before the smoothing procedure, a realistic assumption should be
made about the upper and lower bounds, ensuring that the distribution will be a reasonable

approach to include the downside and upside tails.

One of the ways to smooth data and to include the downside and upside tails is to fit
the sparse data to a (parametric) normal distribution. There is a continuous discussion about
the applicability of normal distribution assumptions of yields in agriculture (i.e. Antwood et
al., 2003; Galagher, 1987; Just and Weninger, 1999; Ramirez et al., 2003; Swinton and
King, 1991). The problem arises because it is difficult to reject normality assumptions,
especially when data is sparse. For catastrophe events, it is generally hard to obtain 10
relevant observations under the same economic policy, management regime, farm program
or trade policy (Just and Weninger, 1999; Richardson, 2006). At least twenty or more ob-
servations are usually required to test with any accuracy whether a distribution is normally
distributed or not Richardson (2006). Non-normality might therefore be masqueraded as

normality, simply because of the misspecification of the test (Just and Weninger, 1999).

Normality is not likely because upward potential of yields is biologically bounded
and there is a risk of (complete) crop failure because of, for example, adverse meteorologi-
cal circumstances (Galagher, 1987). Many studies stated that crop yields are skewed and do
not follow normality (Just and Weninger, 1999; Galagher, 1987; Antwood et al., 2003;

&3



Chapter 5

Swinton and King, 1991; Ramirez et al., 2001). However, Just and Weninger (1999) argued
that many studies that rejected normality are typically cited as the basis for making non-

normality assumptions but are no better individually justified than normality.

Alternatively to a parametric normal distribution, the technique of kernel density es-
timation (KDE) can be used to generate unobserved data to supplement sparse data. The
KDE procedure is a non-parametric approach of smoothing data by hand. Instead of mini-
mising the sum of squared residuals, the KDE method weights observations on relative
proximity to estimate the probability. The estimation of the probability at a given point
depends on a pre-selected probability density. In that way the kernel is analogous to the
principle of local averaging, by smoothing, using evaluations of the function at neighbour-
ing observations (Yatchew, 1998). Therefore, the probabilities in the tails depend largely on
the choice of kernel. Kernel density smoothing procedure is popular in many fields, but it is
not widely used in agriculture (Richardson et al., 2006), and only a limited number of agri-
cultural studies were conducted (i.e. Hardaker et al., 2006; Richardson et al., 2000;
Richardson et al., 2006). In the early work of Richardson et al. (2000), analysis of simu-
lated statistics showed that the KDE gives acceptable results for simulating sparse data.
Hardaker et al. (2006) suggested that in case of sparse historical data, additional informa-
tion and judgments need to be incorporated about the tails of the distribution when applying
the KDE approach to improve the confidence of the results. Richardson et al. (2006) found
that KDE provided better results than parametric distributions and a linear interpolation of

the empirical distribution.

In complex systems with more than one activity, like farming, the stochastic depend-
ency needs to be accounted for (Hardaker et al., 2004). Ignoring stochastic dependency
between risky prospects in farm planning can be seriously misleading (Richardson et al.,
2000). For example, crop yields tend to be positively correlated in that a good year for one
crop also often suits other crops, and vice versa. Similarly, prices for several kinds of farm
products tend to move together, depending on general economic conditions (Hardaker and
Lien, 2005). Therefore the univariate normality versus the univariate KDE debate needs to
be up scaled to multivariate normality (MVN) versus multivariate kernel density estimation
(MVKDE).

This paper compares alternative ways of conducting a farm risk analysis using sparse
data with special reference to catastrophe events. For this purpose MVKDE and MVN
procedures are applied to simulate the joint distributions of crop yields and prices. Six case

farms were chosen to reflect the conditions of typical Dutch arable farms. The risk analysis
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focuses on the impact of the functional form, chosen to generate the joint distribution, on
the density in the downside tail. Subsequently, the result of incorporating the downside tail
alternatively into optimised net farm income and obtain farm plan is addressed by applying

utility-efficient programming (UEP).

5.2 Methods to characterise catastrophe events in farm
planning models

In this section the methods of MVN and MVKDE procedures are described, which can be
used to generate the required probability distributions that then can be incorporated into

UEP models for obtaining the optimal farm plans.

5.2.1 Simulation procedure for the multivariate normal distribution

An MVN distribution for some random variables (crop yields and prices) is specified by
three components: a (deterministic) component capturing the mean (i.e. the expected value
of the observations), a (stochastic) component based on the variance, and a multivariate
component based on covariances of the observations. The steps for constructing an MVN
distribution are the following (Richardson, 2006):

1. Calculate the best possible model to predict each variable, whether this is simply the
arithmetic mean, or based on a trend regression, a multiple regression, or a time-series
model;

2. Calculate the residuals based on the prediction for each random variable;
3. Calculate variances for each variable using their residuals;

4. Calculate covariances using their residuals.

5.2.2 Simulation procedure for the MVKDE
Besides the MVN procedure also the MVKDE simulation procedure will be applied to

simulate the joint distribution of random variables (crop yields and prices) alternatively.
The procedure in specifying MVKDE distribution consists of the following steps (Richard-
son et al., 2006):
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e From the matrix of observations (yields and prices, usually historical de-trended)
the covariance matrix Ry, is estimated and then factored by Cholesky decomposi-
tion so that P=RR’, where P is identity matrix, where & is a set of variables (yields

and prices) and T is used to transpose matrix R into R’.
e The minimum, X Min, j and maximum X, ; bounds for each variable k are then
determined. The cumulative probabilities for these values are assumed

F(X 4, )=0and F(X ) =1, where j =1,...k is one of the k variables.

Max,j
e For each variable &, a new vector of X 3» of dimension § (s=2,...,S) is created
with a given minimum X ,Ai = X, ,; (1.e. s=1 for the minimum observation) and

maximum X ; i = X gy, Y the formula:

1
4 _ A
Xy _[S—IJ(XM(MJ _XMin,j)+X(S—1)J @

e The smoothed percentiles for each X 3 between the extreme points

F(X,;,;)=0 and F(X )=1 are calculated based on KDE (Silverman,

Max, j

1986; Scott, 1992). For each variable j the smoothed percentile is evaluated at a
given point X ;. as:

A

n X_X
F(XS’;):LZKM )

nh; iz h;

Where K(-) is cumulative kernel function associated with a symmetric continuous kernel

X
density k() such that K(x) = [k(t)dt, and h; is the bandwidth of the variable /.
—00

With a specific kernel function, the value of bandwidth, called a smoothing parame-
ter, determines the degree of averaging in the estimate of the density function. Bandwidth is
also called standard deviation of the kernel density function. It is important to choose the
most appropriate bandwidth because a value that is too small leads to under-smoothed data,
or if too large to over-smoothed data. When a bandwidth decreases towards zero, the num-
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ber of modes increases and the KDE is very noisy. As bandwidth increases to infinity, the

number of modes drops to one, so that the KDE displays a unimodal pattern.

The best criterion to select a kernel is the smallest root mean square (RMSE) of re-
siduals between the historical kernel cumulative probabilities and probabilities for the ker-
nel function.

Formula (2) can be used for a univariate KDE. If the interest is in a multivariate dis-
tribution, covariances of underlying random variables have to be taken into account. In this
way the MVKDE procedure can be used to incorporate the stochastic dependency
(Richardson et al., 2006). Then the simulation of MVKDE would take the following steps:

1. Generate correlated uniform standard deviates (CUSDs) from the observed ran-
dom variables; the result will be a value between 0 and 1.

2. Given the CUSD;, along with respective vectors X ; and smoothed percentiles

F (X ; ) with a scale (including F( X, ;)=0 and F(X )=1) between the

Max,j
nearest lower ﬁL (X LAj ) and nearest upper ﬁL (X {jj )percentiles interpolate

among the X ; random vector of X j is generated.

The final formula of the generated MVKDE vector is the following:

S 4 y 4 )« (CUSDj_ﬁL(XZ))
X‘i—XL/+(XW_XL-i) (FU(XLIZ-)_IE‘L(XZ)) :

Goodness-of-fit tests can be conducted whether the simulated joint MVN and

MVKDE distributions of yields and prices are appropriate.

5.2.3 Utility efficient programming (UEP)

UEP is a mathematical programming method and can be used for optimising farm plans. In
UEP the expected utility of the farm plan is maximised. UEP is a non-parametric method,
which implies that it is free of distribution assumptions and includes the joint distribution
by means of so-called ‘states of nature’ (i.e., specific combinations and probabilities of
possible outcomes). UEP takes the following form (Hardaker et al., 2004):

Maximise E/U]=p U(z, r), r is varied 4

Subject to
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Ax<=b 5)
Cx-Iz=U(zr) (6)
And x>=0, (7

Where E/U] — is expected utility;

z —is a vector of farm incomes by state of nature;

r —is a coefficient of risk aversion;

p — is a probability of each state of nature;

U(z,r) — is a vector of utilities of farm incomes by state of nature with risk aversion level r;
A —is a vector of technical-economic coefficients per each activity;

x —1is a vector of activities;

b —is a vector of available resources (constraints) ;

C — is a vector of state of nature matrix of activity incomes;

I — is an identity matrix.

In most cases r represents a coefficient of absolute risk aversion. As long as the risk
aversion coefficient of a farmer is not known, a range of risk aversion coefficients can be
considered for modelling. Hardaker et al. (2004) developed a method of SERF, where al-
ternative farm plans can be provided in terms of certainty equivalents as a measure of risk
aversion over a definite range, developed by Anderson and Dillon (1992). For a risk-averse
farmer, the coefficient of relative risk aversion of wealth r,(W)" varies from 0.5 to 4, typi-
cally about 1, with the following interpretation: 0.5 — hardly risk-averse at all, 1.0 — some-
what risk-averse (normal), 2.0 — rather risk-averse, 3.0 - very risk-averse, 4.0 — almost

paranoid about risk.

5.2.4 Available sparse data and optimisation constraints

For the current analysis, six Dutch arable farms were selected from the Farm Accountancy
Data Network (FADN) database. The FADN data is an official European Union dataset,
which includes detailed farm-specific data of, among other things, yields per unit per crop.
Prerequisite for the selection of the arable farms was that at least ten consecutive years with
observations were available for a farm to be selected. The corresponding number of states

Absolute risk aversion coefficient is usually calculated as a proportion of the relative risk aversion coefficient to
wealth.
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of nature ranged from 11 up to 13 for the farms under study (Table 1). The main crops in

the production plan constituted consumption potato, wheat, rye and sugar beet.

Table 1. Summary of characteristics of the farms selected

Farm Period with Cultivated

. Main activities in production plan
number  observations area (ha) v produ p

1 1992-2004 17 potato, wheat, rye, sugar beet
1I 1994-2004 80 potato, wheat, sugar beet
I 1994-2004 101 wheat, rye, sugar beet
v 1994-2004 37 potato, wheat, sugar beet
A% 1994-2004 205 wheat, rye, sugar beet
VI 1994-2004 155 potato, wheat, sugar beet

The farm-specific yields observed in the states of nature were de-trended by a linear func-
tion (formula 8):

2
Vit =0y T ﬂq” +¢&, &~N(,0°) (3)
where y git - is yield unit of activity ¢ on farm i in year ¢ (+=1,...,7T);
a, - is the regression constant for activity ¢ on farm 7;

p i is the systematic change per activity ¢ on farm 7 (it is assumed that the trend caused
by technological change among other things will continue in the future);
¢ is a normal distributed random error term (Murdoch, 1966, p.34).

Farm gate prices and costs of production were assumed to be identical for all farms
considered. The average annual crop prices were de-trended by Paasche equation with the
consumer price index (CPI) as deflator (Mas-Colell, 1995, p.37).

pqt
I(p), =—* ©)

qay

where I(p) ot is a deflator price of activity ¢ in year ¢ (+=1...7);

Py is volume of price of activity ¢ in year ¢,
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and p o is the fixed volume of price of activity ¢ in basic year y.

Crop specific production costs were obtained from norms (see Dekkers, 2002) and
were equivalent to prices de-flated. Following usual crop-rotation rules, cereal crops (e.g.,
wheat and rye) were restricted to a maximum of two-thirds of the cultivated area. Tuberous
crops (consumption potato and sugar beet) were restricted to a maximum of one-third of the
cultivated area. Each crop was also restricted to the maximum observed area in its past (i.e.,

11-13 years). Moreover, for sugar beet, the maximum quota limitations were accounted for.

5.2.5 Expanding the states of nature matrix for MVN and MVKDE to
account for catastrophe events

MVN and MVKDE approaches can be applied to generate a more enhanced sample than
the observed sparse data as explained before. By doing so, it will make them more relevant
and reliable to the uncertainty to be faced in the future farm planning period to date having
been accounted for, among other things, catastrophe events. The densities in the downside
tails are predefined when applying the MVN approach and root from the specified means,
variances and covariances. The MVN distribution can be truncated to prevent anomalies
occurring (e.g., negative yields and prices). Given the MVKDE procedure, subjective

maximums and minimums need be added prior to the sampling.

Catastrophe events in arable farming, resulting into high losses, stem from numerous risks
(perils), for example, weather-related perils as hail, storm and drought. However, the differ-
ent catastrophic risks are generated simultaneously, since the applied MVN and MVKDE
approaches do not discriminate if a downside outcome originates from one peril or another
(no separate distributions are generated for different perils). Note that catastrophe events
correspond to extreme unfavourable outcomes, not necessarily the minimum value that is
specified for each KDE. For instance, a 50% reduction of the expected level is often re-

garded as a catastrophe event.

5.2.6 Computations

We used Simetar software to compare the MVN procedure with the MVKDE procedures
(Richardson, 2006). The following kernel density functions were applied: Cauchy, cosinus,
double exponential, Epanechnikov, Gaussian, Parzen, quartic, triangle, triweight and uni-

form (see Richardson, 2006). On the basis of the available historical yields, prices and

90



Modelling of Catastrophic Farm Risks Using Sparse Data

corresponding covariance matrix, the MVN distribution and each MVKDE alternative were
parameterised, and subsequently 500 states of nature (of yields and prices) were derived by
the Latin Hypercube (LH) sampling procedure. In this way, the impact of the functional
form on the joint distribution and the density in the downside tail could be studied. The LH
procedure was taken in favour of Monte Carlo simulation (MCS), because it divides the
distribution in an equal number of intervals so that tails with a downside risk and upside
potential are taken into account (Richardson, 2006). Contrary, MCS randomly selects
points, so that the tails can be underestimated even with a higher number of replications.
The minimum values, for both MVN distribution and MVKDE, equalled zero. The change
of the maximum affects the shape of the distribution, and the maximum values imposed
arbitrarily were calculated as the observed (from the limited sparse data) maximum value

plus one standard deviation’.

Subsequently, the impact of incorporating the downside tail alternatively when opti-
mising net farm income was addressed by applying UEP. Hereto, the 500 generated sam-
ples per alternative were incorporated as states of nature in UEP. Detailed results are pre-

sented for farm II, whereas only the aggregated results for the other five farms.

5.3 Results

5.3.1. Probability distributions of random variables
Graphical representation

The kernel functions under study were parameterised with the available states of nature, as
discussed before. The appropriate approach is to select subsequently the kernel function
with the smallest RMSE between the kernel itself and the historical (derived from the avail-
able states of nature complemented with the specified bandwidth). It was observed, how-
ever, that the density in the downside tail was underestimated for the majority of the ker-
nels. The only kernel function that encompassed a denser downside tail, inherent to catas-
trophic risks and imposed by an extremely lower bound, was the Cauchy kernel. The re-
mainder kernels definitely overestimated the middle section of the distribution and were

Different assumptions in defining the maximum value were considered: ‘maximum plus one standard deviation’,
‘maximum plus two standard deviation’ and ‘maximum plus three standard deviations’. The choice was made in
favour of the ‘maximum plus one standard deviation’ because it accommodates a more dense tail.
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equivalent to each other with respect to the downside tail. The double exponential and the
Parzen kernel functions are typical representatives of kernels that overestimate the middle
part and underestimate the downside tail. The remainder of this paper focuses therefore on
the normal distribution as well as the Cauchy, the double exponential and the Parzen kernel

functions.

For only farm II we elaborate on the generated cumulative distribution functions
(CDEF’s) and the corresponding test characteristics. Then, the general results for all farms
will be presented. In Figure 1 the CDF’s of yields and prices for consumption potato, wheat
and sugar beet are shown. For both yields and prices it can be seen that the Cauchy kernel
matched the downside tail better (e.g., entire crop failure). Exceptions were consumption
potato prices, where negative values of the downside tail were generated.
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Figure 1. Cumulative distributions of yields and prices for farm II

Since the Cauchy kernel captured the downside tail best, the crop yield distributions
simulated by the Cauchy kernel for all six farms were compared in Figure 2. As presented
before, identical prices were assumed for all the farms and are therefore not presented.

As can be seen, the Cauchy kernels of the several farms had a similar pattern, but

there were significant differences between the yield levels of the farms. The probability of
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an entire potato failure was almost 5% for farms I, IV and VI, while for farm II the most
extreme event was a potato yield of 5 tons per hectare with a probability of 2%. Note that
the observed crop plans of farms III and V did not comprise potatoes (Table 2).

In general, more extreme unfavourable wheat and sugar beet yields were generated
for farm II than for the other five farms. For example, given farm II the probability of an

entire wheat or sugar beet failure was approximately 3% and 5% respectively.
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Figure 2. CDFs of Cauchy kernel function yield distributions
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Test statistics

Several statistical tests were performed to validate whether the structure of the simulated
data adequately captured the structure present in the available sparse dataset. In Table 2 test
values and critical values for normality tests, Two Sample Hotelling T* Box's M test and
Complete Homogeneity test were summarised at the 95% confidence level. If the test value
does not exceed its critical value, then the null hypothesis is not rejected for the test under
consideration. The critical values for farms II-VI were identical and are shown in the last
column (equal number of degrees of freedom given three activities). The preceding column
depicts the critical values for farm I (number of degrees of freedom given four activities).

The skewness and kurtosis criterion of the MVN distribution showed that the hy-
pothesis that the data are multivariate normally distributed was not rejected (Table 2).
However, this finding can illustrate that the model with a limited number of states of nature

can be misspecified as in the study by Just and Weninger (1999).

Table 2. Tests statistics of different distribution assumptions

Farml FarmIl FarmIll FarmIV FarmV ~ Farm VI Crit. values for farms:
Distributions ILILIV,V
Test value 1 and VI

Skewness criterion

Normal 93.75 48.4 81.2 57.49 63.73 49.11 146.57 74.47
Kurtosis criterion
1.02 0.06 0.96 0.06 -0.98 -1.02 1.96 1.96
2 Sample Hotelling T2 Test
Normal 2.4E-05  0.277 2.5E-05  3.2E-05 1.7E-05 1.4E-05 15.87 12.83
Cauchy 1.623 0.534 0.588 0.545 0.829 0.658 15.87 12.83
Double exp.  0.022 0.01 0.005 0.005 0.023 0.02 15.87 12.83
Parzen 0.043 0.003 0.006 0.018 0.03 0.03 15.87 12.83
Box's M Test
Normal 31.65 25.24 21.3 22.9 32.96 23.23 51 32.67
Cauchy 61.9 47.36 41.07 48.23 60.5 43.8 51 32.67
Double exp. 16.61 27.79 2343 24.92 35.85 26.23 51 32.67
Parzen 11.91 24.74 22.07 22.7 33.59 33.59 51 32.67
Complete Homogeneity Test
Normal 45.14 37.7 33 33.51 48.25 33.96 60.48 40.11
Cauchy 96.6 73.15 67.13 74.38 92.48 67.01 60.48 40.11
Double exp.  27.01 42.51 37.43 37.9 53.94 40.06 60.48 40.11
Parzen 17.88 35.75 33.42 32.84 48.7 48.7 60.48 40.11
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The Two Sample Hotelling T? test was applied to test whether the mean vectors of
the simulated data and available sparse data were different. The hypothesis that the mean
vectors are equal was not rejected for all four distributions for each farm (at 95% confi-
dence level).

The Box’s M test was used to test whether the covariance matrices were equivalent.
The simulated and the historical covariance matrices were not statistically different at the
95% confidence level for the multivariate normal distribution for almost all farms (except
in case of farm V, where the test value of 32.96 was slightly higher than the critical value of
32.67). The hypothesis that the covariance matrices obtained from the Cauchy kernels are
equal to the historical covariance matrices was persistently rejected. For the double expo-
nential kernel, the hypothesis of maintaining the covariance structure was accepted for five
farms out of six (except farm V), while the Parzen kernel was appropriate four times (farms
Tup to IV).

To test simultaneously whether both simulated mean vectors and covariance matri-
ces were equal to the historical ones, the Complete Homogeneity test was used. The test
failed to reject (at 95% confidence level) that both simulated mean vectors and covariance
matrices are statistically equivalent to the historical ones for the normal distribution (except
farm V). Maintaining of the mean and covariance structure simulated by means of Cauchy
kernels was always rejected. The results from the double exponential and Parzen kernels
were rather mixed.

The test results differ from the study by Richardson et al. (2006), where the hypothe-
sis of the appropriate covariate structure between sparse and simulated data was preserved.
This might be explained by the fact that in their state of nature matrix very low yields were
observed, close to our extreme subjective minimums, whereas in this study the observed
states of nature did not represent observations in the downside tail.

5.3.2. Impact of input distributions on optimal farm plan

The optimal farm plans resulting in the maximal expected utility were obtained in GAMS
on the basis of a negative exponential utility function. The absolute risk aversion coeffi-
cients (Ra) were calculated as the proportion of the relative risk aversion (Rr) coefficients
(on a scale from 0.5 to 4) to the permanent income (for details see Hardaker et al, 2004).
The permanent income was obtained for each farm with a separate linear programming
model. Then for each level of risk aversion the optimal farm plan with corresponding cer-
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tainty equivalents (CEs), expected money values (EMV) of net farm income and risk pre-

miums (RP) were calculated’.

Table 3 presents the results obtained from UEP for farm II on the basis of MVN dis-
tribution and MVKDE (Cauchy, double exponential and Parzen kernels) of inputs. In gen-
eral, it can be seen, that if a farmer was more risk-averse, he was more prone to choose a
production plan comprising more less-profitable lower-variance crops (wheat instead of
potato) compared to the optimal plan achieved with Ral (implying that the decision-maker
is almost risk-neutral). The changes in the production plan correspondingly resulted into
changes in the net farm income. With increase of risk aversion the farmer was willing to

pay a higher risk premium.

% The risk premium is defined as the difference between EMV and CE and is expressed as a percentage, it is
calculated as RP%=Risk premium/EMV).
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Table 3. UEP results for farm II

Risk Activities
EMV, CE, .
Ra Rr E E premium  RP, % Sugar
uro uro (RP), Euro Potato  Wheat b 5
eet
Normality
Ral=Ra min SE-06 = 0.5 94941 81122 13819 14.6 26.4 37.6 16.0
Ra2 1E-05 = 1 83656 70826 12830 153 17.8 46.2 16.0
Ra3 2E-05 =~ 2 81356 61047 20309 25 16.0 48.0 16.0
Ra4 3E-05 = 3 81356 52406 28950 35.6 16.0 48.0 16.0
Ra5=Ramax 4E-05 =~ 4 81356 44753 36604 45 16.0 48.0 16.0
Cauchy

Ral=Ramin  5.0E-06 = 0.5 94422 74662 19760 20.9 26.4 37.6 16.0

Ra2 1.0E-05 = 1 82443 62262 20181 24.5 18.7 453 16.0

Ra3 2.0E-05 = 2 78243 50519 27724 354 16.0 48.0 16.0

Ra4 3.0E-05 =~ 3 78243 41702 36541 46.7 16.0 48.0 16.0

Ra5=Ramax 4.0E-05 =~ 4 78243 34617 43625 55.8 16.0 48.0 16.0
Double exponential

Ral=Ra min SE-06 = 0.5 93886 81586 12300 13.1 26.4 37.6 16.0

Ra2 1E-05 = 1 93458 72202 21257 22.7 26.1 37.9 16.0
Ra3 2E-05 = 2 79884 63047 16838 21.1 16.0 48.0 16.0
Ra4 3E-05 = 3 79884 57352 22532 28.2 16.0 48.0 16.0
RaS=Ramax 4E-05 = 4 79884 52669 27216 34.1 16.0 48.0 16.0
Parzen
Ral=Ra min SE-06 = 0.5 93656 84150 9505 10.1 26.4 37.6 16.0
Ra2 1E-05 = 1 93656 77292 16364 17.5 26.4 37.6 16.0
Ra3 2E-05 = 2 89239 68300 20939 23.5 23.1 40.9 16.0
Ra4 3E-05 = 3 79897 63781 16116 20.2 16.0 48.0 16.0
RaS5=Ramax 4E-05 = 4 79897 60779 19118 23.9 16.0 48.0 16.0

The impacts of alternatively specified input distributions on the optimal farm plan
(i.e., level of activities) were mixed. The allotted acreage in the farm plan of sugar beet,
which was the most profitable cropping activity, always corresponded to the maximum
quota allowed. The changes in production plans between potato and sugar beet between the
distribution alternatives were considerable for a ‘somewhat risk-averse’ (Ra2) and ‘rather
risk-averse’ (Ra3) farmer. For a ‘very risk-averse’ (Ra4) and ‘almost paranoid about risk’
(Ra5) farmer the production plan did not alter despite the differences in input distributions.
The net farm incomes (EMV) were not much different between the models based on a nor-
mal distribution, Cauchy, double exponential and Parzen kernels. For farm II, with Cauchy
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kernel distribution, which better incorporates the lower tail, the net farm income was lower

than for other distribution assumptions.

Substantial changes in the size of CEs were observed (Figure 3). As in theory, the
CEs are decreasing as a cost of paying for increasing risk aversion (Hardaker et al, 2004).
The decrease of CEs was steeper for Cauchy kernel, which better incorporates the downside
tail.
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30000
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Figure 3. CEs for farm I1

The conclusions drawn from farm II were also valid for the other farms under study.
The risk premiums increased if the level of risk aversion increased. It corresponded to the
decrease in CEs, due to worse optimal plans and increased levels of risk aversion.

5.4 Conclusions and discussion

Initially, the sample of historical data comprising 11 up to 13 observations of annual returns
for an individual farm situation, which is already difficult to obtain, was not appropriate to
analyse the impact of catastrophe events. However, the available sparse data was then used
to generate data by applying MVN and MVKDE procedures to incorporate the downside
tail. The analysis showed that the functional form chosen to generate the joint distribution

substantially impacted the density in tail, although they were parameterised with the same
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observations. The differences in the optimal farm plan obtained (i.e. activity levels) gener-
ated by UEP were less profound.

To specify kernel density functions, usually expert opinions are elicited to define
subjectively the minimum and the maximum values. If, on the basis of these subjective
judgments, it is believed that catastrophe losses do occur (such as an entire crop failure),
one might be inclined to specify the lower bound accordingly (equal or close to zero). It
was observed that the normal distribution and all kernels, except the Cauchy kernel func-
tion, underestimated the impact of these beliefs, thereby neglecting the downside tail of the
distribution. Note that the upper bound was arbitrary augmented to the value of the mean
plus one standard deviation. Limiting the upside potential will definitely have its impact of

the density over the whole distribution, thus also the downside tail.

The statistical tests showed that the simulated mean vectors from the Cauchy kernel
were not statistically different from the mean vectors of the sparse data. Furthermore, the
covariance structure was statistically different. However, it was not logical to expect that on
the basis of the available sparse data, in which catastrophe states of nature were absent, the
covariance structure of the Cauchy kernel distribution would not change. Sensitivity analy-
sis, by altering minimum and maximum values, consequently rejected the hypothesis that
the covariance structures of sparse and simulated data were approximately identical. The
limited available observations were only positioned in the mode part of the kernel density,
and therefore it was not possible to simulate the appropriate tail data on the basis of the
observed data (under the assumption that catastrophe events did not occur).

In the statistical field, there is extensive discussion about the choice of bandwidth.
For this paper we used the standard bandwidth settings in Simetar. However, changing of
bandwidth parameters could result in different estimates of the low tail. Thus, there is a

need to explore the effect of bandwidth choice in farm-level catastrophe simulation models.

Contrary to the asset integration assumptions, in which the decision-maker views
gains and losses as a change in wealth position, this paper applied the measure of perma-
nent income for UEP on the basis of constant absolute risk aversion properties of the ex-
pected utility function. According to these assumptions, farmers make their decisions on the
basis of the annual incomes that are permanent in the long term. By doing so, relatively
high risk premiums to avoid downside risks are expected. Alternatively, if wealth measures
were taken as the basis of rational decision making, differences in the optimal farm plans
would be limited between alternatively generated joint distributions. However, when a

more simplistic utility function containing target minimum level of net farm income is the
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basis for decision making, then the approach how the tail is included does certainly affect
the optimal farm plan.
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Abstract

This paper analyses the decision making problem describing how farmers can cope with
catastrophic yield risks, and more specific to the option to insure and not to insure. For this
purpose a single-crop two-state approach was compared to a multi-crop multi-state portfo-
lio approach, which were both parameterised with farm-specific production data as well as
farmer-specific perceptions. We compare the preferred options whether the decisions is
based on a farm income or terminal wealth. The analysis showed that if a farmer makes
decisions only in terms of an income-based utility function he is more prone to purchase
catastrophe insurance. The models showed that those decision-makers who perceived that a
risk would relatively seldom occur were less inclined to insure and self-insurance would be
preferable. However, if insurance decisions are made only on the basis of the single-crop
two-state approach, they may differ from portfolio results because of alternative risk reduc-

ing options such as a diversification are not taken into account.

Keywords: catastrophic risk, insurance, normality, Cauchy kernel, utility-efficient pro-

gramming
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6.1 Introduction

Arable farming is a risky business. Risk means the possibility of a loss of income or prop-
erty resulting from some event (Pritchet et al., 1996). Catastrophic risks are infrequent
events, but can cause large losses to farmers. To cope with catastrophic yield risks, arable
farmers can transfer the risk by purchasing insurance (being either single-peril or multi-
peril crop insurance). In multi-peril crop yield insurance, indemnities are paid to a farmer if
the actual yield falls below its guaranteed yield (Helms et al., 1990), while in case of a
single peril insurance farmers are indemnified if that specific peril caused losses exceeding
the deductible level.

It is difficult for crop producers to fully understand the complex steps in evaluating
the crop insurance decision (Helms et al., 1990; Zering et al., 1987). The decision entails
often which perils should be insured and at what levels of deductibles in case of single-peril
crop insurance (e.g. hail or storm if such coverages are available). For multi-peril crop
insurance the decision entails the level of guarantee preferred. Given a typical diversified
arable farm the decision problem becomes even more complex since these options should
be explored for all crops. However, the merits of each particular insurance option cannot be
assessed stand-alone since such partial analyses may be flawed, perhaps misleading, espe-
cially (but not solely) where the activities analysed are strongly negatively correlated with
other parts of the farm firm (Hardaker and Lien, 2005; Hardaker et al., 2006; Richardson et
al., 2006), and need therefore to be accounted for (Hardaker et al., 2004).

Without proper individual farm production data, it is impossible to examine the ef-
fectiveness of crop insurance at an individual farm level (Wang and Zang, 2003). However,
it is generally hard to obtain 10 relevant historical farm observations under the same eco-
nomic policy, management regime, farm program or trade policy (Just and Weninger, 1999;
Richardson, 2006). One of the ways to smooth data and to include downside and upside
tails properly is to fit the sparse data to a (parametric) normal distribution. However, nor-
mality is not likely because upward potential of yields is biologically bounded and there is
a risk of (complete) crop failure because of, for example, adverse meteorological circum-
stances (Galagher, 1987). Many studies concluded that crop yields are skewed and do not
follow normality (Antwood et al., 2003; Galagher, 1987; Just and Weninger, 1999; Ramirez
et al., 2001; Swinton and King, 1991). Some studies stated that the beta distribution is ad-
vantageous to a normal distribution (e.g. Hart et al., 2006). However, Just and Weninger
(1999) argued that many studies that rejected (multivariate) normality are typically cited as
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the basis for making non-normality assumptions but are no better individually justified than
normality. An alternative way to generate unobserved data to supplement sparse data is to
apply the multivariate kernel density estimation (MVKDE) that also accounts for stochastic
dependency (Hardaker et al., 2006; Richardson et al., 2006). This is a non-parametric ap-
proach with similarities to the approach of smoothing data by hand. The estimation of the
probability at a given point depends on pre-selected probability density characteristics. In
general, the normative methods applied and assumption made to supplement sparse data

will definitely affect the estimated effectiveness and thus the adoption of crop insurance.

In literature, it is hardly recognised that such normative models with personal char-
acteristics of the farm manager himself (i.e., risk attitude and risk perception) influences
decisions to insure catastrophic risks or not. According to Dillon and Hardaker (1993), risk
attitude is the extent to which a decision-maker seeks to avoid risk or is willing to face risk.
Risk perception is the subjective statement by decision-makers of the risky event under
consideration; it is more like the mental interpretation, decomposed as the probability of the
event occurring and the magnitude of the loss (Hardaker et al., 2004; Smidts, 1990).

The expected utility approach is often applied to encompass these farmer’s personal
characteristics. The incorporated utility functions are based on either constant absolute risk
aversion (CARA) properties for income or constant relative risk aversion (CRRA) proper-
ties for wealth. The shape of utility function refers to degree of farmer’s risk aversion. Most
farmers are commonly assumed to be risk-averse (Hardaker et al., 2004).

The insurance decisions in terms of CARA and CRRA can be modelled either by a
simple single-crop two-state risk models discriminating between the option to insure a
single risk or not, and including only the states of nature describing the catastrophe event
occurring or not with its probabilities (i.e. Kunreuther and Pauly, 2004). Alternatively,
catastrophe insurance decisions can be compared in a portfolio optimisation context taking
into account stochastic dependency between cropping activities capturing many more states
of nature. In general, analyses in the literature to support crop insurance decision making
are often very general in nature and not tailored to individual (farm) production circum-
stances, nor do they encompass the farmer personal characteristics (i.e., risk attitude and
risk perception).

The goal of this paper is to define under which conditions it is likely that farmers de-
cide to purchase insurance that protect them against crop failures. For this purpose the deci-
sions-making problem is analysed within a partial single-crop context as well as within a

portfolio context. For portfolio context the multivariate normal distribution (MVN) and
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multivariate kernel density estimation (MVKDE) procedures will be applied. Furthermore,
alternative assumptions with respect to risk attitude as well as risk perceptions (individual
and group average) are considered.

6.2 Methods
6.2.1 Single-crop two-state risk modelling

Kunreuther and Pauly (2004) applied a two-state risk model to analyse whether it is benefi-
cial to purchase a catastrophe insurance against a specific single risk. This approach com-
pares the expected utilities of two decisions (insure or not to insure), for example in terms
of final wealth. For each of the decisions two possible outcomes were considered: there is
no catastrophe and there is a catastrophe from a specific risk. If a farmer does not purchase
a catastrophe insurance cover against a single-peril catastrophic risk, the expected utility is
derived as follows:

EUyo = pU(W = L)+ (1= p)U(W ) M
Where:
EUyo — is the expected utility without having insurance;
p — is the perceived probability of a catastrophic risk occurring;
U(.) — is the expected utility of final wealth,
W — is the volume of wealth;

L —is the loss a farmer experiences after catastrophic risk.

If a farmer purchases catastrophe insurance, then the expected utility is derived as
follows:

EUypg = pUW —L+C—=Pr)+(1-p)U(W - Pr) 2)
Where:
EUygs — is the expected utility with insurance coverage;

C — indemnity received after experiencing catastrophic risk;

Pr— annual premium paid for insuring catastrophic risk.
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If EUygs exceeds EUyo the optimal decision for a decision-maker is to purchase ca-

tastrophe insurance, otherwise the option to disregard insurance will dominate.

Kunreuther and Pauly (2004) used simple utility functions, such as the square root,
i.e., U()=V(.), in terms of final wealth. In their approach, the choice of the functional form
of the utility function defined the risk aversion level of a farmer. Alternatively, more gen-
eral functional forms on the basis of CARA and CRRA can be used to model insurance
decisions based on income and wealth measures. These functional forms can a priory in-
corporate any value of risk aversion coefficients. The decisions then can be compared at
different given levels of risk aversion by the stochastic efficiency with respect to a function
(SERF) method (Hardaker et al., 2004). Then the alternatives whether to insure or not to
insure a single catastrophic risk can be compared by certainty equivalents (CEs), where the
alternative with a highest CE is dominating. CE, indirectly derived from the utility, is the
maximum sure payment the farmer would be willing to accept (pay) rather than face the
risk (Hardaker et al., 2004).

The disadvantage of a single-crop two-state model is that stochastic dependencies
(e.g., covariances) between yields and prices within a crop as well as between crops (or in
more general terms defined as activities) cannot by accounted for. Alternatively, those
stochastic dependencies, and more general the full joint distribution, can be incorporated by

portfolio models

6.2.2 Multi-crop multi-state risk modelling

As single-crop two-state risk models, utility efficient programming (UEP) is also based on
the principle to maximise expected utility. In SERF the UEP takes the following form
(Hardaker et al., 2004):

Maximise E[/U]=p Uz, r), r is varied 3)
Subject to
Ax<=b 4
Cx-Iz=uf 5)
And x>=0 (6)
Where:

E[UJ] — is expected utility;
p — is the probability of each state of nature;
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U(z,r) — is a vector of utilities of farm goal variable by state of nature with risk attitude
level r;
z —is a vector of farm goal variables by state of nature;
r —is a coefficient of absolute or relative risk aversion;
A — is a vector of technical-economical coefficients for each activity;
x — 1S a vector of activities;
b —is a vector of available resources (constraints);
C — is a vector of state of nature matrix of activity incomes;
I—is an identity matrix.
The risk aversion parameter r represents the coefficient of relative risk aversion (Rr)
or the coefficient of absolute risk aversion (Ra). Logarithmic and power utility functions

are the basis to incorporate Rr. The power function, which is commonly used, takes the

following form:

I .
U=|——= " @)

(1-rr)

As long as risk aversion coefficient of a farmer is not known, the range of risk aver-
sion coefficients can be considered for modelling. For a risk-averse farmer Rr for wealth
varies from 0.5 to 4, and amounts typically about 1, with the following meanings: 0.5 —
hardly risk-averse at all; 1.0 — somewhat risk-averse (normal); 2.0 — rather risk-averse; 3.0 -

very risk-averse; and 4.0 — almost paranoid about risk (Anderson and Dillon 1992, Har-
daker et al., 2004).

In case if the relative risk aversion coefficient equals one, the power utility function
is undefined, and therefore the logarithmic function can be used. It takes the following
form:

U = In(W) 3

In decision analysis, the negative exponential function incorporating Ra is exten-
sively used. The negative exponential function takes the following form:

U=1-exp(-Ra'W) 9)

R
Where Ra is calculated as Ra = = (10)
w
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Note that Rr are taken from the classification by Anderson and Dillon (1992). Ac-
cording to reasonable asset integration assumptions, a farmer would view losses or gains
from specific risks as being equivalent to changes in wealth. If asset integration assumption
does not hold and farmers fail to see losses and gains as equivalent changes in wealth, the
W argument is replaced by the permanent income (Y) (for details see Hardaker et al., 2004):

U=1-exp(-Ra'Y) (11)

Rr
Where Ra is calculated as Ra = — (12)
Y

For both CARA and CRRA utility function forms, the annual income needs to be
calculated. For the CARA function it serves as the farmer’s objective function. For CRRA,
the annual income is added to the initial wealth. For the calculation of income, the joint
probability distribution is incorporated via states of nature matrix, whereby crop income
distributions are often decomposed into its yields and prices. In order to supplement sparse
data it is possible to generate unobserved data on basis of MVN assumptions (Richardson,
2006) or MVKDE assumptions (Richardson et al., 2006). The states of nature generated by
MVN and MVKDE procedures have equal objective probabilities. In order to supplement
these data with subjective catastrophic risk perception, a number of additional states of
nature accounting for subjective probability and outcome of a catastrophic risk, can be
incorporated into the UEP model. Then for these states of nature, the indemnities that a
farmer receives in case of a catastrophe need to be incorporated, while premium paid need
to be added to all states.

6.3 Data and assumptions

6.3.1 Available objective data

For the current analysis, four arable farms were selected from the Farm Accountancy Data
Network (FADN) database. The FADN data is an official European Union dataset, which
includes detailed objective farm-specific data of, among other things, yields per unit per
crop. The prerequisite for the selection was that at least ten consecutive years with observa-
tions were available. For the selected arable farms, the main crops in the production plan
constituted consumption potato, wheat, rye and sugar beet (Table 1). All four crops are

present in the production plan on farm I. On farm II, III and IV, three crops are cultivated.

112



Modelling of Catastrophe Insurance Decisions in Arable Farming

Farm II, with 80 ha which is a bit larger than the average Dutch crop farm (50-60 hectares),

will be presented more in detail to illustrate the approaches and their implications.
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Annual linear de-trended crop yields, farm size and initial wealth were obtained from
FADN for the current analysis. Prices and costs were assumed to be the same for all farms
considered. Individual crop prices were used to calculate the average prices that were de-
trended by Paasche equations with the consumer price index (CPI) as deflator (Mas-Colell,
1995). Costs were calculated on the basis of normatives (Dekkers, 2002). As prices, costs

were de-trended by Paasche equations.

6.3.2. Available subjective data

The FADN database does not contain specific insurance coverages purchased, nor does it
contain risk perceptions per peril and the risk attitude of a farmer. Specific insurance and
subjective risk information was collected by a questionnaire. The questionnaire was sent to
135 arable farmers who were already being surveyed for the Dutch FADN. After 2 weeks a
reminder was sent to the farmers. This resulted into a response rate of 54.8% (74 farms).

Concerning risk perception, the perceived probability of a specific peril occurring at
the farm was elicited but no losses were assigned to each catastrophic peril. The perils un-
der study were brown rot (a potato disease) and hail which could damage one or more
crops. In the study by Van Asseldonk et al. (2002) the attempt was made to elicit probabil-
ity directly, however farmers could hardly provide these probabilities. To avoid to a certain
extent the problem of over- and under-estimation of probabilities, some illustrative risks
which any person faces often in life, were presented as a reference. Of these illustrative
risks the objective probabilities were depicted as well, which were derived from long-term
historical databases. The examples were, among others, the probability of a car theft, the
probability of a certain minimal or maximal temperature in a certain period, the probability
of a breakdown of a fresh-water or salt-water dikes in the Netherlands, and the probability
of a certain insured accident occurring. Multiple boxes with different probabilities could be
ticked if a farmer was inconclusive about the most likely probability. Then the average
perceived probability was calculated and used for our analysis. For farmers II and IV, the
perceived probabilities were much lower than the average probabilities in the sample as a
whole (Table 1). The perceived probabilities of hail by farmer I and III were a somewhat
higher than the average level.

Premiums paid for a brown rot or hail cover are not recorded detailed enough in the
FADN database. For easiness of farmers’ interpretation, since farmers do not know exactly
the amount of premium paid for each peril and crop, the farmer was asked to tick one of the

presented insurance premium boxes. The following intervals were possible: € 1-100; €
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101-500, € 501-1,000; € 1,001-2000; € 2,001-4000; € 4,001-6000; € 6,001-8,000 and €
8,001-10,000 per year. The four farms under study paid either € 501-1,000 per year or €
1,001-2,000 per year. About half of the farmers in the questionnaire were insured against
brown rot of potatoes with an average annual premium paid of € 823. The proportion of
farmers purchasing insurance against hail was 62%, and on average farmers paid € 1,380
per year. The value of hail insurance is aggregated into farm level because it was difficult to
obtain premiums per specific crop (it is difficult to retrieve this specific information from

the documents that insurance companies provided to farmers).

In Table 1 we also present two subjective measures that provide some information
concerning their risk attitude, and capture their willingness-to accept (WTA) a single risk as
well as their perceived risk bearing capacity (RBC) to cover the maximum annual risk at
farm level. For WTA and RBC elicitation, farmers were asked to mark the appropriate
range of financial capacity: a score of 1 means a maximal willingness-to accept or a maxi-
mal annual risk-bearing capacity of € 1 to 20,000. Other scores were: 2 (€ 20,001 - 50,000);
3 (€ 50,001 - 80,000); 4 (€ 80,001 - 120,000); 5 (€ 120,001 - 160,000); 6 (€ 160,001 -
200,000); 7 (€ 200,001 - 250,000); and 8 (> € 250,001).

6.3.3 Outline modelling approach

By means of the single-crop two-state modelling approach, crop-related brown rot of pota-
toes and hail risks of potatoes, wheat, rye and sugar beet, were analysed each in a separate
model. The analysis requires the risk perception of brown rot and hail occurring. To charac-
terise the probability of a catastrophe event two alternative probability levels will be con-
sidered: 1) the individual perceived probability; and 2) the average perceived probability
(Table 1). To characterise the magnitude of a catastrophe event, two situations will be con-
sidered: 1) complete crop failure, and 2) 25% yield loss (that is more in line with the loss
according to the Dutch claim statistics). In summary, we distinguish 2*2*2%(4+1+1)=48
models per farm (two levels of perceived probabilities; two levels of crop failures; two
types of utility functions; two perils nested within four crops of which one peril is only
relevant for one crop, plus a worst case scenario). In the worst case scenario we assume that
hail affects all crops simultaneously. The individual premium rates per hectare per crop
(Table 1) and indemnities were included in Equation 2 to evaluate the insurance option. If a
farmer does not experience a catastrophic risk, the individual premiums are deducted from
his wealth. After a catastrophic risk occurs, the indemnities are added to his wealth ac-

counted for the deduction of insurance premiums. To avoid some moral hazard, the insur-
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ance contracts included a 10% deductible (note that alternative deductible options are avail-
able to farmers but are not considered in the current analysis). For the state describing the
absence of a catastrophe event occurring, the average permanent net farm income was

taken.

By means of UEP the production plan will be optimised on basis of a multi-crop and
multi-states approach. For the generation of states of nature on the basis of sparse data, the
MVN and MVKDE procedures will be applied. First, the available de-trended sparse data
was enriched by the Latin Hypercube (LH) simulation procedure with 500 iterations. LH is
advantageous over Monte Carlo simulation as it divides a whole distribution into equal
number of intervals that is equal a number of iterations, so that all areas of the distribution
(including tails) are accounted for. For the MVKDE procedure the minimum and maximum
values were added prior to the simulation. The minimum yield was set at zero. In order to
represent an upper tail, the maximum value of yield was calculated as the maximum ob-
served value plus one standard deviation as by Ogurtsov et al. (2007). Ogurtsov et al.
(2007) made analysis on applicability of different kernel functions for a proper representa-
tion the tails of the distribution. A tail was better represented by the Cauchy kernel than
other kernels that represented much similarity with a normal distribution.

For UEP, we explore the idea of Kunreuther and Pauly (2004) to incorporate two
situations: there is and there is no catastrophic risk. For the situation if there is a catastro-
phic risk, we assumed a complete crop failure by hail for wheat, rye and sugar beet (note
that partial crop failures are analysed but not reported). The probabilities and losses at farm
level of catastrophic risks were identical to the ones from single-crop two-state risk models.
Therefore a number of additional states assuming zero yields were added to the previously
generated 500 states of nature. The number of states added was based on the perception of a
catastrophe occurring. For instance, if a hail risk perception is 10%, then a number of addi-
tional states of nature is 56 (i.e. 10/(100-10)*500). For these additional states, the indemni-
ties that can be received from insurance companies were added, while premiums paid were
added to all states. As in two-state single-crop models, the insurance contracts included
10% deductible.

For UEP, constraints need to be specified. Cereal crops (wheat and rye) were re-
stricted to a maximum of two third of the cultivated area. Tuberous crops (consumption
potato and sugar beat) were restricted to maximum one third of the cultivated area. Each
crop was also restricted to its maximal observed amount in the past 11-13 years (this ac-

counted for, among others, quota limitations in sugar beet production).
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In summary, we distinguish 2*2*2=8 models per farm (two levels of perceived prob-
abilities, two types of distribution assumptions, and two types of utility functions). For each
model, five optimisations representing the five levels of risk aversion were run. The results
within and between the models applied (single-peril two-state versus multi-peril multi-
state) will be compared on basis of their CEs.

6.4 Results

6.4.1 Results single-crop two-state risk modelling

The results of the single-crop two-state risk models of each alternative explored focus on
the absolute CE levels and the differences in CEs between the insured and not insured op-
tion (ACE =CEyes-CEno). As an example, the impacts of purchasing catastrophe insurance
against brown rot, indemnifying complete failures of potato yields, are presented in Table 2
for farm II. Given that the brown rot insurance decision is based on CARA utility income-
based function and that the model is parameterised with individual risk perception levels,
CE values for the insurance strategy are lower than for the no-insurance strategy (negative
ACE) at absolute risk aversion levels Ral and Ra2. At higher risk absolute risk aversion
levels the insurance strategy becomes dominant. An increment of the absolute risk aversion
level from Ra3 to Ra5 is associated with an increased ACE of 313 Euro and 5,560 Euro
respectively. If farmer II makes decisions concerning insurance against brown rot based on
CRRA utility function, still under the assumption that the model is parameterised with
individual risk perception levels, the optimal solution is not to purchase insurance at all
levels of relative risk aversion. Note that, in comparison to the CARA income-based utility
function, the results for CRRA function are rather stable, and the benefits of no-insurance
strategy do not differ much between relative risk aversion levels. If farmer II perceives that
only 25% of yields can be destroyed by brown rot, for both CARA and CRRA utility func-
tions at the individual risk perception level, it is not optimal to purchase catastrophe insur-

ance against brown at given insurance premium rates.
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Farmer II perceives that the chance of brown rot is less likely than an average arable
farmer in our sample (0.5% versus 4%). Supposing that farmer II bases his decision on the
average risk perception level would imply for both CARA and CRRA utility functions, that
the optimal solution is to insure against brown rot (at all levels of risk aversion). More
profound differences for ACE between CARA and CRRA utility functions indicate that if
the farmer makes decisions in terms of income, insurance offers more benefits than that he
would have based his decisions on terminal wealth. Note that if risk perception of a catas-
trophe increases, the absolute CE levels for CARA and CRRA utility functions decrease
since the probability of the no-catastrophe state decreases. Under the assumption of only

25% yield loss, brown rot insurance is seldom a dominant strategy for farmer II.

Hail damaging potato has a more severe economical impact than hail affecting other
crops because of a higher revenues received (revenues for wheat are lowest followed by
those of sugar beet). This can be seen, for example, by a sharp decrease in values of CEs for
no-insurance strategy for CARA utility function from 89,540 Euro at Ral to 65,796 Euro at
Ra5 (given individual risk perceptions). This slope is less profound for sugar beet and
hardly present for wheat. To cope with the possibility of a completely deprived potato yield
incurred by hail, the insurance strategy was found to be always the best solution. If farmer
IT assumes a potential loss of only 25%, no-insurance strategy dominates insurance strategy
given his relative low individual risk perceptions levels (except for CARA at Ra4). As
perception of hail probabilities increases up to average levels, insurance purchase increases
farmer’s CEs.

The pattern of the wheat models assuming a complete crop failure is similar to the
pattern of the brown rot model, however purchase of hail insurance for wheat provides less
perceived benefits than purchase of brown rot insurance for potatoes. Purchase of hail in-
surance for sugar beet, in case of complete crop failure, was found to be the optimal solu-
tion in all models. The opposite conclusions were drawn if assuming only 25% sugar beet
yield loss.

The worst case scenario of hail that could occur is a simultaneous failure of potato,
wheat and sugar beet. Table 2 indicates that this worst case scenario will result into large
perceived losses as can be seen by negative CE-values for the no-insurance strategy at
higher absolute risk aversion levels. The results of the models imply that in order to avoid
the worst case scenario, if decisions are made in terms of annual income, the best strategy is
to insure simultaneously potato, wheat and sugar beet against hail. For wealth measures, the
benefits of no-insurance strategy are limited. If a farmer perceives that only 25% of all
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three yields might be destroyed simultaneously by hail, the purchase of catastrophe insur-

ance increases his utility given the decisions are taken in terms of income and wealth.

In a similar way presented for farm II, the more aggregated results can be interpreted for
farm I, IIT and IV (Table 3 and 4). Note that for farmer I and III the individual risk percep-
tion of hail is a somewhat higher than the average risk perception (Table 1). This resulted
into slightly lower values of CEs for the models of individual risk perceptions. For exam-
ple, in the model of 100% potato loss resulting after hail occurring, if farmer makes deci-
sions in terms of income, the CE of the no-insurance strategy of individual risk perception
alternative is 19,396 Euro (Table 3). It is lower than the CE of 19,658 Euro (Table 4) for
the average risk perception alternative. As could be seen in Table I, farmers pay different

insurance premiums per peril per crop that also affect their decisions.
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Chapter 6

Farmer I, which operates the smallest farm of the four case farms, has the highest
risk perceptions for all perils considered. He also pays the highest premiums per hec-
tare, indicating that this farm, among other premium differentiating variables, is located
at a more risk prone area. Given his individual risk perception levels, in all models the
pattern of results is similar to the pattern of results obtained from farm II (Table 3). The
average risk perceptions for farmer I are a bit lower than his individual risk perceptions.
Therefore the insurance strategy provides slightly smaller benefits than in individual

risk perceptions alternative, but the general pattern stays the same.

As farmer I, farmer III has the same high individual perception of hail that is a
10% probability that this event would occur. Given this high level of risk perception,
insurance provides him substantial perceived benefits against complete crop failure. The
results are almost identical for the average risk perceptions which are a bit lower than
the individual ones. In case of perceiving only 25% yield loss by the farmer III, the
pattern of models is rather mixed. Farmer IV has relative low risk perception levels.
This resulted into the dominance of no-insurance above insurance strategy in all models
(except for sugar beet model for income measure). Imposing average risk perception

levels insurance would be more advantageous.

6.4.2 Results multi-crop multi-state risk modelling

The disadvantage of the previous described risk models is that only two states are con-
sidered, namely an average yield in years without a catastrophe and crop failure(s) in
adverse years. No intermediate or even more favourable outcomes are considered, nor
does it take into account that entire crop failures could occur as a result of other perils
(e.g., drought and precipitation). The omission of these states of nature will be adjusted
for by portfolio models, thereby also recognising the stabilising impact that multiple
crops in the production plan will have on the whole-farm level. The distribution of farm
yields is based on Cauchy kernel functions and normal distributions which are both
updated with elicited risk perceptions. For farm II we present the detailed results includ-
ing production plans (Table 5).
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Table 5. Results of multi-peril multi-state risk models for farm II %

Insurance with 10% deductible
Optimal plan

Not insured

Risk aversion Optimal plan

)
level cE Potato Wheat Sugar beet cE ACE Potato Wheat Sugar beet
Individual risk perception
Cauchy kernel / CARA utility function properties
Ral 53E-06 68089 264 37.6 16.0 74132 6043 264  37.6 16.0
Ra2 1.1E-05 54727 l6.1 479 16.0 61873 7145 193 447 16.0
Ra3 2.1E-05 37903 16.0 48.0 16.0 50338 12435 16.0  48.0 16.0
Ra4 3.2E-05 22256 16.0 48.0 16.0 41634 19378 16.0  48.0 16.0
Ra5 42E-05 8240 16.0 48.0 16.0 34550 26310 16.0  48.0 16.0
Cauchy kernel / CRRA utility function properties
Rrl 0.5 970832 264  37.6 16.0 974708 3876 2064  37.6 16.0
Rr2 1 968670  26.4  37.6 16.0 972792 4122 264  37.6 16.0
Rr3 2 964097 264  37.6 16.0 968718 4622 264 37.6 16.0
Rr4 3 959884 264  37.6 16.0 965021 5137 264  37.6 16.0
Rr5 4 955880  26.4  37.6 16.0 961549 5668 264 37.6 16.0
Normal distribution / CARA utility function properties
Ral 53E-06 74152 264 37.6 16.0 80128 5976 264  37.6 16.0
Ra2 1.IE-05 62499 16.0 48.0 16.0 69964 7465 18.0  46.0 16.0
Ra3 2.1E-05 45521 16.0  48.0 16.0 60411 14891 16.0  48.0 16.0
Ra4 32E-05 27429 160 48.0 16.0 51908 24479 16.0  48.0 16.0
Ra5 4.2E-05 11032 16.0 48.0 16.0 44285 33253 16.0  48.0 16.0
Normal distribution / CRRA utility function properties
Rrl 0.5 972129 264 376 16.0 975790 3661 264 37.6 16.0
Rr2 1 970696 264  37.6 16.0 974602 3906 264 37.6 16.0
Rr3 2 967388 264 376 16.0 971803 4415 264  37.6 16.0
Rr4 3 961491 223 417 16.0 966159 4668 224 416 16.0
RrS 4 942780 264  48.0 5.6 947468 4687 264  48.0 5.6
Average risk perception
Cauchy kernel / CARA utility function properties
Ral 53E-06 55398 264 37.6 16.0 77000 21602 264  37.6 16.0
Ra2 1.1E-05 41407 16.0 48.0 16.0 64757 23349 23.0 410 16.0
Ra3  2.1E-05 19494  16.0 48.0 16.0 53155 33662 16.0  48.0 16.0
Ra4  3.2E-05 1426 16.0  48.0 16.0 44898 43472 16.0  48.0 16.0
Ra5 4.2E-05 -12142 16.0 48.0 16.0 37967 50109 16.0  48.0 16.0
Cauchy kernel / CRRA utility function properties
Rrl 0.5 960719 264  37.6 16.0 976170 15451 264 37.6 16.0
Rr2 1 958303 264  37.6 16.0 974488 16184 264  37.6 16.0
Rr3 2 953040 264  37.6 16.0 970691 17651 264 37.6 16.0
Rr4 3 948174 264  37.6 16.0 967310 19136 264 37.6 16.0
Rr5 4 943504 264  37.6 16.0 964133 20629 264 37.6 16.0
Normal distribution / CARA utility function properties
Ral 53E-06 60736 264 37.6 16.0 80796 20060 204  37.6 16.0
Ra2 1.IE-05 47727 16.0 48.0 16.0 70491 22764 19.6 444 16.0
Ra3 2.1E-05 24221 16.0 48.0 16.0 61223 37002 16.0  48.0 16.0
Ra4 32E-05 3843 16.0  48.0 16.0 53102 49258 16.0  48.0 16.0
Ra5 42E-05 -11068 160 48.0 16.0 45648 56716 16.0  48.0 16.0
Normal distribution / CRRA utility function properties
Rrl 0.5 961936 264  37.6 16.0 975682 13746 204  37.6 16.0
Rr2 1 960193 264 37.6 16.0 974638 14445 264 37.6 16.0
Rr3 2 956072 264  37.6 16.0 971953 15881 264  37.6 16.0
Rr4 3 950052  22.0 42.0 16.0 969483 19432 264 37.6 16.0
Rr5 4 932031 264  48.0 5.6 948206 16175 264  37.6 16.0

1) —
ACE = CEinsunmce - CEnu insurance
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Compared to the worst case scenario of the two-state risk models with 100% crop
losses, UEP of no-insurance strategy for CARA utility function produces lower CEs for
the lowest levels of absolute risk aversion. For example, for farmer II the CE of no
insurance strategy at Ral in portfolio optimisation approach under individual risk per-
ception assumption is equal 68,089 Euro (see Table 5) versus 84,500 Euro in two-state
risk model (see Table 2). However, for highest risk aversion levels, results of UEP
models provide higher utilities (i.e. CEs) in comparison to the two-state risk models: for
farmer II the CE of no insurance strategy at Ra5 is equal 8,240 Euro (see Table 5) ver-
sus minus 2,433 Euro in two-state risk model (see Table 2). For CARA utility function
properties, the results of multi-state multi-risk models provide lower CEs than the two-
state single-risk models per specific crop. Such a result was expected because these
models account the damage of one crop by hail, however in reality all crops can be
damaged by hail.

For CRRA utility function at 100% crop losses, the results of UEP portfolio
dominate the results of the two-state risk models (single crop and worst case scenario)

at all levels of relation risk aversion, except Rrl.

Suppose that the decisions made are based on the CARA utility function for the
alternative of individual risk perceptions, and yields following a Cauchy distribution.
The results indicate that the level of absolute risk aversion does affect the optimal pro-
duction plan. Assuming that farmer II is hardly risk-averse (i.e. Ral) and is not insured,
the optimal solution is to cultivate 26.4 hectares of land with potatoes, 37.6 hectares
wheat, and 16 hectares sugar beet (Table 5). If farmer II purchases catastrophe insur-
ance, the production plan at Ral does not alter. With Ra2 the production plan of no-
insurance strategy changes in favour of wheat as in the insurance strategy. At the abso-
lute risk aversion levels Ra3, Ra4 and Ra5 the production plans for both insurance and
no-insurance strategies are identical. However, farmer II perceives the followings bene-
fits (ACEs) of insurance purchase: 12,435 Euro at Ra3; 19,378 Euro at Ra4; and 26,310
Euro at Ra5. Note that sugar beet is the most stable crop that is planned to be grown at
the maximum allowed level II. If farmer II makes his decisions on the basis of CRRA
utility function and given the model assumptions described previously, the production

plan remains stable, even at higher relative risk aversion levels.

If decisions by farmer II are made on the basis of CARA utility function, and
yields follow a normal distribution, the pattern of results is not much different from
Cauchy kernel assumptions. However, the down-side risk is less accounted for by a
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normal distribution compared to Cauchy kernel that could be seen by higher CEs of
incomes for no-insurance strategy. That was also confirmed by lower perceived benefits
of insurance provided. As for CARA function, the models based on CRRA utility func-
tion and a normal distribution, produce higher CEs compared to Cauchy kernel. This
resulted into stable production plans at the range between Rrl and Rr3 for both insur-
ance and no-insurance strategies. However, at higher levels of relative risk aversion, if
farmer is not insured, the optimal plan changes drastically so that for the ‘almost para-
noid about risk’ farmer (Rr5) the tilled land for the most stable crop sugar beet de-
creases from 16 to 5.6 hectares. Given the highest level of risk aversion, the purchase of

catastrophe insurance does not affect production plan.
If it is assumed that farmer II perceives the perils under study as risky as the average
Dutch arable farmer, it will result into lower utilities (CEs) of income and wealth in all
models compared to the models of individual risk perceptions. However, the pattern
remains the same as for individual risk perception levels, and also as in two-state risk
models. Note that at CARA properties of utility function for both Cauchy kernel and a
normal distribution, at the highest level of risk aversion (Ra4) the CE is negative. How-
ever, purchasing insurance, farmer Il would receive a stable annual income.

The aggregated results for all four farms are presented in Table 6. The pattern is

similar as for the farm II and also corresponds to the pattern of aggregated results on
two-state risk models.
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Table 6. Aggregated results of multi-peril multi-state risk models

Risk aversion  Not insured Insured Not insured Insured
Farm N
level CE CE ACE CE CE ACE
Individual risk perceptions
Cauchy / CARA Normal / CARA
I Ral 2.2E-05 13467 18221 4754 14910 19362 4452
Ra5 1.8E-04 141 9998 9857 632 13256 12625
1 Ral 5.3E-06 68089 74132 6043 74152 80128 5976
Ra5 4.2E-05 8240 34550 26310 11032 44285 33253
1 Ral 5.0E-06 78676 96156 17480 85685 103855 18170
Ra5 4.0E-05 6732 76726 69994 7610 99086 91476
v Ral 2.6E-06 165065 165065 0 182323 182427 104
Ra5 2.1E-05 98080 123336 25256 120481 176528 56047
Cauchy / CRRA Normal / CRRA
I Rrl 0.5 330649 333977 3328 330037 332993 2957
Rr5 4 326179 330804 4625 326731 330116 3385
I Rrl 0.5 970832 974708 3876 972129 975790 3661
Rr5 4 955880 961549 5668 942780 947468 4687
I Rrl 0.5 3728574 3740347 11773 3734877 3746661 11784
Rr5 4 3726990 3739680 12690 3733389 3746173 12784
v Rrl 0.5 4893010 4892287 =724 4907254 4906532 =721
Rr5 4 4889852 4889299 -553 4905213 4904682 -531
Average risk perceptions
Cauchy / CARA Normal / CARA
I Ral 2.2E-05 13846 18400 4554 15323 19407 4083
Ra5S 1.8E-04 576 10131 9554 1113 13227 12114
I Ral 5.3E-06 55398 77000 21602 60736 80796 20060
Ra5 4.2E-05 -12142 37967 50109 -11068 45648 56716
I Ral 5.0E-06 80402 96276 15874 87539 104052 16512
Ra5 4.0E-05 8953 76672 67719 9924 99285 89361
v Ral 2.6E-06 135767 163190 27423 150457 179105 28648
Ra5 2.1E-05 11733 124509 112776 14896 172678 157782
Cauchy / CRRA Normal / CRRA
I Rrl 0.5 330381 333552 3171 329764 332458 2694
Rr5 4 326630 331103 4473 327190 330285 3095
I Rrl 0.5 960719 976170 15451 961936 975682 13746
Rr5 4 943504 964133 20629 932031 948206 16175
1 Rrl 0.5 3729867 3740480 10613 3736229 3746852 10623
Rr5 4 3728356 3739811 11455 3734824 3746365 11541
v Rrl 0.5 4871513 4890155 18642 4884629 4903299 18670
Rr5 4 4866336 4887237 20901 4880235 4901404 21169

D) —
ACE = CE;psurance = CEno insurance
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6.5 Conclusions and discussion

This paper analysed the decision making problem describing how farmers can cope with
catastrophic yield risks, and more specific to the option to insure and not to insure. For
this purpose a single-crop two-state approach was compared to a multi-crop multi-state
approach. We compare the preferred options whether the decision is based on a farm
income or terminal wealth. In general, the results of all models showed that risk percep-
tion and the level of risk aversion do affect the decision to insure. If the perception of
risk is low, the decisions in favour of no-insurance strategy dominate the decisions to
insure. However, at higher levels of risk perceptions the decision to purchase catastro-

phe insurance will dominate.

The results of the models imply that the individual amounts of premium that a
farmer needs to pay for insurance, do affect the catastrophe insurance decisions. If pre-
miums are high compared to the perceived risk, farmers would prefer to neglect catas-
trophe insurance purchase (Zering et al., 1987). And vice versa, if premiums are low,

high risk perception would stimulate farmers to purchase catastrophe insurance.

If insurance decisions are made only on the basis of two states of nature concern-
ing single crop, they may differ from portfolio results because of alternative risk reduc-
ing options such as a diversification are not taken into account. In our analysis, the re-
sults of the majority of models showed that insuring single risks is not beneficial and
self-insurance is preferable. However, in arable farming more variability can be ob-
served. We tried to formalise the variability of crop yields and prices in UEP by MVN
and MVKDE procedures. The results of UEP models accounting the worst case scenario
showed that relying only on two simple states of nature, the impact of low yields result-
ing into decrease of income and wealth may be underestimated. MVKDE, compared to
the MVN procedure, better incorporated tail events to estimate the impact of catastro-
phic risks. This resulted into lower income and wealth.

In our analysis, the probabilities of catastrophes in the single-crop two-state ap-
proach were identical to the probabilities of catastrophes in the multi-crop multi-state
approach, and the negative impact of catastrophes was higher in the multi-crop multi-
state approach, especially after applying the MVKDE procedure. Alternatively, for both
approaches the alternative of equal probabilities and equal magnitude of catastrophes
can be considered. Then higher income and wealth will be expected for multi-crop
multi-state approach because a significant part of catastrophic risk can be transferred

due to diversification of activities resulting into an optimal production plan. However, if
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the probabilities and magnitude of catastrophes will be deliberately set higher in single-
crop two-state models, the results would dominate the results of multi-crop multi-state
models despite the benefits of diversification.

The analysis showed that if a farmer makes decisions only in terms of income he
is more prone to purchase catastrophe insurance. Then catastrophe insurance purchase
strategy dominates no-insurance strategy at higher levels of risk aversion if a farmer
makes decisions in terms of income. However, the decisions made and taken by income
measures to some extent can be treated as non-rational. This could be explained by
failure to asset integration assumptions stating that a farmer would view losses or gains
from specific risks as being equivalent to changes in wealth (Hardaker at al., 2004). In
our models, because of highest risk aversion if farmers make decisions in terms of in-
come, they are willing to purchase catastrophe insurance to cover losses that are low in
comparison to their wealth. Contrary to the behaviour if farmer decisions are taken in
terms of income, if a farmer makes decisions in terms of wealth, the increase of risk
aversion has a limited impact on the wealth. This effect is higher for the farms with
highest initial wealth. To support asset integration assumption, the results of the UEP
models showed that production plan in wealth framework hardly change.

The results on portfolio models showed that increased level of risk aversion
changes the production plan if decisions are made in terms of income as in the research
by Kaylen et al. (1989). For increasing cost of risk aversion, farmers decrease the tilled
land of more risky crops in favour of less risky crops. In this way, diversification of
farm activities accounting for stochastic dependency between crop yields and prices

mitigates the catastrophic yield risk.
However, highest risk is much related to the highest return. Higher level of abso-
lute risk aversion thus results into worse production plans. Selecting more tilled land for

less-risky crops automatically results into decrease of incomes.
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Chapter 7

7.1 Introduction

Farmers often face risky situations. Risk means the possibility of a loss of income or prop-
erty (Pritchet et al.,, 1996). For example, arable farmers are exposed to meteorological
events, such as hail, storm, drought, frost, heavy precipitation, excessive heat, and crop
diseases such as brown rot, which may result in potential damage to crops (Langeveld et al.,
2003). In dairy farming, epidemic diseases, such as FMD (foot-and-mouth disease) and
BSE (bovine spongiform encephalopathy), can cause severe economic losses (Huirne et al.,
2003).

Catastrophic risks can be defined as events with low probability of occurrence (rare
events) leading to major and typically irreversible losses with potentially adverse impact on
business results (Chichilnisky, 2000; Vose, 2001). Rarity and severity are typically associ-
ated with catastrophic risks: the more severe a risk, the rarer it usually will tend to be, and
vice versa (Frohwein et al., 1999). Farmers can be faced with serious losses if catastrophic
risks are ignored. Therefore catastrophic risks need to be managed. Insurance is a fre-
quently used instrument to cover catastrophic risks (Pritchet et al., 1996). However, not all
farmers buy insurance to protect their business against several types of catastrophic risks.

Concerning insurance decisions to cope with catastrophic risks, the impact of possi-
ble factors influencing insurance purchase need to be analysed. These factors are farmer
personal and farm characteristics (Mishra and Goodwin, 2003; Sherrick et al., 2004). In
general, the main farmer personal characteristics risk perception and risk attitude are often
regarded as the key farmer-specific factors to explain and model catastrophe insurance

purchase.

The subjective expected utility (SEU) hypothesis states that the utility of a risky
prospect (being insured or not) is the decision-maker’s expected utility for that prospect,
meaning the average of the utilities of outcomes weighed by the subjective probabilities of
those outcomes (Hardaker et al., 2004). In this context, risk perception is measured in terms
of a subjective probability distribution, and risk attitude is measured by a shape of the Von
Neumann-Morgenstern utility function (Hardaker et al., 2004; Smidts, 1990). The SEU
approach is a prescriptive approach applicable for small scale surveys (Smidts, 1990). Of-
ten, for large scale surveys, the impacts of risk perception and risk attitude are analysed by
econometric models on basis of actual purchase decisions studies. Contrary to the prescrip-
tive SEU approach, observed economic behaviour approach is used to describe why deci-
sions are indeed made, rather than to predict what should be taken.
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The main goal of the research was to analyse the actual farmer’s behaviour concern-
ing catastrophes and to model the impact of catastrophe insurance purchase. The objectives

are the following:

e To describe the methods that analyse risk perception and risk attitude to model de-

cisions to cope with catastrophes;
e To analyse actual purchase of all-risk insurance and specific types of insurance;

e To analyse the relationship between purchase of catastrophe insurance and risk

perception and risk attitude;
e To model the economic impact of catastrophes;

e To model the purchases of catastrophe insurance in a partial and whole-farm con-
text.

The implications of the applied (econometric and normative) methods and issues
concerning results obtained have been discussed in detail in the previous chapters. How-
ever, there are some important general issues that deserve attention in this chapter. These
general issues are data availability, severity of catastrophic risks, capturing the potential
tails of the distribution, and alternative insurance schemes. These issues will be addressed

subsequently.

7.2 Available data

In this research two types of data were used: objective FADN data and subjective data from
the questionnaire survey. In practice, the objective farm-level data such as FADN is often
very sparse to provide a good and reliable basis for risk modelling, and this is certainly the
case when focusing on catastrophic risks. The modelling of catastrophic risks should ide-
ally be based on a long-term and reliable farm-level history. However, it is generally hard
to obtain 10 relevant historical farm observations under the same economic policy, man-
agement regime, farm program or trade policy (Just and Weninger, 1999; Richardson,
2006).

Concerning insurance application, FADN data is heavily aggregated. It consists of
the premiums paid for specific insurance categories (damage, accident, disability, liability,
legal and health insurance). Farmers in the Netherlands are insured by different insurance
companies so that insurance policies per insurer are different. For instance, very often in-

surance policy that provides financial aid in case of damage at one insurer serves as an
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accident insurance at another insurer. Taking into account this type of bias, we summed up
all insurance premiums recorded by the FADN to construct a so-called all-risk insurance
product. With regard to catastrophes in arable farming, one could assume that they are
covered by damage insurance recorded in the FADN. However, such aggregated data does
not provide an answer on which amount of premium is paid per specific catastrophic risk.
Therefore we conducted a questionnaire where we asked farmers whether they insure spe-
cific catastrophic risks and the amount of premium they paid per risk.

The additional farmer’s subjective data, such as farmer’s risk perception of catastro-
phes, risk attitude and other personal characteristics can complement the objective data in
modelling and describing of catastrophe insurance decisions. The major difficulties occur in
elicitation of catastrophic risk perceptions (Ekenberg et al., 2001). When a farmer moves
from events with considerable historical and scientific data to those where there is greater
uncertainty and ambiguity such as catastrophic risks, there is a much greater degree of
discomfort in eliciting of risk perceptions (Kunreuther, 2002). In this research, risk percep-
tion was elicited in two ways: relative risk perception and absolute risk perception. The
relative risk perception was elicited by comparing a particular subjective risk perception of
the farmer to the ’average’ arable/dairy farmer in the Netherlands. Farmers were asked to
indicate their risk perception on a 5-point scale. Risk perception, elicited in this way, was
used as a scale variable in regression models explaining actual participation in insurance of
specific catastrophic risks and the amount of premium paid per specific catastrophic risk.
The absolute risk perception, elicited as a probability of occurrence of a particular catastro-
phic risk, was used in the further modelling of catastrophe insurance decisions. However,
elicitation of subjective risk perceptions has its difficulties. Perceptions of catastrophic risks
can be over- or underestimated due to judgmental biases such as availability heuristic, viv-
idness, denial and evaluability. To avoid to a certain extent the problem of over- and under-
estimation of probabilities, some illustrative risks which any person faces often in life, were

presented as a reference.

Risk attitude coefficients can be either elicited by a direct or indirect method. In this
research we applied a direct method. Risk attitude was elicited in relative terms compared
to the average arable/dairy farmer in the Netherlands. The construct describing the relative
risk aversion was obtained via an aggregation procedure on the basis of 11 statements.
Then farmers were labelled as less-risk-averse and more-risk-averse. Several attempts have
been made in literature to elicit utility functions to put SEU hypothesis to work in the
analysis of risky alternatives in agriculture. The results were, however, often unconvincing
(Anderson and Hardaker, 2002; Hardaker et al., 2004; King and Robison, 1984; Smidts,
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1990). One disadvantage of the expected utility approach is its complexity. The elicitation
of certainty equivalents (CEs) is judged as fairly difficult and quite time-consuming, requir-
ing an active role of an interviewer. However, taking into account the limitations, the re-
sults found may be even more surprising and unconvincing (Hardaker et al., 2004; Smidts,
1990). There is evidence that the functions obtained are vulnerable to interviewer’s bias and
to bias from the way the questions are framed to elicit CEs (Hardaker et al., 2004). Instead,
to avoid the problems of SEU theory with respect to risk attitude elicitation, the assump-

tions about the nature of the utility function were based on literature.

7.3 Severity of catastrophic risks

A question that still remains open is the size of a catastrophic risk. We restrict this discus-
sion to arable farming. On average, 62% of farmers from our sample were insured against
hail and 48% against brown rot. With such a high participation in catastrophe insurance,
arable farmers perceive hail and brown rot as a severe events affecting continuity of their

farms.

In reality a certain amount of farmers does not maximise utility on their wealth basis.
Instead, they make their decisions on the basis of annual income. This could be explained
by failure of their asset integration assumption stating that a farmer would view losses or
gains from specific risks as being equivalent to changes in wealth (Hardaker at al., 2004).
Losses are relatively larger in terms of annual income and are relatively lower in terms of
wealth. On average, farm income did not exceed 5% of the initial wealth implying that a
substantial part of self-insurance reserves may be underestimated by arable farmers. In
addition, farmers were asked to express the maximum amount of risk-bearing capacity to
cover the maximum annual catastrophic risk. The proportion of risk-bearing capacity was
relatively low and comparable to their annual income rather than wealth. This could explain
that the reported risk bearing-capacity has been already encountered in the current risk

management strategy(s) including catastrophe insurance.

Making decisions on basis of annual income, arable farmers can overestimate the
impact of hail and brown rot. The results of the models accounting for 100% loss of yields
showed that if a farmer makes decisions only in terms of annual income, he is more prone
to purchase catastrophe insurance. However, according to the Dutch claim statistics, the
average loss of farmer after experiencing catastrophic risks does not exceed 25% of the

average yield. In our analysis, in majority of the models accounting for 25% of yield loss
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the results implied that purchase of catastrophe insurance did not dominate the no-insurance

strategy.

However, focusing on the average loss occurring, farmers may substantially underes-
timate extreme impact of a certain risk. Catastrophic risks in arable farming stem mostly
from a natural character and usually considered an ‘act of God’, so that the probabilities of
occurrence and losses are unpredictable. To address a high severity, we also run the worst
case scenarios. The results of the majority of the models based on both income and wealth
assumptions, showed that if one believes that hail would affect all activities insurance pro-

vides substantial benefits against this worst-case scenario.

7.4 Capturing the potential tails of the distribution

In order to support farmer’s decisions with regard to catastrophe insurance purchase, the
probability and magnitude of a catastrophic risk needs to be taken into account. The as-
sessment should ideally be based on a long-term and reliable farm-level history. But, in
practice, farm-level data is often very sparse to provide a good and reliable basis for such a
risk assessment (Hardaker et al., 2004). In our research, the maximum number of available
years per farm was 13, however it was not sufficient. Moreover, the available data did not
contain information about the downside tail of the distribution sufficiently. Without proper
individual farm production data, it was impossible to examine the effectiveness of crop
insurance at an individual farm level. Therefore, in analysing catastrophe insurances some
assumptions about the tail characteristics of the underlying probability distribution of crop
yields had to be made. In our research, we smoothed the sparse data (i.e. interpolating be-
tween observations and extrapolating outside observations) by fitting a parametric normal
distribution or empirical MVKDE distribution (Anderson et al., 1977; Shlaifer, 1959). The
analysis of UEP models showed that relying on normal distribution assumptions, farmers
can underestimate the impact of catastrophes on their income and wealth. Alternatively,
modelling of catastrophe insurance decisions on the basis of non-parametric MVKDE esti-

mation by Cauchy kernel showed that larger risks can be accounted for.

However, before the smoothing MVKDE procedure by Cauchy kernel, a realistic as-
sumption should be made about the upper and lower bounds of yield distributions, ensuring
that the distribution will be a reasonable approach to include the downside and upside tails.
In our research, the upper bound was arbitrary augmented to the value of the mean plus one

standard deviation, and the lower bound was set to zero. Limiting the upside potential will
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definitely have its impact of the density over the whole distribution, thus also the downside
tail. Consequently, this will impact catastrophe insurance purchase decisions. Therefore the
extreme levels of yields need to be extensively tested by experts.

But even augmenting yield distribution with realistic bounds, we can doubt robust-
ness of the results. The results of tests showed that covariance structure of sparse and simu-
lated data was statistically different, but mean vectors were identical. Even after many
manipulations with the lower and upper bounds, the correlation structure was not main-
tained. This could be explained by a fact that available sparse data did not contain catastro-
phe events. The limited available observations were only positioned in the mode part of the
kernel density, and therefore it was not possible to simulate the appropriate tail data on the
basis of the observed data (under the assumption that catastrophe events did not occur in
the observation period). However, it is not logical to expect that on the basis of the avail-
able sparse data, in which catastrophe states of nature were most likely absent, the covari-
ance structure of the Cauchy kernel distribution would remain the same compared to the

situation without those additional assumptions.

7.5 Alternative insurance schemes

In this research, we modelled an application of farm-level yield indemnity-based catastro-
phe insurance. Farm-level yield insurance usually protects farmers against both systemic
and non-systemic risks. Many studies noted that the application of farm-level yield insur-
ance was not effective because of asymmetry information between insurance companies
and farmers caused by moral hazard and adverse selection problems (i.e. Chambers and
Quiggin, 2002; Ramaswami and Roe, 2004; Skees, 2000).

Moral hazard refers to the hidden action by farmers resulting after purchasing insur-
ance. Adverse selection means that farmers who are more likely to suffer from the insured
event will be more willing to insure at a given insurance premium (Quiggin et al., 1993).
The basic implication for purchase of yield insurance is the same for moral hazard as for
adverse selection: farmers who are insured will produce low yields more frequently than
uninsured farmers with similar observed characteristics. According to those studies, many
farmers exercised the benefits from low yields caused by a bad management instead of
natural yield risks so that small deviations from the expected yield were insured. In our
research, we did not model purchase of the typical yield insurance indemnity-based con-

tracts insuring any negative deviation from the expected yield. Contrary, only the yield
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insurance protecting farmers against catastrophic risks was modelled. To avoid moral haz-

ard, we included a 10% deductible into (hypothetical) insurance contracts.

Alternatively to our approach focussing on named-peril indemnity-based insurance,
there are insurance and income stabilisation schemes to cope with catastrophic risks (cur-
rently not available in the Netherlands). The problems of moral hazard and adverse selec-
tion are to a certain extent also relevant for these schemes. One of these schemes is multi-
peril crop insurance (MPCI). This is an individual indemnity-based yield insurance provid-
ing indemnities to a farmer if the actual yield falls below its guaranteed yield (Helms et al.,
1990). As for farm-level yield indemnity-based catastrophe insurance, a farmer will account
for his individual risk perceptions before purchasing MPCI. This scheme is prone to the
moral hazard and adverse selection presented above, and was not successful in the USA.
The problem raised by adverse selection was based on the perception that a farmer had of
his farm yields. Therefore farmers will low perception of yield (due to a bad management)
were inclined to purchase MPCI insurance.

Alternatively to individual-based insurance, catastrophic risks could be insured by
area-yield indemnity-based insurance called a Group Risk Plan (GRP). GRP operates as a
put option at the area level: the holder of GRP receives an indemnity whenever the realised
area yield falls below some specified critical yield (i.e. strike), regardless of the realised
yield on his farm (Barnett et al., 2005). If a complete area was affected by catastrophic risk
uniformly then all farmers participating in GRP would receive indemnities. Contrary to
farm-level insurance insuring both systemic and non-systemic risks, GRP insures only
against systemic risk (Ramaswami and Roe, 2004). With GRP, the basis risk is an impor-
tant factor affecting the efficacy of the GRP. The basis risk exists if only a portion of an
area or a single farmer is affected by a non-systemic risk such as a hail. The higher the
positive correlation between the farm and area yield, the lower the basis risk (Barnett et al.,
2005). Therefore, for making a decision to purchase a GRP plan, a farmer needs to account
for the average area probabilities of catastrophic systemic risks instead of his individual
risk perceptions. If a basis risk does exist, the decision induced by his individual risk per-

ceptions to purchase individual-yield catastrophe insurance will be important to consider.

Another form of area-yield insurance is the weather crop index-based insurance. In
this insurance scheme, the premiums and indemnities are based on the weather records of
the locality in which the insurance is sold (Halcrow, 1949). Therefore, for making a pur-
chase decision on index-based insurance, a farmer needs to account for objective weather

parameters instead of his individual risk perceptions. The trigger yield in weather crop-
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based insurance is determined by known weather phenomena such as a rainfall and tem-
perature selected on the basis of prior knowledge. The indemnities are paid to a farmer if
weather, in terms of some measurable criterion, is below the certain limits of tolerance.
Weather crop index based insurance would be adapted more easily to an area yield in which
one or two weather factors such as precipitation and temperature are generally limiting and
are highly significant in determination of crop yields (Halcrow, 1949). However, it will be
of little value for crops affected by diseases such as brown rot.

In addition to the addressed yield insurance schemes, catastrophic risks can be cov-
ered by income stabilisation schemes such as Group Risk Income Protection Plan (GRIP)
and Net Income Stabilisation Accounts (NISA). Similarly to the GRP, GRIP operates as a
put option, but on the expected area revenue. As for GRP, farmers purchasing the GRIP can
be faced with basis risk when a farmer is suffering a crop loss after a catastrophic risk oc-
curred and receiving no payment because the area yield did not decline sufficiently to trig-
ger indemnity payments (Barnaby, 2005). The greatest basis risk is also created by a non-
systemic catastrophic hail risk. In addition to the GRIP or GRP plans, the hail cover can be
purchased. As for the GRP plan purchase, a farmer needs to account for the average area
probabilities of systemic risks for GRIP plan purchase.

NISA indemnity-based program is partly supported by the Canadian government. To
cope with catastrophic risks, a farmer may set up a NISA account at financial institution to
handle deposits and withdrawals (Springs and Nelson, 1997). This account consists of two
funds: 1) producer deposits as a percentage of the net sales, and 2) government deposits. In
the Fund 1, farmer’s deposits receive a competitive interest plus an interest bonus of 3%.
All money accruing to Fund 2 earn an interest rate equal to 90% of the 90-day Treasury bill
rates. All interest earned in Fund 1 and Fund 2 is accrued in Fund 2. For a participation in
NISA program, a farmer needs priory account for his individual risk perceptions of catas-
trophic risks. After a catastrophic risk occurs, a farmer can withdraw money when his gross
margin falls below the preceding five year average. The maximal amount of withdrawal is
limited to the difference between the preceding five year average and the farmer’s gross
margin. The disadvantage of this program is that it can be costly for the government. Then
the perception of risks is probably less driving the farmer’s decision to insure or not. Other
issues, such as getting governmental subsidy and opportunities to reduce tax payments will
be relevant as well. In all alternative insurance and income stabilisation schemes, risk per-
ception and risk attitude are important characteristics for the adoption of catastrophe insur-
ance, and thus the issues addressed in this thesis are also relevant for these schemes.
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7.6 Main conclusions

The main conclusions of the thesis can be summarised as follows:

In modelling catastrophic risks, tail characteristics of probability distribution func-
tions need to be accounted for explicitly. Otherwise losses associated with down-
side catastrophic risks can be seriously underestimated and ultimately will affect

catastrophe insurance decisions (Chapters 2, 5 and 6).

Wealthier farmers are less inclined to insure and rely more on self-insurance
(Chapters 2, 3 and 6).

Substantial differences in risk perception levels between farmers were observed
affecting catastrophe insurance purchase. If a farmer perceives that a catastrophic
peril is more risky, he is more prone to insure catastrophic risks (Chapters 4 and
6).

Farmers with higher level of risk aversion are more prone to purchase catastrophe
insurance. The results of the prescriptive models showed that higher level of risk
aversion induces a farmer to select less optimal production plans resulting into loss
of some part of income. With purchasing catastrophe insurance, a highly risk-
averse farmer can also stabilise his results (Chapters 4 and 6).

If decisions are taken on the basis of wealth, in comparison when taken in terms of
income, the perceived insurance benefits are more limited. The impact of catastro-
phe insurance purchase is lower if the farmers are utility maximisers on the basis

of asset integration assumption (Chapter 6).
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Summary

Summary

Farming is a risky business. Facing a risk implies a possibility of losing property or income.
Experiencing catastrophic risks by arable farmers can cause severe cash flow problems or
even result in bankruptcy. To cope with catastrophic risks farmers need to apply risk man-
agement strategies. Insurance is a frequently used instrument to cover catastrophic risk.
However, not all farmers buy insurance to protect their business against several types of
catastrophic risks. Therefore the impact of factors that influence purchase of catastrophe
insurance needs to be evaluated. These factors are farmer personal and farm characteristics.
The main farmer personal characteristics affecting catastrophe insurance decisions that
need to be evaluated are the farmer’s personal risk perception and his risk attitude.

The objective of the research was to analyse the actual farmer’s behaviour concern-
ing catastrophes (descriptive approach) and to model the impact of catastrophe insurance
purchase on the farmer’s goals (prescriptive approach). The following objectives were
identified:

- To describe the methods that analyse risk perception and risk attitude to model de-
cisions to cope with catastrophes;

- To analyse actual purchase of all-risk insurance and specific types of insurance;

- To analyse the relationship between purchase of catastrophe insurance and risk

perception and risk attitude;
- To model the economic impact of catastrophes;

- To model the purchases of catastrophe insurance in a partial and whole-farm con-

text.

In Chapter / the general introduction was provided. It comprises problem statement,

research objectives, research structure and methodologies employed.

Chapter 2 reviewed the techniques to elicit risk perception and risk attitude, and de-
scribes how the simultaneous impact of risk perception and risk-attitude could be accounted
for in risk programming models. The standard strength of conviction method to elicit risk
perception and standard Equally Likely Certainty Equivalent (ELCE) method to elicit risk
attitude coefficients are not applicable to catastrophes as long as they deal with a limited
number of points to estimate, so that a downside tail can be underestimated. To avoid psy-
chological biases, the techniques of a better representation of probabilities can be applied in
elicitation of risk perceptions. Risk attitude was proposed to be estimated by econometric
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models or assumed by methods of stochastic dominance, and precisely by Stochastic Effi-
ciency with Respect to a Function (SERF) application. Concerning a method of sampling
and catastrophe data for modelling, a Latin Hypercube sampling technique could be used
accounting for stochastic dependency between activities in arable farming. Concerning a
method of farm risk programming, utility-efficient programming (UEP), which handles any
functional form of utility function (including power utility function), can be applied for
modelling of catastrophic risks. The power utility function, which incorporates changes in
wealth, was shown to be more applicable to a case of catastrophes. However when farmers
do not behave as utility maximisers of wealth, the additional restriction on their risk-
bearing capacity is needed to be included.

Chapter 3 analyses the impact of farm characteristics and some farmer personal
characteristics on the adoption of an all-risk insurance package and underlying specific
categories of insurance coverage for Dutch arable farmers compared to dairy farmers. Ma-
jor farm characteristics considered were structural, operational and liquidity variables. The
specific insurance categories reviewed were damage, disability, legal and liability insur-
ance. The results suggest that there are common and insurance-specific factors that explain
adoption of insurance coverage. In both types of farming, for insurance categories and all-
risk insurance package considered, all variables, except the net farm result for purchase of
all-risk insurance by arable farmers, had the same direction of impact. Both arable and
dairy farms showed more willingness to save money from core activities to accumulate
more savings than to spend money on insurance. Arable farms were expected to insure less
because diversification of activities is already a form of risk management. Contrary to that,
the analysis showed that arable farms paid higher premiums than dairy farms. Despite the
differences between degrees of specialisation/diversification, wealth, amount of premium
paid by arable and dairy farmers, common variables were found — size and farmer’s age -
that influenced purchase of all insurance types and all-risk insurance package considered.

Chapter 4 analyses the impact of risk perception, risk attitude and other farmer per-
sonal and farm characteristics on the actual purchase of catastrophe insurance by Dutch
arable and dairy farmers. The specific catastrophe insurance types considered were hail-
fire-storm insurance for buildings, disability insurance, crop insurance against hail, storm
and brown rot, and insurance against epidemic animal disease outbreaks. Arable and dairy
farmers showed to some extent different behaviours with respect to purchase of catastrophe
insurance, originating from different conditions of doing business. Purchase of insurance
against one peril was strongly correlated with purchase of insurance against another one.
Purchase of various forms of crop insurance was influenced by both farmer and farm vari-
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ables, with the same direction of impact observed as in previous studies. Risk perception
and risk attitude were found as important variables that explain purchase of catastrophe
insurance coverage. Arable farmers also tended to insure their buildings against hail and
storm, and in this respect the decisions concerning crop insurance and/or previous crop
damage may influence purchase of insurance against damage of buildings. FMD and BSE
epidemics were the most severe risks for dairy farmers. Insurance policies against FMD and
BSE are quite new in the Netherlands, and only few farmers were insured. Little previous
negative experience of catastrophe events seemed to play a crucial role in catastrophe in-
surance decision making by the Dutch dairy farmers. The lack of historical data and experi-
ence probably explain the failure of models to estimate the impact of risk attitude in all
models in dairy farming. The same reasoning could be concerned to the impact of risk per-
ception on insurance purchase in the models of FMD and BSE insurance. Other farmer-
specific and farm variables were also found important determinants in the purchase of in-
surance in dairy farming. Farm/farmer wealth seemed to play an important role in the insur-
ance purchase of dairy farmers: wealthy dairy farmers tend to prefer to self-insure rather

than to purchase what they perceived as expensive commercial insurance.

Chapter 5 compares alternative ways of conducting a farm risk analysis using sparse
data with a special reference to catastrophe events. For this purpose kernel and multivariate
normal smoothing procedures were proposed and applied to generate (simulate) the joint
distributions of crop yields and prices. The analysis showed that the functional forms cho-
sen to generate the joint distribution substantially impacted the density in the tail of the
distribution, although they were parameterised with the same data. It was observed that the
normal distribution and all kernels, except the Cauchy kernel function, underestimated the
impact of these beliefs, thereby neglecting the downside tail of the distribution. The statisti-
cal tests showed that the simulated mean vectors from the Cauchy kernel were not statisti-
cally different from the mean vectors of the sparse data. Furthermore, the covariance struc-
ture was statistically different. However, it is not logical to expect that on the basis of the
available sparse data, in which catastrophe states of nature were absent, the covariance

structure of the Cauchy kernel distribution would not change.

Chapter 6 analyses the decision making problem describing how farmers can cope
with catastrophic yield risks, and more specific to the option to insure and not to insure. For
this purpose a single-crop two-state approach was compared to a multi-crop multi-state
approach. We compared the preferred options whether the decisions accounts for farm
income or terminal wealth. The analysis showed that if a farmer makes decisions only in

terms of an income-based utility function he is more prone to purchase catastrophe insur-
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ance. The models showed that those decision-makers who perceived that a risk would rela-

tively seldom occur were less inclined to insure and self-insurance would be preferable.

However, if insurance decisions are made only on the basis of the single-crop two-state

approach, they may differ from portfolio results because of alternative risk reducing options

such as a diversification are not taken into account.

Chapter 7 discusses some general problems of the research and thesis applicability

in reality. The following issues are discussed: data availability, severity of catastrophic

risks, capturing the potential tails of the distribution, and alternative insurance schemes.

Following main conclusions were derived:
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In modelling catastrophic risks, tail characteristics of probability distribution func-
tions need to be accounted for explicitly. Otherwise losses associated with down-
side catastrophic risks can be seriously underestimated and ultimately will affect

catastrophe insurance decisions (Chapters 2, 5 and 6).

Wealthier farmers are less inclined to insure and rely more on self-insurance
(Chapters 2, 3 and 6).

Substantial differences in risk perception levels between farmers were observed
affecting catastrophe insurance purchase. If a farmer perceives that a catastrophic
peril is more risky, he is more prone to insure catastrophic risks (Chapters 4 and
6).

Farmers with higher level of risk aversion are more prone to purchase catastrophe
insurance. The results of the prescriptive models showed that higher level of risk
aversion induces a farmer to select less optimal production plans resulting into loss
of some part of income. With purchasing catastrophe insurance, a highly risk-
averse farmer can also stabilise his results (Chapters 4 and 6).

If decisions are taken on the basis of wealth, in comparison when taken in terms of
income, the perceived insurance benefits are more limited. The impact of catastro-
phe insurance purchase is lower if the farmers are utility maximisers on the basis

of asset integration assumption (Chapter 6).
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Samenvatting

De agrarische sector is een risicovolle sector waarbij ondernemers geconfronteerd kunnen
worden met een mogelijk verlies van hun eigendom of inkomen. Het begrip risico wordt
bepaald door de twee elementen, namelijk ‘kans’ en ‘ernst’ van een potentieel gevaar. De
kans is de waarschijnlijkheid dat het gevaar optreedt. Ernst is het gevolg indien blootgesteld
aan het gevaar. Met name catastrofale risico’s, zoals zeer lage oogstopbrengsten veroor-
zaakt door extreme weersomstandigheden, kunnen het inkomen danig reduceren of zelfs
een faillissement veroorzaken. Het risico kan beperkt worden door risicomanagement
waarbij een strategie gekozen wordt op basis van een systematische analyse. Het afsluiten
van een verzekering is een veelvuldig gebruikte strategie om catastrofale risico’s te ver-
minderen. Echter, niet alle boeren kopen een verzekering. Verschillen in het risicogedrag
van ondernemers zijn deels te verklaren door hun risicohouding (ook wel risicoattitude of
risicoaversie genoemd) en risicoperceptie. De meeste agrarische ondernemers tonen bij hun
besluitvorming een risicomijdend gedrag. Zij zijn dus bereid om een deel van hun rende-
ment op te geven om (extreem) negatieve uitkomsten te vermijden. Risicohouding zegt iets
over de preferenties van ondernemers ten opzichte van mogelijke uitkomsten van risicovol-
le besluiten en verklaart de mate waarin zij bereid zijn om extra risico’s te lopen omwille
van een hoger rendement, en omgekeerd. Risicoperceptie heeft betrekking op de subjectie-

ve beleving van risico’s (inschatting over de kansverdeling van de mogelijke schadelast).

Het doel van dit onderzoek omvat zowel een analyse van het waargenomen gedrag
betreffende catastrofeverzekeringen (descriptieve aanpak) als het modeleren van de besluit-

vorming (prescriptieve aanpak). Hiertoe zijn de volgende subdoelstellingen geformuleerd:

- Het beschrijven van de methoden om risicohouding en risicoperceptie te kwantifi-

ceren;

- Het analyseren van de aankoop van een ‘all-risk’ verzekering en verschillende

verzekeringstypen;

- Het analyseren van de relatie tussen enerzijds verzekeringsbeslissingen en ander-
zijds risicohouding en risicoperceptie;

- Het modeleren van de economische effecten van catastrofen;

- Het modeleren van verzekeringsbeslissingen in individueel en in portfolio context.

In Hoofdstuk 1 wordt de algemene introductie met de bijbehorende probleemstellin-

gen, onderzoeksdoelen en onderzoeksstructuur beschreven.

149



Samenvatting

Hoofdstuk 2 beschrijft de technieken om risicohouding en risicoperceptie te kwanti-
ficeren, en beschrijft hoe ze tezamen in risicomodellen opgenomen kunnen worden. Zowel
de standaard methode als de “Equally Likely Certainty Equivalent” (ELCE) methode zijn
slechts beperkt bruikbaar ter bepaling van de risicohouding indien men catastrofes wil mo-
delleren. Gezien het geringe aantal waarnemingen bestaat het gevaar dat de voorkeuren bij
extreem negatieve uitkomsten niet zuiver geschat worden. Tevens blijkt uit tal van onder-
zoeken dat de subjectieve risicobeoordeling niet noodzakelijkerwijs overeenkomt met de
uitkomst die volgt uit de objectief waarneembare risicobeoordeling (gesteld dat de objectie-
ve risicobeoordeling van soms moeilijk te kwantificeren risico’s aan zou sluiten bij het
werkelijke risico). Er is veeleer sprake van een ‘psychologische paradigma’ waarbij de
perceptie vertroebeld kan zijn door verschillende factoren. Zo hebben mensen in het alge-
meen moeite met het inschatten van risico’s met een lage kans. Ondanks de complexiteit en
het subjectieve karakter om risicohouding en risicoperceptie te meten is het zinvol om ze op
te nemen in risicomodellen. Het gebruik van een stochastische dominantie methode biedt
enige uitkomst, bijvoorbeeld op basis van “Stochastic Efficiency with Respect to a Functi-
on” (SERF). Per risicohouding wordt het optimale bedrijfsplan bepaald middels een portfo-
liomodel en kan nagegaan worden of een catastrofeverzekering hiervan deel uitmaakt. In-
komen of vermogen wordt daarbij in nut (utility) omgezet volgens een relatie die athanke-
lijk is van de risicohouding terwijl de kansverdelingen gebaseerd zijn op percepties.

In Hoofdstukken 3 en 4 wordt de relatie tussen enerzijds bedrijfskenmerken en per-
soonlijke kenmerken en anderzijds de eventuele aankoop van een verzekering beschreven.
In de toegepaste regressieanalyse zijn zowel akkerbouwbedrijven als melkveebedrijven
verwerkt. Om inzicht te krijgen is een beroep gedaan op het Bedrijven-Informatienet van
het LEI (het Informatienet). In dit databestand met een representatieve steekproef van de
Nederlandse akkerbouw en melkveehouderij zijn kengetallen beschikbaar die de bedrijfs-
structuur beschrijven als ook de operationele en financiéle situatie. Daarnaast hebben de
geselecteerde ondernemers een schriftelijke vragenlijst ingevuld om zodoende aanvullende
informatie te verkrijgen over hun risicohouding, risicoperceptie en afgesloten schadeverze-
keringen. Er is onderscheid gemaakt tussen diverse typen verzekeringen, te weten schade-
verzekeringen, arbeidsongeschiktheidverzekeringen, rechtsbijstandverzekeringen en aan-
sprakelijkheidsverzekeringen. De schadeverzekeringen zijn verder onderverdeeld in polis-
sen die een dekking bieden tegen schade aan gebouwen door storm, brand en hagel, gewas-
schade als gevolg van hagel, storm of bruinrot/ringrot, en schade als gevolg van besmette-
lijke dierziekten. Met betrekking tot de financiéle variabelen kan gesteld worden dat een
risicovollere financiéle positie (lagere solvabiliteit en eigen vermogen) gepaard gaat met
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een grotere vraag naar een verzekering. Ondanks de complexiteit en het subjectieve karak-
ter om risicohouding en risicoperceptie te meten is er een significante relatie aangetoond
met de aankoopbeslissing van een verzekering. De (substanti€le) verschillen in risicoper-
cepties en risicohouding tussen agrarische ondernemers verklaren deels waarom verzeke-

ringen worden afgesloten.

In Hoofdstuk 5 worden extreem negatieve uitkomsten, die in een kansverdeling zijn
opgenomen, gekwantificeerd met behulp van een aantal verschillende technieken en met
elkaar vergeleken. Hiertoe worden zowel kernels als multivariate normale kansverdelingen
geschat op basis van waargenomen fysieke gewasopbrengsten en gewasprijzen. De toege-
paste technieken genereren afwijkende kansverdelingen waarbij extreem negatieve uitkom-
sten ondervertegenwoordigd zijn. Een uitzondering hierop is de Cauchy kernel waarbij de
gesimuleerde covarianties statistisch afwijken van de waargenomen covarianties. Echter, dit
is ook niet te verwachten omdat de waargenomen covarianties enkel en alleen berekend zijn

op basis van een beperkt aantal observaties in welke extremiteiten afwezig zijn.

Hoofdstuk 6 analyseert het effect van risicohouding en risicoperceptie op de optimale
mix van bedrijfsactiviteiten en richt zich specifiek op de vraag in hoeverre verzekeringen
worden opgenomen in het optimale bedrijfsplan. Hiertoe zijn een tweetal modellen ontwik-
keld en vergeleken, namelijk een partieel model (één gewas en twee mogelijke uikomsten)
en een portfoliomodel (meerdere gewassen en meerdere mogelijke uitkomsten). In de ont-
wikkelde modellen wordt het inkomen of vermogen omgezet in nut (utility) volgens een
relatie die afhankelijk is van de risicohouding. De modelresultaten laten zien dat diegene
die een potentieel gevaar risicovoller beleven eerder genegen zijn een verzekering af te
sluiten. Hetzelfde geldt voor agrarische ondernemers met een hogere mate van risicoaver-
sie. Deze groep van ondernemers is bereid om een deel van hun verwachte inkomen op te
geven om extreem negatieve uitkomsten te vermijden. Echter, de verkregen optimale (effi-
ciénte) strategieén zoals die voortkomen uit het parti€éle model wijken deels af van de resul-
taten die verkregen zijn middels het portfoliomodel omdat geen rekening wordt gehouden
met de mogelijkheid van diversificatie. Het ervaren voordeel van een verzekering is gerin-
ger indien de besluitvorming geschiedt op basis van het totale eigen vermogen dan wanneer
enkel en alleen rekening wordt gehouden met het verwachte inkomen.

Hoofdstuk 7 gaat in op een aantal overkoepelende, algemene problemen die naar vo-
ren kwamen tijdens de ontwikkelingen van de diverse modellen voor dit onderzoek. Met
name wordt aandacht besteed aan de problemen van de beschikbaarheid van relevante data,

extremiteiten van risico’s, en alternatieve verzekeringsproducten.
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Belangrijkste conclusies
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Voor het modeleren van catastrofe risico’s dienen de extreem negatieve uitkom-
sten die deel uitmaken van een kansverdeling expliciet gemaakt te worden omdat

ze verzekeringsbeslissingen beinvloeden (Hoofdstukken 2, 5 en 6).

Een minder risicovolle financiéle positie van een bedrijf (hogere solvabiliteit en
eigen vermogen) gaat gepaard met een geringere vraag naar een verzekering
(Hoofdstukken 4 en 6).

Substantiéle verschillen in risicopercepties tussen agrarische ondernemers zijn
waargenomen. Diegene die een potentieel gevaar risicovoller beleven zijn eerder

genegen een verzekering af te sluiten (Hoofdstukken 4 en 6).

Agrarische ondernemers met een hogere mate van risicoaversie zijn eerder gene-
gen een verzekering af te sluiten. Deze groep van ondernemers is bereid om een
deel van hun verwachte inkomen op te geven om extreem negatieve uitkomsten te
vermijden (Hoofdstukken 4 en 6).

Het ervaren voordeel van een verzekering is geringer indien de besluitvorming ge-
schiedt op basis van het totale eigen vermogen dan wanneer enkel en alleen reke-

ning wordt gehouden met het verwachte inkomen (Hoofdstuk 6).
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Kparkuii ABTopedepar

depmepcTBO — 3TO OH3HEC, CBA3aHHBIH ¢ pHCKOM. CTOJIKHOBEHHE C PUCKOM IO/Ipa3yMeBaeT
MOTEPIO JI0X0Jla WM COOCTBEHHOCTH. PacTreHnmeBogyeckne Xo3siicTBa, MMEIOIINE OIBIT C
KaTacTpo(UYECKMMHU PUCKAMH, MOTYT CTOJIKHYTBHCS C CEPhE3HBIMU MPOOJIEMaMH JEHEKHBIX
NOTOKOB WJIM Jaxe OaHKpOTCTBOM. s TOro 4YroObl HHBEIHPOBATH IOCICICTBHS
KaTacTpo(PUUEeCKNX pPUCKOB, depMepaM HEeoOXOAMMO NPHUMEHSTH CTPATeruyl yHpaBlICHUS
puckamu. CTpaxoBaHHE — 3TO HanOoJIee YaCTO MCIOIb3YEMbI HHCTPYMEHT JUISl TOKPBITHS
katacrpoduueckux puckoB. IlosToMy HEOOXOIUMO OLEHUTh CTENEeHb BO3AEHCTBHSA
(haKTOpPOB BIMSIOMIMX HA IMOKYTIKY CTPAXOBKU OT KatacTpod. DTHMHU (HaKTOpamMH SBIISIOTCS
JVYHbIE XapaKTEpPUCTUKU (epMepa MW XapaKTepUCTUKH (epMbl. [JIaBHBIMH JIMYHBIMH
XapaKkTepucTukamMu (¢epmepa, BIUSIONIMMH Ha MOKYIKY CTPaXOBKH OT KaracTpod,

SBIISIFOTCSI €70 JIMYHOE BOCIIPUSTHE PHCKA(OB) U €T0 OTHOIIEHUE K PHUCKY.

Bocnpusitne pucka ompenensercss Kak MbICICHHAS HWHTEPIpETalus pUCKa B BHIE
BEPOSATHOCTH W BEIIMYMHBI MOTEPh OT KartacTpodbl. OTHOMIEHHE K PUCKY — 3TO Mepa, C
KoTopod ¢epMep cTpeMuTcs H30eKaTh WM CTOJNKHYTbCS C PHUCKOM. bBoJIbIIMHCTBO

(hepMepoB NPEANOUUTAIOT U30eraTh PUCKH.

Henpto pmaHHOW amccepranu ObUT aHann3 (AKTHYECKOTO MOBeAeHHs (epMmepa B
OTHOIIEHHH KaTacTpod (OmnucaTeNbHbIH MOIX0/1) U MOJEINPOBAHUE BO3ICHCTBUS MOKYIIKH
CTPaxoOBKH OT KaracTpod Ha KOHEYHBIe menu (epmepa (IIpeamuchIBarOIUi moaxomn). B

Auccepranuu OBLIN [TOCTABJICHEI cIeayronume 3aaavuun:

- Omnucanue METOJOB aHAJIN3a BOCHPUATHA PUCKA WU OTHOWICHHUSA K PUCKY B HEIIAX

MOACINPOBAHUA peIHCHI/Iﬁ JJI YIIPpaBJICHUA KaTaCTpO(i)I/I‘-IGCKI/IX PUCKOB;

- AnHamm3 QaxkTHYecKOW MOKYIKH ‘MOJIHOTO TaKeTa CTPaXxOBaHHWA M OTAEITBHBIX

THUIIOB CTPAXOBAHUS;

- AHanu3 3aBUCHMOCTH HOKYIIKH CTPAaXOBKH OT KaTacTpod) ¢ BOCIPHATHEM PUCKOB

U OTHOIIEHUEM K PHCKY;
- MogenupoBaHne SKOHOMUYECKHX PE3YJIbTaTOB KaTacTpO(PUIECKUX PUCKOB;

- MogennpoBaHue MOKYNOK CTPaxOBKH OT KaracTpo¢ B KOHTEKCTE Bced (epMbl 1

OTACJIBHOI'O pUCKaA.
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HepBaﬂ rjiaBa BKJIKHOYacT 06Luee BBCJICHHUC B JUCCCPTALMIO. OHO COCTOUT U3
H3JI0KCHUA HpO6J’IeMH, menen HCCIIEA0BAaHUA, CTPYKTYPBI UCCICAOBAHUSA U ITPUMEHSIEMBIX

METOJIOB.

Bo BTOpOii riaBe paccMOTpeHbl METOAMKH HW3BJICUEHHS BOCHPHUSTHH pHUCKAa U
OTHOIIEHUS K PHCKY, KOTOpPBIE MOTYT HCIIOJIb30BaThCS B MOJEISIX NPOTPAMMHPOBAHUS
puckoB. CTaHIapTHBIA METOX ‘CHIIBI YOeXKICHUs' JUIsl U3BJICUECHHS BOCIPHATHH pUCKa U
cTaHgapTHbeIH Meron ‘‘OpuHakoBo PaBHoro OxsuBaneHta OmnpenenéHHocTH W — AL
W3BJICYCHHUS OTHOWICHWS K PHCKYy HE MOIXOIAT UL ciydas KaTacTpod, MOCKOIBKY
OIIEPUPYIOT C OTPAaHUYEHHBIM KOJMYECTBOM TOYEK ISl OLEHKH, M TI03TOMY HIDKHSS YacTb
XBOCTa KPHBOH pacmpesieneHHs MOXeT ObIThb HelooleHeHa. Bo  u3bexaHue
NICUXOJIOTHUECKUX ~ TpenyOekneHuH,  METOOUKH  YIy4YIIEHHOTO  IIPEACTaBICHHSA
BEPOSITHOCTEH MOTYT OBITh IPUMEHEHBI JJIS1 M3BJICUCHNS BOCIPUATHI pricka. OTHOIIEHHE K
pUCKY OBIJIO TPEUIOKEHO OLEHUTh C MOMOIIBI0 AKOHOMETPUYECKHMX MOZEIeld WIN
NPEANOJIOKUTh C IOMOIIBI0 METOJOB CTOXAaCTHMYECKOTO IOMHHHUPOBAHUS, a MMEHHO -
Metoma ‘‘Croxacruueckoit DddexrnBHOCTH 0 OTHOMmEHHI0 K Oynkuun [TonesnocTr’’.
OTHOCHTENBHO MeTO/a BBIOOPDKM W JAHHBIX JJIsI MOJEIUPOBAaHHS KaracTpod, MeETon
Jlarunckoii ['mnepky6uueckoii (Latin Hypercube) BEIOOpKH MOXET OBITh UCIIOJIB30BaH ISt
NPUHATHSL BO BHUMAHUE CTOXACTHMYECKOM 3aBUCHMOCTH MEKAY BHIAMHU JESTEIBHOCTH B
pacteHneBoacTBe. OTHOCUTENBEHO METOa IIPOTPAMMHUPOBAHUS (PEPMEPCKUX PUCKOB, METOX
“IIporpammupoBanus DddextuBHoii Ilonesnoctn’’, onepupyronmii ¢ moboit ¢opmoit
(YHKIMH OXKHIAEMOM TOJIC3HOCTH (BKJIIOYAsl CTEHCHHYHO (DYHKIHIO MMOJIE3HOCTH) MOMKET
OBITH MPUMEHEH TSI IPOTPAMMHPOBAHUS KaTacTPopUIecKuX prckoB. CtermeHHast PyHKIHIS
TMI0JIE3HOCTH, OTIEPUPYIOIIAsi C U3MEHEHMSIMH JIF000H BeTMUMHBI O1arococTosiHus (hepmepa,
oKazajach HamOoJsiee MNOAXOIIIEH Uil cuTyauuu ¢ karactpodamu. OpjHako Korzaa
(depmepsl He BemyT ce0s Kak MCKaTeIM OXHUIAEMOH MOJIE3HOCTH, JIONOJIHUTEIbHBIC

OIr'paHUYICHUS 110 BEJIMYUHE PUCKOBBIX PE3EPBOB JOJIKHBI OBITh BKIIFOUEHBI B MOJCIIN.

B Tperbe riaBe IpOaHAIM3UPOBAHO BO3ICHCTBHE XapPAKTEPUCTUK (GepMbl U
HEKOTOPBIX JIMYHBIX XapaKTEPUCTUK (hepMepa B OTHOIICHUU IOKYIKH ‘MIOJHOTO MAaKeTa
CTanOBaHI/IH’ n €ro OTACIbHBIX THUIIOB CTpaxOBaHUA Ha MPUMEPE TOJUIAHACKUX
pacTeHMeBOAYECKMX (epM MO CPaBHEHHIO C MOJIOYHO-MSICHBIMH  XO3SIHCTBaMHU.
Crenyiomue OTACNbHBIE THUMBI CTPAxXOBaHHWs OBbUIM  PACCMOTPEHBI: CTPaxOBaHHE
MOBPEXKICHUN, HETPYIOCHOCOOHOCTH, IpaBOe/CyqeOHOE CTPAaXxOBaHHE H CTPAXOBaHUC
OTBETCTBCHHOCTH. Pe3ybTarhl MoJeNiell TOKa3hIBAIOT, YTO MOKYIIKA CTPaXOBOK CBs3aHA C
obmumu akropamu U (akTopamu, CBOWCTBEHHBIE OTAEIBHOMY THITy CTpaxoBaHusi. B

oboux PaCTCHUEBOAUECKUX U MOJIOYHO-MSCHBIX XOSHﬁCTBaX, UL OTOCIIBHBIX CTPaxOBBIX
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THIIOB M ‘TIOJIHOTO ITaKeTa CTanOBaHl/IH, BCC€ NEPEMECHHBLIC, 3a HUCKIIOYCHUEM YUCTOT'O
nmoxona ¢epMsl Ui MOKYIKH ‘TIOJIHOTO TaKeTa CTPaxXOBaHUS B PAaCTCHHUEBOJCTBE, UMEIH
OIMHAKOBOE HampaBJcHHE. B 000MX THIAX XO3SHWCTB (epMmepsl ObUIH Ooyiee CKIOHHBI
COXpaHSATh JICHBI'M OT OCHOBHBIX BHJIOB JACSATEIBHOCTH JUISl aKKYMYJIMPOBaHUS cOepeKeHn,
HEXelM TPaTHTh MX Ha CTpaxoBaHHe. M3HaualbHO OXMIAJIOCh, YTO PACTEHHEBOIYECKHE
(hepmepbl MEHbIIIE CTPaxXyKTCs, MOTOMY YTO JAWBepcH(UKaIMs BUAOB ACATEIBHOCTH YXKe
ABIsieTcs (OpMOH ynpaBieHus: puckoB. OTHAKO aHATHM3 IMOKA3al, YTO PACTCHUEBOTICCKUE
(epmepsl TpaTuiii OoJIbIIE JICHET HAa MOKYIKY CTPaXxOBOK, YeM (DepMepbl MOJIOYHO-MSCHBIX
x03sicTB.  HecMmoTpss Ha  pasnuuus Mexay —AuBepcudukaimeit/crienuanuzanmei,
OmarococTosiHMEM (QepMepa, BENMYWHOW IPEMHHU, YIDIAYCHHOHM B PACTCHHEBOJICTBE M
MOJIOYHOM CKOTOBOJCTBE, ObUIM HalJeHBI OOIIUE NMepeMEHHbIE, OOBSICHSIOMINE MOKYIKY
BCEX PAaCCMOTPEHHBIX CTPAXOBBIX THUIIOB U ‘TOJIHOTO ITaKeTa CTPaXxoBaHUs : pa3Mep (hepmbl
1 Bo3pact depmepa.

YerBepTasi Ii1aBa aHAIM3UPYET BO3JCHCTBHE BOCIPHUATHS PUCKA, OTHOLICHHUS K
PUCKY ¥ [IpyTHX JHUYHBIX XapaKTEepUCTHK QepMepa H XapakTepHUCTUK (epMbl Ha
(hakTHYECKyI0 ITOKYNKY CTPaxOBKM OT KaracTpod pacTeHHEBOIAYECKMMH (epMepamu U
(hepmepaMu MOJIOYHO-MSICHBIX XO3SIUCTB. BbIIM paccMOTpeHs! cliienyonye creruduiecKie
THUIIBI KaTacTPO(UUIECKOro CTpaxOBaHUs: CTpaXOBaHHE 3/aHUW M COOPY)KEHHU OT rpaja-
MoXKapa-ImTopma, CTpaxoBaHHE HETPYIOCTIOCOOHOCTH, CTpaxoBaHHE
CEIIbCKOXO3SIMCTBEHHBIX KYJBTYp OT Tpaja, LITOpMA M KOPUYHEBOW THWIM (IUIst
kaproderns), a TaKkKe CTPaXxOBaHUE OT OSIHUIEMHH B MOJOYHO-MSICHOM CKOTOBOJCTBE.
®depMmepaM pacTEHHEBOJCTBA M MOJIOYHO-MSCHBIM CKOTOBOJICTBA OBLIM CBOWCTBEHHEIC
pa3NuyYHbIC TUIBI TOBEAEHHS B OTHOIICHHWH MOKYIIOK CTPAXOBKH OT KaTacTpod, 4yTo OBUIO
BbI3BAHO PA3JIMYHBIMHU YCJIIOBUSIMH BCACHUS 61/13Heca. HOKyHKa CTpaxOBKHU OT OJHOI'O TUIIa
KaTtacTpo(h)U4ecKoro pucka OblIa CHJIIBHO CBf3aHA C IMOKYIKOH MPOTHB JIPyroro
KaTacTpo(uIecKoro pucka. [Moxymku Pa3IHYHBIX thopm CTPaxOBOK
CEIIbCKOXO3SIMCTBEHHBIX KyJIBTYp ObUIM BBI3BaHBI IEPEMEHHBIMH, CBA3aHHBIMU C (hepMepoM
n €ro (l)epMOﬁ B OJWHAKOBOM HalpaBJICHUHU, YTO W B MPECALIAYIIUX HCCICOAOBAHUAX B
IaHHOW oOmactu. BocmpusTne prcka W OTHOIIEHWE K PHUCKY OKA3alIHCh BaKHBIMU
NepeMEHHBIMH, OOBSCHSIONIMMH MOKYIKY CTPaxoBKH OT KartacTpod. PacreHuneBogueckue
(depmepsl ObUTH Takke Oojiee CKIOHHBI CTPaxoBaTh 3/IaHHS U COOPYXKEHHs OT rpaja u
IITOpPMA, ¥ B 3TOM OTHOIICHHWHU PEIIEHUs, CBSI3aHHBIE C IMOKYIIKON CTPaXOBKU IS KyJIBTYP
W/WITA TIPEIBIAYIIAM TIOBPEKACHUEM KYJIBTYpP, MOTIH MOBIHUATH HA TOKYIKY CTPaXOBOK OT
MOBPEXICHUST 3laHUH M COOpYXEHHWH. Smyp M KOpoBbsi ryOuaras sHuedaronarus

OKa3aJHuch HamOoliee CepbE3HBIMH KaTacTpO(PHUUECKUMH PHUCKAMH B MOJIOYHO-MSICHOM
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CKOTOBOJICTBE. SlIlyp M KOPOBbs ryOuaTasi dHIE(HAIONATUS SBISIOTCS JOBOJIBHO HOBBIMH
puckamMu B Hupepmangax, ¥ TONBKO HECKOJNIBKO (epMepoB OBUIO 3acTpaxoOBaHO.
HesHaunTenbHBI TpPEOBIAYIIANA OMBIT KaTacTPOQUUIECKUX COOBITHH TIPEACTaBISIETCS
OTpeIeTSIIoNM (DAaKTOPOM B NPHHSATHH PELICHUH OTHOCHUTENBHO KaTacTpo( B MOJIOYHO-
MSICHOM CKOTOBOJICTBE. HeJlocTaTOK MCTOPHUECKHX JTAaHHBIX U OIbITa (pepMepoB YIPaBIsTh
KaracTpoaMu, BO3MOXKHO, OOBSCHSIIOT HECIOCOOHOCTh MOJIENICH OIIEHUTh BO3JCHCTBHE
OTHOIIEHWS K PHUCKY BO BCEX MOJENAX, NPHUMEHUMBIX [UII MOJIOYHO-MSICHOTO
cKoToBOJICTBA. [lo TOH e mpuuuMHE OBLJIO HEBO3MOXHO OILEHUTH CTENEHb BO3ICHCTBUS
OTHOIIEHH K pPHCKYy Ha MOKYNKY CTPaxOBOK OT sIIypa U KOpPOBbEH TIyO4aTon
sHiedanonaTnn. Jlpyrue mepeMeHHbIe, Xapaktepmsyromme depmepa u Qepmy, ObuH
OTIpEICTSIIONIMMHE  (DAKTOpaMHM TIOKYIIOK CTPaxOBKH OT KaTacTpod B MOJOYHO-MSICHOM
ckoroBocTBe. biarococtosiHne depmepa UrpaeT BaKHYIO pOJib B MOKYIKE CTPaxOBOK B
MOJIOYHO-MSACHOM CKOTOBOJICTBE: COCTOSTENBHBIE MOJIOYHO-MSCHBIE (hepMephl HMEIOT
TEHJCHIMIO MPEANOYNTaTh CaMOCTPAXOBaHWE BMECTO BOCHPHHHMAEMOIO IOPOTHM

KOMMCPUCCKOI'0 CTpaxoBaHUA.

B nATO# ri1aBe CpaBHUBAIOTCS PA3IMYHBIC MYTH IPOBEACHHS aHAIN3a PUCKOB CO
CCBUIKOM Ha KaracTpoduueckue coObITHsi (epMbl Ha INpHUMEpEe PEeIKUX pa3dpocaHHBIX
JaHHBIX. Jl7s1 3TOH menu MynbTHBAapHAIMOHHAsI ‘KEPHA’- U OCHOBAHHAs HAa HOPMAaJIbHOM
pacnpesneneHn MyJIbTHBApHALMOHAs —IPOLEAypa CIIIaXHBAHHUSA OBUIM TPEIUIOKEHBI H
NPUMEHEHbl Ul TEHEPHPOBaHMS (CUMYJISIMM) KOMOMHHMPOBAHHBIX —pacHpesieeHuH
YPOXKANHOCTH W 1E€H CETbCKOXO3SIMCTBEHHBIX KYyJIbTyp. AHaIM3 I[OKaszajd, 4TO
(yHKnroHambHBIE  (OpPMBI, BBIOpaHHBIE Ui TEHEPUPOBAHHS KOMOMHHUPOBAHHOTO
pacripeziesieHusi, CyIECTBEHHO BIMSIOT HAa IUIOTHOCTh B XBOCTE KPHBOM paclpeesieHus],
HECMOTpd Ha TO, 4YTO ObLIH napaMeTpu3oBaHbl JI1 OAWHAKOBBIX JaHHBIX. briio
OOHApyXKEHO, YTO HOPMAIbHOE PACIPEAEICHHE U BCE KEPHAI-(QYHKINY, 32 UCKIIOUEHUEM
Komm-kepHam, mpeHeOperaloT HIKHEH YacThl0O XBOCTa KpPHUBOW  pacrpeiecHUs.
Pe3ynbTaThl CTaTHCTHYECKMX TECTOB INOKA3aJIM, YTO CUMYJIMPOBAHHBIE CPEIHHE BEKTOpa
Komm-kepHan (yHKIUM CTaTHCTHYECKH OTJIMYHBI OT CPEJHHX BEKTOPOB HMEIOLIMXCS
penKux pa3OpOCaHHBIX JaHHBIX. bosiee TOro, KoBapHalMOHHAs CTPYKTypa OKa3ajlach
CTaTHUCTUUYECKH OTIAMYMMOW. OJHAKO HE IpPEACTaBISETCS JIOTHYHBIM OXWAATh, YTO Ha
OCHOBaHHMM MMEIOIIUXCS PEIKUX pa30OpOCaHHBIX JaHHBIX (B KOTOPBIX JaHHBIE IO

KaTacTpodam OTCYTCTBYIOT) KOBapHALIMOHHAS CTPYKTYpa KepHII-QYHKIMH HE U3MEHUTCSI.

B mrecroii riiaBe monenupyercs, Kak (epMepbl MOTYT NPHUHUMATh PELICHHS I10
YIPABJICHUIO KaTaCTPO(YUIECKUX PUCKOB YPOKAWHOCTH, a UMEHHO OIIIUH CTPAXOBATHCS

WIM He cTpaxoBarhcs. JIsl 3TOW HEnM MOIXOX OJHOM KyJNbTYphl C JIByMsl BapHaHTaMu
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COOBITHH CpPaBHUBAETCS C IOJXOJOM, aHATU3UPYIOLIUM HECKOJIBKO KYJIBTYP € OOJbIIMM
MHO>KECTBOM BapHaHTOB COOBITHI. MBI CpaBHMJIM OIIMHU, B KOTOPBIX PACTEHHEBOIIECKHE
(epmepsl MPUHUMAIOT PEIICHHS B YCIOBHAX TOJOBOTO JOXOAa W KOHEYHOTO YpPOBHS
GnmarococTosiHHs. AHaIW3 TOKasal, 4To eciu (epMep NPUHUMAeT PEUICHHs TOJbKO B
yCIOBUAX (DYHKLUH TOJIE3HOCTH OT TOJI0BOrO 00BEMa 10X0/1a, OH OoJiee MpeapaciookeH
K IIOKYIKE CTPAaXxOBKM OT KaracTpod. Monenu mokasaau dYTO (epMepsl, KOTOpbIe
BOCIIPUHAMAJIM, YTO PHCK HPOHUCXOJUT OTHOCHTENIFHO PEAKO, OBUIM MEHEe CKJIOHHBI
CTpaxoBaThCs, M CaMOCTpaxoBaHHe Obulo Oonee mnpenmouTurenbHbiM. OnHAKO ecnu
CTpPaxOBbIE€ PELICHUs] ObUIM IIPUHITH HA OCHOBAaHMHU IMOJXONA OJHOM KyJbTYpHI C IBYMs
BapHaHTaMH COOBITHI, OHM MOTYT OTJIIMYaThCA OT PE3YJIbTaTOB MOPT(HEIHHOrO MOIX0/a,
MOTOMY YTO ajbTEPHATHUBHBIE OINIMM CHW)KEHHS PUCKA, TaKWe KaK AWBEpCHU(HKaMs, HE

OBLIM yYTEHBI.

B cenbMoii ritaBe 00CyXJar0TCsl HEKOTOPBIE 001IKEe MPOOIIEMBI HCCIIEAOBAHUS U UX
npuMeHeHre Ha npaktuke. Cienyronye mpo0sieMbl ObUIM 3aTPOHYTHI: HajM4yKMe JIaHHBIX,
CYpOBOCTh  KaTacTpO(UUYECKUX PHCKOB, IPEIIOJIONKECHUSI TI0 XBOCTaM  KpPUBOH

pacripeaciicHrd U aJIbTCPHATUBHBIC CXEMbI CTPAXOBAaHUA.

OcHoBHbIE BBIBOJbI JAHHOM JUCCEPTAIUH CJIeqyIOLIHe:

- B mopmenupoBanum katacTpoHUECKUX PUCKOB, XapAKTEPUCTUKH XBOCTOB KPUBOH
pacIipenieneHus TOJDKHBI ObITh y4TeHbl. [Haue yOBITKH, CBSI3aHHBIE C XBOCTOM
JIEBOM CTOPOHBI KPUBOW paclpelesieHnsl, MOTYT OBITh CEpbE3HO HENOOLEHEHBI, U
OKOHYATeNIbHO OyIyT OTPUIATENbHO BIHUATH HA IPUHITHE PEIICHUNA B OTHOIIEHUHN

karactpod (I'1aBer 2,5 u 6);

- bBonee cocrositenbHbie (hepMepbl MEHEe CKIIOHHBI K TIOKYIIKE CTPaxOBOK M Ooublie

rmoJrararoTcst Ha camocTtpaxoBanue (I'maBer 2,3 u 6);

- Beumm oOHapy)XeHBI CYIIECTBEHHBIE pa3iM4is B YPOBHSIX BOCIPHATHS pHCKa
MeXIy (pepMepaMu, 4TO TOBIHIO Ha MOKYIKY CTPaxoBKH OT kKaractpod. Ecmm
(depMep BOCIPHHUMAET, YTO KaracTpouyeckoe coObITHE 0ojiee PUCKOBAaHHBIM,
yeM apyrue (epmepbl, OH OoJjiee CKIOHEH TaKKe K CTPaXOBaHUIO M JIPYTUX

karacTpoduueckux puckos (I'1aBsl 4 u 6);

- Oepmepel C Ooiee BBICOKMM YpPOBHEM OTHOIIEHHMS K pHCKy Ooljee
MIPEApAcIoNOKEHbl K  IIOKYyNKE CTPaXxOBKM OT KartacTpod. Pesymbrars
MIPEANMCHIBAIONIETO I0X0/1a ITI0Ka3aJIi, YTo 0oJiee BHICOKMH YPOBEHb OTHOIICHHS

K pHUCKY MoOyXJaeT ¢epmepa BbIOMpaTh HEONTHUMAaIbHBIA MPOU3BOJCTBEHHBIN
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IUIaH, B PE3yJIbTaTe 4ero epMep TepsieT HEeKOTOPYIo YacTh Joxona. C mokynkon
KaTacTpopu4IecKoil CTPaXxoBKH, hepMep C BHICOKUM YPOBHEM OTHOLICHHUS K PUCKY

MOJKET TaKXKe CTaOMIH3UPOBaTh CBOU pe3ynbTathl (I'1aBel 4 1 6);

Ecmu pemenns npuHHMaoTcs ¢epMepaMHd B YCIOBUSAX KOHEYHOTO YpPOBHS
ONarocoCTOSHUSI TIO0 CpPaBHEHHWIO, €CIH OBl OHH TNPHHUMAINCH B YCIOBHAX
rOZOBOTO  JIOXOJd, TO BOCHPUHMMAacMble BBITOABI  KaTacTpOPHUIECKOTO
cTpaxoBaHMsi Oojiee orpaHuueHHbl. Depmepsl MeHee CKIOHHBI K IIOKYIKE
CTPaXOBKHU OT KaTacTpod, eCIN SBISIOTCS UCKATEISIMHA OKUIaeMOU TIOJIE3HOCTH Ha

OCHOBAHMH TIPEII0JIONKEeHHUs 00 nHTerpauu aktuBoB (['nasa 6).
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